Online resource S3. Study-level charting dataset for the final audited corpus (n = 98)
ooRL traceabilty.
Sample size Validation strategy (as External Primary diagnostic metric Interpretabilit Evaluation unit
Study citation Year DOI / URL Species [« Open data Open data link / identifier ‘Open code ‘Open code link / identifier Multicentre
v / i v ) reported) validation (as reported) 5 P 4 Pet Per / v (grouped)
Kaijima et al, 2012 2012 https;//doi.org/10.2460/ajvr.73.7.97  Dogonly  Automated lameness severity assessment from  Force plate / gait analyss (ground Classfication / diagnostic / 1 No Overall accuracy (96-99% No No No No  Signal/waveform
3 gait analysis reaction force waveforms) prediction non-CN) during trtting (scores 1-3) assigned by 21.dogs;  dogs for model development with 2 preferred input record
Mirkes etal, 2014 2014 https://doi.org/10.1016/j.compbiom  Dogonly | Canine lymphoma diagnosis; screening; remission | Tabular — serum biomarkers and clinical Mixed-output tasks biopsy No No. No Yes Yes  case
d.2014.08.006 monitoring/risk evaluation variables (CRP, haptoglobin, age, sex, approaches orfine needle aspirate; non-lymphoma 303 dogs;  (LOOCV) used for model sensithviy/specifcty
Takagi etal, 2014 2014 hitps://doi.org/10.1587/transinf.201  Dog-only  Benign vs malignant < ultrasound (CEUS)/  Classification / diagnostic  Machine learning-based Histology or cytology Animals/cases:  Leave-one-out cross-validation; No Accuracy (91.7%; 33/36) NR No Yes No Lesion/image
3EDPTA64 dasifcaion time-intensity curves prediction spproaches 36 canine focal hyperparameter optimization sequence
Awaysheh et al., 2016 2016 https://doi.org/10.1177/104063871  Catonly Tabular / BC; serum Classfication / diagnostic biopsy o ling: 10-fold cross- No Sensitivity NR R Yes No  Animal/patient/case
disease vs alimentary lymphoma (and normal vs  chemistry) prediction approaches. histopathology; original attending. 120cats;  validation repeated 10 random
Torrecilha et al, 2017 2017 https;//doi.org/10.1016/jvetpar.201  Dogonly  Canine leshmaniasis; lymph node parasite load  Tabular/laboratory / cinical data Regression /e Leishmania c ling: leave-one-out No Correlation between NR R No Yes  Animalfpatient/case
estimation {serology; biochemical markers; physical non-CNN) infantum load in lymph node i 55 dogs (35 ; bootstrap observed and predicted
Banzato et al, 20182 2018 https://doi.org/10.1016/j0j12018.0  Dog-only  Prediction of histopathological grading of canine | Imaging - MRI (pre-contrast TIW; post-  Classification / diagnostic nine No Accuracy (82.2% with NR R No Yes image
‘meningiomas from MR images. contrast TIW; T2W) prediction approaches. meningiomas (WHO 2007 grades I-ll) 56 selected  validation / 30% test; scrDNN on post-contrast
Banzato et al, 20185 2018 https://doi.org/10.1186/512917-018-  Dogonly  ifferentiation of canine meningiomas vs gliomas | Imaging  MRI (pre-contrast TIW; post- | Classification / diagnostic Final Split: 70% training / 15% No Accuracy (94% on post- No  Available on reasonable request R No Yes image
382 on MR images contrast TIW; T2W; prediction approaches meningioma or gioma 80 selected  valdation / 15% test; contrast T1 images) from authors with permission
Banzato et al, 2018¢ 2018 https://doi.org/10.1016/j0j12017.1  Dogonly  Diffuse degenerative hepatic disease detection  Ultrasound images (iver) Classfication / diagnostic (post-mortem liver Internal :70% No Auc No. No No No image
prediction approaches istology); neoplastc cases excluded from 48 analyzed  train, 5% vaidaion, 15% test;
Yoon etal, 2018 2018 https://doi.org/10.1016/jvj.2018.0  Dogonly  Detection of Classifcation / diagnostic  Hybrid DL/ML approaches 0% No Accuracy (test set; BOF No No No No image
bnormallung | (compi prediction independentlylabeled findings using taske testingforeach task; no cross- 79.6-96.9% CNN
Kim et . 2019 2019 https://doi.org/10.1038/541598-019.  Dogonly  Ulcerative keratits severity classfication (normal  Photos / camera images (corneal Classification / diagnostic v ¢ diagnostic Split: 96- set/34- No Accuracy NR R No Yes image
ussuperficilvs deep corneal ulcer) shotographs) rediction evaluatin/labeling of coreal 281dogs;  image validaton set; data
Spiteri etal, 2019 2019 https://doi.org/10.1111/jvim.15621  Dogonly  Chiari-lie malformation-associated pain vs Imaging — MRI (T2-weighted midsagittal Classification / diagnostic a Split:leave-5-out train/test No AUC (0.78 for CM-P NR No Yes No  Animal/patient/case
n DICOM images) prediction clinical signs/behavior plus MRl criteria | 32dogs;  partitions; CV/resamling blomarkers; 082 for SMS
Yoon et al., 2019 2019 https://d rg/10.4142/jy 019.20. Dog-and-cat classification (normal; | Imaging - thoracic radiography (ROl-based  Classification / diagnostic by three ‘Split: 70% training / 30% No Accuracy (91.9% testing No No Yes No ROI/patch
a4 awveolar; intersiial prediction approaches Veterinary raologiss; ROl selection by | 317 animals _ testing; no cross-validation dataset)
Boissady et al. 2020 2020 https://doi.org/10.1111/vru.12912 | Dogrand-<at  Automated g forp [ Classification / diagnostic Split: patient-level 90% training No Overallerror rate (10.7% for | NR R No No image
radlographicesions in dogs and cats radlographs; DICOM) prediction approaches Tabel NP 6584 ; NN on 120 radiograph
Burrai et al, 2020 2020 htps://doi.org/10.3390/ani1009168  Dog-only  Prediction of benign Tabular d cliical Classifcation / diagnostic mammary No Accuracy (GLM 0.63; GBM No Ves  hitpsy/doi.org/10.3390/ani10091 Yes Yes  Tumor/case
7 ammary status; prediction approaches neoplasm NRdogs;  splitinto 5 nonoverlapping 687 (Supplementary Materials)
Burtietal, 2020 2020  https://doi.org/10.1016/jj1.2020.1  Dogonly G (right lateral Classifcation / diagnostic  Deep learning-based Breed-specific No Auc No No No No image
05505 thoraci adiographs) prediction approaches radiographs;jointy assessed by two NR; | internal pit computed
Kumar et al,, 2020 2020 https://doi.org/10.1016/jins.2019.0  Dog-only (H8E-stained microscopic | Classiication / diagnostic  Hybrid DL/ML approaches o Split: patient-level 70% training No Accuracy (92.75% for canine | NR R No No image
(benign vs malignant) with human breast cancer  images) prediction veterinary pathologists (Goldschmidt sacanine ] 30% test; CVjresampling:5- CMTHis, 100x magnificaion,
Lietal, 2020 2020  https://doi.org/10.1111/vru.12901 Dogonly  Left on thoracic (right lateral Classifcation / diagnostic ¢ 711 No Accuracy (82.71%) No No No No image
adlographs thoracic radiographs) prediction approaches tatus from formalechocardiography 792 dogs;  images (90%) development;
Nagamori et al, 2020 2020 https://doi.org/10.1186/s13071-020-  Dog-and-cat fecal flotation side. Mixed-output tasks v exp Independent evaluation of 3 Yes Pearson correlation No No No No | sample
fecalflottion sdes images approaches diagnosti parasitlogists on the same | 100 animals  pre-existing syster on 100 pre- coefficent with
Reagan etal., 2020 2020 https://doi.org/10.1016/jdomanien | Dog-only 8C and Classification / diagnostic  Machine learning-based ACTH stimulation by Random No avc No No No No  Animal/patient/case
42019106396 serum chermistry) prediction approaches Post-ACTH cortsol <2 g/dL; controls by | 1041 dogs (133 spit; Bayesian optimization
Schofield et al., 2020 2020 https://d rg/10.1111/jvim.1 1 Dog-only C in  Tabular Classification / diagnostic Final diagnosis of 939 dogs (398 Internal validation by 200 No AAUROC (0.78) No No Yes Yes Animal/patient/case
primary-care practce linicalsgns, routine diicopathologic prediction approaches Cushing'ssyndrome with LDDST or ACTH | cases, 541 _ bootstrap resampling;
Banzato etal, 20212 2021 https://doi.org/10.3389/fvets.2021. Cat-only i i (Xeray) Classifcation / diagnosti by two Split 8:1:1 No avc No  Dataavailable from R Yes Yes |image
prediction approaches experienced veterinary radiologists; NR; training/validation/test; corresponding author on
Banzato et al, 20216 2021 https://doi.org/10.1038/541598-021.  Dog-only (muti- graphy (stero-  Classification / diagnostic Data Set 1 No AUC (per finding; ResNet-50  No No Yes No image
label; 9 findings) lateral radiographs) prediction approaches. experienced veterinary radiologists NR; train/validation/test split 8:1:1; >0.8 for most included
Baydan et al., 2021 2021 https://doi.org/10.33988/auvfd.772 Dog-and-cat  Tibial d graphy (\ p: body X-ray Detection / localisation - ipl No F1 score (84.5%; proposed No No No Yes. Image
685 images) approaches fracture tibia abels and fracture-location R experiments; no cross- tworstage S1 framework)
Caputaetal, 2021 2021 https://doi.org/10.3390/app111671 | Dogeonly in canine skin o P [ Mixed-output tasks vet tumor o Spiit: 70/20/10 No mAP (0.7416) Yes  htpsi/gitplgridp/projects/CYFR Ve httpsi//gitplgrid.pl/projects/CYFR No NR ROVlesion/object
81 eytology (lymphoma; histioeytoma; mastocytoma) | FNA cytology) approaches cellsin cytology images 451219 trainfvalidation/test on OVET/repos/dataset- OVET/repos/uet-
Cheng etal, 2021 2021 hitps://doi.org/10.1093/bib/bbaa2s  Dogonly  Canine seqfromtissue) | Clasification / iagnosti Training on 14 nf No AUC (1.00; EXT, 10-fold CV Yes  htps/fwww.ncbinimnihgov/ge  NR Yes No |sample
2 hematoma prediction approaches splenic hematoma) 74dogs;  hemangiosarcomas + 10 on all samples) ofquery/acc.cgiPacc=GSE95183;
Larios et al, 2021 2021 https://doi.org/10.1002/jbi0.202100  Dogonly | C serum Classifcation / diagnostic ELisAand o ling: LOO-CV; no No Accuracy (0.8542; 3-class No R Yes NR Animal/patient/case
141 noninfected and Trypanosoma evansi-nfected prediction approaches for L. infantum; PCR and DNA sequencing | 48 dogs; _ traintest spit dassification)
Nagamori et al, 2021 2021 https://doi.org/10.1186/s13071-021-  Dog-and-cat fecalflotation side Mixed-output tasks by an Yes Sensitivity_range No No No No |sample
1y fecalflotation sdes images approaches parasitologsts/technician on the same NR, | updated pre-exsting sytem on (75.8-100%)
Salvietal, 2021 2021 https://doi.org/10.3389/fvets.2021. Dogonly G 5 Classification / diagnostic by Random Rer No Image-fevel accuracy (RCT No. No No Yes image
640844 mast cell tumor grading images) prediction approaches immunohistochemistry; Patnaik grade for | 117 RCT cases. classification used 392 train test) (0.9166)
Schofield et al, 2021 2021 https://doi.org/10.1038/541598-021-  Dogonly - first Tabular linical Classifcation / diagnosti Final diagnosis of Random 67% training / 33% No AUROC (test, LASSO) (0.85) No No Yes Yes  Animalfpatient/case
suspicion n primary-care practice and laboratory data) prediction approaches Cushing’ssyndrome with LDDST or ACTH | 939 dogs (398  independent test spit; 10-fld
Shaker etal, 2021 2021 https://doi.org/10.1111/vru.13012 Dog-only. o T Classifcation / diagnostic Iniial 30/10 train-test split No Accuracy (0.90) No No Yes No  Tumorfcase
precontrast and delayed postcontrast) prediction approaches. biopsied liver mass 40dogs (13 followed by model reduction
Yeetal, 2021 2021 https://doi.org/10.1111/vco.12747 Dogonly  Intraoperative surgical f Classifcation / diagnostic  Deep learning-based Complete surgical margin pathology Animals/cases: Split: traning 80 cancer + 80 No Accuracy (97.1% validation; No No Yes No  ROVpatch
canine soft tissue sarcoma tomography (OCT) prediction approaches (tangential sections) with expert-reviewed 24 dogs; normal images; validation 20 96% independent test)
Burt etal, 2022 2022 https://doi.org/10.3389/fuets. 2022, Dogonly  Classification of focalsplenic lesion histotype on | Computed tomography (pre-contrastand | Classiication / diagnostic No Janced (NHO79, Mo No Yes Yes  ROlesion/object
delayed post-contrast CT) prediction approaches. 52dogs/52 reported; recursive partitioning ‘OBL 0.79; RCT 0.50; SA 0.89)
Dumortier et al, 2022 2022 https://doi.org/10.1038/541598.022-  Catonly  Detection of p erap! « Classification / diagnostic Medical No FL.score (85%) No  Partal test-set material No Yes No |image
abrormaltes/ radiographic pulmonary patterns  radiographs) prediction approaches annotation/ case report abel 348 cases/  trainingvaldation and 45 etpsi//github,comLatreth Vet _
Engelsman et al, 2022 2022 https://doi.org/10.3389/fvets.2022. | Dogronly  Detection of ataxic gait Wearsble IMU (smartphone Classification / diagnostic  Machine learning-based Neurological examination / clinician-  Animals/cases: Window-size benchmarking No Accuracy (95.77%) No No Yes No | Exam/recording/time
accelerometer + gyroscope) prediction approaches. assigned healthy vs ataxic status 78 dogs (55  with 80:20 train-test split;
Ferreiraet al, 2022 2022 https://doi.org/10.3380/522093128 | Dogonly G Tabular Jclinicsl  Classfication / disgnostic ELisA recursive No Accuracy (0.75) No No Yes NR | Animal/patient/case
physical examination findings features prediction approaches. 340 dogs (177 feature elimination with cross-
Figueirinhas et al,, 2022 2022 htps://doi.org/10.3390/ani1214175  Dogonly  Unilateral supporting hindlimb lameness IMU inertial-sensor roll-angle time series  Classification / diagnostic / of dogs 35 sound vs 12 dogs with No Accuracy (85.7%) No Yes  httpsy/github.com/Agsanches/TF No No | signaljwaveform
s detection prediction non-CAN) 15 working 3 ddiional & Backend record
Hespel etal, 2022 2022 https://doi.org/10.1111/vru.13069 Dogonly  Detection of 15 thoracic radiographic labels Xray Classification / diagnostic  Deep learning-based Majority of Split No Overal error rate (best No No NR No | Animal/patient/case
prediction approaches (gold standard) 50; 10/test (50 cases); model) (15.8%)
Hwang et al, 2022 2022 https://doi.org/10.1007/13273-022-  Dogeonly Classifcation / diagnostic | Deep learning:based Veterinarian diagnosis / Iabel assignment | Animals/cases: Split: separate hold-out No Accuracy (0.89; bacterial Ves  hitps//doiorg/10.17632/5dbhts  No No No image
hypersensiiviy allrgi dermatosis casification prediction spprosches aterciical examination 95dogs; | valdaion set w71
Teongetal, 2022 2022 httpsy//doi.org/10.1038/s41598-022.  Dogonly  Canine cardomegaly detection Xray Clssification /diagnostic | Deep learning-based Manual masks; » No  AUROC(083) No Yes  nttpsifathub.com/leongteoin/a Yes No image
prediction approaches 1200; CV/resampling: 10-fold inner. HVI
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Kim et al, 2022 2022 https://doi.org/10.1111/vru.13062 Dogonly  Cardiogenic pulmonary edema detection Xray
Muller et al, 2022 2022 https://doi.org/10.1111/vru.13089 Dogonly  Detect pleural effusion RX
Pinacker et al 2022 2022 https://doi.org/10.1186/513071-022-  Dogonly ¢
05163-4 CBC parameters)
Reagan et al, 20222 2022 https://doi.org/10.1111/jvim.16566 | Dogonly screening Tabular (same-day CBC + serum
chemistry)
Reagan et al,, 2022b 2022 https://doi.org/10.1177/104063872 Dog-only  Early leptospirosis detection Tabular (CBC, chemistry, urinalysis, MAT
21096781 titer)
Barge etal, 2023 2023 https://doi.org/10.1111/vru.13242 Dogonly  Texture analysis for glioma typing/grading MRI
Basran et al, 2023 2023 https://doi.org/10.1111/vru.13250 Cat-only  Normal vs abnormal intestine; biopsy vs no-biopsy Ultrasound radiomics + CBC + serum
biochemical biomarkers
Burrai et al, 2023 2023 https://doi.org/10.3390/ani1309156  Dogonly  Benign ges
3
Celniak et al,, 2023 2023 https://doi.org/10.1038/541598-023-  Dogonly ray)
46345- veterinary radiographs
Chunetal, 2023 2023 https://doi.org/10.52549/ijeei.v11id.  Dogonly Mobile
5177 categories) (smartphone/casual images)
Coelho etal, 2023 2023 https://doi.org/10.1016/jpdpdt.202 | Dogonly
3103575
Corsinietal, 2023 2023 https://doi.org/10.3389/fuets.2023. | Dogonly  Hypothyroidism diagnosis / diagnostic prediction  Tabular clinical + hematological +
1292988 biochemical + thyroid-function data
Danketal, 2023 2023 https://doi.org/10.3389/fvets.2023. | Dogeonly  Benign heat diffusion
1109188 masses throught the tissue
Fragoso-Garciaetal, 2023 | 2023 https://doi.org/10.1177/030098582  Dog-only  Diagnosis of 7 common skin tumors Histology
31189205
Haghofer et al., 2023 2023 https://doi.org/10.1038/541598-023-  Dog-and-cat / Histology
46607 subtyping 10241026 TIFFs from Wss)
Isiketal, 2023 2023 https://doi.org/10.18280/t5.400444  Dogeonly  Benign Histology.
histopathology
Jetal, 2023 2023 https://doi.org/10.3389/fvets.2023.  Dogonly  Kidney calcul detection on non-contrast CT € (non-contrast)
1236579
Joao etal, 2023 2023 https://doi.org/10.1016/j.compbi Dog-and-cat Py of
€.2023.107203 in cats and dogs fecal smears
Jung et al, 2023 2023 https//doi.org/10.1038/541598-023-  Dogonly  Medialp [ Color photograp
438727 hindlimb image)
Moris et al, 2023 2023 https://doi.org/10. Dogeonly - oigital
045 tissue sarcoma grading images
Nagamori et al 2023 2023 https://doi.org/10.1177/104063872  Dog-and-cat
31216185
Nakazawa et al, 2023 2023 https://doi.org/10.1292/jvms.23- Dogeonly c
0315 (NP/SNA vs NIR/DD vs F8) data
Nom et al, 2023 2023 https://doi.org/10.1109/ACCESS.202 | Dog-and-cat  Ocular Images
3.3344579
Orenetal, 2023 2023 https://doi.org/10.1038/541598-023-  Dogonly Audio
47308-0 (BOAS) assessment / screening stethoscope) during a standardized
Pomerantz et al, 2023 2023 https://doi.org/10.1111/vru.13287 Dogonly  Detection of p masses (2-or 3-view
studies)
Rho etal, 2023 2023 https://d 10.1371/journal cat-only / (xray
0280438 screening images)
Ruparell et al, 2023 2023 https://doi.org/10.1186/s12917-023-  Dog-only  Canine periodontitis / periodontal health-state  Tabular molecular data (GPCR from
036683 discrimination pooled subgingival plaque samples)
Shim et al, 2023 2023 https://doi.org/10.1111/vru.13181 Dog-only brormalites / stifle joint  Radiograp
disease mediolateral stife radiographs)
Solomon et al, 2023 2023 https;//doi.org/10.1111/jsap. 13666 Dogonly A [
measurement / heart-size assessment on canine  radiographs
Upadhyay et al., 2023 2023 https://d 10, 2. Dogonly Ciinical and internet-sourced photographs
016455 (ringworm, leas, mange)
Valente et al., 2023 2023 https://doi.org/10.3389/fvets.2023 Dogonly My ralve disease M d DV/VD
1227009 81/82/C+D) views)
Zhaoetal, 2023 2023 https://doi.org/10.1186/s12850-023.  Dogonly  Mitosis detection in H&E histopath sides Histology
05479-9
Baruah et al, 2026 2024 https://doi.org/10.35882/jecemi.v6i  Dogonly  Babesia detection from RBC images Microscopy (blood smear)
.84
Boufenar et al, 2024 202 https;//doi.org/10.1080/21681163.2  Dogonly  Grading canine hip dysplasia (FCI grades A-E)  Imaging ~ radiography (ventrodorsal
023.2274947 hip/pelvic X-rays; ropped hip-joint
Buricetal, 2024 2024 https://doi.org/10.1016/jheliyon.20 | Dogonly  Canine ocular disease segmentation Mobile photos (smartphone camera)
24.38287
Castle etal, 2024 2024 https://doi.org/10.1186/s13071-024-  Dog-and-cat tomation / helminth ova /
06351-0 detection analysis
Dunbar et al, 2024 2024 https://doi.org/10.1038/541598-024-  Catonly  Noneffusive FIP diagnosis Ciinical data and laboratory results
52577-4
,2024 2024 hittps://d 10 1030, Dogonly (quality-of-ife
118 | clasification (ACVIM) survey/FETCH-Q; anamnesis; physical
Enginler et al, 2024 2024 https://doi.org/10.1007/500216-024-  Dogeonly  C: tumor d d grach biosensor signals
054440 prediction and tissue homogenate)
etal, | 2024 httpsi//d 10.3389/fuets. 2024, | Dogonly  Portosystemic shunt diagnosis and classifcation  Tabular (CBC + chemistry + demographics)
= 1291318
Flanders et a, 2024 202 hetpsi//d 10.1111/jvim17071 | Dogonly  Sinus node dysfunction caused by sinoatrial £CG /24 h Holter / RR interval time-series

conduction block vs high parasympathetic/low
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ACVR Split:test-only (real-world); No Accuracy (92.3%) No No
approaches 481, CVfresampling: No
62 @ ling: No No Accuracy (0.887) No No
approaches
ol Temporal modeling and Yes AUC (99.4%) No Yes  hupsi//github.com/richardbartels
approaches PCR-confirmed Babesia canis parasitemia; ds: modeling  validation cohorts (2002-2013 /babesia-canis-hematology
CTH P P Yes Positve likelihood ratio NR NR
approaches stimulation test; clinician diagnosis used 1025 dogs;  validation of a previously (145-258)
Positive: features plus Temporal split (training set Yes AUC (BW+MAT 0.959; BW. No Yes  hutpsi/fgithub.com/sf-deng/lepto-
approaches 24-fold MAT rise and/or single MAT 466 analysed | 2000-2018; test set 0.955) classifier
Machine learning-based Histopathology Animals/cases: Split: LOOCV; CV/resampling: No Accuracy (0.87) No No
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classification by one board-certified and | 44 canine _ grouped outer folds only); oo, 1 o. D_classification
igned by 3 Annotated  Internal split 0.75/0.05/0.25 No Mean ROCAUC (0.77 LL; No NR
approaches experienced veterinary radiologists. veterinary  per class; self-supervised 0.660V)
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