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From B2B to B2B2C: Power Dynamics and Value Co-Creation in Retailer-
Platform Relationships

Abstract: The rapid expansion of online platforms has transformed traditional business-to-
business interactions into more nuanced business-to-consumer interactions, in which
platforms and retailers work together to provide value to end users. This research utilises the
theories of platform ecosystems, resource reliance, and service-dominant logic to investigate
how governance structures and power imbalance affect the performance and collaborative
practices of retailer-platform dyads. A multi-study design based on mixed-methods was
employed. Research 1 made use of an exploratory multiple-case research to examine the
interactions between platforms and retailers, looking specifically at how Amazon, Shopify
Plus, and Mirakl were integrated. Using structural equation modeling and survey data from
362 store managers, Study 2 tested the assumptions that had been derived. Based on
anonymised platform data collected over 24 months, research 3 used a longitudinal
difference-in-differences research design. While coercive governance may lead to short-term
compliance gains, the research shows that non-coercive power benefits prioritize co-creation

and long-term relationship performance, whereas the latter reduces commitment.

Keywords: B2B2C; Platform Governance;, Power Asymmetry; Value Co-Creation, Structural
Equation Modeling; Difference-in-Differences; Retail Ecosystems

1. Introduction

A shift from platform-based B2B2C ecosystems to more traditional linear B2B supply chains
has resulted from the meteoric rise of digital commerce. Conventional business-to-business
(B2B) interactions have typically involved wholesalers and manufacturers interacting with
retailers through fairly regular dyadic relationships governed by margin negotiations,
contracts, and supply-chain efficiency (Lopusneac, D., 2020). However, these connections
have been reshaped by the proliferation of digital platforms, leading to the emergence of two-
sided marketplaces where platforms facilitate the coordination of value creation between
merchants upstream and consumers downstream. Algorithmic governance, data ownership,
and access control systems all contain a new kind of power imbalance, which has increased

dependency at the same time (Leo, W. W. C., 2023).



By leveraging their platform architecture, third-party merchants may connect customers,
combine logistics to integrate and increase their capabilities, analytics, and process payments.
Platform-based ecosystems like Amazon Marketplace have shown how to advance toward
B2B2C structures (Feix, T., 2021). Enterprise solutions like Shopify Plus allow businesses to
build branded online stores without sacrificing the platform's API, technical architecture, or
ecosystem-based apps. At the same time, the e-commerce platform Mirakl's marketplace-
enablement software lets retailers become platform orchestrators, blurring the lines between
business-to-business and business-to-consumer transactions (Abhishek, V., 2016). More
sophisticated governance systems, in which value is co-produced by an orchestrated
interaction between many players, have replaced the dynamics of a buyer-seller interaction as
the defining feature of the current retail scene, as shown by all these trends. This change may
be approached from two theoretical perspectives: resource dependency theory and service-
dominant logic. According to resource dependency theory, businesses try to manage risk and
reduce reliance by controlling key resources (Gao, P., 2024). In platform ecosystems, the
most important resources are consumer traffic, data analytics, algorithmic visibility, and
logistical integration. Platforms sometimes have an outsized amount of influence over these
assets, which means they get to dictate how merchants act strategically (Pires, P. B., 2025).
Also, according to service-dominant thinking, value is not stamped onto goods but rather
created when different actors pool their resources. Value co-creation in business-to-business
(B2B2C) interactions occurs when platforms and merchants work together to solve problems,

share information, and modify their innovation processes (Faikoglu, Z. K., 2022).

Empirical research on how power dynamics impact value co-creation in B2B2C partnerships
is lacking, despite the fact that these theoretical frameworks are known. Platform rivalry,
whether in traditional business-to-business supply chains or in relational governance, is a
common topic in the existing literature (Berry, L. L., 2006). In ecosystems mediated by
digital technologies, the relationship between power imbalance and cooperative behavior has
received little attention. In addition, much of the prior work relies on cross-sectional survey
data, which isn't good enough to draw any firm causal conclusions and doesn't capture how
governance mechanisms have evolved over time (Guedes, M. L. P. S.; 2018). As online retail
marketplaces consolidate, studies examining power dynamics in B2B2C contexts are more
important than ever. The power to decide on search rank, commissions, access to customer
data, and compliance is concentrated in monopolized markets run by large digital

corporations (Neuvo, Y., 2012). Expertise, technical support, and branding credibility are



examples of non-coercive governance tools, whereas unilateral modification of fees or listing
suspension are examples of coercive measures (Vargo, S. L., 2004). Strategic use of such
power bases has far-reaching effects on ecosystem stability, trust formation, and relationship

commitment.

Beyond the realm of transactional efficiency, value co-creation in platform ecosystems
comprises much more (Vargo, S. L., 2008). Retailers and platforms work together on a
variety of tasks, including demand forecasting, content production, logistical synchronization,
and customer experience planning (Parker, G. G., 2016). Financial outcomes, conversion rate,
and customer happiness may all be enhanced via effective collaboration. Conversely,
opportunistic conduct, multi-homing, or even abandoning the platform might emerge from
relationships when coercive control is excessive (Gawer, A., 2014). Consequently, research
into the theoretical and practical challenges of developing governance procedures and
patterns of co-creation is crucial for management and academic decision-making (Tiwana, A.,

2014).

2. Problem Statement

There has been a dramatic reshuffling of power between online platforms and merchants as a
result of the transition from traditional business-to-consumer supply chains to platform-based
B2B2C ecosystems. Platforms, Amazon, and e-commerce infrastructures like Shopify Plus
work together as ecosystem coordinators to control algorithmic transparency, data access,
pricing structures, and governance standards. While these methods do help with coordination
and scalability, they also make it so that certain businesses rely on platform-controlled
resources to reach customers, which creates an imbalance. Collaboration practices and
relational performance in B2B2C dyads are influenced by different forms of power, including
coercive (e.g., penalties, unilateral change of policies) and non-coercive (e.g., expertise, data
transparency, relational support). Despite the dedication of platform economics and value co-
creation literature to addressing these questions, empirical clarity is still lacking. The majority
of the existing research fails to account for the potential for temporal adaptation following a
change in governance and relies on cross-sectional survey methodologies, which severely
restrict the application of causality. Therefore, it is critical to investigate power dynamics in
detail as they pertain to information exchange, problem-solving teamwork, and financial

outcomes over time. This void must be filled in order to provide a reliable paradigm for the



link between governance and performance in crucial digital retail ecosystems, grounded in

theory and research.
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Figure 1: Sequential Exploratory Mixed-Methods Research Design



This flowchart provides a visual overview of the entire study, showing how the three studies connect
sequentially. It helps readers understand the logic of the multi-method design. Figure 1. Sequential
Exploratory Mixed-Methods Design. This figure illustrates the three-phase research process, moving
from qualitative exploration (Study 1) to quantitative validation (Study 2) and finally to causal

longitudinal testing (Study 3), ensuring both depth and rigor in the findings.

Power Bases
Performance Outcomes

,,,,,,,,,,,,,,,,,,,,,,,,, Positive . S

e
-, Positive——u T

E P = 2 e - / Relationship Commitment
7 e =54 Positive——"|
# 3 Value Co-Creation Behaviors o L
A — / 1/
f A s 74
/ = ~
e, G 7
/

3 -/ N —F——Positive.
; / Knowledge Sharing s \\
g ) ) / .
- N/ .
/ 74 _ Positive—T R
-~ X /. N
5 : +——"Positive—_|
Coercive Power £ HNegative———*  Joint Problem-Solving E \
Sanctions, Fees, Opacity . o N
ECTI~ ezt /\ S
po \ _—Positive— | \
S e
A e N s % \\ Satisfaction
—MNegative— ___ \ e
Non-Coercive Power ——a A //,/ P
Expertise, Transparency, Suj Adaptive Coordination Positive-”"ﬂ/’
/' ~ S e
o R
~ el
5 |~ \\\ o
%, | —Positive—" \
-, N\

" Positive—L

Positive——_ ‘\.
Financial Performance

Positive——
v

Figure 2: Conceptual Framework of Power, Co-Creation, and Performance

This figure presents the hypothesized relationships derived from the literature and Study 1, showing

the central mediating role of value co-creation behaviors.

Caption: *Figure 2. Conceptual Framework. Drawing on Resource Dependency Theory and Service-
Dominant Logic, this model posits that power bases (coercive vs. non-coercive) influence retailer
performance both directly and indirectly through value co-creation behaviors (knowledge sharing,

joint problem-solving, adaptive coordination).



3. Significance of the Study

This study adds theoretical, methodological, and managerial depth to the growing body of
work on B2B2C platform ecosystems. First, it adds to the platform governance literature by
providing empirical evidence for a distinction between non-coercive and coercive power
processes in platform-retailer relations. This study suggests that the relational power
imbalance is the most important factor that determines the outcomes of value co-creation,
even though digital marketplaces and enterprise infrastructures are usually seen through a

technological or strategy-oriented lens.

Secondly, the research uses service-dominant logic and resource dependency theory to
demonstrate how collaborative behaviors, particularly knowledge sharing and cooperative
problem-solving, moderate the link between governance structures and performance. By
integrating qualitative case evidence, structural equation modeling, and longitudinal quasi-
experimental analysis, the research would enhance internal validity and aid in causal

inference in a way that typical cross-sectional designs cannot.

Thirdly, managers creating governance frameworks for e-commerce ecosystems may use the
findings in the real world. A well-rounded system of leadership that fosters trust, openness,
and adaptive cooperation is shown to be the key to long-term success, rather than a top-down
control structure. Consequently, the study lays forth a solid framework for establishing a
connection between the deployment of electricity and the long-term viability of the

ecosystem, paving the way for the development of conditions that benefit both parties.

4. Research Methodology

Since this study is not committed to any particular epistemological stance but rather seeks to
understand the problem of power and value co-creation within the context of B2B2C
ecosystems, it adheres to a pragmatic research philosophy. Using a sequential exploratory
mixed-method approach allowed us to tackle the structural and behavioral complexity of the

connections between platforms and merchants.

The design integrates:

o Study 1: Exploratory qualitative multiple-case study



e Study 2: Quantitative cross-sectional survey with Structural Equation Modeling
(SEM)
e Study 3: Longitudinal quasi-experimental analysis using Difference-in-Differences

(DiD)
Study 1: Exploratory Multiple-Case Study
Purpose:

The goal of this study is to provide a process-and context-based explanation of the ways in
which power imbalances manifest and impact value co-creation in B2B2C partnerships

between platforms and merchants.
Research Design:

An appropriate study design was a qualitative multiple-case study, which was based on Yin

(2014).

e Unit of Analysis: Dyadic retailer-digital platform relationship.
e Case Selection: To obtain variation in: 6 theoretically informative cases were
purposely selected.
o Type of platform (marketplace or SaaS service platform)
o The size of retailers (SMEs vs. large brands)
o Perceived power asymmetry degree.

Examples were retailers that run on Amazon, retailers that run on Shopify Plus, and

retailers running Mirakl infrastructure.

Data Collection:
e Primary Data:

o 36 semi-structured interviews (60-90 minutes)
o Respondents were retail partnership managers, digital strategy heads and

platform ecosystem managers.

e Secondary Data:

o Partnership contracts



o Policy updates and fee revision documents
o Performance dashboards and analytics reports

o Public press releases

The data collection process was continued until theoretical saturation was reached.

Data Analysis:

e Inductive thematic analysis using NVivo software
e Two-stage coding process:

o First-cycle descriptive coding

o Second-cycle pattern coding

e Cross-case synthesis to identify recurring themes

The analysis came up with three crucial research propositions that associated power bases

(coercive or non-coercive) with value co-creation behaviors and relational outcomes.

Study 2: Large-Scale Survey and Hypothesis Testing

Purpose:

The purpose of this empirical study is to put the claims presented in Study 1 to the test by
quantifying the relationships between power dimensions, co-creation behaviors, and

performance.

Research Design:

Managers responsible for the interactions between retailers and platforms in business-to-

consumer ecosystems are the subject of a cross-sectional survey.

Sampling and Data Collection:

e Population: Retail experts who are working on digital platforms.

e Sampling Strategy: Professional networks (e.g. LinkedIn outreach) with research
panel services.

e Sample Size: 362 respondents that were used.

¢ Response Rate: It was around 28 percent.



e Method of Data Collection: Internet survey.

Common method bias was prevented by means of the use of procedural remedies (e.g.,

randomization of question blocks and assurances of anonymity).

Measurement Instruments:

The measurement of all constructs was done by means of the established multi-item scales on

a 7-point Likert scale:

o Power Bases:

o Coercive power (threat of sanctions, fee enforcement)

o Non-coercive power (expert, referent, informational power)
e Value Co-Creation Behaviors:

o Knowledge sharing

o Joint problem-solving

o Adaptive coordination
e Relationship Outcomes:

o Satisfaction

o Commitment

o Financial performance

Control variables were the size of a firm, the duration of relationships, the type of platforms,

and the industry category.

Data Analysis:

1. Data Screening:
o Missing data analysis
o Non-response bias assessment
o Harman’s single-factor test
2. Measurement Model Validation:
o Confirmatory Factor Analysis (CFA)
o Reliability (Cronbach’s o > 0.80)
o Composite Reliability (CR > 0.70)
o Average Variance Extracted (AVE > 0.50)



o Model Fit Indices:
= CFI=0.94
= TLI=0.92
= RMSEA =0.05
3. Structural Model Testing:
o Structural Equation Modeling (SEM) using AMOS
o Bootstrapping (5,000 samples) to test mediation effects

It was a method to estimate a number of latent relationships and indirect effects

simultaneously.

Study 3: Longitudinal Quasi-Experimental Analysis

Purpose:

The goal of this study is to analyze the effects of changes in platform governance on retailers'
actions and performance over time in order to draw conclusions about causal relationships

and examine the processes of adaptation over time.

Research Design:

The quasi-experimental Design of Difference-in-Differences (DID) based on longitudinal

secondary data of a partnering B2B2C platform.

Data Source and Sample:

e 24-month anonymized panel dataset
o 1,240 retailers
o Governance intervention:
o 12% transaction fee adjustment

o API access policy revision

The treatment group consisted of retailers who were concerned with the change in
governance (n = 610). The control group consisted of an equal number of unaffected retailers
(n = 630) selected using propensity score matching methods which were based on pre-

intervention factors.



Variables:

o Independent Variable: Governance intervention (policy change)
e Dependent Variables:

o Product listing activity

o Tool adoption rate

o Monthly sales revenue

o Customer rating scores

o Control Variables: Retailer size, tenure, category type
Analytical Procedure:

1. Difference-in-Differences Regression Model:

Y = By + SiTreatment; + G Post; + O3(Treatment; x Post;) + vControlsy + €

2. Robustness Checks:
o Parallel trend assumption testing
o Placebo tests
o Fixed-effects panel regression
3. Process Analysis:
o Time-series modeling

o Sequence analysis of retailer adaptation behaviors

This design isolates the causal effect of governance shifts and is able to explain the time-

invariant heterogeneity.

Integration and Ethical Considerations

Findings from the three studies were integrated iteratively:

e Study 1 informed hypothesis development.
o Study 2 validated relationships statistically.

o Study 3 strengthened causal inference and temporal interpretation.



Research procedures involved informed consent, data anonymization, safe storage and

adherence to the standards of the Institutional Review Board (IRB).

5. Results and Discussion

5.1 Emergence of Power Asymmetry in B2B2C Ecosystems

The redistribution of power from traditional B2B exchanges to B2B2C ecosystems has

resulted in an increase in influence for digital platforms that enable two-way connections.

Data, algorithms, fee structure, and ecosystem rules control are the most common ways that

power imbalance manifests, according to the combined findings of Study 1's case study,

Survey 2's survey, and Study 3's longitudinal data. Reportedly, platform-managed visibility,

consumer analytics access, and API permissions are inherently essential for platform-

operated businesses (e.g., Amazon and Shopify Plus) and platform-supporting infrastructure

(e.g., Mirakl).

Table 1. Thematic Evidence of Power Sources (Study 1: Multiple-Case Analysis)

Power Source Illustrative Evidence from Frequency Dominant
Interviews (n=36) Actor
Algorithmic Visibility Platform controls search 28 Platform
ranking
Fee & Commission Unilateral commission 24 Platform
Control adjustments
Data Ownership Restricted access to consumer 26 Platform
insights
API & Integration Conditional system 19 Platform
Access permissions
Brand Reputation Retailer brand equity influence 11 Retailer
Leverage

The traditional B2B ecosystem is different from B2B2C platform ecosystem partnerships in

how they capture and create value. The governance structure is a key determinant of both the

collaboration and the outcomes of the collaboration. This is demonstrated through our

qualitative case studies, our large sample survey studies, and our longitudinal quasi studies.




Collaboration is a governance style that is based in trust, expertise, and relational
transparency, and is more likely to foster accumulation of knowledge, co-solution creation,
and sustained profitability. In the short run, governance that is predicated on coercive and/or
punitive structures may stimulate a compliance response, but there will be no relational,
committed, and sustained governance in the long run. The longitudinal studies illustrate the
strategic adaptability of the retailer to the governing actor; rather, than depicting the retailer
as a passive co-collaborator, they demonstrated high levels of co-creation and governance-
utilitarianism around the governance (i.e., digital ecosystem platform) of the ecosystem.
These interactions reinforce the idea that the success of the ecosystem relies on a skillful and
deliberate balance of the various power/positional resources, rather than unilateral use of
power. Considering the research problem from relational and temporal perspectives supports
the use of the theory of governance. Consequently, the research results offer valuable insights

on the construction of governance-based and resilient B2B2C retail ecosystems.

Table 2. Descriptive Statistics and Correlations of Power Constructs (Study 2: Survey,
n=362)

Construct Mean | SD 1 2 3

1. Coercive Power 498 |1.12| —

2. Non-Coercive Power | 4.21 | 1.05 | -0.18* —

3. Perceived Asymmetry | 5.12 | 0.97 | 0.46** | -0.32%** | —

*p <.05, **p <.01

The results of the survey show the patterns of a survey. Outcomes show the correlation of
measured power and perception of asymmetry. Coercive power and perception of asymmetry
has the highest correlation (r = 0.46, p <.01). This shows that enforcement-style governing is
likely to increase perceptions of retailer versus platform imbalances. In contrast, non-coercive
power has a negative correlation to asymmetry (r = -0.32, p < .01). This means power
through knowledge, advocacy, and relational support diminishes asymmetry perceptions.
This is relevant because the mean value of perceived asymmetry is (M = 5.12) greater than
the mid value of the scale. This indicates that retailers feel the most structurally imbalanced
in the B2B2C context. This also proves the fact that the style of governance influences the

perception of the relationship. There is structural asymmetry in the platforms. Nonetheless,



the use of power, either collaborative or coercive, is what really governs how retailers

perceive and respond to the power in governance.

Table 3. Difference-in-Differences (DiD) Estimates of Governance Shift (Study 3)

Variable Coefficient (B3: Treatment x Std. Significance
Post) Error
Product Listing Activity -0.085 0.031 p<.05
Knowledge Tool Adoption 0.124 0.028 p<.01
Monthly Sales Performance -0.042 (short-term) 0.019 p <.05
Sales Recovery (6 months 0.067 0.022 p<.01
later)

The longitudinal DiD analysis shows the impact of power imbalances after a governance
change (fee increase and change in API). Product listing activity shows a suppression effect
immediately and constitutes an act of compliance where the retailers fall under the
governance coercion trap. There is a monthly decline in sales as a result of the changes in
policy (B = -0.042, p < 0.05) and this unilaterally shows a disruptive effect. The adoption of
governance tools (f = 0.124, p < 0.01) shows a positive effect and rational behavior from the
retailers as the negative effect of policy change is less as. Sales were declining, but there was
an improvement within six months post the policy change ( = 0.067, p < 0.01) which shows
an improvement. The positive impact of sales improvement within the retailers show that the
relative power asymmetry is not constant but changes over time in a positive way. it shows
the impact of the governance policy that it is effective in controlling the retailers’ behavior

and performance.

5.2 Non-Coercive Power as a Driver of Value Co-Creation

The non-coercive power, including expert power, referent power, and power of informational
transparency, became dominant in the formation of collaborative value creation, of the
retailer-platform ecosystem. In all the three studies, the platforms exercising influence
through technical expertise, data-sharing, and relational credibility fostered problem-solving,

adaptive coordination, and integrative knowledge. Most retailer/partner dyads in the Amazon




and enterprise platforms like Shopify Plus ecosystems reported that supportive governance

was more enabling than constraining.

Table 4. Measurement Model Results (CFA)

Construct Factor Loadings Cronbach’s Composite AVE
Range Alpha Reliability (CR)

Expert Power 0.71-0.88 0.89 0.91 0.68

Referent Power 0.73 -0.85 0.87 0.90 0.65

Knowledge Sharing 0.75-0.90 0.91 0.93 0.72

Joint Problem- 0.72-0.89 0.90 0.92 0.69

Solving

Relationship 0.74 — 0.87 0.88 0.91 0.67

Performance

Model Fit Indices: CFI1 =0.94; TLI=0.92; RMSEA = 0.05

The results of the confirmatory factor analysis show that the variables measuring non-
coercive power and co-creation have good construct validity and internal consistency. With
Cronbach's alpha and composite reliability values over 0.87, factor loadings demonstrate
internal consistency, while indicator reliability values above 0.70 indicate factor loadings are
also dependable. Indicators with latent constructs are considered to have convergent validity
when the Average Variance Extracted (AVE) values are more than 0.50 and account for more
than 50% of the total variance. Good model fit indices (CFI=0.94; RMSEA =0.05) confirm
the measurement structure. These findings provide credence to the distinct and trustworthy
predictions of expert power and referent power with respect to value co-creation activities.
Perceptions of platform expertise, relational credibility, and integrated relational credibility
are constructs that impact collaborative behavior within B2B2C ecosystems. The

measurement's integrity offers support for the structural modeling that follows.

Table 5. Structural Model Results (SEM Path Coefficients)

Hypothesized Path Standardized B | t-value | p-value
Expert Power — Knowledge Sharing 0.48 7.92 <.001
Referent Power — Joint Problem-Solving 0.41 6.85 <.001
Knowledge Sharing — Relationship Performance 0.36 5.44 <.01
Joint Problem-Solving — Relationship Performance 0.39 5.87 <.01




Indirect Effect (Expert Power — Performance) 0.17 4.62 <.01

R? (Relationship Performance) = 0.52

Using non-coercive power improves value co-creation and performance outcomes, according
to the structural model. The positive effect of provide power on knowledge sharing (B = 0.48)
suggests that platforms would encourage merchants to share more information if they were
given technical and/or strategic know-how. In contrast, it is suggested that trust, a sense of
shared identity, and the ability to adapt to working together as a team are all qualities that
contribute to effective joint problem-solving when power is taken into account (f = 0.41).
Relationship performance may be enhanced by knowledge sharing and shared problem-
solving; in fact, these two factors alone can explain as much as 52% of relationship
performance. Mediation, when added to the indirect impacts, demonstrates that non-coercive
power boosts relationship performance but has no direct influence on financial performance.
In fact, it works via enhancing behavioral and relational processes. Combining service-
dominant logic with resource integration theory demonstrates that, contrary to transactional
value, service-dominant logic is more applicable to value-supportive governance frameworks

based on the notion of relational value.

Table 6. Longitudinal Effects of Non-Coercive Governance (Study 3 DiD Analysis)

Variable DiD Coefficient (f3) | Standard Error | p-value
Adoption of Co-Creation Tools +0.12 0.04 <.01
Sales Growth (6-month post period) +0.09 0.03 <.05
Customer Rating Improvement +0.07 0.02 <.05
Retailer Retention Probability +0.11 0.04 <.01

Time Frame: 24 months (n = 1,240 retailers)

The evidence on causality with regard to the influence of non-coercive forms of governance
on the performance of the governance objectives over time is broken down by the
longitudinal shift in the innovation-acceptance trajectory. Compared to the control group,
retailers whose adoption of co-creation (innovation) technologies was positively impacted by
analytics dashboards, training, and API governance saw a 12% bigger change. Sales and
customer satisfaction both saw a statistically significant uptick in the six months after the trial

ended, which was likely related to this change in adoption behavior. It appears that the



collaborative governance of the ecosystem was accelerated by the positive adoption behavior
over time, as the chance of a retailer's engagement being sustained increased by 11%. There
is a finite window of opportunity for the behavioral change to ultimately operationalize the
monetary gain, as depicted by the positive feedback loop in sales and retention cycles. This
finding lends credence to the hypothesis of dynamic capacity. Theoretically, rather than
utilizing resources momentarily in reaction to a set of regulatory mechanisms, which only
lead to functional compliance and the usage of those mechanisms, learning and using
resources in new and structured ways might provide different and better outcomes, according

to this hypothesis.
5.3 Coercive Governance and Relational Erosion

Study 3's longitudinal DID analysis, Study 2's SEM survey analysis, and Study 1's qualitative
case studies come together in this section to shed light on how coercive governance
mechanisms, such as algorithmic opacity, contract enforcement, and unilateral fee changes,
affect relational commitment and collaborative stability in B2B2C ecosystems powered by

platforms like Shopify Plus and Amazon.

Table 7. SEM Results: Impact of Coercive Power on Relational Qutcomes (Study 2)

Hypothesized Path Standardized t- p- Result
B value | value

Coercive Power — Relationship -0.29 -4.12 <.01 Supported
Commitment

Coercive Power — Relationship -0.25 -3.67 | <.01 Supported
Satisfaction

Coercive Power — Financial -0.08 -1.21 n.s. Not

Performance Supported

Coercive Power — Compliance 0.34 5.02 | <.001 Supported

Behavior

According to the structural equation modeling results, coercive power has a substantial
negative effect on both relationship commitment (B = —0.29, p <.01) and satisfaction (f =
—0.25, p <.01). As a result, merchants see a decline in relational fairness and psychological

connection whenever platforms exert their dominance through penalty elimination, mandated




policy changes, or algorithmic downgrades. Conversely, compliance behavior is positively
affected by coercive power (B = 0.34, p <.001). So, even if retailers aren't happy in their
relationships, they're still complying operationally. There appears to be no clear correlation
between financial coercion and profit, as there was no discernible impact on financial
performance. Coercion appears to have a positive behavioral effect rather than a relationship
one. Since relational investments are reduced when parties are asymmetrically reliant, this is
in line with the resource dependency idea. Coercive governance, in B2B2C ecosystems,
emphasizes the dichotomy of control and cooperation by encouraging operational compliance

at the expense of relationships.

Table 8. Longitudinal DiD Results: Policy Shock and Retailer Outcomes (Study 3)

Variable Treatment Effect (3) | Std. Error | p-value | % Change
Product Listing Activity -0.085 0.031 <.05 -8.5%
Seller Engagement Index -0.072 0.028 <.05 -7.2%
Use of Co-Creation Tools 0.120 0.035 <.01 +12.0%
Sales Revenue (Short-term) -0.054 0.040 n.s. -5.4%

One of the implemented governance techniques, which included a charge modification and
API restrictions, led to a 7.2% decrease in involvement among impacted merchants (p <.05)
and an 8.5% decrease in product listing activities, as shown by the difference-in-differences
study. The relational withdrawal seen in Study 2 is correlated with these losses. The
noteworthy aspect is the 12% rise in the utilization of co-creation tools, with a p-value of less
than.01. That people sought out police tools as a means of adapting their engagement rather
than disengaging entirely is suggested by this. In order to compensate for the structural
disadvantage, it appears that merchants are being systematically pushed to increase the value
they offer to customers. This gap implies that operational relational errors are formed, which
will lead to a loss in revenue regardless of contact, even though the short-term drop in
revenue was not statistically significant. The operational level will stabilise as a result of the
pull back in due time. It appears that as time goes on, the relationship gap will widen as a

result of the coercive governance leading to an adaptive reaction relif.

Table 9. Qualitative Evidence: Thematic Frequency of Relational Erosion Indicators

(Study 1)

Theme Identified Frequency (Across 6 INlustrative Insight




Cases)
Perceived Unfairness in Fee 5/6 cases “Sudden margin erosion without
Changes consultation”
Algorithmic Opacity 6/6 cases “We don’t know why visibility
Concerns drops”
Reduced Strategic 4/6 cases “We hesitate to invest in platform-
Investment specific assets”
Increased Monitoring 5/6 cases “We follow rules strictly to avoid
Compliance penalties”

The assessments all reached the same conclusion: that government is unfair and opaque. In
five of the six situations, shops expressed disappointment about the unilateral adjustment in
rates. The merchants felt their profit margins were being eroded by the unpredictability of the
charge fluctuations. Under the information asymmetry, opacity was discovered in every
algorithmic situation. The algorithms' ranking and exposure were not made clear. These
criteria were determined to discourage investments in certain platforms and led to four pairs
of dyads showing a decline in innovation over time. Regardless, defense mechanisms were
seen in five of the instances, with the goal of reducing risk through increased compliance.
This showed how relationships might worsen as a protective mechanism against risk, but they
don't completely break down. Retailers are both strategically and relationally connected to the
relational ecosystem since they are dependent on it. Convergence of qualitative patterns with
results from SEM and DiD studies provide credence to the idea that coercive governance in
this instance rearranged relational feelings, which naturally occurs before economic outcomes
are captured. There is evidence to support a hypothesis of erosion-adaptation-dynamics when

it comes to platform ecosystem B2B2C systems.

5.4 Mediating Role of Joint Problem-Solving

This section examines the relationship performance in B2B2C retailer-platform ecosystems
(e.g., retailers utilizing Amazon or B2B platforms like Shopify Plus) and whether Joint
Problem-Solving (JPS) mediates between non-coercive and coercive forms of power. The
bootstrapping (5,000 resamples) approach of Structural Equation Modeling (SEM) is utilized

to estimate indirect effects, and mediation is investigated using this method.




Table 10. Direct Effects Model (Without Mediator)

Path Standardized t- p- Result
B value | value
Non-Coercive Power — Relationship 0.42 6.18 | <.001 | Supported
Performance
Coercive Power — Relationship -0.31 -4.72 | <.001 | Supported
Performance
Model R? (Performance) 0.47 — — —

Table 10 shows the baseline structural model without the mediator. The category that does
not include coercion has the most impact on the performance of relationships (f = 0.42, p
<.001). This indicates that, in that sequence, relationships with knowledge, information,
referent, and satisfaction all contribute to better financial success and commitment. On the
other side, relational capital is diminished by punitive governance, unilateral policy
enforcement, and fee pressure, which cause the most significant negative impact ( = -0.31, p
<.001). In terms of business-to-consumer (B2C) contacts that were facilitated via platforms,
the model was able to capture 47% of the total. The findings back up the qualitative research
that came before them, proving that authoritarian leadership damages trust whereas
collaborative leadership improves the system as a whole. Yet, in terms of relational processes
that occur in the middle, there is still space for development. Therefore, this provides
justification to think about Joint Problem-Solving as a mediating concept to clarify the

complexities of value co-creation.

Figure 3: Structural Equation Model Results (Mediation Analysis)
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This figure visualizes the key statistical findings from Study 2, showing the path coefficients and
demonstrating the mediating role of Joint Problem-Solving.

Table 11. Mediation Model Including Joint Problem-Solving

Path Standardized t- p- Result
B value | value
Non-Coercive Power — Joint Problem- 0.51 7.04 | <.001 | Supported
Solving
Coercive Power — Joint Problem-Solving -0.28 -3.96 | <.001 | Supported
Joint Problem-Solving — Relationship 0.39 5.87 | <.001 | Supported
Performance
Non-Coercive Power — Performance 0.21 3.02 <.0l | Reduced
(Direct)
Coercive Power — Performance (Direct) -0.18 -2.75 <.01 | Reduced
Model R? (Performance) 0.58 — — —

The structural relations are rearranged by introducing joint problem-solving. Joint Problem-
Solving is strongly predicted by non-coercive power (B = 0.51, p <.001), confirming that
collaborative governance promotes marginal engagement and adaptive, flexible coordination.
Joint Problem-Solving is negatively affected by coercive power (B = —0.28, p <.001), which
indicates that management-focused tactics discourage participation. As a technique of value
co-creation, Joint Problem-Solving confirms that it enhances relationship performance
significantly (B = 0.39, p <.001). There appears to be mediation since the direct effects of
power dimensions on performance are smaller than expected. An improved fit and more
developed theory are shown by the fact that the explained variation in performance improves
from 47% to 58%. The results show that performance advantages are not only obtained via

retailer-platform dyads, but also from collaborative engagements established within power

positions.
Table 12. Bootstrapped Indirect Effects (5,000 Resamples)
Indirect Path Indirect Effect 95% Confidence Mediation
()] Interval Type
Non-Coercive Power — JPS — 0.20 [0.14, 0.27] Partial
Performance Mediation




Coercive Power — JPS — -0.11 [-0.17,-0.06] Partial

Performance Mediation

The bootstrapping analysis shows that there are indirect effects, which means that the
confidence intervals do not include zero. Composite cooperation accounts for over half of the
overall impact on performance, since the indirect effect of non-coercive power through Joint
Problem Solving is positively strong (B = 0.20). Thus, a fundamental method of
operationalizing governance systems to improve performance is the system's ability to
integrate and adapt knowledge. Punitive governance is the furthest thing from collaboration
and, consequently, performance, as shown by the negative indirect impact (3 = —0.11) in non-
coercive power. There is, in fact, partial mediation rather than total mediation since there are
both direct and indirect effects. By demonstrating that relational processes link structural
power and ecosystem performance, the findings theoretically contribute to resource

dependency theory and service-dominant logic.
5.5 Temporal Adaptation and Governance Shifts

Based on a 24-month panel dataset (N = 1,240 stores), this section presents longitudinal
results from Study 3, which uses a quasi-experimental Difference-in-Differences (DiD)
approach. Month 12's changes to platform-level pricing and API access were the primary
governance event. There was a matched control group consisting of 630 people and a

treatment group consisting of 610 affected merchants.

Table 13. Difference-in-Differences (DiD) Estimation Results

Variable Coefficient Std. p-value Interpretation
() Error
Treatment (Retailer Group) -0.012 0.018 0.510 | No baseline difference
Post-Policy Period -0.031 0.014 0.028* | General decline trend
Treatment x Post (DiD -0.085 0.021 0.001** | Significant negative
Effect) shock
Control Variables (Firm Controlled — — Statistically adjusted
Size, Age)
R? 0.42 — — Model explanatory
power




*Significant at p < .05; **p < .01
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Figure 4: Difference-in-Differences (DiD) Visualization of Governance Shock

This line graph illustrates the core finding from Study 3, showing the parallel trends before the

intervention and the divergent paths after the governance change. The governance changes result in
an 8.5% decrease in retailer activity in the treatment group as compared to the control group,
according to the difference-in-differences (DiD) estimation (B = — 0.085, p <.01). The non-
significant baseline coefficient for the control treatment group's activity suggests that the
treatment and control groups performed similarly before the policy was put into place, which
supports the assumption of parallel trends in causal inference analysis. According to the
resource dependence theory, the treated group was significantly more negatively affected by
changes in governance than by changes in the market as a whole, as indicated by the negative
post-policy coefficient (f = — 0.031, p < 0.05). The results show that there have been abrupt
changes in pricing or APIs, leading to changes in governance and structural championship.
These changes have reduced access and listing activity, which discourages retailers and puts a

strain on the performance metrics of the B2B2C ecosystem.



Table 14. Time-Series Adaptation Effects (6-Month Post-Policy Window)

Time Period After Listing Activity Co-Creation Tool Sales Recovery
Policy Change (%) Usage (%) Rate (%)
Month 1-2 -8.5% +2.1% -6.8%
Month 34 -4.2% +7.4% -2.9%
Month 5-6 -1.3% +12.0% +3.6%

The activity listings can be restored to a previous state using co-creation techniques. Over
time, a number of governance shocks have been triggered by negative activity listings. A
steep 8.5% drop occurred in the number of listed activities between the first and second
month. Both activity loss and a lack of clarity in the direct plan can be to blame. The usage of
co-creation tools increased by 2.1% over this time. In the third and fourth months, there was a
4.2% rise, but less shrinkage. Specifically, there was a 7.4 percent growth in the usage of
collaborative tools for promoting analytics and dashboards and optimizing dashboards over
this time. In the fifth and sixth months, active co-creation surged by 12%, but activity listings
fell almost as much, 1.3% (almost 1% steady). Additionally, sales showed a healthy rebound
of 3.6% throughout this period. You can see how the participants reacted to the changes in
governance by looking at their participation history. This is another example of dynamic
capacity in action, and the ongoing co-creation shows that the ecosystem can still be

optimized even while performance has been dropping because of changes in governance.

Table 15. Process Mediation Analysis (Lagged Regression Model)

Path Relationship Coefficient | p-value Mediation
()] Effect
Governance Shift — Tool Adoption 0.34 0.002%* Positive
Tool Adoption — Sales Performance (Lagged 0.29 0.004** Positive
3 months)
Governance Shift — Sales (Direct Effect) -0.07 0.018%* Negative
Indirect Effect (Mediated) +0.098 0.001** Significant

Understanding how adaptation occurs over time is made easier with the help of the Lagged
mediation model. Under pressure, retailers considerably increased the integration of co-

creation tools due to the control shift (3 = 0.34, p <.01). The sales performance improved




after three months as a result of the tools being used (p = 0.29, p <.01), indicating that the
sales performance had fully recovered by that point. A direct negative effect of sales and
control shift was seen (f =—0.07, p <.05), while a positive effect of control shift on sales was
partially sufficient to indicate mediation (+0.098). Therefore, actions involving co-creation
might be seen as responses to misuse of authority. According to these results, platform
governance theory is a dynamic framework. The capacity of retailers to interact in the B2B2C
ecosystem is crucial to the performance outcomes, and governance interventions over time

alter retailers' strategy.

5.6 Integrated Model of Power—Performance Dynamics

Value co-creation and retailer performance in B2B2C ecosystems (e.g., retailers using
Amazon, Shopify Plus, and Mirakl platforms) are impacted by power structures. This section
integrates the findings of Study 1 (qualitative), Study 2 (SEM-based survey), and Study 3

(longitudinal DiD analysis) on the redacted governance-performance framework.

Table 16. Integrated Structural Path Model (Study 1 + Study 2)

Path Relationship Standardized Significance Effect
Coefficient () Type
Non-Coercive Power — Knowledge 0.48 p <.001 Positive
Sharing
Non-Coercive Power — Joint 0.41 p <.001 Positive

Problem-Solving

Coercive Power — Commitment -0.29 p<.01 Negative

Knowledge Sharing — Financial 0.36 p <.01 Positive
Performance

Joint Problem-Solving — 0.44 p <.001 Positive

Relationship Satisfaction

R? (Relationship Performance) 0.52 — Model Fit

The integrated structural model demonstrates that behaviors involving the co-creation of
value are improved by non-coercive power foundations, including expertise, referent,
legitimacy, and transparent data governance. The positive correlation ( = 0.48) between non-

coercive power and knowledge sharing supports the qualitative findings of relationship trust




and platform support mechanisms that foster collaborative engagement. Collaborative
governance promotes adaptive coordination, since joint problem-solving has also become one
of the most prevalent paths (f = 0.41). On the other hand, commitment is negatively affected
by the operational or coercive power (B = —0.29), which confirms, once again, the case-level
results that the imposition of fees and algorithmic penalties reduces social capital.
Governance does not have an influence on performance directly, rather it acts through
collaborative behaviors that improve financial and relational performance. Interestingly, these
behaviors account for 52% of the result variation and corroborate this conclusion. The model
shows that there is a mediated link between governance and performance, as opposed to only

focusing on control and performance.

Table 17. Longitudinal Difference-in-Differences Results (Study 3)

Outcome Variable | DiD Coefficient | Significance | Short-Term 6-Month

B3) Effect Adjustment

Product Listing —0.085 p<.05 Decline Partial Recovery

Activity
Use of Co-Creation +0.12 p<.01 Increase Sustained Growth
Tools
Sales Performance —0.06 p<.05 Initial Dip Stabilization
Customer Ratings +0.04 p<.10 Neutral Slight

Improvement

By focusing on the longitudinal analysis alone, the study proves that changes in fee and API
policy have a causal effect. An immediate shock to compliance following a policy change is
indicated by the negative DiD coefficient of -8.5% for listing activity. There was a 12% rise
in the usage of platform co-creation tools, while retailers reduced their listing activity overall.
Retailers showed resilience and good performance at the end of the six-month period,
according to performance metrics. It appears that the integrated approach is a viable option.
Coercive power, according to the model, may cause temporary disturbance but might
encourage stores to make advantage of the available collaboration tools. Through the
tumultuous era of governance changes, adaptive merchants ensured that the value they
offered to customers was retained. Despite changes in governance, adaptive shops were able

to sustain value for consumers. Retailers' reactions to changes in government policy are




hence route dependant. The success of B2B2C ecosystem commerce hinges on how these

businesses react strategically to changes in governance.

6. Conclusion

Partnerships inside the B2B2C platform ecosystem capture and produce value differently
from the traditional B2B ecosystem. Collaborating and what comes out of it are both heavily
influenced by the governance system. Qualitative case studies, survey research with large
samples, and longitudinal quasi-studies all show this to be true. Trust, knowledge, and
relational transparency form the basis of a collaborative governance approach that is more
likely to promote knowledge accumulation, co-solution formulation, and sustainable
profitability. Government based on punitive and/or coercive mechanisms may get people to
comply in the short term, but it won't lead to long-term relational, committed, and sustainable
leadership. The retailer's ability to strategically adapt to the governing actor is shown by the
longitudinal studies. Rather than being portrayed as a passive co-collaborator, they actively
participated in co-creation and governance-utilitarianism centered around the ecosystem's
governance, which is the digital ecosystem platform. These interactions highlight the
importance of competent and purposeful management of power and positional resources for
the ecosystem's development, rather than relying on unilateral dominance. The use of theory
of governance is bolstered by taking into account the research challenge from relational and
temporal perspectives. As a consequence, the findings provide important information for

building robust B2B2C retail ecosystems based on governance.
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Figure 5: The Power-Adaptation Cycle in B2B2C Ecosystems

This is an integrative conceptual model that synthesizes the findings from all three studies, showing
the dynamic cycle of governance, retailer response, and performance over time. It directly addresses

the "underdeveloped integration" demerit.
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