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Figure S1. Matthews correlation coefficient (MCC) of GAN-CNN+ models on the retrospective validation set. Panels A-E show MCC for the vanilla CNN+, ResNet50+, ResNet18+, VGG16+, and VGG11+ models using GAN-generated training images, respectively.
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Figure S2. Matthews correlation coefficient (MCC) of GAN-CNN+ models on the prospective test2 set. Panels A-E show MCC for the vanilla CNN+, ResNet50+, ResNet18+, VGG16+, and VGG11+ models using GAN-generated training images, respectively.
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Figure S3. Accuracy of DIFF-CNN+ models on the retrospective validation set. Panels A-E show accuracy for the vanilla CNN+, ResNet50+, ResNet18+, VGG16+, and VGG11+ models using diffusion-generated training images, respectively.
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Figure S4. F1-score of DIFF-CNN+ models on the retrospective validation set. Panels A-E show F1-score for the vanilla CNN+, ResNet50+, ResNet18+, VGG16+, and VGG11+ models using diffusion-generated training images, respectively.

[image: ]Figure S5. Accuracy of DIFF-CNN+ models on the prospective test2 set. Panels A-E show accuracy for the vanilla CNN+, ResNet50+, ResNet18+, VGG16+, and VGG11+ models using diffusion-generated training images, respectively. 

[image: ]Figure S6. F1-score of DIFF-CNN+ models on the prospective test2 set. Panels A-E show F1-score for the vanilla CNN+, ResNet50+, ResNet18+, VGG16+, and VGG11+ models using diffusion-generated training images, respectively.
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Figure S7. Matthews correlation coefficient (MCC) of DIFF-CNN+ models on the retrospective validation set. Panels A-E show MCC for the vanilla CNN+, ResNet50+, ResNet18+, VGG16+, and VGG11+ models using diffusion-generated training images, respectively.
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Figure S8. Matthews correlation coefficient (MCC) of DIFF-CNN+ models on the prospective test2 set. Panels A-E show MCC for the vanilla CNN+, ResNet50+, ResNet18+, VGG16+, and VGG11+ models using diffusion-generated training images, respectively.





Tables S0-S9 summarize downstream model settings and CNN architecture parameters.


Table S0A. Generative model training settings.
	Item
	GAN
	Diffusion model

	Training data
	Training set only
	Training set only

	Class conditioning
	Benign and malignant images generated separately
	Benign and malignant images generated separately

	Input resolution
	64 × 64
	64 × 64

	Generator / denoising architecture
	DCGAN-style convolutional generator
	U-Net-based denoising network

	Discriminator architecture
	DCGAN-style convolutional discriminator
	Not applicable

	Loss function
	Binary cross-entropy (BCE) loss
	Denoising mean squared error (MSE) loss

	Optimizer
	Adam
	Adam

	Learning rate
	0.0001
	0.0001

	Batch size
	32
	32

	Training epochs
	100
	100

	Synthetic ratios evaluated
	n = 0, 0.5, 1, 2, 3, 4, 5
	n = 0, 0.5, 1, 2, 3, 4, 5

	Quality screening
	Visual inspection and removal of failed images
	Visual inspection and removal of failed images



Table S0B. Downstream Model Input And Classifier Training Settings.
	Item
	Setting

	Model input size
	64 × 64 × 3

	Image resizing in code
	image_size = (64, 64); input_shape = (64, 64, 3)

	Batch size
	32

	Training epochs for CNN backbones
	100

	CNN optimizer
	Adam

	CNN learning rate
	0.0001

	CNN loss function
	Binary cross-entropy

	Synthetic ratios evaluated
	n = 0, 0.5, 1, 2, 3, 4, 5

	SVM classifier
	Linear kernel; C = 1.0; gamma = scale; class_weight = balanced; probability = True

	
Random forest classifier
	n_estimators = 200; max_depth = 6; min_samples_split = 5; min_samples_leaf = 2; max_features = sqrt; bootstrap = True; class_weight = balanced; random_state = 42

	
XGBoost classifier
	learning_rate = 0.005; n_estimators = 400; max_depth = 4; min_child_weight = 5; gamma = 0.6; subsample = 0.8; colsample_bytree = 0.8; reg_alpha = 0.1; reg_lambda = 1; tree_method = gpu_hist


Note: The settings in this table refer to downstream CNN training and classical classifier training. They do not describe the internal architecture or training procedure of the GAN or diffusion image-generation models.

[bookmark: X2d9e8eeda5abec0ea064e8feee99a019743cc77]Table S1. CNN Model Architecture Parameter Comparison
	Model
	Input Size
	Main Layers
	Max Filters
	Pooling Strategy
	Output Layer
	Parameter Scale

	(Vanilla) CNN
	64×64×3
	14
	4096
	Max Pooling
	Sigmoid
	High

	ResNet18
	64×64×3
	15
	512
	Max Pooling
	Sigmoid
	Medium

	ResNet50
	64×64×3
	Pre-trained
	2048
	Global Average Pooling
	Sigmoid
	High

	VGG11
	64×64×3
	16
	512
	Max Pooling
	Sigmoid
	Medium

	VGG16
	64×64×3
	Pre-trained
	512
	Global Average Pooling
	Sigmoid
	High


[bookmark: Xc6f209585dc7e76f5db553432fc42b42a8551aa]
Table S2. Vanilla CNN Model Detailed Structure
	Layer No.
	Layer Type
	Filters
	Kernel Size
	Stride
	Padding
	Activation
	Output Size

	1
	Conv2D
	512
	3×3
	1
	Same
	ReLU
	64×64×512

	2
	BatchNorm
	-
	-
	-
	-
	-
	64×64×512

	3
	MaxPool2D
	-
	2×2
	2
	-
	-
	32×32×512

	4
	Conv2D
	1024
	3×3
	1
	Same
	ReLU
	32×32×1024

	5
	BatchNorm
	-
	-
	-
	-
	-
	32×32×1024

	6
	MaxPool2D
	-
	2×2
	2
	-
	-
	16×16×1024

	7
	Conv2D
	2048
	3×3
	1
	Same
	ReLU
	16×16×2048

	8
	BatchNorm
	-
	-
	-
	-
	-
	16×16×2048

	9
	MaxPool2D
	-
	2×2
	2
	-
	-
	8×8×2048

	10
	Conv2D
	4096
	3×3
	1
	Same
	ReLU
	8×8×4096

	11
	BatchNorm
	-
	-
	-
	-
	-
	8×8×4096

	12
	MaxPool2D
	-
	2×2
	2
	-
	-
	4×4×4096

	13
	GlobalAvgPool2D
	-
	-
	-
	-
	-
	4096

	14
	Dense
	1
	-
	-
	-
	Sigmoid
	1


[bookmark: X78372e4893ebc3713f0783c0e2f58268de6b355]
Table S3. ResNet18 Model Detailed Structure
	Layer No.
	Layer Type
	Filters
	Kernel Size
	Stride
	Padding
	Activation
	Output Size

	1
	Conv2D
	64
	7×7
	2
	Same
	-
	32×32×64

	2
	BatchNorm
	-
	-
	-
	-
	-
	32×32×64

	3
	Activation
	-
	-
	-
	-
	ReLU
	32×32×64

	4
	MaxPool2D
	-
	3×3
	2
	Same
	-
	16×16×64

	5-6
	Residual Block 1
	64
	3×3
	1
	Same
	ReLU
	16×16×64

	7-8
	Residual Block 2
	128
	3×3
	2
	Same
	ReLU
	8×8×128

	9-10
	Residual Block 3
	256
	3×3
	2
	Same
	ReLU
	4×4×256

	11-12
	Residual Block 4
	512
	3×3
	2
	Same
	ReLU
	2×2×512

	13
	GlobalAvgPool2D
	-
	-
	-
	-
	-
	512

	14
	Dropout
	-
	-
	-
	-
	-
	512

	15
	Dense
	1
	-
	-
	-
	Sigmoid
	1


[bookmark: table-4-vgg11-model-detailed-structure]
Table S4. VGG11 Model Detailed Structure
	Layer No.
	Layer Type
	Filters
	Kernel Size
	Stride
	Padding
	Activation
	Output Size

	1
	Conv2D
	64
	3×3
	1
	Same
	ReLU
	64×64×64

	2
	MaxPool2D
	-
	2×2
	2
	-
	-
	32×32×64

	3
	Conv2D
	128
	3×3
	1
	Same
	ReLU
	32×32×128

	4
	MaxPool2D
	-
	2×2
	2
	-
	-
	16×16×128

	5
	Conv2D
	256
	3×3
	1
	Same
	ReLU
	16×16×256

	6
	Conv2D
	256
	3×3
	1
	Same
	ReLU
	16×16×256

	7
	MaxPool2D
	-
	2×2
	2
	-
	-
	8×8×256

	8
	Conv2D
	512
	3×3
	1
	Same
	ReLU
	8×8×512

	9
	Conv2D
	512
	3×3
	1
	Same
	ReLU
	8×8×512

	10
	MaxPool2D
	-
	2×2
	2
	-
	-
	4×4×512

	11
	Conv2D
	512
	3×3
	1
	Same
	ReLU
	4×4×512

	12
	Conv2D
	512
	3×3
	1
	Same
	ReLU
	4×4×512

	13
	MaxPool2D
	-
	2×2
	2
	-
	-
	2×2×512

	14
	GlobalAvgPool2D
	-
	-
	-
	-
	-
	512

	15
	Dropout
	-
	-
	-
	-
	-
	512

	16
	Dense
	1
	-
	-
	-
	Sigmoid
	1


[bookmark: Xb4855d77eb5f6c452955fa5f8ece8f94387c6ac]


Table S5. ResNet50 Pre-trained Model Structure
	Layer No.
	Layer Type
	Filters
	Kernel Size
	Stride
	Padding
	Activation
	Output Size

	1
	ResNet50 Backbone
	Pre-trained
	-
	-
	-
	-
	2×2×2048

	2
	GlobalAvgPool2D
	-
	-
	-
	-
	-
	2048

	3
	Dropout
	-
	-
	-
	-
	-
	2048

	4
	Dense
	1
	-
	-
	-
	Sigmoid
	1


Note: ResNet50 uses ImageNet pre-trained weights with backbone network (include_top=False) and input shape (64, 64, 3).

[bookmark: X328876d78f86e85184fe24c6f052e7db3fa9f93]Table S6. VGG16 Pre-trained Model Structure
	Layer No.
	Layer Type
	Filters
	Kernel Size
	Stride
	Padding
	Activation
	Output Size

	1
	VGG16 Backbone
	Pre-trained
	-
	-
	-
	-
	2×2×512

	2
	GlobalAvgPool2D
	-
	-
	-
	-
	-
	512

	3
	Dropout
	-
	-
	-
	-
	-
	512

	4
	Dense
	1
	-
	-
	-
	Sigmoid
	1


Note: VGG16 uses ImageNet pre-trained weights with backbone network (include_top=False) and input shape (64, 64, 3).

Table S7. GAN-CNN+ Validation Performance. The value of indicates the synthetic-to-real ratio used for training-set augmentation. GAN-ResNet50+XGB with achieved the highest F1-score and tied for the highest accuracy on the retrospective validation set.
	Models
	n = 0
	n = 0.5
	n = 1
	n = 2
	n = 3
	n = 4
	n = 5

	
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score

	GAN-CNN
	0.709
	0.617
	0.739
	0.652
	0.773
	0.699
	0.789
	0.674
	0.803
	0.701
	0.813
	0.723
	0.803
	0.709

	GAN-CNN+NB
	0.676
	0.565
	0.689
	0.587
	0.689
	0.590
	0.732
	0.636
	0.746
	0.679
	0.752
	0.692
	0.746
	0.670

	GAN-CNN+Xgb
	0.739
	0.683
	0.762
	0.693
	0.766
	0.688
	0.789
	0.636
	0.819
	0.719
	0.823
	0.725
	0.803
	0.691

	GAN-CNN+RF
	0.759
	0.660
	0.769
	0.642
	0.779
	0.660
	0.793
	0.680
	0.793
	0.696
	0.803
	0.688
	0.799
	0.684

	GAN-CNN+SVM
	0.716
	0.593
	0.719
	0.600
	0.722
	0.603
	0.732
	0.630
	0.736
	0.636
	0.739
	0.642
	0.732
	0.630

	GAN-ResNet50
	0.809
	0.722
	0.856
	0.782
	0.876
	0.806
	0.896
	0.841
	0.906
	0.859
	0.906
	0.860
	0.893
	0.837

	GAN-ResNet50+NB
	0.793
	0.710
	0.833
	0.762
	0.833
	0.760
	0.840
	0.806
	0.856
	0.786
	0.880
	0.811
	0.860
	0.794

	GAN-ResNet50+Xgb
	0.796
	0.711
	0.860
	0.774
	0.890
	0.818
	0.896
	0.831
	0.920
	0.867
	0.920
	0.872
	0.910
	0.859

	GAN-ResNet50+RF
	0.809
	0.722
	0.813
	0.714
	0.840
	0.774
	0.846
	0.753
	0.876
	0.806
	0.876
	0.806
	0.846
	0.783

	GAN-ResNet50+SVM
	0.806
	0.721
	0.809
	0.711
	0.846
	0.777
	0.853
	0.786
	0.863
	0.790
	0.870
	0.777
	0.880
	0.802

	GAN-ResNet18
	0.759
	0.621
	0.773
	0.630
	0.799
	0.688
	0.813
	0.696
	0.813
	0.689
	0.833
	0.737
	0.846
	0.753

	GAN-ResNet18+NB
	0.753
	0.622
	0.756
	0.605
	0.769
	0.623
	0.783
	0.677
	0.789
	0.64
	0.803
	0.670
	0.803
	0.674

	GAN-ResNet18+Xgb
	0.746
	0.612
	0.752
	0.634
	0.762
	0.654
	0.783
	0.692
	0.806
	0.685
	0.826
	0.711
	0.833
	0.719

	GAN-ResNet18+RF
	0.759
	0.621
	0.766
	0.578
	0.766
	0.611
	0.766
	0.632
	0.773
	0.642
	0.799
	0.688
	0.752
	0.593

	GAN-ResNet18+SVM
	0.753
	0.611
	0.759
	0.640
	0.773
	0.657
	0.779
	0.641
	0.786
	0.686
	0.786
	0.656
	0.783
	0.652

	GAN-VGG16
	0.823
	0.728
	0.850
	0.769
	0.853
	0.780
	0.870
	0.789
	0.880
	0.816
	0.903
	0.850
	0.886
	0.825

	GAN-VGG16+NB
	0.749
	0.638
	0.776
	0.685
	0.779
	0.725
	0.766
	0.632
	0.779
	0.656
	0.786
	0.692
	0.779
	0.649

	GAN-VGG16+Xgb
	0.833
	0.719
	0.853
	0.778
	0.863
	0.792
	0.883
	0.802
	0.886
	0.825
	0.890
	0.822
	0.890
	0.832

	GAN-VGG16+RF
	0.743
	0.609
	0.766
	0.673
	0.779
	0.670
	0.779
	0.656
	0.786
	0.692
	0.799
	0.694
	0.783
	0.663

	GAN-VGG16+SVM
	0.789
	0.683
	0.793
	0.667
	0.799
	0.691
	0.819
	0.724
	0.833
	0.731
	0.826
	0.750
	0.829
	0.765

	GAN-VGG11
	0.759
	0.625
	0.776
	0.649
	0.779
	0.670
	0.796
	0.697
	0.796
	0.700
	0.809
	0.722
	0.806
	0.716

	GAN-VGG11+NB
	0.706
	0.581
	0.716
	0.589
	0.766
	0.639
	0.773
	0.649
	0.779
	0.656
	0.793
	0.680
	0.789
	0.674

	GAN-VGG11+Xgb
	0.759
	0.640
	0.766
	0.643
	0.783
	0.652
	0.789
	0.667
	0.793
	0.696
	0.796
	0.711
	0.793
	0.696

	GAN-VGG11+RF
	0.702
	0.590
	0.709
	0.606
	0.729
	0.576
	0.743
	0.609
	0.766
	0.632
	0.776
	0.685
	0.779
	0.670

	GAN-VGG11+SVM
	0.716
	0.589
	0.722
	0.624
	0.746
	0.620
	0.749
	0.648
	0.749
	0.623
	0.762
	0.647
	0.762
	0.640




Table S8. GAN-CNN+ prospective test2 performance. The value of indicates the synthetic-to-real ratio used for training-set augmentation. GAN-ResNet50+XGB with , selected based on retrospective validation-set performance, achieved the highest observed accuracy and F1-score on the prospective test2 cohort.
	Models
	n = 0
	n = 0.5
	n = 1
	n = 2
	n = 3
	n = 4
	n = 5

	
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score

	GAN-CNN
	0.714
	0.562
	0.735
	0.606
	0.755
	0.625
	0.775
	0.645
	0.796
	0.706
	0.816
	0.710
	0.796
	0.687

	GAN-CNN+NB
	0.653
	0.452
	0.673
	0.556
	0.714
	0.562
	0.735
	0.581
	0.755
	0.600
	0.755
	0.625
	0.775
	0.667

	GAN-CNN+Xgb
	0.694
	0.516
	0.694
	0.545
	0.735
	0.581
	0.775
	0.621
	0.796
	0.667
	0.837
	0.733
	0.816
	0.690

	GAN-CNN+RF
	0.694
	0.571
	0.714
	0.588
	0.735
	0.629
	0.755
	0.625
	0.775
	0.667
	0.796
	0.667
	0.775
	0.645

	GAN-CNN+SVM
	0.673
	0.529
	0.694
	0.545
	0.714
	0.588
	0.735
	0.629
	0.775
	0.621
	0.775
	0.667
	0.714
	0.562

	GAN-ResNet50
	0.837
	0.714
	0.857
	0.741
	0.878
	0.786
	0.878
	0.813
	0.857
	0.759
	0.898
	0.828
	0.878
	0.786

	GAN-ResNet50+NB
	0.796
	0.643
	0.796
	0.687
	0.816
	0.710
	0.775
	0.667
	0.775
	0.621
	0.816
	0.710
	0.796
	0.667

	GAN-ResNet50+Xgb
	0.837
	0.733
	0.837
	0.733
	0.857
	0.741
	0.878
	0.800
	0.878
	0.786
	0.898
	0.828
	0.878
	0.786

	GAN-ResNet50+RF
	0.796
	0.667
	0.796
	0.687
	0.816
	0.690
	0.837
	0.714
	0.857
	0.741
	0.878
	0.786
	0.857
	0.741

	GAN-ResNet50+SVM
	0.775
	0.645
	0.775
	0.645
	0.796
	0.667
	0.816
	0.690
	0.837
	0.714
	0.857
	0.741
	0.837
	0.714

	GAN-ResNet18
	0.816
	0.690
	0.816
	0.710
	0.816
	0.743
	0.837
	0.714
	0.837
	0.733
	0.857
	0.741
	0.837
	0.750

	GAN-ResNet18+NB
	0.775
	0.645
	0.755
	0.625
	0.775
	0.621
	0.796
	0.667
	0.796
	0.722
	0.816
	0.710
	0.796
	0.687

	GAN-ResNet18+Xgb
	0.816
	0.710
	0.837
	0.714
	0.857
	0.741
	0.837
	0.714
	0.816
	0.710
	0.878
	0.786
	0.857
	0.741

	GAN-ResNet18+RF
	0.796
	0.643
	0.816
	0.727
	0.837
	0.714
	0.837
	0.750
	0.837
	0.714
	0.857
	0.759
	0.837
	0.714

	GAN-ResNet18+SVM
	0.775
	0.667
	0.796
	0.667
	0.816
	0.690
	0.816
	0.727
	0.837
	0.733
	0.857
	0.741
	0.816
	0.743

	GAN-VGG16
	0.816
	0.710
	0.837
	0.714
	0.837
	0.714
	0.857
	0.741
	0.837
	0.714
	0.878
	0.786
	0.857
	0.741

	GAN-VGG16+NB
	0.735
	0.552
	0.735
	0.552
	0.775
	0.667
	0.796
	0.643
	0.816
	0.710
	0.816
	0.710
	0.796
	0.643

	GAN-VGG16+Xgb
	0.816
	0.690
	0.837
	0.733
	0.857
	0.741
	0.837
	0.714
	0.837
	0.714
	0.857
	0.741
	0.857
	0.774

	GAN-VGG16+RF
	0.775
	0.667
	0.796
	0.667
	0.816
	0.690
	0.796
	0.667
	0.816
	0.710
	0.816
	0.727
	0.796
	0.667

	GAN-VGG16+SVM
	0.775
	0.645
	0.796
	0.643
	0.796
	0.687
	0.816
	0.710
	0.816
	0.710
	0.837
	0.733
	0.796
	0.667

	GAN-VGG11
	0.796
	0.667
	0.816
	0.710
	0.816
	0.690
	0.816
	0.727
	0.816
	0.690
	0.837
	0.733
	0.816
	0.710

	GAN-VGG11+NB
	0.735
	0.552
	0.755
	0.625
	0.775
	0.621
	0.796
	0.643
	0.796
	0.687
	0.816
	0.710
	0.775
	0.667

	GAN-VGG11+Xgb
	0.816
	0.710
	0.816
	0.690
	0.837
	0.714
	0.816
	0.710
	0.837
	0.733
	0.857
	0.741
	0.837
	0.714

	GAN-VGG11+RF
	0.755
	0.625
	0.796
	0.667
	0.816
	0.710
	0.816
	0.710
	0.837
	0.733
	0.837
	0.714
	0.816
	0.710

	GAN-VGG11+SVM
	0.775
	0.621
	0.775
	0.645
	0.796
	0.643
	0.796
	0.667
	0.816
	0.690
	0.816
	0.710
	0.775
	0.645



Table S9. DIFF-CNN+ prospective test2 performance. The value of n indicates the synthetic-to-real ratio used for training-set augmentation. This table reports prospective test2 performance for diffusion-based augmentation.
	Models
	n = 0
	n = 0.5
	n = 1
	n = 2
	n = 3
	n = 4
	n = 5

	
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score
	Accuracy
	F1-score

	DIFF-CNN
	0.714
	0.562
	0.796
	0.545
	0.776
	0.522
	0.714
	0.300
	0.796
	0.615
	0.776
	0.421
	0.816
	0.640

	DIFF-CNN+NB
	0.653
	0.452
	0.796
	0.545
	0.755
	0.500
	0.714
	0.300
	0.796
	0.615
	0.776
	0.421
	0.816
	0.640

	DIFF-CNN+Xgb
	0.694
	0.516
	0.776
	0.421
	0.776
	0.476
	0.796
	0.667
	0.796
	0.500
	0.735
	0.235
	0.816
	0.640

	DIFF-CNN+RF
	0.694
	0.571
	0.796
	0.545
	0.755
	0.500
	0.714
	0.300
	0.816
	0.571
	0.755
	0.500
	0.816
	0.640

	DIFF-CNN+SVM
	0.673
	0.529
	0.796
	0.545
	0.755
	0.500
	0.714
	0.300
	0.796
	0.615
	0.776
	0.421
	0.816
	0.640

	DIFF-ResNet50
	0.837
	0.714
	0.735
	0.581
	0.714
	0.500
	0.816
	0.609
	0.857
	0.741
	0.837
	0.733
	0.837
	0.692

	DIFF-ResNet50+NB
	0.796
	0.643
	0.735
	0.519
	0.735
	0.606
	0.796
	0.583
	0.857
	0.741
	0.837
	0.733
	0.837
	0.692

	DIFF-ResNet50+Xgb
	0.837
	0.733
	0.796
	0.583
	0.694
	0.444
	0.796
	0.643
	0.837
	0.667
	0.837
	0.765
	0.837
	0.667

	DIFF-ResNet50+RF
	0.796
	0.667
	0.735
	0.552
	0.694
	0.483
	0.816
	0.609
	0.857
	0.741
	0.837
	0.733
	0.837
	0.692

	DIFF-ResNet50+SVM
	0.775
	0.645
	0.755
	0.600
	0.694
	0.483
	0.816
	0.609
	0.857
	0.741
	0.837
	0.733
	0.837
	0.692

	DIFF-ResNet18
	0.816
	0.690
	0.633
	0.357
	0.735
	0.480
	0.776
	0.522
	0.735
	0.581
	0.796
	0.615
	0.776
	0.522

	DIFF-ResNet18+NB
	0.775
	0.645
	0.633
	0.357
	0.714
	0.462
	0.755
	0.455
	0.735
	0.552
	0.837
	0.714
	0.776
	0.522

	DIFF-ResNet18+Xgb
	0.816
	0.710
	0.673
	0.467
	0.735
	0.581
	0.755
	0.455
	0.776
	0.560
	0.837
	0.714
	0.796
	0.545

	DIFF-ResNet18+RF
	0.796
	0.643
	0.633
	0.357
	0.735
	0.480
	0.755
	0.455
	0.735
	0.552
	0.837
	0.714
	0.776
	0.522

	DIFF-ResNet18+SVM
	0.775
	0.667
	0.633
	0.357
	0.735
	0.480
	0.776
	0.522
	0.735
	0.581
	0.837
	0.714
	0.776
	0.522

	DIFF-VGG16
	0.816
	0.710
	0.776
	0.522
	0.857
	0.741
	0.776
	0.593
	0.837
	0.714
	0.816
	0.571
	0.837
	0.667

	DIFF-VGG16+NB
	0.735
	0.552
	0.776
	0.522
	0.857
	0.741
	0.776
	0.593
	0.837
	0.714
	0.816
	0.571
	0.837
	0.667

	DIFF-VGG16+Xgb
	0.816
	0.690
	0.755
	0.600
	0.816
	0.727
	0.796
	0.545
	0.816
	0.727
	0.837
	0.636
	0.837
	0.667

	DIFF-VGG16+RF
	0.775
	0.667
	0.776
	0.522
	0.857
	0.741
	0.776
	0.593
	0.837
	0.733
	0.837
	0.636
	0.837
	0.667

	DIFF-VGG16+SVM
	0.775
	0.645
	0.776
	0.522
	0.857
	0.741
	0.776
	0.593
	0.837
	0.733
	0.816
	0.571
	0.837
	0.667

	DIFF-VGG11
	0.796
	0.667
	0.735
	0.480
	0.796
	0.615
	0.735
	0.519
	0.796
	0.615
	0.796
	0.500
	0.796
	0.643

	DIFF-VGG11+NB
	0.735
	0.552
	0.735
	0.480
	0.796
	0.615
	0.735
	0.519
	0.796
	0.615
	0.796
	0.500
	0.796
	0.643

	DIFF-VGG11+Xgb
	0.816
	0.710
	0.755
	0.333
	0.735
	0.581
	0.755
	0.400
	0.796
	0.615
	0.755
	0.333
	0.796
	0.643

	DIFF-VGG11+RF
	0.755
	0.625
	0.735
	0.480
	0.796
	0.615
	0.735
	0.519
	0.776
	0.593
	0.816
	0.571
	0.796
	0.643

	DIFF-VGG11+SVM
	0.775
	0.621
	0.735
	0.480
	0.796
	0.615
	0.735
	0.519
	0.796
	0.615
	0.816
	0.571
	0.816
	0.690
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