
[image: ]
Figure S1. Home page with the 5 modules available.
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Figure S2. Dataset preparation page with the 4 types of filling mode available.
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Figure S3. Model testing page to evaluate the performance of a model on a separate dataset.
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Figure S4. Removing metadata module. Minimalist and simple interface with explanations.
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Figure S5. Image annotation with sorting module. Creates folders for your classes and creates copies of your images annotated with the first three letters of your classes, the predicted percentage for each class, and the original name of the image.
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Figure S6. Representative image of each category. Dataset separated into 10 distinct categories: basophils, eosinophils, erythroblasts, lymphocytes, metamyelocytes, monocytes, myelocytes, neutrophils, thrombocytes, destroyed cells/artifact.
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The dataset creation module is designed to streamiine the
preparation of training, validation, and test datasets required for

Overview of Data Augmentation:

-Data augmentation applies random transformations such as
rotation (0 to 0.05 radians), translation (up to 10% horizontally and
vertically), and flipping (horizontal and vertical) to existing images.
‘These transformations enhance the dataset by making the model
more robust to spatial variations, ensuring that an object in the image
remains identifiable in its initial category (e.g., a dog remains a dog).

~This process is particularly beneficial for balancing the dataset
When one or more categories are underrepresented. By increasing
the number of images in these underrepresented ciasses to match the
most represented class, data augmentation mitigates bias and
improves the model's ability to generalize across all categories.

-Additionally, this module aufomatically divides your dataset into
training (80%), validation (10%), and test (10%) datasets, crucial for
model training and evaluation.

Input Requirements:

~Images must be in jog, joeg, .png, or .bmp format.

-The dataset should be organized into subfolders for each
category.

-EXIF metadata is removed during this process to ensure
compatibilty and prevent encoding errors.

Step-by-step guide:

1) Select the folder containing your images. This folder should
either contain subfoiders for each category or directly house the

utput.. MobileNetv2





image3.png
O VisueAlcissitcation

Evaluate performance





image4.png
) vi

Alclassific

Selectafolder

Selectafolder

3) REMOVE EXIF
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Metadata in digital images, including EXIF data, often contains non-essential
information such as the date, time, and location of capture. While not required for
training models, this metadata can increase dataset size and potentially introduce
Issues during preprocessing.

Benefits of Metadata Removal
- Dataset Size Reduction: Removing metadata decreases the overall size of the
dataset, making it more manageable.

- Enhanced Anonymization: Eliminating details such as timestamps and geolocation
ensures better privacy and compliance with data protection standards.

- Improved Data Integrity: By stripping metadata, the process ensures the images
are ready for machine learning workilows withouit unintended misvectorization or
encoding issues (e.g. error "XXX extraneous bytes before marker 0xd9")

Step-by-step guide

1) Select the folder containing your images. This folder can house subfolders
organized by categories or directly contain the images.

2) Specily the output folder. The processed images, stripped of metadata, will be
saved here:

3) Press the "Remove Metadata” button to initiate the conversion process.

Outputs
Once the metadata removal is complete, the images will be saved in the output
folder, ready for use.
Additionally, a txt fle containing class information wil be generated in the output
folder. This .ixt file s essential for subsequent steps in the workflow, such as
"Evaluate performance” and "Annotate and sort".

By automating metadata removal, this module ensures that datasets are
sireamiined, anonymized, and optimized for image classification asks.
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Step-by-step guide:
1) Load your saved model (.keras file).

_ 2) Load the .txt file containing the class information for which your model is
trained. This file, named “your_dictionary_withXclasses.tt" (where X Is the
number of classes), Is generated during the *Train your model” or *Evaluate
performance” process.

3) Select the folder containing the images you want to classify.

4) Choose the folder where you want to save your classified images.

5) Start the prediction process.

6) Open the folder to view the predicted results (images are annotated with the
first three letters of your classes, the predicted percentage for each class, and the

original name of the image).
[T — Thanks for using Visusicassictin.
Developed by Théo CHARNAY, Leo Zwilling and Eric Pellegrino.
Select a folder You can contact us at: theo.CHARNAY@univ-amu.fr
Please cite us if you do publication using this software.
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Licensed under the Apache License, Version 2.0 (the "License’);
you may not use this file except in compliance with the License.
You may obtain a copy of the License at

_ http:/Awww.apache.org/licenses/LICENSE-2.0

Unless required by applicable law or agreed to in writing, software
distributed under the License is distributed on an "AS IS” BASIS,

WITHOUT WARRANTIES OR CONDITIONS OF ANY KIND, either express or
implied.

See the License for the specific language governing permissions and
limitations under the License.
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