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1. Please list all papers published by each co-author in previous three years that were based on secondary analysis of a big data repository.
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2. Please explain the key elements of your study design and the use of the available datasets that make your study an original scientific contribution.
-Previous neuroimaging studies of IBS have reported inconsistent and likely overestimated morphometric alterations, likely due to small samples and heterogeneous diagnostic criteria. To address these issues and replicate earlier findings with robust statistical power, we applied the UK Biobank (UKB), a large-scale biomedical dataset. It not only provides a uniquely large IBS cohort with extensive demographic and clinical information, but also a large healthy cohort drawn from the same population. This enabled us to build normative models based on healthy and then quantify individual-level deviations in brain morphometry among IBS cases. By combining large-scale data with normative modeling, our study reports a robust framework for disentangling associations between IBS and brain morphometric variations.

3. Please list all publications that addressed similar research questions in the same dataset and indicate where you cited them in your paper.
-Li, Z. et al. Irritable Bowel Syndrome Is Associated With Brain Health by Neuroimaging, Behavioral, Biochemical, and Genetic Analyses. Biological Psychiatry 95, 1122–1132 (2024).
In this study, they explored how IBS symptoms associated with neuroimaing, behavioral, biochemical, and genetic analyses with all participants from UK Biobank including both healthy and IBS patients. IBS was assessed only with IBS symptom severity score. We cited this paper in our introduction section.

4. Please explain how you addressed multiple testing through an appropriately rigorous statistical threshold and indicate this in the methods section.
-Here, we applied false discovery rate (FDR) correction by using the Benjamini Hochberg method across all statistical testing over multiple brain regions. For each family of tests, only pFDR <0.05 were interpreted as significant. Meanwhile, equivalence testing was conducted to determine whether effect size was meaningful for group-level differences.

5. Please declare to what extent have AI chatbots been used in developing your paper and to which parts of the paper did they contribute.
-AI chatbots (ChatGPT) were not involved in research question development, study design, data analysis, interpretation of results, decision making or initial manuscript drafting. They were only for grammar checking and language refinement.

