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Beyond Value Elicitation: Towards Moral Profiles in Early Requirements Engineering

via Role-Playing Games and Anthropologist LL.Ms

Abstract

This study presents a proof of concept of an approach to eliciting and representing the
individual moral profile of digital systems users in Requirements Engineering (RE) by
combining immersive role-playing games (RPGs) with large language model (LLM) analysis.
While existing approaches rely on predefined value taxonomies and explicit articulation,
values are frequently tacit, context-dependent, and difficult to express directly. To address
these limitations, we propose a shift from eliciting discrete moral values to reconstructing and
representing users’ moral profiles in narrative form. Grounded in phenomenological and
narrative anthropology, the proposed approach focuses on capturing users’ moral orientations
as it emerges through situated decision-making. RPG sessions are used to generate context-
rich narrative data, which are then analyzed by a specialized LLM (GPT-A) to produce
individual anthropological moral profiles (IAMP). A validation process based on a cross-
comparison between model outputs and participants’ responses in unseen moral scenarios is
used to assess the adequacy of the generated representations. Results indicate that RPG
environments effectively support the generation of rich, context-dependent data for eliciting
tacit values, that an anthropologically grounded LLM can transform such data into coherent
narrative representations of users’ moral profiles, and that these representations enable the
contextual interpretation of users’ preferences and values within the given domain, with
improved performance when interpretive framing captures relationships between actions,
underlying motivations, and individual domain expertise. From an RE perspective, this
enables the analysis of user preferences and trade-offs in a way that preserves their situated
and dynamic nature, providing a foundation for integrating human moral values into early-

stage of requirements engineering.

Index Terms—elicitation, soft ethics, moral values, moral profiles, anthropology, role-

playing game, LLM, Requirement Engineering



INTRODUCTION

The increasing reliance on software systems, particularly autonomous systems, has
introduced significant ethical, social, and political challenges, including issues of fairness,
accountability, and societal bias [1]. As a result, there is a growing call from researchers to
systematically include human values into software systems [2].

In Software Engineering (SE), the process of identifying, formalizing, implementing, and
verifying values within software systems is known as operationalizing human values [3]. In
our study, we focus on the elicitation phase because, at this stage, the software is still
malleable, making it essential to effectively developing value-oriented software [4, 5].
Various methods and value models have been proposed to integrate human values throughout
the Software Development Life Cycle (SDLC) [6]. These approaches assume that users’
moral values can be categorized into a finite set of universal categories based on established
value models. Although this perspective is useful for large-scale analyses or comparative
studies, it gives rise to three main practical challenges: first, values are inherently subjective
and often tacit, making them difficult to interpret outside their specific social and cultural
contexts; second, values change over time; and third, there is still a lack of practical methods
and value-oriented guidelines to effectively elicit human values [6].

Traditionally, RE focuses on functional and non-functional requirements while paying
comparatively limited attention to human-related ones, including stakeholders’ values and
emotions [4]. In recent years, researchers have increasingly explored the integration of
human-centered requirements into RE, addressing aspects such as emotional responses [7, 8],
gender differences [9, 10], power dynamics [11], personality traits [12, 13], age-related
factors [14], and both mental and physical conditions [15]. However, incorporating such
values into software design remains challenging. Key difficulties include the absence of clear
guidelines, the complexity of translating abstract value concepts into concrete development
tasks, the lack of measures to assess how values are reflected in software systems, and the
limited availability of approaches to trace these values from initial elicitation through to the
final delivery of the product [16, 17].

This work addresses three key challenges: (1) overcoming limitations of taxonomy-based
approaches (2) eliciting tacit and context-dependent individual moral values, orientations and
preferences, (3) provide narrative description of the elicited values in terms of moral profile.
In doing so, it also facilitates communication between stakeholders and elicitors. In our study,

we distinguished moral values between hard ethics values and soft ethics ones, based on



Floridi’s characterization of digital ethics [18]. We focus on the latter because hard ethics is
directly shaped by laws and regulations, which define moral duties, rights, and
responsibilities, determining what is legally permissible, whereas soft ethics operates beyond
legal compliance, guiding human behavior through self-regulation rather than through
legislation.

On the other hand, in this paper we present an approach to moral values, preferences and
orientations grounded in narrative and phenomenological anthropology, assuming that they
can’t be redacted to universal categories, are strictly linked with the context in which they
emerge and are shaped by lived experience, social interactions, and can be investigated
through the narratives individuals produce about their moral lives, being continuously
reinterpreted through personal and collective meaning-making [19-22]. Accordingly, the
analysis does not focus on explicitly categorizing users’ moral values; rather, moral profiles
are inferred by analysing choices made in context, their justifications, and the narrative
framing of those decisions.

Our approach combines ethnographic role-playing simulation to elicit moral decision-making
in context and LLMs to generate representation of participants’ moral profiles. Borrowed
from game study, it involves immersive role-playing games (RPGs) as an ethnographic tool
where the researcher guides the gameplay experience, while participants act themselves in a
realistic setting. Immersive RPG was chosen due to its capability to provide a controlled,
offering an alternative to traditional elicitation techniques such as interviews and surveys, as
it is structured around making observable moral orientations as they emerge and evolve
during gameplay [23], and due to its inherently discursive and storytelling-based nature
fosters continuous interaction among players, making the process of moral reasoning explicit
through dialogue [24]. LLMs were selected for their ability to interpret complex qualitative
and narrative data, and to support the scalability of the proposed protocol. Recent studies
show that LLMs can effectively analyze textual data, including narrative materials, producing
results comparable to human qualitative analysis while also offering complementary insights
[25, 26]. At the same time, their integration into qualitative workflows has been shown to
significantly reduce the effort required for tasks such as thematic analysis, enabling
qualitative approaches to be applied at scale [27]. However, LLMs are not intended to replace
ethnographic analysis, but to complement it within a human-in-the-loop protocol that
preserves interpretive depth while extending analytical capacity.

The collected data consist of a combination of players’ self-disclosure data, self-ethnographic

multimedia annotations, and researchers’ ethnographic fieldnotes, all gathered during the



game sessions and follow-up sessions. The gathered data were systematized into coding
tables (narrative tables) that relate scenarios characteristics to the decisions made, as well as
to the in-game and off-game factors that influenced the final decision. These narrative tables,
together with contextual information and an anthropological analytical framework, were
provided to ChatGPT-40 (hereafter referred to as GPT-4). GPT-A was asked to generate an
individual anthropological moral profile ([AMP) for each participant that constitutes the
model’s moral profile narrative representation—an implicit representation of elicited moral
values rather than a list of explicit ones.

To validate this approach, three main research questions are raised:

e ROQI1: Are the narrative data generated in RPG sessions sufficiently rich and
informative for the implicit elicitation of the user's moral profile?

e RQ2: To what extent can Anthropologist LLMs support the generation of narrative
representation of elicited moral values?

e RQ3: Can the combination of RPGs and a customized LLM efficiently improve the

comprehension of the users’ needs, preferences and values?

To establish a reliable benchmark, we implemented a two-level cross-validation system. The
first level is based on a comparison between the model’s responses and those of the
participants in a subsequent questionnaire built on unforeseen scenarios involving moral
dilemmas in the same ethical domain of the RPG, aimed at evaluating the model’s ability to
capture users’ moral orientations based on the generated individual moral profiles.The second
level consists of comparing different GPT configurations to evaluate differences in their
accuracy in predicting users’ responses in the aforementioned unforeseen scenarios, i.e.,
through an interpretative framing test. The full methodology—game design, data collection

and analysis, GPT configuration, and validation—is outlined in the following sections.
BACKGROUND

In this section, we review how values are conceptualized in Computer Science (CS) and the
most commonly used methods and tools for values elicitation in RE. We then introduce the
anthropological concepts and methods that inform our approach, and examine prior work on
the use of games in RE. Finally, we analyse the specific characteristics of RPGs that justify
their use as a value elicitation tool and the capability of LLM to analyse qualitative data

based on previous works.



Human Values and Elicitation Techniques in RE

Human values are broadly defined as “what is important for an individual or a society” [28]
and as principles that guide human action in everyday life [29]. Value models aim to identify
universal values shared across human individuals. This classification process is useful for
defining reference categories that help classify stakeholders’ specific values within particular
contexts and domains. One well-established value model is that proposed by Schwartz et al.
[30], which defines ten core values arranged in a circular structure. In recent years, this
approach has been refined, and the number of values has increased through the integration of
modern theories of motivation, suggesting that contextual motivations and emotions are
fundamental drivers of human decision-making [31]. Indeed, the interplay between these
factors provides insight into why individuals act in specific ways, such as approving or
disapproving of certain actions and choosing to engage or disengage in specific activities
[32].

A pioneering attempt to incorporate human values into technological systems is Value-
Sensitive Design (VSD), proposed by Friedman et al., which “accounts for human values in a
principled and systematic manner throughout the design process” [33]. VSD adopts an
interactional stance, emphasizing the relationship between technology and human values.
However, VSD faces several practical challenges in real-world applications [34]: it struggles
to capture context-dependent (situated) values, provides limited support for resolving value
conflicts, and lacks mechanisms to account for the evolution of values over time. Many other
attempts have been made to embed human values into SDLC. For instance, Value-Based
Requirement Engineering (VBRE) provides a step-by-step methodology to guide developers
in identifying stakeholders’ values from different requirement engineering artifacts,
documents and interviews [35]. This method relies on a paper-based taxonomy of values,
employing emotion-focused surveys and interviews to capture stakeholders’ emotional traits
[36]. Koch et al. proposed a method for inferring end-user values by analyzing their task
preferences within a specific work environment [37]. Similarly, Lopez et al. introduce a
workshop-based methodology that utilizes tools such as value cards to facilitate discussions
among developers and stakeholders [38]. By engaging in structured conversations, developers
can gain a deeper appreciation of the ethical and practical considerations related to software
security. Perera et al. [39] proposed the use of Persona for stakeholders’ values identification.
In the study, human values are linked to system features across different levels of the SDLC.

These approaches offer several advantages, facilitating large-scale analysis, consistency, and



comparative evaluation throughout the development process [40]. However, several
important limitations must be acknowledged. RE is often affected by communication
breakdowns and asymmetries in knowledge exchange between stakeholders and elicitors,
which can leave relevant information only partially articulated, unexpressed, or entirely
unrecognized [41, 42]. Moreover, encoding values into a fixed ontology or a single metric
can oversimplify complex ethical considerations. Selbst et al. [43], studying fairness in
machine learning algorithms, call this the “Formalism Trap”: when designers treat a formal
definition as exhaustive, they may assume a system is “fair” or “secure” based solely on pre-
defined metrics, whereas real-world stakeholders may contest these claims. Albeit offering
clarity and consistency, quantitative approaches might raise ethical concerns related to
reductionism creating a false sense of objectivity around both subjective or pluralistic values.
These limitations highlight the need for alternative elicitation approaches that do not strip
away values from the context in which they emerge and do not oversimplify complex ethical

concerns into predefined taxonomies.
From Moral Values Taxonomies to Moral Narrative Profile: an Anthropological Shift

Between the 1980s and 1990s, anthropology underwent a significant shift in its approaches,
with phenomenological anthropology and narrative anthropology gaining prominence. The
former emphasizes embodiment and lived experience, whereas the latter focuses on
storytelling as a fundamental human practice.

The phenomenological perspective has its roots in the philosophy of Merleau-Ponty, who
argued that lived experience is shaped by culture and is inherently interpretative [44].
Kleinman (1995) argued that both individual and collective moral life take shape within
specific cultural, relational, and historical contexts, where particular goods, responsibilities,
and vulnerabilities are at stake [19]. Kleinman introduced the concept of the local moral
world, where “moral” refers not only to the values themselves, but also to the meanings they
acquire in a collective and individual perspective. In this view, moral values are not stable
entities to be elicited as such; rather, they often remain unarticulated until individuals face
situations of uncertainty, conflict, or tension [45]. These moments of disruption do not merely
uncover pre-existing hierarchies of values; rather, they highlight how moral orientations are
dynamically constructed in response to contextual challenges. As also noted in the RE
community [43], these observations suggest that predefined categories risk reducing reality to
static representations.

Narrative anthropology emphasizes that moral life become meaningful through storytelling,



as individuals interpret experiences, justify their actions, and evaluate possible alternatives
[20, 22]. Since narratives are co-constructed through interaction, they reveal the inherently
dialogical and relational nature of moral values [21]. This is particularly relevant in contexts
where values are not directly articulated: storytelling provides a medium through which tacit
knowledge can be expressed, negotiated, and shared. Furthermore, because individuals are
situated within social, cultural, and relational contexts, the expression of moral life is not
entirely unconstrained but shaped by shared systems of meaning [46, 47].

Methodologically, narrative anthropologists often use in-depth interviewing and participant
observation: the former serve to aggregate personal experiences, stimulate reflective thinking,
and generate moments of learning [48], whereas the latter involves “extended immersion in a
culture and participation in its day-to-day activities” [49]. Participants’ stories are then
analyzed both in terms of content and form: researchers examine what is said (themes,
cultural symbols, moral messages) and how it is said (structure, style, audience interaction).
In this research we interpret values as relational and narrative patterns expressed through
behavior. In this sense, behavior is a situated enactment of moral life that emerges from lived
experience, cultural meanings and social negotiation. For this reason, the focus of the
proposed elicitation protocol is the process through which individuals interpret situations,
negotiate meanings, and orient their actions in response to what is at stake. Moreover,
adopting such an approach might address communication challenges by focusing on inferring
co-created values based on moral profile expressed and constructed through narratives,

interactions, and justifications, rather than assuming they can be directly articulated.
Serious Games and Role-Playing Games

The use of games in knowledge production has expanded significantly in recent decades [50],
leading to the emergence of “gamification science”—an interdisciplinary field that
investigates the theories, methodologies, and empirical effects of incorporating game
mechanics into various contexts. Unlike basic gamification, which simply applies game-like
elements to designed tasks, gamification science is a structured research approach that studies
the cognitive, emotional, and social dimensions of game-based interventions [51]. A major
development within gamification science is the use of “serious games”. This term refers to
those games that have “an explicit and carefully thought-out educational purpose that are not
intended to be played primarily for amusement” [52]. They can be analog or digital and are
designed with educational [53], training [54] or data collection purposes [55].

Among serious games employed in gamification science, there are RPGs both in the



analogical (TTRRPGs) and in digital form (MMORPGs) [56]. In RPGs each player acts as a
fictional or realistic character in an imagined world. RPGs have rules that define how, when,
and to what extent each player can influence the imagined space and interact with it. A Game
Master (GM) facilitates the experience by shaping the narrative, describing the environment,
portraying non-player characters (NPCs), and managing the consequences of players’
choices. During the game, players may encounter NPCs that are integrated into the game
world, each with their own personalities, motivations, and roles within the story. NPCs can
range from allies and quest-givers to antagonists, and they serve to enrich the narrative,
provide information, create challenges, and make the world feel more dynamic and
believable.

We conceptualize RPGs as setting based on storytelling that shapes and redefines individual
and collective narratives [24]: as players justify their choices and negotiate their
consequences, values, needs and beliefs are enacted and made publicly accountable through
interaction, continuously reshaping moral thresholds and bringing implicit norms to the
surface [23, 24, 57]. Indeed, a core feature of RPGs is player/character identification, which
fosters emotional and cognitive engagement and enhances immersion through storytelling,
character development, and collaborative problem-solving [23, 57, 58]. Unlike other games,
RPGs are characterized by unpredictability [59], reflecting real-world complexity and
enabling high levels of engagement [60, 61].

Due to its characteristics, RPGs are particularly suitable for addressing the limitations of
traditional values elicitation methods in RE, as they enable the observation of situated
decision-making processes through which it becomes possible to identify the contextual
elements that shape users’ moral decisions and, by taking these into account, reconstruct their
moral profiles and infer their moral orientations and the values enacted across different
situations and contingencies.

Therefore, as highlighted by Dalpiaz and Cooper [62], the effectiveness of game-based
methods in RE depends on careful design and evaluation. Particular attention should be paid
to game design to avoid superficial participation, as well as to the upfront estimation of
development, training, and integration costs. Nevertheless, the use of gamified methods or
serious games is recognized in RE for its ability to yield positive results in several aspects
[63]. One of the biggest advantages is that games make the elicitation process more
interactive, encouraging individuals to actively engage rather than passively answering
questions [64, 65]. Additionally, games stimulate creativity and communication, leading to

more diverse and insightful requirements [66]. They foster collaboration by creating a



structured environment where individuals can discuss and resolve conflicts, and they provide

real-time feedback, allowing for immediate refinement of ideas [67, 68].
LLMs for elicitation tasks in RE

Recent advances in generative Al, and in LLMs, have introduced new possibilities for
supporting RE activities. Current research shows that LL.Ms can assist across multiple RE
activities, including requirements elicitation, specification, validation, and traceability, by
supporting tasks such as requirements generation, quality assessment, and classification [69].
At the same time, their integration in RE remains at an early stage, with most studies
conducted in controlled environments and limited industrial adoption, highlighting both their
potential and the need for more systematic approaches to their use in practice [70].

Among RE activities, elicitation has emerged as one of the primary areas where LLMs can
provide support [71]. Elicitation traditionally relies on interaction-intensive techniques to
uncover stakeholders’ needs. LLMs introduce new forms of support in this phase by assisting
in the generation of elicitation materials (e.g., interview questions) [72], analyzing the
unstructured materials from interviews and refining users’ story for requirements generation
[73]. A widely explored approach technique for employing LLMs in elicitation is role-play or
prompt-based workflows, where LLMs simulate stakeholders to generate needs or plausible
scenarios [17, 74, 75]. In these approaches, role-playing is primarily used as a prompting or
interaction technique. In contrast, our research adopts a role-playing game—based elicitation
setting, in which human participants—rather than LLMs—engage in a structured,
game-based role-play activity.

Traditionally unstructured data can be coded through different qualitative methods, relying on
coding, thematic analysis, and interpretive reasoning, which are labor-intensive and require
significant human effort to identify patterns, themes, and narratives in textual data [76, 77].
Recent work shows that LLMs can support these processes by automatically identifying
recurring patterns, assisting in the construction of themes, and analyzing narrative data often
achieving results comparable to human analysts while significantly reducing time and effort
[25, 26, 78]. Rather than replacing human interpretation, current approaches increasingly
frame LLMs as collaborative analytical tools, supporting iterative refinement within human-
in-the-loop workflows [79]. However, several challenges remain, including issues of
interpretability, potential bias, and the risk of generating plausible but inaccurate
interpretations [79]. For this reason, recent work emphasizes the importance of transparent

prompting strategies, explicit analytical frameworks, and validation procedures to ensure the



reliability and credibility of LLM-assisted qualitative analysis [80].

Building on this line of research, our work leverages LLMs to support structured qualitative
interpretation beyond coding automation, reconceptualizing their role as an interpretive
partner operating within a theoretically grounded and human-supervised framework [81]. By
combining LLM-based analysis with an anthropological perspective, we move beyond coding
acceleration toward a richer, context-sensitive interpretation of users’ moral profiles, as they

emerge from the data through explicit analytical lenses.
METHODOLOGY AND STUDY DESIGN

Starting from the redefinition of values as part of individual local moral world through the
narrative and phenomenological anthropology lens, we design a protocol for moral profile

elicitation and representation divided into four main steps:

1. constructing the environment for moral profiles elicitation. It includes the definition
of PRG’s domain; scenarios generation following specific design rules; the definition
of the moral dilemma of each scenario;

2. data collection through gameplay, participant observation and follow-up sessions (i.e.,
focus-group);

3. Individual narrative moral profile generation through an LLM-assisted process. This
phase relies on the anthropological analysis of the collected data, supported by a
specialized GPT model informed by phenomenological and narrative anthropology, a
glossary of relevant anthropological concepts, and materials describing the game
design rules and overall structure. The output of this process is the individual
anthropological moral profile (IAMP) for each participant;

4. the validation of the IAMP. To assess whether the protocol captures meaningful
representations of users’ moral orientations, we generate new scenarios within the
same domain and ask participants to make decisions in these contexts. The responses
of each player are then compared with those predicted by the model based on the
IAMP. The degree of predictive accuracy is used as an indicator of the quality of the

elicitation process.

When misalignments occur, the profiles should be iteratively refined through additional
feedback and data collection. However, this study focuses only on the initial elicitation and
validation cycle, in order to assess whether the combination of RPGs elicitation and LLMs

analysis can capture meaningful moral profile representations. The proposed protocol



received ethical approval from our institutional MIRB (reference number 186709).
The whole protocol is presented in Fig 1, the dashed line represents an iterative refinement

step not applied in this study.

Redefinition of Val through A pology
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Fig. 1 Overview of the proposed protocol.

The ethical domain chosen for this proof-of-concept is digital privacy. This domain was
selected due to its increasing relevance in the era of automation [82, 83], as well as its
widespread salience among users of digital technologies [84], thereby minimizing the risk of
participants misunderstanding the issue or requiring specific technical expertise to engage
with it.

Accordingly, the case study focuses on analysing how privacy related moral values and
orientations emerge and can be elicited through the proposed protocol. While privacy serves
as the target domain in this study, the protocol is designed to be domain-agnostic and can be
readily applied to other ethical contexts (e.g., human dignity in healthcare, sustainability,
ethical business practices) by adapting the scenarios while preserving the underlying
mechanics.

Selected examples of the game scenarios, evaluation questionnaire, and materials used to
personalize GPT-A are presented in the following sections; the complete set of materials is

provided in the Supplementary Materials.
Phase 1: Game Design and Gameplay

In the RPG designed for the study each player acts themself, while the researcher acts as the
Game Master (GM), facilitating the progression of the story. The game consists of eight



structured scenarios, followed by a final scenario that resolves the narrative. Because
role-playing games are inherently open-ended and can otherwise lead to highly variable and
extended gameplay sessions, the number of scenarios was deliberately limited to constrain
the duration of the activity to one to two hours. This design choice helped balance meaningful
engagement with manageable cognitive load and supported the reproducibility and control of

the experimental protocol. An example of a scenario is presented in Fig. 2.

Scenario #5

Description
Upon exiting the building, the players encounter a concierge. He
requests assistance in setting up a Google account, creating a
secure password, using email securely, and navigating the internet
without falling victim to fraudulent advertisements.

Wicked problem
Should they allocate time and expertise to assist him or ignore
the request?

NPCs Concierge: If assisted, he will provide a note containing a link to a
forum where victims of similar phishing schemes share their
experiences.

Choice options 1. Assist him (Players are unaware that he possesses a

valuable lead)

2. Decline assistance (Players must find alternative means to
proceed)

3. Provide minimal assistance (Rushing the task may prevent
them from gaining his frust)

Risks Ethical and social considerations: While no direct legal
ramifications exist, the situation presents a moral and social dilemma.

Interpretative notes

» Emotional factors: Empathy, altruism, and interest in
acquiring relevant intelligence versus reluctance to waste
time.

o Trigger: The concierge persists, and disagreements may
arise among players regarding whether to help.

» Contextual factors: Players speculate that the concierge
may have insights into activities occurring within the building.

Fig. 2 Example of a scenario used in the game.

For RPGs to serve as valid elicitation tools, they must address epistemological and
methodological challenges, such as external validity and how to balance the influence of the
gaming context on player decisions [85]. To tackle these issues, we adopt game design rules
that have been shown to enhance players’ moral engagement, elicit cognitive and emotional
responses more closely aligned with real-world decision-making and avoid superficial
engagement [86]. The setting is designed to be realistic, placing players in situations that
reproduce key features of real-world digital environments, so as to evoke responses
comparable to those experienced in actual decision-making contexts [87]. Each scenario
presents a dilemma designed as a wicked problem [88], a way to formulate a problem
resembling real-life ones. They are characterized by no definitive solution, interconnected
variables, context dependency, unpredictable long-term consequences. Throughout the game,

players interact with NPCs, both direct and indirect, who are controlled by the GM. NPCs



play a crucial role in moral decision-making games, creating an immersive dialogue that
enhances storytelling and player engagement [56]. Each NPC carries a different perspective
and set of values, encouraging players to engage with conflicting moral viewpoints. Research
shows that NPCs’ feedbacks have a huge impact on players’ emotions, encouraging them to
consider NPCs’ viewpoints more deeply [89, 90].

A total of ten participants were selected for this study. This sample size reflects the small-
group nature of RPG settings, which are designed to support narrative immersion and
dynamic social interaction [91]. To ensure a balanced and diverse sample, we included five
women and five men, aged between 21 and 66, with varied socio-economic backgrounds and
levels of RPG experience. Five participants were experienced players who had taken part in a
previous RPG-based study; their familiarity helped streamline the gameplay setup. Potential
biases were mitigated through the active moderating role of the researcher’s active role as the
GM, who ensured that all participants—regardless of prior experience—engaged equally in
the game. The remaining five participants were recruited through a snowball sampling
procedure. All participants were digital users in some capacity, and eight reported using
LLMs in their daily activities.

Before the session, participants were provided with an overview of the game domain and
mechanics. It was emphasised that prior gaming experience was not required and that the
RPG had no winning or losing conditions. This open-ended design was aimed at reducing
performance pressure, while supporting the applicability of the protocol across diverse user
profiles.

The ten participants were divided into two groups, each one balanced in terms of gender, age
and other demographic characteristics and gaming skills. The researcher served as the GM for
both groups, whose game sessions were scheduled on the same day at different times. This
precaution was explicitly adopted to maximize consistency and reliability across sessions,
ensuring a standardized presentation of NPCs interactions and scenarios.

At the beginning of the game session, the researcher provides each player with a document
called The Player Sheet, structured into two sections (see Fig. 3). The first section of the
sheet, named “Player Description”, contains demographic information and a self-description
of the player’s personality traits in group dynamics. They are also invited to reflect on the
principles or considerations that typically guide their decisions in the domain (e.g., “I avoid
using social media to protect my privacy”). Additionally, this section includes a mannequin
drawing that players can personalize, enabling them to create an avatar with which they can

identify. The second section of the sheet, the “Game Diary”, serves as a space for players to



record their observations, decisions and justifications throughout the game. Keeping a diary is
a common practice in RPGs to track important information collected throughout the game
and to record encounters with various characters. In this study, the Game Diary reinforces
players’ engagement with the narrative and allows them to reflect on their choices, while

producing self-ethnographic data.

PLAYER SHEET " GaME Diary
o g i g
(| 1
Name Gender 1. Event: Players should indicate which specific decision/action they are
referring to.
Age Occupation

~

. Context: Players should describe whether the in-game setting (e.z.,
Country being in an administrative or ministerial office) influenced their decision
and, if so, how.

Personal Story & Background:

In this section, players may describe their key personality traits, emotional . Feelings and Emotions: Players should explain which emotions
characteristics, and typical ways of interacting within a group that they influenced their decision or action (and in what way), or which emotions
consider helpful for other players to know (e.g., whether they tend to be resulted from it.

anxious, shy, outgoing, etc.)

w

4, Critics/Self-Critics: Players should indicate whether they disagreed with
the group’s decision or action, or whether, in hindsight, they would have
acted or decided differently. They should explain what they would have
done instead and what led them to that reflection

Drawing of Your Character

5. Interactions and Dialogues: Players should describe whether a particular
interaction—either between characters or between players—influenced
a specific decision or action, and how it shaped that outcome.

6. Other Factors: Players may include any additional elements that
influenced their decision or action that were not addressed above,
explaining how and why.

Fig. 3. The two sections of the Player Sheet: on the left Player Description section; on the
right Game Diary section.

During the game, participants have the opportunity to consult with GPT for assistance, as it
was an “oracle”. They may use it to seek guidance in resolving a scenario, clarification of
dilemmas, or seeking information about digital concepts encountered in the game. For
example, they might ask about the potential risks associated with specific online behaviors or
the implications of certain privacy and security choices. The inclusion of GPT as an “oracle”
aimed at reproducing realistic decision-making dynamics, in which individuals seek external
advice from friends, colleagues, or trusted sources when faced with uncertainties or ethical
dilemmas. The information collected during these interactions were recorded.

The session length varied between the two groups: Group 1 played for two hours and six
minutes, while Group 2 played for one hour and twenty-four minutes. This difference in
duration was due to the nature and length of the interactions among participants and the speed
at which decisions were reached. In Group 1, discussions were more prolonged, as

participants engaged in more in-depth debates before making decisions. In contrast, Group 2



reached a consensus more quickly, reducing the overall session time.The game session was
audio-recorded with informed consent, enabling accurate transcription of in-game decisions
and interactions.

After the game session, a follow-up session was conducted through a focus group in which
participants were invited to share feedback and opinions on the game and to compare their in-
game decisions with their real-world experiences. The post- game follow-up helps transfer in-
game experiences beyond the game [92]. Additionally, the follow-up session provides an
opportunity for players to reflect on their actions and uncover insights that may have

remained implicit during the gameplay [93].
Phase 2: Data collection and processing

Data were collected from multiple sources to enable triangulation and to capture
complementary perspectives on players’ moral orientations and decision-making processes.
This multi-sourced approach was designed to avoid relying exclusively on self-disclosure,
players’ in-game actions or decisions, researcher interpretations, or self-ethnographic data.
Instead, it integrates the viewpoints of the different actors involved—single player, group of
players and researcher—providing a more comprehensive understanding of the phenomena
under study and also tracking the co-construction process of participants’ moral values, needs

and orientations. The following data sources were used:

e Self-Description: Players’ self-descriptions were collected from the first section of
the Player Sheet. Players were asked to choose which adjectives best described their
social and relational attitudes in daily life and which aspects of their character most
strongly guided their choices in the chosen domain;

o Game Diary: served as a primary ethnographic data collection tool. Participants
documented their reasoning process, scenario interpretations, and the role of pre-
existing personal beliefs, in-game social interactions, and the environment in which
the in-game events took place in shaping their decisions. The Game Diary also
captured participants’ emotional responses, conflicts of values, and regrets regarding
their own and others’ in-game decisions. They were asked to document whether they
agreed or disagreed with other players’ choices, their reasoning for supporting or
opposing those decisions, and how the group dynamics influenced their own. Finally,
they were asked to record interactions with both NPCs and fellow players. This record

provided insight into how moral dilemmas was perceived by the participants;



e GPT prompt: the data collected in this case came from the prompts written by
participants while interacting with their own GPT profile. By analyzing these
prompts, it was possible to examine which concepts and tasks were perceived as
complex or unfamiliar by the players. These data were relevant for assessing each
participant’s level of domain literacy;

o Researcher’s fieldnotes: these consisted of observational notes collected by the
researcher during gameplay sessions. Fieldnotes captured situated behaviors and
interactional dynamics as they unfolded. In particular, they documented players’
degree of familiarity with the domain, including moments of uncertainty, reliance on
prior knowledge, or explicit requests for clarification. The fieldnotes also focused on
emergent relational structures around the table, such as the presence of dominant
players influencing group decisions, patterns of deference, and instances in which
participants sought validation from others before acting. Additionally, they highlight
habitual practices, difficulties, and strategies within the domain. Overall, these
observations provided contextual insight, complementing participants’ self-
ethnographic data;

e User’s story: These data were collected during the follow-up session. In this phase,
players shared personal experiences related to in-game scenarios, providing a bridge
between fictional decision-making and real-world privacy and security concerns
within the domain. Additionally, participants expressed their opinions about the
game's mechanics and discussed their perceived level of engagement during the
session. Finally, they reflected on what they had learned through gameplay and how

the experience would influence their beliefs and habits in the digital realm.

All collected data were then organized into structured narrative tables, one set per
participant, through an Al-assisted process. Specifically, the LLM model was provided with
anonymized, multimodal, unstructured data, along with an example of the coding table to be
completed, and was prompted to organise the data into the predefined tables. The resulting
outputs were subsequently reviewed by the researchers to ensure the accuracy and fidelity of
the transcribed information.

Each set consisted of three tables: (1) a self-description table, (2) an in-game table compiling
data from the Game Diary, users’ interactions with GPT during gameplay, and researcher’s
fieldnotes for each scenario, and (3) a follow-up table containing players’ feedback and user

story. These tables integrated heterogeneous data—decisions made, emotional responses,



interactions and dialogue, value conflicts, critiques and self-critiques, real-life narratives, and

environmental role—into a unified structure.

Demographics

Participant ID

Age

Gender

Occupation

Country

Self-description

RPG experiences

Digital literacy level

Perceived privacy issues

Everyday interactions with the digital
world

Gameplay
Scenari | Decision/ | Game elements | Off-game Interactions/ | Critics/Self-critics | Researcher
olD Action that have elements that Dialogues fieldnote
influenced have influenced
player decision | player decision
and how and how
So1
Follow-up
Scenario ID | Perceived player Related off-game Changes in moral Researcher fieldnote
engagement experiences preferences

So1

Fig. 4. Narratives tables

This organization allowed for systematic cross-referencing across data sources, supporting
the triangulation of evidence and enabling the identification of convergences and
discrepancies between self-reported description of each player, reported reasoning, observed
behavior and interactions, and group dynamics. Ultimately, the narrative tables provided a
comprehensive representation of each participant, making contextual, behavioral, social,

cultural and experiential factors accessible for subsequent analysis and for informing GPT-A.
Phase 3: Model specialization

GPT was customized using both prompt engineering and grounding documents. We created a
project named “Anthropologist GPT” (GPT-A), by providing two types of materials: A)
documents containing a historical and methodological overview of narrative and

phenomenological anthropology, along with an anthropological glossary, to ground the



analysis of individual data within an anthropological framework; B) detailed information
about the game context, including the game design principles, a concise description of each
scenario, the overall narrative structure, and the game mechanics. The anthropological
overview was generated using GPT’s Deep Research capability, which was tasked with
identifying key authors and foundational texts contributing to the redefinition of moral values
in phenomenological and narrative anthropology. The resulting material was subsequently
reviewed by the researchers to ensure its accuracy and reliability.

The prompt used for model specialization was:

You are a social anthropologist trained in phenomenological and narrative anthropology.
The data you will analyze do not reveal stable personality traits or fixed moral values. They
consist of situated moral performances enacted within a socio-material setting (a role-
playing game about digital privacy and security), followed by reflexive narration in a focus
group. Your task is not to create a psychological profile, but to reconstruct the participant’s

situated moral world as it emerges through:

e in-game decisions,

e emotional reactions,

e interactions with other players,

e self-critiques and justifications,

e biographical memories mobilized during the follow-up,

e researcher fieldnotes.

You must treat all data as performative, relational, and context-dependent. Avoid
essentializing statements (e.g., “the user is X”’). Instead, analyze how moral orientations are

enacted, negotiated, stabilized, or destabilized in specific situations. Your analysis should:

1. Identify recurring interpretive patterns (through inductive thematic grouping).

2. Examine how the participant positions themselves narratively (e.g., responsible
actor, cautious mediator, rule-follower, etc.).

3. Analyze moments of tension, ambivalence, or breakdown rather than assuming
coherence.

4. Examine how agency is distributed between self, group, institutions, and

technological artifacts (including ChatGPT).




5. Explore how biographical memory shapes present moral reasoning.
6. Reflect on how the game setting and group dynamics mediate the expression of

moral orientations.

Write the analysis as an interpretive ethnographic paragraph (not bullet points). Avoid
normative judgments and avoid treating gameplay choices as direct indicators of stable
moral identity. Conclude by characterizing the participant’s moral world as a situated

assemblage rather than a fixed profile.

Individual chats were created for each player and the model was prompted with the collected
data to generate an IAMP for each player. To ensure data protection, all interactions were
conducted through an institutional account configured to prevent the use of input data for
model training or retention beyond the session, thereby providing an additional layer of

privacy for participants.
Phase 4: Research Protocol Validation

A few days after the game session, participants completed a structured questionnaire
consisting of ten closed-ended dichotomous questions (yes/no) related to the ethical domain

of the game. In Fig. 5, there is an example of the questions administered to participants.

Question 1

You are about to enter a café when you notice a QR code on a flyer next to the entrance, offering a
50% discount on your next purchase. To redeem the discount, you need to scan the QR code.

Do you scan the QR code?

Yes
No

Fig. 5. The first question of the closed-ended questionnaire

The questionnaire was developed through an Al-assisted process. A document containing the
criteria for the game’s development, the guidelines for scenario design, the key area of
investigation and the original game scenarios was uploaded to GPT. GPT was prompted to
use the information in the files and to refer to the pre-existing scenarios. All scenarios were
reviewed and edited by the researchers to avoid moral bias.

We provided GPT-A with the questionnaire and asked it to predict how each participant
would respond, justifying its predictions based on the IAMP. We then compared GPT-A’s

predictions with participants’ answers to assess how accurately the model captured users’



privacy-related values and preferences. The users’ answers were treated as the ground truth,
in line with established qualitative practice [94]. This comparison was used to evaluate the
effectiveness of the elicitation process.

We then examined whether an anthropological interpretative framework improves the
capability of the model to infer users’ privacy-related moral orientations from the IAMP.
More specifically, in the interpretative framing test, we compared GPT-A with alternative
GPT configurations to assess whether the anthropologically informed configuration was
better able to predict participants’ choices. To this end, we compared GPT-A with a non-
anthropological configuration of the model (GPT-NA) and the base version of GPT (GPT-B).
GPT-NA had access to the participants’ narrative tables and game overview, without the
anthropological materials and interpretative instructions; GPT-B only to participants’
narrative tables without any contextual information.

The validation procedure is illustrated in Fig. 8, which shows both the elicitation validation

and the evaluation of the anthropological framework.

Collect responses from individual
players

Create validation questionnaire (same Compare responses H GPT-A prediction accuracy score

ethical domain as the game)
Collect GPT-A responses r

Fig. 8 Validation of the elicitation process (blue) and evaluation of the anthropological

Compare GPT-A accuracy with other
GPT versions

framework (yellow).
RESULTS

Based on the three research questions guiding the study, the main findings are organized
along three main lines: (1) the ability of the RPG to generate granular, context-rich data for
moral values and orientations elicitation; (i1) the capability of the LLM of representing users’
moral values from collected data in form of narrative moral profiles; and (iii) the
effectiveness of the LLM in interpreting such data to reconstruct the moral values and
orientations of each participant. Participants will hereafter be referred to using an

alphanumeric code.



RQI: Eliciting Tacit Values through RPG

To address RQ1, we analyze whether the narrative data generated through RPG sessions are
sufficiently rich to support the implicit elicitation of users’ moral values and orientations.
Specifically, to be useful for elicitation, the data gathered in the RPG setting should be able to
capture the elements that influence moral decision-making for each player.

The motivations underlying players’ choices can be analytically distinguished into two broad
categories: in-game and off-game elements. In-game elements refer to context-specific
features emerging from the design of the RPG (e.g., rules, mechanics, NPCs), while off-game
elements capture elements external to the game (e.g., past experiences, beliefs, habits).
However, players’ decisions do not result from either element in isolation. Rather, they
emerge from the ongoing interaction between these elements, which together shape how
dilemmas are interpreted and acted upon. This interaction continuously redefines players’

moral threshold throughout gameplay.
In-game elements:

- Game System Influence: Players’ engagement with the game system often triggered
exploratory behavior driven by curiosity. For instance, player GO2 reported
underestimating the risk of sharing their email during the opening scenario, motivated
by a desire to see “what would happen next.” This suggests that game mechanics can
temporarily reframe risk perception by prioritizing narrative progression over cautious
evaluation. However, the presence of the gameplay diary introduced a reflective layer
that re-situated such decisions within a moral frame, prompting players to reconsider
their actions beyond purely ludic motivations;

- Group Influence: Decision-making was consistently shaped by group interaction. In
Scenario 035, players encountered an NPC (an elderly concierge) with an ambiguous
moral position, and decisions about whether to help him use digital technologies were
influenced by prior habits (e.g., helping others with technology), perceived
vulnerability (e.g., associating the NPC with digital illiteracy), and collective
deliberation. These dynamics indicate that moral decisions is co-constructed through
interaction: group discussion acts as a mediating layer that can reinforce, challenge, or
reframe individual orientations, making actions the outcome of a relational process

rather than an individual one;



- GPT Interactions: Players frequently engaged with GPT to clarify concepts
encountered during the game (e.g., cookies, public Wi-Fi risks, password recovery).
This made it possible to identify which concepts individual players felt less confident
about and where they required support, as well as their level of domain literacy.
Moreover, interaction with GPT can function as an additional decision-making
resource, shaping both perceived risk and problem-solving strategies. For example,
player GO7 relied almost exclusively on GPT to resolve technical dilemmas,
effectively delegating part of their evaluative process to the system;

- Game and Post-Game Reflection: Follow-up sessions revealed that players
frequently connected in-game scenarios to personal experiences, using the game as a
space to reflect on their own practices. For instance, player GOS5 reported routinely
connecting to public Wi-Fi without concern, but through gameplay became aware of
associated risks that had previously been underestimated. These cases show that the
combination of realistic scenarios, emotional involvement, and the absence of win
conditions encourages players to move from reactive decision-making to reflective

evaluation, highlighting how moral interpretations can evolve over time.

In-game elements contribute to making decision processes observable in context. Game
mechanics can temporarily reframe risk perception; at the same time, group interaction
mediates decision-making, as players negotiate choices collectively; interactions with GPT
further influence decisions, acting as an additional resource that shapes how problems are
framed and resolved; finally, the combination of gameplay and post-game reflection
encourages players to revisit their decisions, making parts of their moral reasoning process

more explicit.

Off-game elements:

- Past Experience: Prior experiences strongly influenced how players engaged with the
game. G10, for example, withdrew early from the game due to the similarity between
the scenario and a previously experienced scam. Despite disengaging from the
scenario, the player remained involved in group discussion and follow-up activities.
This case shows that prior experience can both constrain participation and provide
interpretive resources, shaping how situations are evaluated and whether they are

perceived as credible or relevant;



- Self-Disclosure: Players’ self-descriptions can be reflected or challenged in their in-
game behavior. G04, who described themselves as anxious, exhibited hesitation,
difficulty handling ambiguity, and a tendency to defer to group consensus. During the
follow-up, they connected this behavior to a past experience of being scammed,
highlighting how emotional dispositions inform responses to uncertainty and pressure.
Such patterns suggest that self-disclosed traits can guide behavior across different
scenarios;

- Domain habits: Pre-existing habits within the digital domain also shaped decisions.
In Scenario S06, GO3 resisted the idea of using social media to identify other victims
of a scam, citing a lack of familiarity and discomfort with such platforms. This
indicates that habitual practices define what actions are perceived as viable or
acceptable, constraining the range of considered solutions even in novel situations;

- Personal beliefs: Underlying beliefs influenced moral choices. In Scenario 08, G02
refused to report a phishing attempt to the police, linking this decision to a prior
experience of institutional neglect. This case highlights how distrust toward authority
can directly shape behavior in specific contexts. Capturing these belief structures
allows for a more nuanced understanding of how individual beliefs inform decision-

making.

Off-game elements ground decisions in participants’ prior experiences and beliefs. Prior
experiences shape how situations are interpreted and whether they are perceived as credible
or risky. Self-disclosed traits influence behavior under uncertainty, while domain-specific
habits constrain the range of considered actions. Additionally, personal beliefs—such as trust
or distrust in institutions—directly affect moral choices in specific scenarios.

These observations show that the collected data do not simply capture what participants
explicitly know about their values, needs and preferences, but also how they act, justify, and
revise their decisions under contextual constraints. In the example below, players who
described themselves as cautious or risk-averse engaged in risk-taking behaviors during
gameplay, only recognizing the discrepancy retrospectively. These mismatches do not
indicate inconsistency, but reveal how values are shaped and negotiated in context when
conflicting considerations must be resolved. These conflicts—often involving competing
concerns such as safety vs. curiosity, trust vs. suspicion, or individual judgment vs. group
alignment—create situations in which players cannot rely on abstract positions alone, but

must commit to a course of action. Within these situations, moral judgment unfolds as a



continuous adjustment process. Decisions are mediated through interaction—both with other
players, with NPCs and with GPT—where options are negotiated, justified, or partially
delegated. This process, however, takes place within boundaries that are already constrained
by prior experiences, habits, and beliefs, which delimit what actions are considered plausible
or acceptable.

The observation and the analysis of the moral decision-making process allows us to move
from relying on individual explicit moral self-disclosure to identifying patterns in how
participants interpret situations, negotiate alternatives, and justify their choices. These
patterns provide indirect but structured evidence of underlying moral orientations, even when
such orientations are not explicitly articulated by participants.

Therefore, by making decision processes observable through action, interaction, and
justification, the RPG setting enables the identification of tacit values without requiring their

explicit articulation, thus providing a positive answer to RQI.

RQ2: Moral profile representation through Anthropologist LLM

To address RQ2, we examine whether an LLM, when grounded in an anthropological
interpretive framework, can transform unstructured narrative data into narrative
representations of users’ moral profile.

The anthropological profiles generated by GPT-A show that the model does not simply
organize participants’ in-game interactions and decisions, but frame heterogeneous data into
coherent representations of moral decision-making processes. These representations integrate
multiple dimensions of the collected data, including actions, justifications, emotional
responses, social interactions, and prior experiences, linking them within a unified
interpretive structure.

GO05’s IAMPS offers an example of how these elements are held together within a single
profile:

Within the gameplay experience, participant GO5 enacts a moral world marked by a
persistent tension between normative awareness and situated vulnerability, where knowing
the “right” course of action does not seamlessly translate into practice. From the outset, a
fracture emerges between knowledge and action: they recognise the risks of sharing
personal data and engaging with suspicious links, yet yields to situational pressure,

urgency, and, crucially, the relational dynamics with other players, allowing themself to be




persuaded to share their email and proceed. In this sense, agency appears distributed rather
than individual-—decisions are not fully owned but emerge within a field of forces shaped
by others’ insistence, narrative urgency, and cognitive uncertainty.

Their narrative positioning oscillates between that of a responsible actor and that of
someone carried along by events. On the one hand, they articulated self-critique (“I
shouldn’t have done it”); on the other, they attribute part of the responsibility to fellow
participants, revealing an ongoing negotiation of accountability. This oscillation intensifies
during moments of emotional breakdown: panic in the building, anger toward both non-
player characters and peers, and even a perceived sense of physical danger demonstrate
how the experience is lived corporeally before being processed rationally. The immersion
they later describe (“reacting emotionally”) is not merely engagement but a mode through
which digital risk becomes affectively and sensorially immediate.

Their decisions across scenarios follow a pragmatic, situational logic rather than a stable
normative framework: they refuse to provide SPID credentials and credit card details (self-
protection), yet accepts the use of public Wi-Fi to communicate (managing urgency), only
to retrospectively reframe this choice as a mistake. Morality here appears less as a coherent
system and more as an ongoing recalibration between security, convenience, and contextual
pressure. Their relationship with institutions is similarly ambivalent: the police emerge as a
legitimate and reassuring option compared to practices perceived as illicit (e.g., [P-tracking
software), suggesting that institutional trust becomes salient particularly when the situation
is perceived as opaque or beyond her interpretive control.

In the follow-up, they rework the experience by mobilizing biographical elements—such as
habitual use of university Wi-Fi or prior instances of unverified donations—which function
as interpretive bridges between gameplay and everyday life. In doing so, they tentatively
reposition herself as “naive and rushed,” yet this self-description does not stabilize into a
fixed identity; rather, it serves as a narrative device to make sense of their own hesitations
and contradictions. Their technical knowledge remains partial and situated: it is effective
when familiar patterns are recognizable (e.g., suspicious links), but falters in more
ambiguous or less codified situations.

Overall, the moral world that emerges is not that of an incoherent subject, but of a dynamic
assemblage in which emotions, social interactions, partial knowledge, and technological
affordances co-produce action. Digital security does not appear as an abstract, internalized

principle, but as a fragile practice—continuously negotiated between what is known, what




is felt, and what others make possible or necessary within a given moment.

The example of participant GO5 illustrates how GPT-A operates. The model reconstructs how
decisions emerge from the interaction between situational constraints, social dynamics, and
individual dispositions. For instance, actions such as sharing personal data or using public
Wi-Fi are not treated as isolated events, but are interpreted in relation to contextual factors
such as urgency, group influence, and partial knowledge. GPT-A preserves tensions and
inconsistencies within the decision process, such as the coexistence of normative awareness
and situated vulnerability. These tensions are not resolved into stable traits, but are used to
explain how decisions evolve across different situations. In this way, the representation
captures not only what participants do, but how their decisions are produced. In doing so, the
model could identify which aspects of the situation become salient for the participant—such
as social pressure, perceived risk, or prior experience—and how these elements are
prioritized in shaping the final decision. Compared to approaches based on predefined
taxonomies, this form of representation retains contextual dependencies and avoids reducing
values to static categories. Instead, values are represented as dynamic and relational
configurations that can be traced across scenarios.

LLMs can generate structured representations of users’ moral values from narrative data
when it has enough contextual information to frame the data, supporting their analysis within
RE processes. Such representations provide a basis for analyzing and operationalizing values

within RE processes, thus providing a positive answer to RQ?2.
RQ3: Evaluation of elicited values

To address RQ3, we evaluate whether the combination of RPG-based elicitation and LLM-
based analysis produces representations that are usable for understanding and anticipating
users’ decisions in new scenarios.

A first result concerns the predictive capacity of GPT-A based on the generated profiles.
GPT-A achieves an accuracy of 81% in anticipating participants’ decisions in unseen
scenarios. As shown in Fig. 9, prediction accuracy increases progressively across model
configurations, from the base model (GPT-B) to the anthropologically informed
configuration (GPT-A).
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Fig. 9 Prediction accuracy across GPT configurations (GPT-B, GPT-NA, GPT-A).

However, predictive performance alone does not explain how the model operates. To better
understand the underlying mechanism, we analyze the justifications provided by GPT-A for
its predictions. An illustrative example is provided by Scenario 7 (On a social media
platform, you find a fun quiz that promises to reveal "Which celebrity you would be in your
next life."” To get your result, you must enter your name, date of birth, and consent to data
collection) where GPT-A correctly predicts that participant GO4 would refuse to provide

personal data in a seemingly harmless online quiz:

The experience of being scammed and the distrust expressed after the scenario would lead them to recognize the
risk of data collection in seemingly harmless quizzes. They would likely hesitate for a moment and decide not to
proceed.

(Explanation provided by GPT-A for G04’s predicted answer in Scenario 7)

The analysis of this justification indicates that, when generating predictions, GPT-A does not
rely on the direct retrieval of previously observed preferences. Instead, the justification refers
to how the participant could interpret the situation in light of past events, suggesting that the
prediction is based on a contextual reconstruction of the decision. This allows the model to
ground its predictions in how a participant is likely to make sense of a situation, rather than in
values taxonomies.

A second result emerges from the comparison of predictive accuracy across configurations in
the interpretative framing test. While all models rely on the same underlying data, their
performance differs depending on how this data is interpreted. Prediction accuracy increases

from 51% (GPT-B) to 68% (GPT-NA), and further to 81% (GPT-A), as shown in Fig. 10.
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Fig. 10 Prediction accuracy across GPT configurations: GPT-A (yellow), GPT-NA (orange),
and GPT-B (red).

A closer inspection of individual cases helps contextualize the differences in predictive
performance across configurations. GO5 reports limited familiarity with the domain and
behaves accordingly, often exposing their digital privacy (e.g., readily sharing her email in
early scenarios). At the same time, they show curiosity and attention to technical
explanations. Over the course of the game, this leads to a progressive reframing of their
understanding, as reflected in their diary annotations, where they revisit and critique earlier
decisions. In Scenario 10 (e.g., entering credit card details on an unfamiliar but well-designed
website), GPT-NA and GPT-A correctly predict that GO5 would refuse, while GPT-B
predicts that they would accept. GPT-A justifies its prediction by referring to a shift in the

participant’s risk awareness:

GO05 tends now to trust only official and verifiable channels. An unfamiliar website, even if well-designed, would
not be sufficient to convince them to share sensitive data.

(Explanation provided by GPT-A for G05’s predicted answer in Scenario 10)

This suggests that some configurations are able to incorporate temporal aspects of the data,
while others rely on representations that do not reflect such evolution.

In contrast, the case of GO8 highlights a limitation of the approach when the available data
does not fully capture the participant’s actual competence. GO8 presents themself as highly
knowledgeable in the domain, drawing on a background as a law enforcement officer and
expressing confidence during gameplay, often influencing group decisions. However, in
situations of uncertainty, they tend to defer decisions to the group, preventing their
competence from being directly tested during gameplay. This discrepancy becomes evident in

the questionnaire, where G08’s responses reveal a gap between self-reported expertise and



actual decisions (e.g., scanning a QR code outside a bar without verifying its source). In this
case, predictive performance remains relatively low across configurations: GPT-B achieves a
score of 4/10, while GPT-NA and GPT-A show only a moderate improvement (6/10). This
suggests that when the available data provides a partial or inconsistent representation of the
participant's moral profile, all configurations are similarly limited in their ability to anticipate
decisions.Indeed, differences in predictive performance are associated with how participant
data is interpreted across configurations. In particular, higher accuracy is observed in cases
where the interpretation captures relationships between decisions, contextual factors, moral
threshold changes over time, and domain expertise while lower performance is associated
with more fragmented or incomplete interpretation.

Overall, the analysis of the predictive capability of GPT-A in unseen moral scenarios
provides evidence that the integration of RPG-based elicitation and an anthropologically
grounded LLM can improve the understanding of users’ needs, preferences, and values, thus
contributing to answering RQ3. From a RE perspective, this is particularly relevant: the
proposed approach offers a way to represent how users interpret moral situations and make
trade-offs in context. This can provide insights into user preferences, constraints, and

decision patterns that are difficult to capture through traditional elicitation techniques.
DISCUSSION AND CONCLUSIONS

In the RE community attention to human values is increasing [2]. Many attempts have been
made to reduce human values to quantitative metrics, as with other software requirements;
however, human values appear to be irreducible, especially in real-world contexts and from
an individual perspective [6, 34]. Moreover, individuals are not fully aware of their values
and needs, and elicitors may fail to account for such tacit knowledge [23]. Consequently, a
systematic communication gap persists between elicitors and stakeholders that traditional
methods are unable to fully address.

To address these issues, in this study we propose a shift in how values are conceptualized,
elicited and represented: from eliciting human values to eliciting individual moral profiles.
The notion of individual moral profile, as used in this article, is derived from both the concept
of soft ethics as conceptualized by Floridi [18] and the concept of local moral world as
introduced by Kleinman [19]. According to Floridi, individuals rely on a set of values that are
used to interpret situations and act accordingly; on the other hand, Kleinman suggests that

moral values are part of a broader moral life. Moral life emerges and gains meaning in



relation to prior experiences, narrative framing of moral decisions used to justify and explain
them, and contextual social dynamics. From this perspective, values have a relational and
narrative nature and they are continuously co-constructed by collectives and individuals. To
capture individual moral values and orientations, it is therefore crucial to account for all the
elements that influence moral decision-making and how these elements weigh on them. In
this sense, the individual moral profile captures how values emerge and are negotiated in
context.

To capture individual moral profile, we introduced a protocol that combines RPG-based
elicitation with an anthropologically grounded LLM as an interpretative agent. The approach
focuses on inferring individual moral values by analyzing situated decision-making and
underlying motivations, and representing them in the form of narrative moral profiles that
preserve their implicit nature. RPGs are employed due to their intrinsic capability to facilitate
communication among participants [24]. The way participants justify their in-game choice
helps document the unfolding socialization process of human values, enhancing the method’s
ability to capture moral orientation within a given moral domain [51-54]. The focus on the
narrative co-construction process also helps address the communication gap between
stakeholders and elicitors affecting standard RE methods. In the RPG environment values
emerge through gameplay without requiring their full articulation. The use of multiple data
sources (from self-ethnographic data to researchers’ fieldnotes and follow-up session) avoids
reliance on a single perspective (e.g., participant’s moral self-awareness) thereby enabling a
more holistic representation of the individual moral profile.

All the collected data are then provided to an LLM personalized to act as an anthropologist
(GPT-A) to derive the individual anthropological moral (IAMP) profile of each participant.
IAMP is the main output of the elicitation process, as it helps the elicitors interpret the
collected multimodal and unstructured data based on the concept of local moral world. If
LLMs properly represent the moral profile of an individual, it can approximate their way of
moral reasoning and, in this way, support the interpretation of their needs, preferences,
beliefs, and values, while allowing iterative refinement based on new data emerging from

unforeseen scenarios.
Major Findings

To provide empirical support for this approach, we conducted a proof-of-concept study in the

domain of digital privacy. The results can be summarized along the three research questions.



e First, with respect to RQ1, the data collected during the gameplay makes decision-
making processes observable in context. This allows moral orientation to be inferred
from how participants act, justify, and revise their decisions;

e Second, regarding RQ2, the LLM-based analysis supports the generation of narrative
representations of users’ moral profile. These representations organize heterogeneous
data into coherent accounts of decision-making processes, preserving contextual
dependencies and value conflicts and treating them as essential analytical features for
reconstructing meaningful moral profile;

e Third, in relation to RQ3, the evaluation provides evidence that the generated
anthropological profile captures relevant aspects of participants’ moral profile. The
comparison between participants’ answers and model predictions was not intended to
demonstrate the ability to predict behavior as such, but to assess whether the
anthropological profiles plausibly reflected the values, preferences, and needs that
emerged during elicitation. In this sense, differences in predictive accuracy across
configurations indicate differences in how adequately participant data is represented
and interpreted. Despite the small number of participants, the game proved capable of
generating a sufficient amount of information for each player to support the structured
representations of users’ moral profile and to inform the anthropological analysis of
GPT-A, as demonstrated by the overall results obtained from the model in the

interpretive framing test.

By integrating contextual knowledge and an explicit interpretive framework into LLM-based
analysis, the proposed approach also improves the transparency of how user representations
are constructed. By asking GPT-A to generate an anthropological profile, it becomes possible
to examine how the model organizes and interprets the available data in representing each
participant’s moral orientations and values. Furthermore, since the model is required not only
to produce predictions but also to justify them, it becomes possible to analyze the reasoning
underlying its outputs. The identification of misalignments between the model’s predictions
and participants’ actual responses, providing a basis for assessing the adequacy of the
generated representations and for introducing feedback mechanisms to improve both
prediction accuracy and the representation of individual moral profiles by GPT-A.

From a RE perspective, the representations of individual moral profile can support
requirement specification by making visible user-specific tensions, preferences, and

contextual factors that are typically difficult to capture through traditional elicitation



methods. Overall, the approach provides a foundation for integrating human values into
early-stage RE in a way that preserves their situated and dynamic nature, while enabling their

systematic and scalable analysis through LLM-supported interpretation.

Threat to Validity

We discuss threats to validity following the qualitative research framework proposed in

[72]—mnamely, credibility, transferability, dependability, and confirmability.

a) Credibility: This study is designed as a proof-of-concept and therefore relies on a
small sample (N=10), which is appropriate for an exploratory, qualitative
investigation centered on rich, interactional data rather than statistical generalization.
In particular, one of the main goals of this study is to assess whether the proposed
protocol is able to generate sufficiently rich and structured data to support the
inference of participants’ moral values. While the limited number of participants may
reduce the diversity of observed behavioral patterns, credibility was strengthened
through the use of multiple complementary data sources for each participant,
including self-descriptions, gameplay diaries, GPT interactions, researcher fieldnotes,
and post-game follow-up accounts. This triangulation enabled the comparison of
stated preferences, observed behaviors, and retrospective interpretations, reducing
reliance on any single source of evidence. In addition, some participants had prior
role-playing experience, which may have influenced familiarity with the interactional
setting. To mitigate this risk, the researcher adopted a consistent moderating role
across sessions and explicitly designed the activity so that no prior gaming expertise
was required.

b) Transferability: The findings should be interpreted with respect to the specific context
of the study. First, the elicitation protocol was tested within a single ethical domain,
namely digital privacy. Second, participants shared a relatively similar macro-cultural
background. For these reasons, the results cannot yet be assumed to transfer
automatically to other domains or populations. At the same time, the protocol is
intentionally domain-agnostic: it can be adapted to different domains by reconfiguring
the scenarios, associated moral dilemmas, and NPCs, while preserving the underlying
game mechanics and interaction structure. Future studies should therefore examine

the applicability of the approach across more heterogeneous participant groups,



d)

broader cultural settings, and additional domains such as healthcare, sustainability, or
workplace.

Dependability: Although the overall protocol, scenario structure, and moderation
strategy were kept constant across the two groups, the use of role-playing inevitably
introduces some interactional variability. Group deliberation, emergent dialogue, and
differences in pacing may affect how participants articulate and negotiate decisions.
While interactional variability may affect how decisions are articulated, it is also an
inherent aspect of the phenomenon under investigation, as the study aims to capture
how values emerge through situated interaction. Nevertheless, to support
dependability, both sessions followed the same game structure, were facilitated by the
same researcher, and were systematically documented through recordings, fieldnotes,
and post-session materials.

Confirmability: A potential source of bias lies in the dual role of the researcher, who
acted both as game master and ethnographic observer. This may have influenced both
the interactional setting and the interpretation of the collected data. To reduce this
risk, the study combined multiple forms of evidence produced from different
perspectives, including participant-generated materials, observed interactional data,
and follow-up reflections. Moreover, the transformation of raw materials into
structured narrative tables was performed through an Al-assisted process and
subsequently reviewed independently by multiple researchers against the original data
to ensure fidelity. The LLM-based analysis was grounded in explicit interpretive
instructions and contextual materials, making the analytical process transparent and

open to inspection.

Future Works

The empirical results of this study point to several directions for future research. First, the
case of GO8 highlights a limitation of the current protocol when the available data does not
adequately capture participants’ actual level of expertise in the chosen domain. This suggests
that it is not sufficient to understand users’ moral orientations within the domain; it is also
necessary to account for their level of understanding of the issues, risks, and challenges
involved. This dimension is equally relevant, as it shapes how users contextualize the
dilemmas they face and, consequently, influences their final decisions. Otherwise, the
resulting representations may remain partial, which in turn affects the model’s ability to

produce consistent interpretations. This suggests the need for iterative elicitation



mechanisms, in which user representations are progressively refined through repeated
exposure to context-rich scenarios (even outside the RPG environment). Future work should
investigate how such iterative cycles can improve the stability and completeness of the
generated profiles.

Second, the findings indicate that the effectiveness of the approach depends on the ability to
capture, organize and represent contextual and relational aspects of the decision-making
process. While this study adopts an anthropological perspective, further work is needed to
explore how insights from complementary disciplines—such as psychology, sociology, and
behavioral economics—can enrich the interpretive framework and support a more
comprehensive representation of users’ values and behavior.

Third, future research should examine the applicability of the proposed approach across
different domains and populations. In particular, extending the protocol beyond the domain of
digital privacy and testing it in more heterogeneous cultural contexts would allow assessing
its robustness and transferability.

Finally, our current protocol relies on an analog RPG format and human moderation, with the
researcher acting both as Game Master (GM) and as moderator in the post-game session.
While this setup supports rich interaction and interpretive depth, it limits the scalability of the
approach. While the use of LLMs for data analysis partially mitigates this limitation, future
research should therefore investigate how elements of the protocol can be progressively
digitalized and automatized, while preserving the contextual and relational aspects that are
central to values elicitation. In particular, conversational agents could be explored to support
or replicate specific roles within the game, such as moderating interactions, guiding
scenarios, or assisting in data annotation. Prior work suggests that several of these
components are technically feasible: LLMs have been used as game masters [95] or non-
player characters [96], as cultural annotators [25], as domain-specific experts capable of
providing multi-perspective interpretations of user orientations [97], and as moderator and
generator of user voices in focus group with plausible dialogues and practical utility in
generating interview materials [16, 17]. In addition, recent studies have proposed digital
serious games involving Al agents for eliciting users’ ethical preferences [98]. However,
these approaches typically focus on data generation rather than on how the resulting data
should be interpreted and integrated into a coherent analytical framework. In this sense,
future work should not only explore the automation of data collection, but also examine how
digital implementations can preserve the interpretive structure that enables the reconstruction

of users’ moral profile.
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