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Introduction
This supporting information provides the following contents.
· Relocation and clustering results of 2019, 2020, and 2021 data (Fig. S1, S2, and S3)
· Performance test of polarity picking by deep learning to March-September 2021 data (Fig. S4)
· Histogram of polarity picking by deep learning for Mw ≥ 1 to data January 2019-February 2021 (Fig. S5)
· Focal mechanism results with station plot (Fig. S6)
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Fig. S1 Relocation and clustering result of 2019 data by Growclust (Trugman and Shearer 2017). Events are color coded by the cluster ID. (a) map view, (b) north-south cross-section, (c) east-west cross-section, and (d) RMS of travel residual (observed-predicted)
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Fig. S2 Relocation and clustering result of 2020 data by Growclust (Trugman and Shearer 2017). Events are color coded by the cluster ID. (a) map view, (b) north-south cross-section, (c) east-west cross-section, and (d) RMS of travel residual (observed-predicted)
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Fig. S3 Relocation and clustering result of 2021 data by Growclust (Trugman and Shearer 2017). Events are color coded by the cluster ID. (a) map view, (b) north-south cross-section, (c) east-west cross-section, and (d) RMS of travel residual (observed-predicted)
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Fig. S4 Performance test of polarity picking by deep learning to March-September 2021 data. (a) precision of polarity picking with range magnitude from Mw -1 to Mw 1, (b) number of polarity detected with range magnitude from Mw -1 to Mw 1, (c) waveform example with polarity
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Fig. S5 Histogram of polarity picking by deep learning for Mw ≥ 1 to data January 2019-February 2021. U is for polarity up, D is for polarity down, and “?” for undetected polarity
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