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1 Qualitative Comparisons on GTEA [5], BEOID [2],
ActivityNet1.2 [1], ActivityNet1.3 [1], Multi-THUMOS [8],
50 Salads [7], MPII Cooking 2 [6], and Breakfast [3]
Datasets

Figure 1, 2, 3, 4, 5, 6, 7, and 8 show qualitative comparisons with LACP [4] on
GTEA [5], BEOID [2], ActivityNetl.2 [1], ActivityNetl.3 [1], Multi-THUMOS [8],
50 Salads [7], MPII Cooking 2 [6], and Breakfast [3] datasets, respectively. With
respect to qualitative results, our SF-baseline outperforms the previous best state-of-
the-art approach [4].
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Figure 1:

GTEA dataset [5]
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Qualitative comparison with LACP [4] on GTEA dataset [5].
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BEOID dataset [2]
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Figure 2: Qualitative comparison with LACP [4] on BEOID dataset [2].
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ActivityNet1.2 dataset [ ]
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Figure 3: Qualitative comparison with LACP [4] on ActivityNet1.2 dataset [!].
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ActivityNet1.3 dataset [ ]
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Figure 4: Qualitative comparison with LACP [4] on ActivityNetl.3
dataset [1]. 6



Multi-THUMOS dataset []
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Figure 5: Qualitative comparison with LACP [4] on Multi-THUMOS
dataset [3]. 7
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50 Salads dataset [7]
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Figure 6: Qualitative comparison with LACP [4] on 50 Salads dataset [7].
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MPII Cooking 2 dataset [0]
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Figure 7: Qualitative comparison with LACP [4] on MPII Cooking 2
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Breakfast dataset [3]
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Figure 8: Qualitative comparison with LACP [4] on Breakfast dataset [3].
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