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1.0. ABSTRACT 49 

Background:  50 

The COVID-19 pandemic was accompanied by widespread misinformation that disrupted 51 

public health communication and threatened vaccine confidence globally. Evidence from 52 

sub-Saharan Africa on whether exposure to COVID-19 misinformation independently 53 

predicts vaccination behaviour remains limited. This study examined the association 54 

between misinformation exposure and COVID-19 vaccine uptake in selected 55 

communities in Southwest Nigeria. 56 

Methods: 57 

We conducted a cross-sectional analytical study among 420 adults residing in four local 58 

government areas in Lagos and Ogun States, Nigeria. Data were collected using an 59 

interviewer-administered questionnaire assessing sociodemographic characteristics, 60 

sources of COVID-19 information, exposure to misinformation, and receipt of at least one 61 

dose of a COVID-19 vaccine. Descriptive statistics and bivariate analyses were performed. 62 

Multivariable logistic regression was used to identify factors independently associated 63 

with vaccine uptake, adjusting for age, sex, education level, ethnicity, and primary 64 

information source. 65 

Results: 66 

Overall, 74.3% of respondents reported receiving at least one dose of a COVID-19 vaccine. 67 

Social media platforms, particularly Facebook and WhatsApp, were the most frequently 68 

reported information sources. In adjusted analyses, ethnicity and exposure to COVID-19-69 

related misinformation were independently associated with vaccine uptake. 70 

Respondents of Yoruba ethnicity had higher odds of vaccine receipt compared with 71 

Hausa respondents (adjusted OR 2.52; 95% CI 1.12–5.66; p=0.025). Exposure to 72 

misinformation was also independently associated with vaccine uptake (adjusted OR 73 
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2.06; 95% CI 1.20–3.53; p=0.009). Age, sex, education level, and primary information 74 

source were not statistically significant predictors. 75 

Conclusions: 76 

In these Southwest Nigerian communities, misinformation exposure and ethnic context 77 

were independently associated with COVID-19 vaccine uptake. Public health 78 

preparedness efforts should integrate context-sensitive infodemic management 79 

strategies that address sociocultural dynamics and information credibility alongside 80 

vaccine access. 81 

Clinical trial number: Not applicable. 82 

Keywords: COVID-19 infodemic; misinformation exposure; vaccine uptake; risk 83 

communication; social media; Nigeria. 84 

 85 

 86 

 87 

 88 

 89 

 90 

 91 

 92 

 93 

 94 

 95 



5 

 

2.0. BACKGROUND 96 

The rapid and large-scale circulation of information has become a defining characteristic 97 

of contemporary public health emergencies (1). During infectious disease outbreaks, 98 

information spreads alongside pathogens, shaping public perception, risk interpretation, 99 

and behavioral response. The World Health Organization (WHO) defines an infodemic as 100 an overabundance of information, both accurate and inaccurate’ that spreads rapidly 101 

during epidemics and pandemics, making it difficult for individuals to identify 102 

trustworthy sources and reliable guidance (2)(3). Infodemics encompass 103 

misinformation, disinformation, rumours, stigma, and conspiracy theories, and have been 104 

recognized as a significant threat to effective outbreak preparedness and response (3). 105 

The COVID-19 pandemic demonstrated that information environments can directly 106 

influence health behaviors, particularly vaccination decisions. Experimental and 107 

observational studies across multiple countries have shown that exposure to vaccine-108 

related misinformation can reduce vaccination intent, distort perceived risk, and weaken 109 

institutional trust (4)(5). Large-scale analyses of online communication networks further 110 

indicate that false information spreads more rapidly and widely than corrective content, 111 

amplifying exposure risk within digital ecosystems (6). Consequently, infodemics are 112 

increasingly conceptualized not merely as communication noise, but as behavioral 113 

determinants capable of shaping public compliance with health interventions. 114 

As vaccine development and distribution accelerated globally (7), the principal challenge 115 

in many contexts shifted from supply constraints to acceptance and uptake. In this phase, 116 individuals’ ability to interpret and evaluate competing narratives became central to 117 

vaccination behavior. Evidence suggests that misinformation exposure may influence 118 

vaccine confidence independently of formal education or access to information (8), 119 
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underscoring the importance of examining information quality and trust dynamics rather 120 

than communication volume alone. 121 

Nigeria has previously experienced the disruptive effects of misinformation during 122 

disease outbreaks, including polio and monkey pox, where rumours and false narratives 123 

weakened public trust and impeded control efforts. Historical vaccine resistance in parts 124 

of Northern Nigeria illustrates how sociocultural narratives and institutional distrust can 125 

undermine immunization campaigns (9). During the COVID-19 pandemic, 126 

misinformation dissemination intensified, driven largely by digital media platforms and 127 

informal communication networks (3). This surge in misleading information shaped 128 

public perceptions of disease severity, preventive behaviors, and vaccine safety (10). 129 

Nigeria represents a complex information ecosystem characterized by high social media 130 

penetration, linguistic diversity, and variable health literacy (11). In such settings, digital 131 

communication platforms can facilitate both rapid dissemination of accurate public 132 

health guidance and amplification of conspiracy narratives. Emerging evidence from 133 

African contexts indicates that misinformation exposure during COVID-19 was 134 

associated with vaccine hesitancy and psychological distress (12). However, regional 135 

heterogeneity within Nigeria suggests that local sociocultural dynamics, ethnic 136 

composition, and communication infrastructures may shape how misinformation is 137 

received and interpreted. 138 

Southwest Nigeria, comprising highly urbanized areas such as Lagos alongside peri-139 

urban and semi-urban communities, provides a particularly relevant setting for 140 

examining the interplay between information exposure and vaccine behavior. High 141 

digital connectivity coexists with socioeconomic diversity, creating an environment 142 
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where exposure to competing narratives may be widespread but interpreted differently 143 

across social groups. 144 

Existing literature has documented associations between misinformation exposure and 145 

vaccine hesitancy globally (4)(5), as well as psychological and behavioral consequences 146 

of infodemics during epidemics (12). Within Nigeria, several studies have examined 147 

COVID-19 vaccine acceptance, focusing predominantly on sociodemographic 148 

determinants such as age, sex, and education level. However, limited research has 149 

systematically examined misinformation exposure as a measurable independent variable 150 

within multivariable models of vaccine uptake at the community level. 151 

Moreover, few studies have simultaneously analyzed information sources, perceived 152 

misinformation exposure, and vaccination behavior across heterogeneous local 153 

government settings within Nigeria. This gap is significant because national-level 154 

analyses may obscure localized patterns shaped by ethnic composition, communication 155 

networks, and contextual trust dynamics. Without community-level evidence, infodemic 156 

management strategies risk relying on generalized messaging that may not address 157 

context-specific drivers of vaccine decision-making. 158 

This study conceptualizes misinformation not as simply incorrect content but as an 159 

information exposure that may influence behavioral outcomes, as information exposure 160 

works through cognitive pathways such as risk perception, trust appraisal, and heuristic 161 

processing; theoretical models of health behavior, such as trust-based frameworks and 162 

risk perception theory, indicate that perceived credibility of information sources and 163 

social identity alignment influences responses to health interventions, which means that 164 

exposure to misinformation is a potential predictor of vaccine uptake, independent of 165 

sociodemographic predictors, and by operationalizing misinformation exposure as a 166 
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variable that can be measured, it moves the literature from descriptive accounts of 167 

vaccine attitudes to analytical assessment of information environments as determinants 168 

of health behavior. 169 

Study Objective 170 

Against this background, the present study investigates the patterns of COVID-19–related 171 

information exposure, the prevalence and perceived impact of misinformation, and their 172 

association with COVID-19 vaccine uptake among adults in selected local government 173 

areas in Southwest Nigeria. 174 

Specifically, the study aims to determine whether exposure to COVID-19–related 175 

misinformation is independently associated with self-reported vaccine uptake after 176 

adjusting for sociodemographic characteristics and primary information sources. 177 

By addressing this objective, the study seeks to generate context-specific evidence to 178 

inform targeted infodemic management, strengthen culturally responsive risk 179 

communication strategies, and enhance preparedness for future public health 180 

emergencies. 181 

3.0. METHODS 182 3.1 Study Design 183 

A cross-sectional analytical study was conducted to examine exposure to COVID-19–184 

related misinformation and its association with vaccine uptake among adults in selected 185 

Local Government Areas (LGAs) in Southwest Nigeria. The study was reported in 186 

accordance with the Strengthening the Reporting of Observational Studies in 187 

Epidemiology (STROBE) guidelines for cross-sectional studies (13). 188 

3.2 Study area 189 
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The study was conducted in Lagos and Ogun States, Southwest Nigeria (14)(15). Lagos 190 

State is highly urbanised, densely populated and digitally connected, with heterogeneous 191 

socioeconomic profiles. Ogun State includes peri-urban and semi-urban communities 192 

with varying access to health services and digital infrastructure. 193 

Four Local Government Areas (LGAs) were purposively selected to reflect urban and 194 

semi-urban populations: Alimosho and Eti-Osa LGAs (Lagos State), and Sagamu and 195 

Ikenne LGAs (Ogun State). Within each LGA, three wards were selected: Ikenne (Iperu, 196 

Ileshan, Ikenne wards); Sagamu (Sabo I, Sabo II, Ijagba wards); Eti-Osa (Ikoyi, Lekki, 197 

Victoria Island wards); and Alimosho (Igando-Ikotun, Egbe-Idimu, Ayobo-Ipaja wards). 198 

3.3 Study participants 199 Eligible participants were adults aged ≥18 years who had resided in the selected wards 200 

for at least six months prior to the survey. 201 

Exclusion criteria included: Age below 18 years, refusal to provide informed consent and 202 

Incomplete or improperly completed questionnaires 203 

3.4. Sample Size Determination  204 Sample size was calculated using Cochran’s formula for proportions (16), assuming a 205 

95% confidence level (z=1.96), 5% margin of error and estimated proportion of 50%, 206 

yielding a minimum sample of 385. To account for non-response, 500 questionnaires 207 

were distributed. Of these, 488 were returned; 44 were incorrectly completed, 18 were 208 

ineligible (underage), and 6 were excluded to maintain proportional allocation. A total of 209 

420 complete responses were included in the final analysis (Table 1). No missing data 210 

remained after cleaning. 211 

Table 1. Population Distribution, Estimated Sample Size, and Final Questionnaires 212 

Included by Local Government Area (LGA) 213 

Local 

Government 

Areas (LGAs) 

Ikenne Sagamu Eti-Osa Alimosho 
Calculated 

Sample Size 
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 218 

 219 

 220 

 221 

 222 

 223 

 224 

 225 

 226 

3.5. Sampling Technique 227 

A multistage sampling technique was employed. 228 

Stage 1: Four LGAs were selected, 229 

Stage 2: Three wards were selected per LGA, 230 

Stage 3: Participant recruitment within wards used systematic and convenience 231 

approaches. 232 

Systematic selection involved: the first residential building on each street, the first 233 

religious center (church/mosque) on each street and the first relaxation or sports-234 

viewing center on each street, 235 

      

Total 

population of 

LGAs (N = 

2,791,226) 

118,735 

(4.3%) 

435,200 

(15.6%) 

283,791 

(10.2%) 

1,953,500 

(69.9%) 
385 

Proportional 

sample size 

allocation by 

LGA 

17 60 39 269 385 

Estimated 

sample size 

allocation by 

LGA 

22 78 51 349 500 

Final number 

of 

questionnaires 

included after 

data cleaning* 

19 65 43 293 420 

Observed Distribution across LCDAs 

Ikenne LGA- 19 Sagamu LGA-65 Eti-Osa LGA-43 Alimosho LGA-293 

Observed Distribution across wards 

Iperu – 6 Sabo I -22 Ikoyi - 15 Igando Ikotun - 98 

Ileshan -6 Sabo II- 22 Lekki -15 Egbe Idimu -98 

Ikenne -7 Ijagba- 21 Victoria Island - 13 
Ayobo Ipaja – 97 
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Convenience sampling occurred when: individuals were seated outside residential 236 

compounds, individuals were outside religious auditoriums after services, and 237 

individuals were seated at relaxation centres and willing to participate 238 

Proportional allocation across LGAs was applied based on population size. 239 

3.6. Research Instrument 240 

Data were collected using a semi-structured interviewer-administered questionnaire 241 

developed from existing literature (17)(18)(19)(20). The instrument included sections 242 

on sociodemographic characteristics, vaccine acceptance and uptake, information 243 

exposure, perceived drivers of misinformation, and perceptions of media and conspiracy 244 

beliefs. Interviewers were trained before and after pilot testing to ensure neutrality and 245 

standardised administration. 246 

3.7. Validity and Reliability 247 

The questionnaire was pre-tested among approximately 12% of the intended sample in 248 

a non-selected LGA (Ikorodu) Lagos. Feedback informed refinement of clarity and 249 

structure and the need to retrain the interviewers. Face and content validity were 250 

assessed by four public health researchers. 251 

3.8. Variables; 252 

• Outcome Variable; 253 

COVID-19 vaccine uptake was defined as self-reported receipt of at least one dose of a 254 

COVID-19 vaccine (Yes = 1; No = 0). 255 

• Exposure Variable; 256 

Exposure to misinformation was derived from responses to the question: “How would 257 you classify the type of information you received during coronavirus crisis?” Response 258 
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options included rumours, fake or false news, conspiracy theories and propaganda 259 

(multiple responses allowed). Participants selecting at least one of these categories were 260 

classified as exposed (1); those selecting none were classified as not exposed (0). 261 

Main Source of Information; Respondents selected platforms from Question 18 (multiple 262 

responses allowed). 263 

Classification rule: If any social media platform (WhatsApp, Instagram, Snapchat, Twitter, 264 Facebook) was selected → Social media dominant. 265 If only traditional media (reported under “Others,” e.g., TV, radio, newspaper) was 266 selected → Traditional media dominant. 267 

Covariates: 268 

Age was categorised as 18-20, 20–30, 31–40, 41–50 and >50 years and entered as an 269 

ordinal variable (trend model) in multivariable analysis. 270 

Education was grouped for regression analysis as low (no formal education and primary), 271 

medium (secondary, OND, HND) and high (university and postgraduate, reference 272 

category). Bivariate analysis presented original categories for descriptive completeness. 273 

3.9. Data collection procedure; 274 

Data collection was conducted between July 2023 and February 2024 across selected 275 

wards in the four study LGAs. Trained research assistants administered the semi-276 

structured questionnaire through face-to-face interviews in residential areas, religious 277 

centres, and community gathering points. Eligible participants were approached 278 

systematically within selected streets and invited to participate after explanation of the 279 

study objectives. Written informed consent was obtained prior to questionnaire 280 

administration, and participation was voluntary and anonymous. Completed 281 

questionnaires were reviewed on-site for completeness and consistency before being 282 

entered into a secure database for subsequent cleaning and analysis. 283 
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4.0. DATA ANALYSIS 284 

Data were analysed using Microsoft Excel and Epi Info™ version 7.2.7.0 (2025). 285 

Descriptive statistics summarised participant characteristics. Bivariate associations 286 

between independent variables and vaccine uptake were assessed using chi-square tests. 287 

Multivariable logistic regression was performed with vaccine uptake (Yes=1; No=0) as 288 

the dependent variable. Adjusted predictors included age (ordinal trend), sex, education 289 

level, ethnicity, main information source and exposure to misinformation. Adjusted odds 290 

ratios (AORs) with 95% confidence intervals were reported. Model fit was assessed using 291 

the score test and likelihood ratio test. Complete-case analysis was conducted (n=420). 292 

Variables included in the multivariable model were selected a priori based on theoretical 293 

relevance to vaccine behaviour and information exposure rather than solely on bivariate 294 

statistical significance. 295 

To minimise potential sources of bias, a multistage sampling approach with proportional 296 

allocation across selected LGAs was employed to enhance internal representativeness. 297 

Interviewers were trained to ensure standardised administration of the questionnaire 298 

and reduce interviewer bias. The questionnaire was pre-tested to improve clarity and 299 

reduce measurement error. Self-reported responses were collected anonymously to 300 

minimise social desirability bias. Exposure and outcome variables were clearly 301 

operationalised prior to analysis to reduce misclassification. In multivariable analysis, 302 

adjustment for key sociodemographic variables was undertaken to address potential 303 

confounding. 304 

5.0. RESULTS  305 

Participant Flow 306 
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Of 500 questionnaires distributed, 488 were returned. After excluding 44 incorrectly 307 

completed forms, 18 ineligible respondents, and 6 removed to maintain proportional 308 

allocation, 420 complete responses were included in the final analysis. 309 

Descriptive Data 310 

The mean age of respondents was 34.8 ± 9.6 years. Females constituted 58.3% of the 311 

sample. Yoruba ethnicity accounted for 72.9%, and Christianity was the predominant 312 

religion (70.5%). More than one-third had university or postgraduate education. Full 313 

sociodemographic distribution is presented in Table 2. 314 

Table 2: Sociodemographic Characteristics of Respondents 

Variables Frequency (n) Percent (%) 

Gender 

Female  

 

245 

 

58.3 

Male 175 41.7 

Age (year)   

<20 17 4.0 

20-30 134 31.9 

31-40 167 39.8 

41-50 77 18.3 

>50 25 6.0 

Mean Age± (SD) 

34.8 years ± 9.6 years                  

  

Ethnicity 

Hausa 

 

30 

 

7.1 

Igbo 69 16.4 

Yoruba 306 72.9 

Others 15 3.6 

Religion 

Christianity 

 

296 

 

70.5 

Islamic 120 28.6 

Others 4 0.9 

Educational Status   

No education 21 5.0 

Primary 34 8.1 

Secondary 66 15.7 

H.N.D 60 14.3 

O.N.D 84 20.0 

University graduate 109 25.9 

Postgraduate 46 10.9 

Marital Status   
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Divorced 14 3.3 

Married 241 57.4 

Single 155 36.9 

Widow 10 2.4 

Employment Status 

Employed 

 

181 

 

43.1 

Self employed 122 29.1 

Student 38 9.1 

Unemployed 79 18.81% 

Vaccine Uptake 315 

Overall, 74.3% (n=312) reported receiving at least one dose of a COVID-19 vaccine. 316 

Vaccine acceptance was reported by 73.8%, and 60.0% reported confidence in the 317 

vaccine (Figure 1). 318 

Among unvaccinated respondents, commonly reported reasons included concern about 319 

information heard (28.7%), fear of side effects (26.9%), and doubt about effectiveness 320 

(24.0%). 321 

Figure 1: Levels of vaccine Acceptance, and Confidence among the Respondents 322 

 

323 

Information Exposure 324 
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A total of 91.2% reported access to COVID-19 information during the pandemic. Social 325 

media platforms were frequently selected - Figure 2. Exposure to misinformation 326 

categories was commonly reported- Table 3. 327 

Figure 2: Sources of Information and Misinformation 328 

 329 

Regarding the nature of information encountered, respondents commonly classified 330 

circulating information as conspiracy theories (27.1%), false news (25.9%), and rumours 331 

(22.6%) (Table 4). 332 

More than half of respondents (58.5%) reported that exposure to COVID-19–related 333 

information had a personal impact, including confusion, altered thinking, mental health 334 

effects, reduced confidence, and reduced trust in health authorities (Table 5). 335 

Bivariate Analysis 336 

Age group, ethnicity, and marital status were significantly associated with vaccine uptake 337 

(p < 0.05) - Table 6. 338 

Multivariable Analysis 339 
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Figure 2: Sources of Information and Misinformation
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In multivariable logistic regression analysis, two variables remained independently 340 

associated with vaccine uptake (Table 7): 341 

• Yoruba ethnicity (vs Hausa): AOR 2.52; 95% CI 1.12–5.66; p=0.025 342 

• Exposure to misinformation: AOR 2.06; 95% CI 1.20–3.53; p=0.0088 343 

Age (ordinal trend), sex, education level, and main information source were not 344 

statistically significant. 345 The model converged in four iterations. The score test (χ²=33.77, df=9, p=0.0001) and 346 likelihood ratio test (χ²=31.60, df=9, p=0.0002) indicated overall model significance. 347 

Table 6: Association between Respondents Socio-demographics and 

COVID-19 vaccine uptake  

  Variables   

                                              

      Received COVID-19 Vaccine 

     No n (%)                      Yes n (%) 

P-Value 

Age  

18-20 

 

10 (58.8) 

 

7 (41.2) 

 

0.001* 

21-30 43 (32.1) 91(67.9)  

31-40  25 (15.0) 142 (85)  

41-50 23 (29.9) 54 (70.1)  

>50 7 (28) 18 (72.0)  

Gender 

Female 

 

58 (23.7) 

 

187(76.3) 

 

0.255 

Male 50(28.6) 125 71.4)  

Educational Status 

H.N.D 

 

15.0 (25) 

 

45 (75.0) 

 

0.3716 

No Education 7 (33.3) 14 (66.7)  

O.N.D 18 (21.4) 66 (78.6)  

Postgraduate 9 (19.6) 37 (80.4)  

Primary 11(32.4) 23 (67.6)  

Secondary 23 (34.8) 43 (65.2)  

University graduate 25 (22.9) 84 (77.1)  

Religion 

Christian 

 

78 (26.4) 

 

218 (73.6) 

0.4772 

Islamic 30 (25.0) 90 (75.0)  

Ethnicity   0.0001* 

Hausa 12 (40.0) 18 (60.0)  

Igbo 21(30.4) 48 (69.6)  

Others 10 (66.7) 5  (33.3)  

Yoruba 65 (21.2) 241 (78.8)  

Marital Status 

Divorced 

 

4 (28.6) 

 

10 (71.4) 

 

0.0001* 

Married 43 (17.8) 198 (82.2)  

Single 59 (38.1) 96 (61.9)  
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 348 

Table 7. Multivariable logistic regression analysis: factors independently 

associated with vaccine uptake. 

Variables Adjusted 

OR 

95% CI P-Value 

Age 1.1328 0.8945 0.3008 

Gender (Male/Female) 0.8959 0.5620 0.6440 

Education (Low/High) 0.6402 0.3657 0.1186 

Education (Medium/High) 0.9393 0.5349 0.8275 

Ethnicity (Igbo/Hausa) 1.6751 0.6696 0.2702 

Ethnicity (Others/Hausa) 0.3197 0.0832 0.0967 

Ethnicity (Yoruba/Hausa) 2.5202 1.1213 0.0253* 

Main source of COVID-19 information 

(Traditional Media (reference: Social 

media dominant) 

1.2791 0.6345 0.4913 

Exposure to misinformation (YES/NO) 2.0572 1.1996 0.0088* 

CONSTANT - - 0.5465 

Convergence: Converged 

Iterations: 4  

Final -2*Log-Likelihood: 447.2372  

Cases Included: 420  

Test Statistic D.F. P-Value 

Score 33.7705  9  0.0001*  

Likelihood Ratio 31.6025  9  0.0002*  

Observed Significant Association - (*)  

Reference categories: Female (gender), High education, Hausa ethnicity, Social media 349 

dominant (main information source), and Not exposed to misinformation. 350 

6.0. DISCUSSION 351 

This study demonstrates that COVID-19 vaccine uptake in selected local government 352 

areas of Southwest Nigeria was independently associated with exposure to 353 

misinformation and ethnic context, rather than conventional sociodemographic 354 

predictors such as age, sex, or education. While uptake was relatively high (74.3%), 355 

exposure to misinformation remained significantly associated with vaccination behavior 356 

even after multivariable adjustment. 357 

These results further support the emerging awareness of infodemics as drivers of 358 

behavior rather than background noise (21)(22). The fact that misinformation was an 359 

independent correlate suggests that vaccination decisions are embedded in interpretive 360 

Widow 2 (20.0) 8 (80.0)   

Observed Significant Association - (*) 
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contexts defined by trust, narrative framing, and social identity. The finding that 361 

misinformation exposure was linked to higher vaccine uptake may seem counterintuitive, 362 

but it might simply represent high overall information exposure among informed 363 

individuals in a saturated information ecosystem, where people often encounter correct 364 

as well as incorrect information (23). Exposure does not necessarily translate to 365 

endorsement, and it can represent an active search for information, which has been 366 

linked to increased vaccine engagement in some situations (8) 367 

The relatively high uptake observed suggests that early structural barriers (limited 368 

supply, safety uncertainty, logistical access) had diminished over the study period (20). 369 

This is consistent with global evidence that vaccine hesitancy changes throughout the 370 

phases of a pandemic, transitioning from access-related to trust- and narrative-related 371 

(22). 372 

Misinformation exposure was also an independent predictor, which is consistent with 373 

previous findings that misinformation changes perceived risk and vaccine intent 374 

(24)(25)(26), as well as experimental studies showing that misinformation exposure can 375 

decrease vaccine intent (8), and large-scale social media analyses showing that 376 

misinformation travels faster and farther than corrective information (6). Therefore, 377 

exposure may influence interpretive frameworks even among those with high formal 378 

education levels. 379 

The results align with conceptualizing infodemics as an "information disorder" that 380 

influences cognition and trust rather than simply distorting factual content (27), and they 381 

align with evidence that misinformation exposure can change perceived risk and vaccine 382 

confidence even among populations with high levels of education and wide availability of 383 

digital access (8; 23). The findings imply that the quality and framing of information, 384 

rather than the existence of information, are the key determinants of vaccination 385 
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behavior. The ethnic differences observed further contextualize vaccination as socially 386 

situated behavior (28). Cultural identity often shapes institutional trust and 387 

responsiveness to public health interventions (29)(30)(31). Evidence from multi-ethnic 388 

societies consistently demonstrates variation in vaccine uptake linked to historical trust 389 

trajectories, linguistic accessibility, and communal authority structures (32)(9). 390 

Regionally patterned acceptance of vaccination campaigns has been documented 391 

previously in Nigeria, and may reflect sociocultural context as well as prior government 392 

engagement (8)(9)(33). The higher uptake among Yoruba respondents compared with 393 

Hausa respondents may reflect alignment with trust, prior engagement with vaccination 394 

programs, or localized health system integration (31)(34)(35), similar to evidence from 395 

other contexts where minority or historically marginalized communities may have 396 

differential vaccination behaviors (36). 397 

In contrast to previous pandemic-phase studies (37)(38)(39), after adjustment, age, sex, 398 

education level, and primary information source were not independently associated with 399 

uptake, suggesting temporal normalization of sociodemographic disparities as vaccine 400 

access expanded. As is increasingly seen in emerging literature (1)(24), as pandemics 401 

evolve, structural predictors tend to weaken, whereas attitudinal and trust-based factors 402 

become more salient. In fact, perceived credibility of content may be more important than 403 

the information channel (40), which suggests that infodemic management should 404 

emphasize quality, framing, and trust repair, rather than just increasing the volume of 405 

communication. 406 

7.0. STRENGTHS AND LIMITATIONS 407 

A key strength of this study is the operationalisation of misinformation exposure as a 408 

measurable construct incorporated into multivariable modelling, moving beyond 409 
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descriptive accounts of vaccine attitudes. The multistage sampling approach and 410 

proportional allocation enhanced internal representativeness within the selected LGAs, 411 

and complete-case analysis (n=420) strengthened analytic integrity. 412 

Several limitations should be considered. First, the cross-sectional design precludes 413 

causal inference; exposure and vaccination status were measured simultaneously, and 414 

temporal sequencing cannot be established. Longitudinal evidence indicates that 415 

misinformation effects may fluctuate over time (8). Second, exposure and vaccination 416 

status were self-reported and may be subject to recall or social desirability bias, although 417 

anonymity likely reduced this risk. Third, classification of main information source relied 418 

on self-report and did not capture frequency, intensity or algorithmic amplification 419 

dynamics known to shape exposure (23). Finally, the study was conducted in Southwest 420 

Nigeria, where vaccine availability and health infrastructure were relatively strong; 421 

generalisability to underserved or conflict-affected regions may be limited. 422 

8.0. CONCLUSION 423 

This study examined the relationship between COVID-19–related infodemics and vaccine 424 

uptake among adults in selected local government areas of Southwest Nigeria. The 425 

findings indicate that although COVID-19 vaccine uptake was relatively high among 426 

respondents, exposure to misinformation and ethnicity were independently associated 427 

with vaccine receipt after adjusting for key sociodemographic factors. 428 

The persistence of misinformation as an independent factor underscores the substantial 429 

influence of information disorder on vaccination behavior, even in contexts where 430 

vaccine availability and access have improved. This highlights the importance of 431 

addressing not only the volume of information circulating during public health 432 

emergencies but also its accuracy, credibility, and interpretation. The observed ethnic 433 
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differences in vaccine uptake further emphasize the need for context-specific approaches 434 

that account for sociocultural diversity in public health communication. 435 

Overall, the findings suggest that effective management of infodemics is critical to 436 

sustaining and improving vaccine uptake. Public health responses that integrate targeted 437 

misinformation mitigation strategies alongside culturally sensitive engagement efforts 438 

are more likely to enhance trust in health authorities and support equitable vaccination 439 

outcomes. 440 
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