Online Supplementary Information (SI)

The effects of emotions on online political participation: A Systematic Review

Anonymized for peer review



Contents
1	Search and coding protocol	4
1.1	Inclusion/exclusion criteria	4
1.2	Search terms and databases	5
1.2.1	Web of Science Core Collection	5
1.2.2	Scopus	6
1.2.3	IEEE Xplore Digital Library	6
1.2.4	ProQuest™ Dissertations & Theses Citation Index	7
1.3	Coding	7
1.3.1	General Information on Coding	7
1.3.2	Report Characteristics	8
1.3.3	Study Characteristics	10
1.3.4	Emotion Variables	12
1.3.5	Online Political Participation Variables	15
1.3.6	Outcomes and Effects	19
1.3.7	Quality Assessment	20
1.3.8	Mixed Methods Appraisal Tool (MMAT) Version 2018	21
1.4	List of included studies	24
1.5	Inter-rater agreement	31
2	Sensitivity Analysis: Methods and Detailed Results	33
2.1	Methodological Foundation	33
2.2	Sensitivity Criteria and Quality Threshold	33
2.3	Methodological Quality of Included Studies	34
2.4	Sensitivity Analysis by Dimension	35
3	PRISMA 2020 abstract checklist	39
4	PRISMA 2020 main checklist	41
5	Synthesis Without Meta-analysis (SWiM) reporting items	47
6	References	49




List of Tables

Table A1 Inclusion and exclusion criteria	4
Table A2 Search strategy in the Web of Science database	5
Table A3 Search strategy in the Scopus database	6
Table A4 Search strategy in the IEEE Xplore Digital Library database	6
Table A5 Search strategy in the ProQuest Dissertations & Theses Citation Index database	7
Table A6 Reliability Summary Across All Phases	32
Table A7 Kappa (κ) for Key Variables (Outcomes)	32
Table A8 Methodological quality distribution (MMAT)	34
Table A9 Methodological Quality by Study Design	35
Table A10 Scientific Transparency Practices	35
Table A11 Sensitivity to Methodological Quality	36
Table A12 Variation by Digital Platform	36
Table A13 Cultural Variation (WEIRD vs Non-WEIRD)	36
Table A14 Contextual specialization (elections vs political communication)	37
Table A15 Specialization by type of online political participation	37
Table A16 PRISMA Abstract Checklist	39
Table A17 PRISMA main checklist	41
Table A18 Synthesis Without Meta-Analysis (SWiM) Reporting Items	47




[bookmark: _Toc215931777]Search and coding protocol

This section describes the systematic procedures used to identify, select, and code the studies included in this review. Following the PRISMA guidelines, we employed a rigorous and transparent approach across all stages of the review process.
The protocol includes the definition of inclusion and exclusion criteria (Section 1.1), development and execution of search strategies across multiple databases (Section 1.2), systematic coding of study characteristics and variables (Section 1.3), and assessment of inter-rater reliability (Section 1.5). Each subsection provides detailed documentation to ensure the transparency and reproducibility of our methods.
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The inclusion and exclusion criteria were designed to identify original empirical studies using primary data that examined online political participation and emotions as associated variables (Table A1).

[bookmark: Table_A1][bookmark: _Toc214522260]Table A1
Inclusion and exclusion criteria
	Exclusion Criteria
	Inclusion Criteria

	Evidence synthesis (meta-analyses, reviews)
Conceptual and theoretical studies
Studies published in languages other than English
Abstracts or extended abstracts
Empirical studies that do not explore the existence of a relationship between variables
Purely methodological articles (e.g., emotion detection)
All inclusion criteria were not met
	Emotions as a variable
Use of digital media
Online political participation as a variable 
Original empirical work 


Note. All inclusion criteria must be met simultaneously (connector “and ”). The presence of any single exclusion criterion was sufficient to exclude a study from the review sample ("or" connector).

Screening was conducted in two stages: title and abstract screening, followed by full-text assessment when eligibility could not be determined from the abstract alone. At the abstract stage, records that clearly failed to meet one or more inclusion criteria or met any exclusion criteria were removed. When eligibility could not be determined from the abstract, the study was advanced to full-text assessment.

During full-text screening, potentially relevant articles were evaluated against all inclusion and exclusion criteria. When articles were not accessible through institutional subscriptions, open-access repositories, or interlibrary loan services, we contacted the authors via academic platforms (e.g., ResearchGate, personal websites) to request the full text before excluding the study for inaccessibility. Studies were excluded only when ineligibility or inaccessibility was confirmed.
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The database search strategy was developed in consultation with a research librarian at the State University of Londrina, Brazil, and was executed across the following databases: Web of Science Core Collection, Scopus, IEEE Xplore Digital Library, and ProQuest™ Dissertations and Theses Citation Index.
Search strategies were developed and adapted for each database by adjusting synonyms, Boolean operators, truncation symbols, and wildcards as needed. Searches were conducted across titles, abstracts, author keywords and database-indexed keywords. The complete search strategies for all the databases are presented below.

[bookmark: _Toc215931780]Web of Science Core Collection

[bookmark: _Toc214522261]Table A2
Search strategy in the Web of Science database
	Interface:
	Clarivate (Web of Science)  

	Field labels:
	TS = Topic (title, abstract, author keywords, Keywords Plus) . * = truncation

	Date:
	May 9, 2024

	Results:
	2,256

	Limits:
	Language = English; Timespan = – May 9, 2024

	Note:
	use quotation marks for exact phrases

	Search strings:
TS=((emotio* OR emotivism OR sentiment OR Affective OR feeling OR mood OR “political psychology” OR sadness OR fear OR anger OR joy OR surprise OR guilt OR anxiety OR passion* OR hope OR boredom OR demoralization OR euphoria OR frustration OR pleasure) AND ((“Messaging Apps” OR WeChat OR WhatsApp OR Facebook OR Twitter OR Weibo OR Youtube OR Instagram OR TikTok OR “social media” OR “social networking sites” OR blogs OR “media use” OR “digital media” OR “Media, Digital”) AND (activis* OR protest OR “online political participation” OR “online participation” OR mobilization OR “political communication” OR participation OR “political engagement” OR “digital activism” OR “cyberactivism” OR clicktivism OR “cyber-activism” OR “online activism” OR “social media activism” OR “internet activism” OR “informational activism” OR “web activism” OR “e-activism” OR “hashtag activism” OR “net activism” OR “mobile activism” OR “online petition” OR “Online Mobilization” OR “political participation online” OR “digital political mobilization” OR “political participation”)))



[bookmark: _Toc215931781]Scopus

[bookmark: _Toc214522262]Table A3
Search strategy in the Scopus database
	Interface:
	Elsevier (Scopus)

	Field labels:
	TITLE-ABS-KEY(…) . * = truncation 

	Date:
	May 9, 2024

	Results:
	3,058

	Limits:
	Language = English; Timespan = – May 9, 2024

	Note:
	use quotation marks for exact phrases

	Search strings:
TITLE-ABS-KEY ( ( emotio* OR emotivism OR sentiment OR affective OR feeling OR mood OR "political psychology" OR sadness OR fear OR anger OR joy OR surprise OR guilt OR anxiety OR passion* OR hope OR boredom OR demoralization OR euphoria OR frustration OR pleasure ) AND ( ( "Messaging Apps" OR wechat OR whatsapp OR facebook OR twitter OR weibo OR youtube OR instagram OR tiktok OR "social media" OR "social networking sites" OR blogs OR "media use" OR "digital media" OR "Media, Digital" ) AND ( activis* OR protest OR "online political participation" OR "online participation" OR mobilization OR "political communication" OR participation OR "political engagement" OR "digital activist" OR "cyberactivism" OR clicktivism OR "cyber-activist" OR "online activism" OR "social media activism" OR "internet activism" OR "informational activism" OR "web activism" OR "e-activism" OR "hashtag activism" OR "net activism" OR "mobile activism" OR "online petition" OR "Online Mobilization" OR "political participation online" OR "digital political mobilization" OR "political participation" ) ) )
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[bookmark: _Toc214522263]Table A4
Search strategy in the IEEE Xplore Digital Library database
	Interface:
	IEEE Xplore

	Field labels:
	All Metadata (title, abstract, author keywords, etc.) . * = truncation

	Date:
	May 9, 2024

	Results:
	419

	Limits:
	Language = English; Timespan = – May 9, 2024

	Note: 
	

	Search strings: 
("All Metadata":emotio* OR "All Metadata":emotivism OR "All Metadata":sentiment OR "All Metadata":Affective OR "All Metadata":feeling OR "All Metadata":mood OR "All Metadata":“political psychology” OR "All Metadata":sadness OR "All Metadata":fear OR "All Metadata":anger OR "All Metadata":joy OR "All Metadata":surprise OR "All Metadata":guilt OR "All Metadata":anxiety OR "All Metadata":passion* OR "All Metadata":hope OR "All Metadata":boredom OR "All Metadata":demoralization OR "All Metadata":euphoria) AND ("All Metadata":“Messaging Apps” OR "All Metadata":WeChat OR "All Metadata":WhatsApp OR "All Metadata":Facebook OR "All Metadata":Twitter OR "All Metadata":Weibo OR "All Metadata":Youtube OR "All Metadata":Instagram OR "All Metadata":TikTok OR "All Metadata":“social media” OR "All Metadata":“social networking sites” OR "All Metadata":blogs OR "All Metadata":“media use” OR "All Metadata":“digital media” OR "All Metadata":“Media, Digital”) AND ("All Metadata":activis* OR "All Metadata":protest OR "All Metadata":"online participation" OR "All Metadata":mobilization OR "All Metadata":"political communication" OR "All Metadata":participation OR "All Metadata":"political engagement" OR "All Metadata":"digital activism" OR "All Metadata":"cyberactivism" OR "All Metadata":clicktivism OR "All Metadata":"cyber-activism" OR "All Metadata":"online activism" OR "All Metadata":"social media activism" OR "All Metadata":"internet activism" OR "All Metadata":"informational activism" OR "All Metadata":"web activism" OR "All Metadata":"e-activism" OR "All Metadata":"hashtag activism" OR "All Metadata":"online petition" OR "All Metadata":"digital political mobilization")
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[bookmark: _Toc214522264]Table A5
Search strategy in the ProQuest Dissertations & Theses Citation Index database
	Interface:
	Web of Science (ProQuest Dissertations & Theses Citation Index)

	Field labels:
	TS = Topic * = truncation

	Date:
	May 9, 2024

	Results:
	505

	Limits:
	Language = English; Timespan = – May 9, 2024

	Note: 
	use quotation marks for exact phrases

	Search strings: 
TS=((emotio* OR emotivism OR sentiment OR Affective OR feeling OR mood OR “political psychology” OR sadness OR fear OR anger OR joy OR surprise OR guilt OR anxiety OR passion* OR hope OR boredom OR demoralization OR euphoria OR frustration OR pleasure) AND ((“Messaging Apps” OR WeChat OR WhatsApp OR Facebook OR Twitter OR Weibo OR Youtube OR Instagram OR TikTok OR “social media” OR “social networking sites” OR blogs OR “media use” OR “digital media” OR “Media, Digital”) AND (activis* OR protest OR “online political participation” OR “online participation” OR mobilization OR “political communication” OR participation OR “political engagement” OR “digital activism” OR “cyberactivism” OR clicktivism OR “cyber-activism” OR “online activism” OR “social media activism” OR “internet activism” OR “informational activism” OR “web activism” OR “e-activism” OR “hashtag activism” OR “net activism” OR “mobile activism” OR “online petition” OR “Online Mobilization” OR “political participation online” OR “digital political mobilization” OR “political participation”)))
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[bookmark: _Toc215931785]General Information on Coding

This review uses the emotion–participation relationship as the unit of analysis, reflecting the multidimensional nature of the influence of emotions on online political participation. Each relationship is defined by five dimensions: (1) the specific emotion examined (e.g., anger, enthusiasm), (2) the form of political participation (e.g., sharing, commenting), (3) the national context, (4) the digital platform, and (5) the direction of effect (positive, negative, or null). Each unique combination of these dimensions constituted an independent observation in the synthesis.
A single study may contribute to multiple relationships in the analysis. For instance, a study examining how anger and fear affect both content sharing and political discussion on Twitter would generate four distinct relationships (2 emotions × 2 participation forms × 1 platform). Cross-national studies generate separate relationships for each country because the cultural context may moderate emotional effects. This granular approach ensures that the synthesis captures the full complexity of emotion–participation dynamics while maintaining analytical precision.
To enable a systematic comparison across studies, standardized coding categories were developed through a two-stage inductive process. First, coders extracted emotion and participation measures verbatim from each study, preserving the authors' original terminology in "rich" variables (emo_measure_rich, opp_measure_rich, opp_pt_rich). Second, these measures were iteratively consolidated into standardized "clean" categories (emo_measure_clean, opp_measure_clean, opp_pt_clean) by grouping conceptually equivalent terms. For example, diverse labels such as "retweet behavior," "online sharing behavior," and "content dissemination on Twitter" were unified under the category "Share," as they all refer to the redistribution of political content through social networks. This process balanced fidelity to the original studies with the need for cross-study comparability in the data.
[bookmark: _Toc215931786]Report Characteristics
refid – Reference ID
Objective. Unique identifier assigned to each report in the review process. 
How to code. Automatic assignment through the reference management system. 
Response format. Automatic.
author – Author
Objective. Register complete authorship of the publication. 
How to code. Enter full name(s) as they appear in the publication. 
Response format. Free text.
year_publication – Year
Objective. Publication year of the report. 
How to code. Use the year of the most recent version when multiple versions exist. 
Response format. Numeric (YYYY).
report_type – Report Type
Objective. Classify the type of publication. 
How to code. Select the category that best describes the publication. When multiple formats exist, prioritize the one with higher review rigor. 
Response format. Categorical (single choice). 
Options. Journal article; Book; Book chapter; PhD dissertation; MA thesis; Conference paper.
report_title – Title
Objective. Register complete title as published. 
How to code. Copy the title exactly as it appears in the publication, preserving capitalization and punctuation from the source. 
Response format. Automatic.
publication_title – Publication Title
Objective. Identify publication venue/source. 
How to code. Enter full name of journal, publisher, or conference in its official format. 
Response format. Automatic.
report_doi – DOI
Objective. Register digital identifier when available. 
How to code. Copy complete DOI including prefix (e.g., 10.1080/10584609.2019.1661891).
Response format. Automatic (if imported) or Free text (if manually added).
abstract_note – Abstract Note
Objective. Preserve original abstract from publication. 
How to code. Extract complete abstract/summary text as presented. 
Response format. Automatic (if imported) or Free text (if manually added).
peerreviewed – Peer-reviewed
Objective. Determine peer review status. 
How to code. Select Peer reviewed for journal articles with review process; Not peer reviewed for working papers, dissertations, reports; Can't tell when information is unclear. 
Response format. Categorical (single choice). 
Options. Peer reviewed; Not peer reviewed; Can't tell.
funding – Funding Information
Objective. Identify presence of funding. 
How to code. Select Yes if explicit mention of funding, grants, or sponsorship; No otherwise.
Response format. Binary (Yes/No). 
Options. Yes; No.
funder_name – Funder Name
Objective. Specify funding source when applicable. 
How to code. List complete name(s) of funding institution(s) as reported. 
Response format. Free text. 
Dependency. Fill only if funding = Yes.
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type_methods – Methodological Classification
Objective. Classify the methodological nature of the study.
How to code. Select the category that best describes the study’s approach.
Response format. Categorical (single choice).
Options. Qualitative; Quantitative; Mixed methods.
statistical_tech – Statistical Techniques
Objective. Identify statistical techniques used.
How to code. Indicate “No” if no techniques are used; if “Yes”, list techniques (e.g., OLS, Logit, Poisson, MLM, SEM, DiD, IV, Propensity Score, Bayes).
Response format. Free text.
Note. Use established abbreviations and, when possible, reference the article’s methodology section.
study_design – Study Design and Method
Objective. Register the primary study design.
How to code. Choose the predominant category reported by the authors.
Response format. Categorical (single choice).
Options. Content analysis (computer-assisted); Content analysis; Experiment; Survey; Panel survey; Quasi-experiment.
study_type – Study Type
Objective. Capture study type in terms of temporality and randomization.
How to code. Select the option that best corresponds to the design.
Response format. Categorical (single choice).
Options. Cross-sectional; Randomized trial; Longitudinal; Panel.
automated_analysis – Automated Analysis
Objective. Indicate whether automated analysis was employed (e.g., NLP, computer vision).
How to code. Select Yes or No.
Response format. Binary (Yes/No).
Options. Yes; No.
automated_analysis_used – Automated Analysis Used
Objective. Specify the type of automation when applicable.
How to code. Describe the technique (e.g., lexicons, transformers, topic modeling, sentiment/emotion classifiers, image recognition).
Response format. Free text.
Dependency. Fill only if automated_analysis = Yes.
sampling – Sampling
Objective. Characterize the sampling method.
How to code. Select one category using the decision rules below. The categories are mutually exclusive. When applicable, specify the subtype in the comment (e.g., for “Probabilistic sampling,” note: “stratified”).
Response format. Categorical (single choice) + optional comment.
Options. Random sampling; Probabilistic sampling (non-SRS); Non-probabilistic sampling; Census.
Decision Rules (Mutually Exclusive Categories)
1. Random sampling (SRS). Selection where every unit in a defined sampling frame has an equal and known probability of selection. This is a specific, ideal type of probabilistic sampling.
Terms. “simple random sample”, “random draw”, “uniform random selection”.
Example. “A simple random sample of 1,000 users was drawn from the complete national voter registry.”
2. Probabilistic sampling (non-SRS). Selection with known, non-zero, but not equal probabilities. The design imposes unequal inclusion via stratification, clustering, multistage selection, systematic (with random start), or PPS. RDD qualifies only when selection probabilities are documented.
Types. Stratified; cluster; multistage; systematic (random start); PPS; RDD (with documented inclusion probabilities).
Example. “We used a stratified random sample, drawing participants from each state proportional to its population.”
3. Non-probabilistic sampling. Selection without a known probability mechanism; inclusion probabilities cannot be calculated. Also use this when authors say “random” but no frame/mechanism ensures known probabilities (de facto pseudo-random). RDD with demographic quotas that break probability belongs here. Platform/API ‘random’ samples without documented inclusion probabilities also belong here.
Types. Convenience; quota; purposive; snowball; volunteer opt-in; pseudo-random draws without a frame; RDD with quota constraints that remove known inclusion probabilities; platform/API stream “samples” without documented selection.
Examples. “We collected a convenience sample of users who clicked a promoted link on Twitter/X.” “We ‘randomly’ selected 500 tweets from search results (no frame).”
4. Census. The dataset includes the entire population (universe) of interest, as defined ex ante for the analysis.
Example. “Our analysis includes all public posts made by the two main presidential candidates’ official accounts in the 3 months before the election.”
sample_size – Sample Size
Objective. Register the size of the analyzed sample.
How to code. Enter the reported integer number (n).
Response format. Numeric (integer).
Note. If the study reports multiple samples, register the one referring to the association in focus.
sample_type – Sample Type
Objective. Indicate the type of sampling unit.
How to code. Select the category that describes the analyzed material.
Response format. Categorical (single choice).
Options. Images; Messages; News Articles; Participants; Petitions; Posts; Threads; Tweets; Videos.
number_association – Number of Associations
Objective. Report how many analytical associations the report contains.
How to code. Enter the total number of associations extracted from the study.
Response format. Numeric (integer ≥ 1).
id_association – Association ID
Objective. Unique identifier for the association.
How to code. Automatic assignment according to spreadsheet/extraction routine.
Response format. Automatic.
country – Country
Objective. Country where the sample was recruited/collected.
How to code. Use a standardized country list. For multiple countries, create one association per country.
Response format. Categorical (country list).
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emo_measure_rich – Emotion Measure
Objective. Register the original name of the emotional variable as described.
How to code. Extract the exact terminology used by the authors, preserving original phrasing and conceptual variations.
Response format. Free text.
emo_measure_clean – Emotion Measure Clean
Objective. Classify emotion-related measures into standardized categories based on the emotional construct explicitly measured.
How to code. Assign one category per measure, following the priority rules: Primary Emotion Priority → Valence Rule → Generic Classification. Map from emo_measure_rich to emo_measure_clean inductively using these rules.
Response format. Categorical (single choice).
Options. Anger; Anxiety; General Emotionality; Enthusiasm; Fear; Happiness; Hope; Negative emotion; Nostalgia; Other; Positive emotion; Pride; Resentment; Sadness.
Coding Principles
Primary Emotion Priority. When studies explicitly name discrete emotions (anger, fear, hope), use the specific emotion category regardless of measurement method (scales, LIWC, emoji, ML).
Valence Rule. Measures focusing on positive/negative emotional valence without specific emotions are classified as Positive emotion or Negative emotion.
Generic Classification. General emotional measures (“emotionality,” “emotional content,” “sentiment”) are coded as General Emotionality only if they are explicitly neutral or mixed. If the description, context, or common academic use implies a clear positive or negative polarity (even without discrete emotions), code Positive emotion or Negative emotion.
Decision rule. Ask: “Does the term most commonly denote a positive or a negative state?” If yes, use the valence code. If it is truly neutral (e.g., “emotional arousal”) or explicitly mixed (e.g., “emotional content”), use General Emotionality.
Examples. “Positive sentiment” → Positive emotion; “Negative affect” → Negative emotion; “Sentiment” → General Emotionality; “Emotionality” → General Emotionality; “Emotional arousal” → General Emotionality.
Emoji Mapping. Emoji-based measures map to corresponding emotional meanings (e.g., angry emoji → Anger, sad emoji → Sadness, heart emoji → Positive emotion).
Mapping basis. emo_measure_clean is derived inductively from emo_measure_rich by grouping synonymous or closely related labels into standardized categories.
Disambiguation Rules
Happiness vs Positive emotion. Use Happiness only when joy/happiness/contentment is explicitly named; use Positive emotion for general positive valence or mixed positive affects.
Anxiety vs Fear. Use Fear for threat perception of immediate/concrete dangers; use Anxiety for worry about abstract/future uncertainties.
Anger vs Resentment. Use Anger for immediate rage/indignation; use Resentment only for group-based bitterness or sustained grievance.
Categories
Anger. Rage, indignation, outrage, and anger-related constructs.
Anxiety. Worry, nervousness, tension, and anxiety-related states.
Fear. Threat perception, danger, fright, and fear-related constructs.
Sadness. Sadness, sorrow, dejection, and related negative affects.
Resentment. Resentment and bitterness, particularly group-based resentment.
Enthusiasm. Excitement, energetic positive engagement, and enthusiasm-related constructs.
Happiness. Joy, happiness, contentment, and happiness-related constructs.
Hope. Optimism, positive future expectations, and hope-related constructs.
Pride. Pride in groups, achievements, or political entities.
Nostalgia. Longing for idealized past states.
Positive emotion. Positive emotional valence or affect without specific discrete emotion focus.
Negative emotion. Negative emotional valence or affect without specific discrete emotion focus.
General Emotionality. General emotionality, mixed emotional content, or emotional intensity measures.
Other. Unusual emotional constructs that do not fit standard categories.
emo_explicit_oper – Explicit Operationalization
Objective. Determine whether the study provides explicit operationalization of the emotional variable.
How to code. Select Yes if a clear definition, measurement procedure, or theoretical framework is provided; No if operationalization is absent or unclear.
Response format. Binary (Yes/No).
Options. Yes; No.
emo_valence – Valence
Objective. Identify whether the study uses emotional valence to categorize emotions.
How to code. Select Yes if the study explicitly uses positive/negative valence dimensions; No if valence is not considered or mentioned.
Response format. Binary (Yes/No).
Options. Yes; No.
emo_discrete – Discrete
Objective. Determine whether emotions are represented as discrete emotions in the study.
How to code. Select Yes if the study focuses on specific, distinct emotional states (e.g., anger, joy, fear); No if emotions are treated as general constructs or dimensional measures.
Response format. Binary (Yes/No).
Options. Yes; No.
emo_potency – Potency–Control
Objective. Identify whether the study classifies emotions considering the potency–control dimension.
How to code. Select Yes if the study explicitly considers control, dominance, or potency aspects; No otherwise.
Response format. Binary (Yes/No).
Options. Yes; No.
emo_arousal – Arousal
Objective. Determine whether the study classifies emotions considering arousal levels.
How to code. Select Yes if the study explicitly considers activation, intensity, or arousal dimensions; No if arousal is not mentioned or considered.
Response format. Binary (Yes/No).
Options. Yes; No.
emo_methods – Method of Measuring Emotions
Objective. Document the methodological approach used to measure emotions.
How to code. Describe the measurement technique (e.g., Likert scales, LIWC, manual coding, automated sentiment/emotion analysis, physiological measures, emoji analysis).
Response format. Free text.
emo_content – Content Source
Objective. Identify the type of content from which emotions were extracted.
How to code. Specify the material analyzed (e.g., social media posts, news articles, survey responses, interview transcripts, images, videos).
Response format. Free text.
emo_object – Associated Object
Objective. Register the target or object with which emotions are associated.
How to code. Describe what the emotions are directed toward (e.g., political candidates, policies, events, institutions, social groups).
Response format. Free text.

[bookmark: _Toc215931789]Online Political Participation Variables
opp_measure_rich – Online Political Participation Measure
Objective. Register the original name of the online political participation variable as described.
How to code. Extract the exact terminology used by the authors, preserving original phrasing and conceptual variations across studies.
Response format. Free text.
opp_measure_clean – Online Political Participation Measure Clean
Objective. Categorize measures of online political participation into standardized codes based on the description provided in the original study.
How to code. Assign one category using the hierarchical code system. Decision priority: mobilization/institutional → directed communication → basic interactions → consumption. For ambiguous cases, apply channel priority (private channels take precedence) and intention mapping (behavioral intentions coded as target actions). Choose the most specific applicable code (e.g., “share via DM” → 401, not 203).
Response format. Categorical (single choice from code system).
Options. See detailed code families below.
Critical coding rules
Channel priority. Private > function (DM/WhatsApp/email → 401 Message (private) even if it is a “share”).
Intention mapping. Intention → target action (e.g., “intention to comment” → 202 Comment).
Specificity. Prefer the most specific code that matches the description.
211 vs 702 (no overlap). 211 = simple sum of L+C+S for one item; 702 = absolute popularity for one item that is broader or platform-defined (e.g., includes reactions, weighted/normalized totals, “total engagement”).
701 vs 702. 701 = relative performance (vs history/benchmark); 702 = absolute popularity (within-item total).
Foundational distinctions
Atomic vs composite. Atomic codes = single observable actions (e.g., like, comment, share, repost, post, message, petition, mobilize). Composite codes = indices/scales/aggregates that combine multiple items or computations (e.g., L+C+S sum 211; reactions aggregate 213; standardized OPP index 511; psychometric scales with reliability 212/612; network mobilization indices 611).
Index vs. scale (terminology). Use index for summative/aggregate behavioral metrics (e.g., 211, 213, 611, 613). Use scale for psychometric constructs with reliability (e.g., 212, 612).
Code Families and Definitions
A – Information Consumption & Exposure
101 – Read/Click. Reading, viewing, or clicking content for exposure/consumption (atomic).
Example. “Intentions to read (click to read more)”.
102 – Information behavior. Multi-item indices of information-seeking behaviors with reliability statistics (Index/Composite).
Examples. “Information seeking scale (α = .88, 4 items)”; items like “I look for political information online” + “I visit news sites”.
B – Basic Expressive Interactions
201 – Like. Liking or reacting with emoji/reactions to content (Atomic).
Example. “Number of likes” and “angry emoji reactions.”
202 – Comment. Commenting or replying with text in public spaces (atomic).
Example. “Comment frequency”; “replies”.
203 – Share. Generic public share/forward using a platform’s share button or link (Atomic).
Examples. “Intention to share a news piece publicly”; share count on a Facebook post.
204 – Repost. Platform-native reposting retweet, repost, and quote tweet (Atomic).
Examples. “Retweets”; “quote tweets”.
211 – Engagement. Simple aggregation of likes + comments + shares (unweighted sum) for a single item (composite).
Example. “Interaction = likes + comments + shares.”
212 – User engagement. Psychometric scale of engagement intentions/behaviors with reliability (scale/composite).
Examples. “Social media intentions (like, comment, share publicly, repost), ω = .79”; Likert items such as “I would like political posts”.
213 – Reactions. Aggregated reactions (e.g., likes + emoji reactions) for a single item (aggregate/composite).
Example. “Digital reactions = likes + emojis.”
C – Expression & Content Creation
301 – Post. Generic posting frequency without specified political content (atomic).
Examples. “Frequency of posting”; “tweets posted about the protest”.
311 – Political expression. Multi-item indices of political expression online (Index/Composite).
Example. “Online political expression (7 items; α = .92)”.
312 – Opinion expression. Scales measuring opinion expression behaviors across contexts (Scale/Composite).
Example. “Opinion expression (comment on news, generate graphics, change profile pic)”.
D – Directed Communication
401 – Message. Private messaging via DM, WhatsApp, Telegram, email, or similar channels (Atomic).
Examples. “Sending a political message via DM”; “political discussion via WhatsApp group”.
411 – Interactive Communication and Discussion. Measures of interactive communication, conversational reciprocity, and directed discussion behaviors in online political contexts, including discussion intentions, corrective/persuasive participation, and reciprocal engagement patterns (Index/Composite).
Examples. "Discussion intention index (α = .90): items like 'I would discuss politics in online groups' and 'I would debate on social media'"; "Initiator interactivity measures reciprocity of thread initiator"; "ratio of replies received to replies given in a political thread"; "Corrective political participation scale (α = .85): 'I try to persuade others online'"; "Discussant Interactivity".

E – Institutional Online Engagement
511 – Online political participation (OPP). Standardized OPP indices e.g., join groups, encourage others, sign petitions, contact officials (Index/Composite).
Example. “OPP (join groups, encourage others, sign petitions, contact officials), α = .88”.
512 – Petition engagement. Comprehensive measures of petition-related behaviors in online political contexts, including signing petitions, forwarding to others, seeking information about petitions, and broader intention to engage with petition platforms and causes (Composite).
Examples. "Petition action index (seek info; intention to sign; forwarding)"; "Signature Count"; "Petition-related action"; "Sign a petition (Change.org)".

F – Mobilization & Collective Action
601 – Mobilize (call to action). Calling for or organizing collective action online.
Examples. “Calls for collective action”; “organize via hashtag”(Atomic).
602 – Protest intention. Intention/likelihood to participate in protests (Atomic).
Example. “Intention to protest coded as 1”.
611 – Mobilization. Network mobilization indices e.g., attention × diffusion (Index/Composite).
Example. “Mobilization = retweets × number of new participants”.
612 – Collective Action & Social Media Activism. Multi-item indices and scales measuring online collective action participation and social media activism behaviors, including joining movements, encouraging others, protesting online, and advocating for causes (Index/Composite).
Examples. "Online collective action (Ω = .90): protest online; sign online petitions"; "Collective action intentions"; "Activism scale (join movement groups; encourage others to join/protest)"; "Online collective action against climate change".

G – Performance & Popularity Metrics
701 – Performance benchmark. Relative performance versus baseline/benchmark e.g., own historical average; competitor/industry benchmark (Composite).
Examples. “Overperforming vs last 100 posts”; video views compared to channel average; engagement above competitor benchmark.
702 – Popularity. Absolute popularity for a single item/post, aggregating likes, comments, shares, and reactions or platform-defined “total engagement” (Aggregate/Composite).
Examples. Total likes + comments + shares + reactions on a post; platform-reported total engagement for one item.
opp_explicit_oper – Explicit Operationalization of OPP
Objective. Determine whether the study provides explicit operationalization of the online political participation variable.
How to code. Select Yes if a clear definition, measurement procedure, or theoretical framework is provided; No if operationalization is absent or unclear.
Response format. Binary (Yes/No).
Options. Yes; No.
opp_methods – Method of Measuring Online Political Participation
Objective. Document the methodological approach used to measure online political participation.
How to code. Describe the measurement technique (e.g., survey scales, behavioral tracking, content analysis, platform APIs, manual coding).
Response format. Free text.
opp_methods_add – Additional Information on OPP Measurement
Objective. Provide detailed information when OPP is measured using complex instruments.
How to code. If OPP uses scales, item sets, or complex instruments, provide reliability statistics (α, ω), number of items, and a brief description of components.
Response format. Free text.
Dependency. Fill when opp_methods indicates scale/index measurement.
opp_dm – Digital Media Used
Objective. Identify the digital media platform(s) used to assess political participation.
How to code. Specify the platform(s) analyzed (e.g., Twitter, Facebook, WhatsApp, Instagram, YouTube, TikTok, Reddit). For multiple platforms, list all or indicate “multiple platforms.”
Response format. Free text.
opp_pt_rich – Political Topic
Objective. Register the original political topic, issue, or domain addressed in the study.
How to code. Extract the exact description of political context used by the authors, preserving original terminology and scope.
Response format. Free text.
opp_pt_clean – Political Topic Clean
Objective. Categorize the primary topic or theme of online political participation studies into standardized categories.
How to code. Assign a single category based on the main focus. Precedence: Elections priority when the focus is the electoral process → specific issues → civil rights. Heuristic: “What is this study primarily examining?”
Response format. Categorical (single choice).
Options. 1. Elections, voting, and campaigning; 2. Political communication of politicians/political parties; 3. Immigration/refugees; 4. Protest; 5. Climate change and climate policy; 6. Healthcare; 7. Women and minority rights/issues; 8. Authoritarianism/Autocratization; 9. Foreign policy & war/military; 10. Populism & extremism; 11. Other.
Coding Principles (topic coding)
Primary Focus. Code based on the main topic, not peripheral mentions.
Precedence Rules. Elections priority when focus is electoral process; specific issues > civil rights; protest priority when explicit protest/march/rally language appears.
Categories 
Elections, Voting, and Campaigning: Elections, voting processes, political campaigns, and electoral candidates.
Political Communication of Politicians/Political Parties: Official communication from politicians or parties outside electoral contexts.
Immigration/Refugees: Immigration policy, refugee issues, asylum, and border control.
Protest: Explicit protests, demonstrations, marches, rallies, or strikes.
Climate Change and Climate Policy: Climate change, global warming, emissions, and climate policy.
Healthcare: Public health issues and COVID-19 responses.
Women and Minority Rights/Issues: Women’s rights, gender equality, minority rights.
Authoritarianism/Autocratization: Issues related to authoritarianism, autocratization and democratic governance.
Foreign Policy & War/Military: Foreign policy, war, and military-related issues.
Populism & Extremism: Populist movements and political extremism.
Other: Topics that do not fit into standard categories.
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relationship_variable – Relationship Type
Objective. Identify the type of statistical relationship found between variables.
How to code. Select the category that best describes the analytical relationship reported by authors. Choose Causal Effects for experimental designs or explicit causal inference; Correlations for associational relationships; Can’t tell when methodology is unclear or insufficient for determination.
Response format. Categorical (single choice).
Options. Causal Effects; Correlations; Can’t tell.
mediation_analysis – Mediation Analysis Conducted
Objective. Determine whether the study performed formal mediation analysis.
How to code. Select Yes if the study explicitly conducts mediation analysis using established methods; No if no mediation analysis is performed.
Response format. Binary (Yes/No).
Options. Yes; No.
emotion_as_mediator – Emotion as Mediator
Objective. Identify whether emotion variables are tested as mediators in the analytical model.
How to code. Select Yes if an emotion variable is positioned as mediator in the causal pathway; No if emotion is independent, dependent, or moderator variable.
Response format. Binary (Yes/No).
Options. Yes; No.
iv – Independent Variable
Objective. Document the independent variable(s) in the reported effect.
How to code. Describe the predictor variable according to standardized categories from Emotion Measure Clean or Online Political Participation Measure Clean when applicable, or specify other variables (e.g., demographic, contextual, experimental conditions).
Response format. Free text.
mediation – Mediation
Objective. Identify mediating variable(s) when mediation analysis is conducted.
How to code. Describe the mediating variable according to standardized categories from Emotion Measure Clean or Online Political Participation Measure Clean when applicable, or specify other mediating mechanisms.
Response format. Free text.
Dependency. Fill only if mediation_analysis = Yes.
dv – Dependent Variable
Objective. Document the dependent variable(s) in the reported effect.
How to code. Describe the outcome variable according to standardized categories from Emotion Measure Clean or Online Political Participation Measure Clean when applicable, or specify other outcome variables (e.g., political attitudes, behavioral intentions, engagement metrics).
Response format. Free text.
effect – Effect Direction
Objective. Indicate the conceptual direction between the coded Emotion Measure Clean and Online Political Participation Measure Clean.
How to code. Use the authors’ interpretation (abstract/results/discussion), ignore statistical significance. Code: 1 = increases/facilitates, 0 = neutral/none, -1 = decreases/inhibits.
Examples. 1: “anger increases sharing”; 0: “no clear effect”; -1: “fear decreases commenting”.
Response format. Categorical (single choice).
Options. 1 – Positive; 0 – Neutral; -1 – Negative.
hetero_effects – Heterogeneity of Effects
Objective. Determine whether effects vary across different subgroups or conditions.
How to code. Select Yes if the study reports differential effects across demographics, platforms, time periods, or other moderating factors; No if uniform effects are reported; Can’t tell if insufficient information for determination.
Response format. Categorical (single choice).
Options. Yes; No; Can’t tell.
author_description – Author’s Description
Objective. Preserve the original author interpretation of findings.
How to code. Copy the exact textual description or interpretation of the relationship as provided by the study authors, focusing on results and discussion sections.
Response format. Free text (direct quotation).
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score_mmat – Score MMAT
Objective. Register the final methodological quality score using the Mixed Methods Appraisal Tool.
How to code. Compute as the proportion of “Yes” responses to applicable MMAT criteria divided by the total applicable criteria for the study’s design category (exclude non-applicable items from the denominator). Range: 0.00–1.00.
Response format. Numeric (decimal, 0.00–1.00).
pre_registered – Pre-Registered
Objective. Determine whether the study pre-registered its hypotheses and research questions.
How to code. Select Yes if the paper explicitly mentions preregistration on a recognized platform (e.g., OSF, AsPredicted, clinical trial registries); No if absent or only post-hoc.
Response format. Binary (Yes/No).
Options. Yes; No.
open_data – Open Data
Objective. Identify whether study data and/or analytical scripts are openly accessible.
How to code. Select Yes if data/scripts are available in public repositories (e.g., OSF, GitHub, journal supplements, institutional repositories); No if not shared or only “upon request.”
Response format. Binary (Yes/No).
Options. Yes; No.
competing_interest – Competing Interest
Objective. Document whether authors declared competing interests.
How to code. Select Yes if the paper includes an explicit competing-interests/conflicts statement; No if it states none or provides no statement.
Response format. Binary (Yes/No).
Options. Yes; No.
competing_interest_description – Competing Interest Description
Objective. Specify the nature of competing interests when declared.
How to code. Copy the exact statement as reported (e.g., funding sources, institutional affiliations, commercial relationships).
Response format. Free text.
Dependency. Fill only if competing_interest = Yes.
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mmat_category – Category of Study Designs According to MMAT
Indicate the methodological category that best represents the study design to determine which MMAT criteria should be applied. 
Options: 1. Qualitative Studies; 2. Randomized Controlled Trials; 3. Non-Randomized Studies; 4. Quantitative Descriptive Studies; 5. Mixed Methods Studies
mmat_s1 – Clear Research Questions
Are there clear research questions? 
Options: Yes; No; Can't tell
mmat_s2 – Data Address Research Questions
Do the collected data allow to address the research questions? 
Options: Yes; No; Can't tell
mmat_1_1 – Qualitative Approach Appropriate
Is the qualitative approach appropriate to answer the research question? 
Options: Yes; No; Can't tell
mmat_1_2 – Qualitative Data Collection Methods
Are the qualitative data collection methods adequate to address the research question? 
Options: Yes; No; Can't tell
mmat_1_3 – Findings Derived from Data
Are the findings adequately derived from the data? 
Options: Yes; No; Can't tell
mmat_1_4 – Interpretation Substantiated
Is the interpretation of results sufficiently substantiated by data? 
Options: Yes; No; Can't tell
mmat_1_5 – Qualitative Coherence
Is there coherence between qualitative data sources, collection, analysis and interpretation? 
Options: Yes; No; Can't tell
mmat_2_1 – Randomization Performance
Is randomization appropriately performed? 
Options: Yes; No; Can't tell
mmat_2_2 – Groups Comparable at Baseline
Are the groups comparable at baseline? 
Options: Yes; No; Can't tell
mmat_2_3 – Complete Outcome Data (RCT)
Are there complete outcome data? 
Options: Yes; No; Can't tell
mmat_2_4 – Outcome Assessors Blinded
Are outcome assessors blinded to the intervention provided? 
Options: Yes; No; Can't tell
mmat_2_5 – Participant Adherence
Did the participants adhere to the assigned intervention? 
Options: Yes; No; Can't tell
mmat_3_1 – Participants Representative
Are the participants representative of the target population? 
Options: Yes; No; Can't tell
mmat_3_2 – Appropriate Measurements
Are measurements appropriate regarding both the outcome and intervention (or exposure)? 
Options: Yes; No; Can't tell
mmat_3_3 – Complete Outcome Data (Non-RCT)
Are there complete outcome data? 
Options: Yes; No; Can't tell
mmat_3_4 – Confounders Accounted
Are the confounders accounted for in the design and analysis? 
Options: Yes; No; Can't tell
mmat_3_5 – Intervention as Intended
During the study period, is the intervention administered (or exposure occurred) as intended? 
Options: Yes; No; Can't tell
mmat_4_1 – Sampling Strategy Relevant
Is the sampling strategy relevant to address the research question? 
Options: Yes; No; Can't tell
mmat_4_2 – Sample Representative
Is the sample representative of the target population? 
Options: Yes; No; Can't tell
mmat_4_3 – Measurements Appropriate
Are the measurements appropriate? 
Options: Yes; No; Can't tell
mmat_4_4 – Low Nonresponse Bias
Is the risk of nonresponse bias low? 
Options: Yes; No; Can't tell
mmat_4_5 – Statistical Analysis Appropriate
Is the statistical analysis appropriate to answer the research question? 
Options: Yes; No; Can't tell
mmat_5_1 – Mixed Methods Rationale
Is there an adequate rationale for using a mixed methods design to address the research question? 
Options: Yes; No; Can't tell
mmat_5_2 – Components Integration
Are the different components of the study effectively integrated to answer the research question? 
Options: Yes; No; Can't tell
mmat_5_3 – Integration Outputs Interpreted
Are the outputs of the integration of qualitative and quantitative components adequately interpreted? 
Options: Yes; No; Can't tell
mmat_5_4 – Divergences Addressed
Are divergences and inconsistencies between quantitative and qualitative results adequately addressed? 
Options: Yes; No; Can't tell
mmat_5_5 – Quality Criteria Adherence
Do the different components of the study adhere to the quality criteria of each tradition of the methods involved? 
Options: Yes; No; Can't tell
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One primary reviewer screened and extracted data for the entire sample across all phases of the systematic review. To assess inter-rater reliability, two independent reviewers evaluated random samples in each of the three phases: primary screening (10.82% of records), secondary screening (11.85% of records), and data extraction (14.47% of studies). During the primary screening, when reviewers disagreed about inclusion, the record automatically advanced to the secondary screening rather than being excluded. Inter-rater reliability was automatically calculated in DistillerSR using Cohen's kappa coefficient (Cohen, 1960).
Kappa values were interpreted according to Landis and Koch (1977): κ < 0.00 = poor; 0.00–0.20 = slight; 0.21–0.40 = fair; 0.41–0.60 = moderate; 0.61–0.80 = substantial; and 0.81–1.00 = almost perfect.
All disagreements in the tested samples were resolved through discussions between the reviewers. When the reviewers could not reach a consensus, a third reviewer (senior author) independently evaluated the case and made the final decision.
After completing the reliability analysis and resolving all disagreements, the primary reviewer (1) systematically reviewed the patterns identified in disagreements, (2) identified categories or definitions requiring clarification, (3) reviewed codings for the complete sample to verify consistency with the established consensus, and (4) updated codings when appropriate to ensure that the entire database reflected the consensus criteria. This protocol ensured that the quality demonstrated in the tested sample extended to the entire data set.

[bookmark: _Toc214522265]Table A6
Reliability Summary Across All Phases
	Phase
	Sample tested
	Kappa (κ)
	Interpretation

	Primary screening (title/abstract)
	10.82% (494/4,562)
	0.65
	Substantial

	Secondary screening (full-text)
	11.85% (39/329)
	0.90
	Almost perfect

	Extraction - Characteristics
	14.47% (11/76)
	1.00
	Perfect

	Extraction - MMAT
	14.47% (11/76)
	0.97
	Almost perfect

	Extraction - Outcomes (key variables)
	14.47% (11/76)
	0.91
	Almost perfect


Note. Reliability indices demonstrated consistently high methodological quality across all phases of the systematic review, with Kappas ranging from 0.65 (substantial) to 1.00 (perfect). All disagreements were resolved through discussion between the reviewers or third-party adjudication, and an established consensus was systematically applied to the complete sample.

[bookmark: _Toc214522266]Table A7
Kappa (κ) for Key Variables (Outcomes)
	Category
	Specific variable
	κ
	Interpretation

	Emotions
	
	
	

	
	emo_measure_clean (type)
	1.00
	Perfect

	
	Emotional valence
	1.00
	Perfect

	
	Discrete emotion (specific vs general)
	0.77
	Substantial

	Participation
	
	
	

	
	opp_measure_clean (specific type)
	0.89
	Almost perfect

	
	opp_measure_categories (broad)
	0.85
	Almost perfect

	Effect
	
	
	

	
	Effect direction (+/0/-)
	0.82
	Almost perfect


Note. The critical variables are highlighted in bold. An overall Kappa of 0.91 for the outcomes domain reflected high reliability in extracting key variables of the systematic review.
[bookmark: _Toc215931795]Sensitivity Analysis: Methods and Detailed Results 

[bookmark: _Toc215931796]Methodological Foundation

We conducted this sensitivity analysis according to the Synthesis Without Meta-analysis (SWiM) guidelines (Campbell et al., 2020) and Cochrane Handbook recommendations on qualitative sensitivity analysis (Noyes et al., 2019) and narrative synthesis (McKenzie & Brennan, 2019). We employed effect-direction vote counting as the primary analytical method (Cumpston et al., 2023).
We conducted analyses at two levels: (1) study level (n=76) to assess methodological quality (MMAT scores), transparency practices (preregistration, open data, conflict of interest declarations), and study design; and (2) association level (n=139) to examine heterogeneity in effect direction across digital platforms, political contexts, and cultural geographies.
[bookmark: _Toc215931797]Sensitivity Criteria and Quality Threshold

We classified studies as "high quality" when MMAT ≥ 0.6, corresponding to 3 or more of the 5 methodological criteria being met (Hong et al., 2018). The rationale for this threshold was threefold. Empirically, in public health systematic reviews, a 60% threshold of criteria met is frequently used as a cutoff for methodologically adequate studies (Pluye et al., 2009). Pragmatically, scores <0.6 indicate violation of three or more fundamental criteria, compromising internal validity (Hong et al., 2018). Additionally, this criterion aligns with MMAT's own categorizations, in which scores of 0.4–0.6 are considered "limited quality" and ≥ 0.6 "adequate quality."
Sensitivity thresholds were established based on narrative synthesis conventions (Popay et al., 2006; Rodgers et al., 2009) and judgments of substantive relevance in political communication research. We classified differences as robust (≤10pp) when substantively negligible, indicating that the effects maintained a similar direction and magnitude across subgroups. Moderately sensitive differences (11–30pp) represent moderate magnitude, warranting an in-depth qualitative investigation. Highly sensitive differences (>30pp) indicate strong contextual or methodological moderation. The 10pp threshold aligns with conventions in social intervention research, where this magnitude represents the minimum threshold of practical relevance(Lipsey & Wilson, 2001). The 30pp threshold captures differences between the upper and lower quartiles in meta-analyses of moderators (Borenstein et al., 2009).
We employed effect direction vote counting, classifying each tested association as positive, negative, or null, and calculating the percentage of Positive Effects per subgroup using the formula % Positive Effects = (N positive associations / N total tested) × 100 (Cumpston et al., 2023; McKenzie & Brennan, 2019). Subgroup comparisons used absolute differences in percentage points (pp).
Effect direction vote counting is methodologically superior to statistical significance vote counting (Cumpston et al., 2023) because it is not influenced by variations in statistical power or sample size across studies (Campbell et al., 2020). This method is appropriate when meta-analysis is not feasible because of substantial methodological heterogeneity.
[bookmark: _Toc215931798]Methodological Quality of Included Studies

First, study-level methodological quality was assessed using the Mixed Methods Appraisal Tool (MMAT), producing an average score per study and categorizing quality as High (≥0.8), Medium (0.6–0.79), Low (0.4–0.59), or Very Low (<0.4).
Descriptive statistics (Table A8) and quality by design type (Table A9) summarize the distribution of quality scores across quantitative, experimental, qualitative, and mixed-method designs.
Transparency indicators were also examined (Table A10), including preregistration, open data availability, and declaration of competing interests, providing an overview of open science practices in this literature.

[bookmark: _Toc214522267]Table A8
Methodological quality distribution (MMAT)
	Quality category
	N
	%
	MMAT interpretation

	High (≥0.8)
	37
	48.7
	≥4 of 5 criteria met

	Medium (0.6–0.79)
	36
	47.4
	3 of 5 criteria met

	Very Low (<0.4)
	3
	3.9
	≤2 of 5 criteria met

	Total
	76
	100
	Mean score: 0.708 (SD=0.17)


Note. The mean score of 0.708 indicates that the studies met approximately 3.5 of the five quality criteria on average. The distribution revealed the predominance of adequate quality studies (96.1% ≥ 0.6).

[bookmark: _Toc214522268]Table A9
Methodological Quality by Study Design
	Study design
	N
	Mean
	Median

	Panel Survey
	3
	1.000
	1.0

	Experiment
	13
	0.723
	0.8

	Content Analysis
	23
	0.713
	0.6

	Content Analysis (computer-assisted)
	29
	0.690
	0.8

	Survey
	7
	0.629
	0.6

	Quasi-experiment
	1
	0.600
	0.6


Note. Panel surveys achieved maximum quality (all five MMAT criteria met), followed by experiments. Content analyses (traditional and computer-assisted) and surveys showed moderate-to-high quality results. Variability across designs reflects inherent differences in methodological challenges (e.g., blinding in content analysis vs. randomization in experiments).

[bookmark: _Toc214522269]Table A10
Scientific Transparency Practices
	Practice
	N
	Percent

	Pre-registration reported
	2
	2.6

	Open data available
	10
	13.2

	Competing interests declared
	28
	36.8


Note. Transparency practices remain limited in this field, with particularly low rates of preregistration (2.6%) and open-data sharing (13.2%).

[bookmark: _Toc215931799]Sensitivity Analysis by Dimension


[bookmark: _Toc214522270]Table A11
Sensitivity to Methodological Quality
	Emotion
	High quality MMAT  ≥ 0.6
	Low quality MMAT <0.6
	Diff (pp)
	Interpretation

	Positive emotion
	83.3% (N=18)
	50% (N=2)
	33.3pp
	Highly sensitive


Note. Other emotions (Anger, Negative emotion, Fear, Hope) did not have sufficient N at both quality levels for robust comparison[footnoteRef:1]. [1:  Only positive emotion could be adequately tested. The 33.3pp difference exceeds the high sensitivity threshold (>30pp), suggesting that low methodological quality studies underestimated genuine positive emotion effects by 33 percentage points. Findings on positive emotions should be interpreted cautiously when derived from studies with MMAT <0.6.] 


[bookmark: _Toc214522271]Table A12
Variation by Digital Platform
	Emotion
	Facebook
	X/Twitter
	Diff (pp)
	Interpretation

	Positive emotion
	100% (N=6)
	57.1 (N=7)
	42.9pp
	High specialization

	Negative emotion
	100% (N=13)
	78.6% (N=14)
	21.4pp
	Moderate specialization

	Anger
	80% (N=10)
	100% (N=3)
	20pp
	Moderate specialization

	Fear
	-
	100% (N=2)
	-
	Insufficient data


Note. Facebook consistently showed a higher prevalence of positive effects than X/Twitter (differences of 20-43pp). No platform reversed the effect direction (positive→negative), only modulated the magnitude. This specialization may reflect differences in affordances (e.g., a more prominent "Like" button on Facebook) or user demographics.

[bookmark: _Toc214522272]Table A13
Cultural Variation (WEIRD vs Non-WEIRD) [footnoteRef:2] [2:  WEIRD (Henrich et al., 2010): Western, Educated, Industrialized, Rich, Democratic countries (USA, Germany, UK, Canada, Australia, Austria, Switzerland, Italy, Belgium, Spain, Netherlands); Non-WEIRD: China, Taiwan, South Korea, India, Russia, Turkey, Brazil, Argentina, Ecuador.] 

	Emotion
	WEIRD
	Non- WEIRD
	diff
	Interpretation

	
	N
	%Pos
	N
	%Pos
	
	

	Anger
	4
	100.0
	2
	100.0
	0.0
	Cross-context robust

	Fear
	1
	100.0
	1
	100.0
	0.0
	Cross-context robust

	Negative emotion
	9
	66.7
	11
	81.8
	15.1
	Moderate cultural variation

	Positive emotion
	5
	100.0
	5
	80.0
	20.0
	Moderate cultural variation


Note. Anger maintained a consistently positive direction in both contexts without variation (0pp), suggesting effect universality. No emotion reversed its direction across cultural contexts. The WEIRD/non-WEIRD dichotomy is an analytical simplification that may mask within-group variations (e.g., differences between China and India).


[bookmark: _Toc214522273]Table A14
Contextual specialization (elections vs political communication)
	Emotion
	Elections
	Political communication
	Diff (pp)
	Interpretation

	
	N
	%Pos
	N
	%Pos
	
	

	Anger
	3
	33.3
	1
	100.0
	66.7
	High specialization

	Hope
	1
	100.0
	–
	–
	–
	Insufficient data

	Negative emotion
	8
	75.0
	9
	88.9
	13.9
	Moderate specialization

	Positive emotion
	6
	50.0
	5
	100.0
	50.0
	High specialization


Note. Positive emotion showed strong contextual specialization (50.0pp difference), with universal positive effects (100%) in routine political communication but moderate presence (50%) in electoral contexts. Both emotions maintained a positive direction across all contexts. This specialization may reflect the greater salience of negative emotions during polarized electoral campaigns.


[bookmark: _Toc214522274]Table A15
Specialization by type of online political participation
	Emotion
	N OPPs
	Best OPP
	% Best
	Worst OPP
	% Worst
	Range (pp)
	Interpretation

	Positive emotion
	3
	Like
	100
	Repost
	0
	100
	High specialization

	Negative emotion
	3
	Comment
	100
	Repost
	90
	10
	Robust across OPP types


Note. Positive emotions showed extreme specialization across OPP types (100pp range), being universally effective for "Like" behaviors but ineffective for "Repost" behaviors. Negative emotions were robust across OPP types (only 10pp variation), suggesting a broader mobilization capacity.
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[bookmark: _Toc214522275]Table A16
PRISMA Abstract Checklist
	Topic
	No.
	Item
	Reported?

	TITLE
	
	
	

	Title
	1
	Identify the report as a systematic review.
	Yes

	BACKGROUND
	
	
	

	Objectives
	2
	Provide an explicit statement of the main objective(s) or question(s) the review addresses.
	No

	METHODS
	
	
	

	Eligibility criteria
	3
	Specify the inclusion and exclusion criteria for the review.
	Yes

	Information sources
	4
	Specify the information sources (e.g. databases, registers) used to identify studies and the date when each was last searched. 
	No

	Risk of bias
	5
	Specify the methods used to assess risk of bias in the included studies.
	No

	Synthesis of results
	6
	Specify the methods used to present and synthesize results. 
	Yes

	RESULTS
	
	
	

	Included studies
	7
	Give the total number of included studies and participants and summarise relevant characteristics of studies.
	Yes

	Synthesis of results
	8
	Present results for main outcomes, preferably indicating the number of included studies and participants for each. If meta-analysis was done, report the summary estimate and confidence/credible interval. If comparing groups, indicate the direction of the effect (i.e. which group is favoured).
	Yes

	DISCUSSION
	
	
	

	Limitations of evidence
	9
	Provide a brief summary of the limitations of the evidence included in the review (e.g. study risk of bias, inconsistency and imprecision).
	Yes

	Interpretation
	10
	Provide a general interpretation of the results and important implications.
	Yes

	OTHER
	
	
	

	Funding
	11
	Specify the primary source of funding for the review.
	No

	Registration
	12
	Provide the register name and registration number.
	Yes


[bookmark: _Hlk214529517]Note. From: Page MJ, McKenzie JE, Bossuyt PM, Boutron I, Hoffmann TC, Mulrow CD, et al. The PRISMA 2020 statement: an updated guideline for reporting systematic reviews. 2021, DOI: 10.1136/bmj.n71. 
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[bookmark: _Toc214522276]Table A17
PRISMA main checklist
	Topic
	No.
	Item
	Location where item is reported

	TITLE
	
	
	

	Title
	1
	Identify the report as a systematic review. 
	Page 1

	ABSTRACT
	
	
	

	Abstract
	2
	See the PRISMA 2020 for Abstracts checklist
	Page 1

	INTRODUCTION
	
	
	

	Rationale
	3
	Describe the rationale for the review in the context of existing knowledge. 
	Section 1, paragraphs 6-10

	Objectives
	4
	Provide an explicit statement of the objective(s) or question(s) the review addresses.
	Section 1, paragraph 13

	METHODS
	
	
	

	Eligibility criteria
	5
	Specify the inclusion and exclusion criteria for the review and how studies were grouped for the syntheses.
	Section 2.2, paragraphs 1-2; Online Appendix A1

	Information sources
	6
	Specify all databases, registers, websites, organisations, reference lists and other sources searched or consulted to identify studies. Specify the date when each source was last searched or consulted.
	Section 2.1, paragraph 3-4

	Search strategy
	7
	Present the full search strategies for all databases, registers and websites, including any filters and limits used.
	Section 2.1, paragraph 2; Online Appendix A2-A5

	Selection process
	8
	Specify the methods used to decide whether a study met the inclusion criteria of the review, including how many reviewers screened each record and each report retrieved, whether they worked independently, and if applicable, details of automation tools used in the process.
	Section 2.2, paragraphs 3-5; Section 2.3, paragraphs 6-8

	Data collection process
	9
	Specify the methods used to collect data from reports, including how many reviewers collected data from each report, whether they worked independently, any processes for obtaining or confirming data from study investigators, and if applicable, details of automation tools used in the process. 
	Section 2.3, paragraphs 1-8

	Data items
	10a
	List and define all outcomes for which data were sought. Specify whether all results that were compatible with each outcome domain in each study were sought (e.g. for all measures, time points, analyses), and if not, the methods used to decide which results to collect.
	Section 2.3, paragraphs 4-5

	
	10b
	List and define all other variables for which data were sought (e.g. participant and intervention characteristics, funding sources). Describe any assumptions made about any missing or unclear information.
	Section 2.3, paragraph 2; Online Appendix Section 1.3 (codebook)

	Study risk of bias assessment
	11
	Specify the methods used to assess risk of bias in the included studies, including details of the tool(s) used, how many reviewers assessed each study and whether they worked independently, and if applicable, details of automation tools used in the process. 
	Section 2.4

	Effect measures
	12
	Specify for each outcome the effect measure(s) (e.g. risk ratio, mean difference) used in the synthesis or presentation of results.
	Section 2.5, paragraphs 4-5 (direction of effects)

	Synthesis methods
	13a
	Describe the processes used to decide which studies were eligible for each synthesis (e.g. tabulating the study intervention characteristics and comparing against the planned groups for each synthesis (item 5)).
	Section 2.5, paragraphs 3-4

	
	13b
	Describe any methods required to prepare the data for presentation or synthesis, such as handling of missing summary statistics, or data conversions.
	Section 2.5, paragraphs 1-2

	
	13c
	Describe any methods used to tabulate or visually display results of individual studies and syntheses.
	Section 2.5, paragraph 8 (harvest plot, Fig. 4)

	
	13d
	Describe any methods used to synthesize results and provide a rationale for the choice(s). If meta-analysis was performed, describe the model(s), method(s) to identify the presence and extent of statistical heterogeneity, and software package(s) used.
	Section 2.5, paragraphs 2-3 (SWiM guidelines)

	
	13e
	Describe any methods used to explore possible causes of heterogeneity among study results (e.g. subgroup analysis, meta-regression).
	Section 2.5, paragraphs 5-7

	
	13f
	Describe any sensitivity analyses conducted to assess robustness of the synthesized results.
	Section 3.2; Online Appendix A11-A15

	Reporting bias assessment
	14
	Describe any methods used to assess risk of bias due to missing results in a synthesis (arising from reporting biases).
	Not applied; narrative synthesis without meta-analysis; addressed in Section 4.1 (Limitations)

	Certainty assessment
	15
	Describe any methods used to assess certainty (or confidence) in the body of evidence for an outcome.
	Not applied; addressed in Section 4.1 (Limitations)

	RESULTS
	
	
	

	Study selection
	16a
	Describe the results of the search and selection process, from the number of records identified in the search to the number of studies included in the review, ideally using a flow diagram.
	Section 2.2, Fig. 1 (PRISMA flow diagram)

	
	16b
	Cite studies that might appear to meet the inclusion criteria, but which were excluded, and explain why they were excluded.
	Section 2.2, paragraphs 4-5; Fig. 1; OSF repository

	Study characteristics
	17
	Cite each included study and present its characteristics.
	Section 3, paragraphs 2-8; Figs. 2-3; OSF repository

	Risk of bias in studies
	18
	Present assessments of risk of bias for each included study.
	Section 3.2.1; Online Appendix A8-A9

	Results of individual studies
	19
	For all outcomes, present, for each study: (a) summary statistics for each group (where appropriate) and (b) an effect estimate and its precision (e.g. confidence/credible interval), ideally using structured tables or plots.
	Section 3.1 (by emotion group); Fig. 4 (harvest plot); OSF repository

	Results of syntheses
	20a
	For each synthesis, briefly summarise the characteristics and risk of bias among contributing studies.
	Section 3.1, each emotion subsection

	
	20b
	Present results of all statistical syntheses conducted. If meta-analysis was done, present for each the summary estimate and its precision (e.g. confidence/credible interval) and measures of statistical heterogeneity. If comparing groups, describe the direction of the effect.
	Section 3.1; Fig. 4 (harvest plot)

	
	20c
	Present results of all investigations of possible causes of heterogeneity among study results.
	Section 3.2.4-3.2.5; Online Appendix A13-A15

	
	20d
	Present results of all sensitivity analyses conducted to assess the robustness of the synthesized results.
	Section 3.2.6; Online Appendix A11-A15

	Reporting biases
	21
	Present assessments of risk of bias due to missing results (arising from reporting biases) for each synthesis assessed.
	Section 4.1

	Certainty of evidence
	22
	Present assessments of certainty (or confidence) in the body of evidence for each outcome assessed.
	Not applied

	DISCUSSION
	
	
	

	Discussion
	23a
	Provide a general interpretation of the results in the context of other evidence.
	Section 4, paragraphs 1-7

	
	23b
	Discuss any limitations of the evidence included in the review.
	Section 4.1, paragraphs 2-4

	
	23c
	Discuss any limitations of the review processes used.
	Section 4.1, paragraphs 1, 4-6

	
	23d
	Discuss implications of the results for practice, policy, and future research.
	Section 4.2

	OTHER INFORMATION
	
	
	

	Registration and protocol
	24a
	Provide registration information for the review, including register name and registration number, or state that the review was not registered. 
	Section 2.1, paragraph 1

	
	24b
	Indicate where the review protocol can be accessed, or state that a protocol was not prepared.
	Section 2.1, paragraph 1 (OSF repository)

	
	24c
	Describe and explain any amendments to information provided at registration or in the protocol.
	Not applicable

	Support
	25
	Describe sources of financial or non-financial support for the review, and the role of the funders or sponsors in the review.
	Statements and Declarations

	Competing interests
	26
	Declare any competing interests of review authors.
	Statements and Declarations

	Availability of data, code and other materials
	27
	Report which of the following are publicly available and where they can be found: template data collection forms; data extracted from included studies; data used for all analyses; analytic code; any other materials used in the review.
	Section 2.1, paragraph 1


Note. From: Page MJ, McKenzie JE, Bossuyt PM, Boutron I, Hoffmann TC, Mulrow CD, et al. The PRISMA 2020 statement: an updated guideline for reporting systematic reviews. 2021, DOI: 10.1136/bmj.n71.


[bookmark: _Toc215931802]Synthesis Without Meta-analysis (SWiM) reporting items

[bookmark: _Toc214522277]Table A18
Synthesis Without Meta-Analysis (SWiM) Reporting Items
	SWiM reporting item
	Item description
	Location where item is reported

	METHODS

	1 Grouping studies for synthesis
	1a) Provide a description of, and rationale for, the groups used in the synthesis (e.g., groupings of populations, interventions, outcomes, study design)
	Section 2.3, paragraphs 4-5 (four thematic axes: emotion types, OPP modalities, national contexts, digital platforms); Section 2.5, paragraphs 3-4

	
	1b) Detail and provide rationale for any changes made subsequent to the protocol in the groups used in the synthesis
	Not applicable

	2 Describe the standardised metric and transformation methods used
	Describe the standardised metric for each outcome. Explain why the metric(s) was chosen and describe any methods used to transform the intervention effects, as reported, to the standardised metric, citing any methodological guidance consulted
	Section 2.5, paragraphs 4-5 (direction of effects: positive, negative, neutral); Section 3.1, paragraphs 1-4 (classification criteria)

	3 Describe the synthesis methods
	Describe and justify the methods used to synthesise the effects for each outcome when it was not possible to undertake a meta-analysis of effect estimates
	Section 2.5, paragraphs 1-3 (narrative synthesis following SWiM guidelines; vote counting by direction of effect)

	4 Criteria used to prioritise results for summary and synthesis
	Where applicable, provide the criteria used, with supporting justification, to select the particular studies, or a particular study, for the main synthesis or to draw conclusions from the synthesis (e.g., based on study design, risk of bias assessments, directness in relation to the review question)
	Section 2.5, paragraphs 5-7 (methodological factors: study quality, design, measurement method; contextual factors: political regime, platform, participation type)

	5 Investigation of heterogeneity in reported effects
	State the method(s) used to examine heterogeneity in reported effects when it was not possible to undertake a meta-analysis of effect estimates and its extensions to investigate heterogeneity
	Section 2.5, paragraphs 5-7 (patterns, consistencies, divergences); Section 3.2.4-3.2.6; Online Appendix A11-A15

	6 Certainty of evidence
	Describe the methods used to assess the certainty of the synthesis findings
	Not applied

	7 Data presentation methods
	Describe the graphical and tabular methods used to present the effects (e.g., tables, forest plots, harvest plots)
	Section 2.5, paragraph 8 (harvest plot); Section 3, Figs. 2-4

	
	Specify key study characteristics (e.g., study design, risk of bias) used to order the studies, in the text and any tables or graphs, clearly referencing the studies included
	Section 3.1 (organized by emotion group, with study citations); Section 3.2.1 (MMAT quality); Figs. 2-3 (study characteristics); OSF repository

	RESULTS

	8 Reporting results
	For each comparison and outcome, provide a description of the synthesised findings and the certainty of the findings. Describe the result in language that is consistent with the question the synthesis addresses, and indicate which studies contribute to the synthesis
	Section 3.1, all emotion subsections (Negative emotions, General Emotionality, Anger, Positive emotion, Enthusiasm, Sadness, Fear, Hope, Anxiety, Happiness/Pride/Nostalgia/Resentment); Fig. 4 (harvest plot)

	DISCUSSION

	9 Limitations of the synthesis
	Report the limitations of the synthesis methods used and/or the groupings used in the synthesis and how these affect the conclusions that can be drawn in relation to the original review question
	Section 4.1, paragraphs 4-5 (heterogeneity, vote counting limitations, no effect magnitude)


Note. SWiM is intended to complement and be used as an extension to PRISMA. Adapted from "The Synthesis Without Meta-analysis (SWiM) in systematic reviews: reporting guideline" by M. McKenzie and S. E. Brennan, 2019, BMJ, 367, l6890. https://doi.org/10.1136/bmj.l6890
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