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Controls for covariates: To test for robustness of the estimated effect, we perform the same model as in Equation 2 by adding different controls separately. Table 1 shows the results after controlling for baseline measures related to credit characteristics, and Table 2 shows the same exercise but related to household covariates. Similar to results discussed in the channels, we observe that adding the variables does not significantly change the direction, the magnitude or the significance of the result.
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±
)Placebo cutoffs: Table 3 shows the results for testing different sets of placebo cutoffs. Around the threshold we test for significance at	1000,	2000 and	3000. We observe no significant results.
Robustness for Polynomial: Another exercise we perform is examining robustness of the result with respect to polynomial degrees. Table 4 shows results for polynomials 1 (Main model) to 3, without and with fixed effects for different states in India. We observe that for polynomial 2 the magnitude remains the same although looses significance due to higher variance and at higher polynomials the magnitude of the coefficient is very low and not significant. When using state-specific fixed effects, magnitude, sign and significance do not change (robust). Following
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common practice, the use of larger polynomials is not recommended, and from data visualization in Figure 6 we observe no evidence of quadratic behaviour, so the best approach considering our data set is polynomial of order 1.
Robustness of bandwidth selector: Table 5 shows different types of bandwidth data driven selectors, where we observe that the overall effect remains in the same direction and magnitude. This gives a range of effect of 16% to 24% interest rate drop. Two main options are considered, MSE-optimal selector that separately sets bandwidths to the left and to the right of the cutoff. The other selector, suggested by Calonico, Cattaneo, and Farrell (2019), optimizes the coverage error rate (CER).
Other specifications: Other robustness exercises are conducted in Table 6. About 77% of the loans borrowed in informal credit market are from households with one single informal borrowing, that is one loan per household. Hence, the possibility of autocorrelation and underestimating variance is low. Nevertheless, in column 2, we show that we get significant and similar estimates even by selecting a random loan per household, in contrast to all loans from the informal credit market. Column 3 includes loans from 2007 to 2013, as opposed to our main model where we only include loans from 2010 to 2013. Here, we observe that the drop in interest rates falls from 24% to 17%, which is expected since we are considering loans borrowed at the early stages, after the policy implementation and branch opening was a gradual process. Therefore, adding these years reduces the magnitude. Finally, column 4 presents the same specification as in Equation 2 but including fixed effects per state, and we see that significance and sign do not vary, and magnitude does not have relevant changes.
Placebo test on Regional Rural Ranks: Table 7 performs an RDD on the number of branches of Regional Rural Banks. This type of bank was excluded from the measure so, as expected, we observe no significant changes at the cutoff.
No other policies with identical cutoffs: We find no evidence of policies implemented in India between 2003 and 2013 that could have used the same cutoff variable and the same cutoff level. This search has also been conducted by Cramer (2021) and Young (2017).
Migration : About the possibility of people migrating from the treated districts, Cramer (2021) analyzes the migratory shifts in between 2007-2011 and finds that less than 0.5% of people reported to have changed their location. So we can discard the possibility that movements of the population could be contaminating the results.
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	(1)
	(2)
	(3)
	(4)
	(5)
	(6)

	
	Main
	Covariates 1
	Covariates 2
	Covariates 3
	Covariates 4
	Covariates 5

	RD_Estimate
	-0.24∗∗∗
	-0.23∗∗
	-0.24∗∗∗
	-0.24∗∗∗
	-0.22∗∗∗
	-0.24∗∗∗

	
	(0.09)
	(0.09)
	(0.08)
	(0.09)
	(0.08)
	(0.08)

	Observations left
	5493
	5076
	5261
	6081
	7690
	6312

	Observations right
	6175
	5707
	5939
	6360
	10248
	7917

	Bandwidth
	3418
	2926
	3071
	3649
	6342
	4342

	Controls
	No
	Pop.+Branches
	Term of loan
	Loan amount
	Year of loan
	All


Standard errors in parentheses. Clustered standard errors by District.
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Table 2: Robustness covariates 2

	
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)

	
	Main
	Covariates 1
	Covariates 2
	Covariates 3
	Covariates 4
	Covariates 5
	Covariates 6

	RD_Estimate
	-0.24∗∗∗
	-0.25∗∗∗
	-0.23∗∗
	-0.24∗∗
	-0.25∗∗∗
	-0.24∗∗
	-0.25∗∗∗

	
	(0.09)
	(0.09)
	(0.09)
	(0.09)
	(0.09)
	(0.09)
	(0.09)

	Observations left
	5493
	6072
	5267
	5454
	6114
	5467
	6072

	Observations right
	6175
	6275
	6060
	6088
	6361
	6125
	6269

	Bandwidth
	3418
	3611
	3189
	3268
	3678
	3334
	3558

	Controls
	No
	Female head
	No Diploma
	Minority religion
	Minority social
	Kisan
	All


Standard errors in parentheses. Clustered standard errors by district.
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Table 3: Robustness Placebo cutoffs

	
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)

	
	-3000
	-2000
	-1000
	0 (Main)
	+1000
	+2000
	+3000

	RD_Estimate
	-21.53
	-0.34
	0.67
	-0.24∗∗
	21.25
	-0.68
	-0.89

	
	(30.29)
	(0.22)
	(0.85)
	(0.09)
	(175.74)
	(0.57)
	(1.32)

	Observations left
	6061
	5857
	6001
	5493
	4889
	3853
	2438

	Observations right
	4545
	5931
	6312
	6175
	6095
	6144
	6003

	Bandwidth
	3418
	3418
	3418
	3418
	3418
	3418
	3418


Standard errors in parentheses, Clustered standard errors. Using bandwidth selected for the actual cutoff. No controls considered.
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Table 4: Robustness Polynomials

	
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)

	
	Main- Order 1
	Order 2
	Order 3
	FE Order 1
	FE Order 2
	FE Order 3

	Treatment
	-0.24∗∗∗
	-0.20
	-0.02
	-0.21∗∗∗
	-0.16∗∗
	-0.21∗∗∗

	
	(0.09)
	(0.13)
	(0.25)
	(0.07)
	(0.07)
	(0.08)

	Observations left
	5493
	6312
	6414
	5493
	6312
	6414

	Observations right
	6175
	7917
	8371
	6175
	7917
	8371

	Bandwidth
	3418
	4337
	4587
	3418
	4337
	4587


Standard errors in parentheses. Clustered standard errors by District. No controls considered. FE: Fixed effects by state.
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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	(1)
	(2)
	(3)
	(4)
	(5)
	(6)

	
	Main:MSErd
	MSEtwo
	MSEsum
	CERrd
	CERtwo
	CERsum

	RD_Estimate
	-0.24∗∗∗
	-0.16
	-0.24∗∗
	-0.20∗∗
	-0.19
	-0.20∗

	
	(0.09)
	(0.13)
	(0.09)
	(0.10)
	(0.15)
	(0.10)

	Observations left
	5493
	3056
	5467
	4614
	2221
	4549

	Observations right
	6175
	11434
	6125
	4811
	9612
	4811

	Bandwidth Left
	3418
	1927
	3343
	2490
	1404
	2435

	Bandwidth Right
	3418
	7609
	3343
	2490
	5543
	2435

	Controls
	No
	No
	No
	No
	No
	No


Standard errors in parentheses. Clustered standard errors by district.
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
MSErd: specifies one common mean squared error (MSE)-optimal bandwidth selector for the RD treatment-effect estimator. MSEtwo: specifies two different MSE-optimal bandwidth selectors (below and above the cutoff). MSEsum: specifies one common MSE-optimal bandwidth selector for the sum of regression estimates (as opposed to the difference thereof). CERrd: specifies one common coverage error-rate (CER)-optimal bandwidth selector. CERtwo and CERsum mymic the MSEtwo and MSEsum using the CER optimal badwidth selector.
Table 6: Robustness Others

	
	(1)
Main
	(2)
1 credit per HH
	(3)
Credits >2007
	(4)
Fixed effects

	RD_Estimate
	-0.24∗∗∗ (0.09)
	-0.21∗∗∗ (0.07)
	-0.17∗∗ (0.08)
	-0.21∗∗∗ (0.07)

	Observations left
	5493
	3562
	3485
	5493

	Observations right
	6175
	4513
	4309
	6175

	Bandwidth
	3418
	3207
	2743
	3418


Standard errors in parentheses. Clustered standard errors by District. No controls considered.
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Table 7: Number of Rural bank Branches (log)

	
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)
	(8)
	(9)
	(10)
	(11)
	(12)

	
	2002
	2003
	2004
	2005
	2006
	2007
	2008
	2009
	2010
	2011
	2012
	2013

	RD_Estimate
	-0.08
	-0.09
	-0.09
	-0.32
	0.22
	0.19
	0.10
	0.11
	0.11
	0.10
	0.48
	-0.07

	
	(0.07)
	(0.07)
	(0.07)
	(0.46)
	(0.76)
	(0.75)
	(0.78)
	(0.81)
	(0.82)
	(0.84)
	(0.88)
	(0.76)

	Observations left
	111
	108
	107
	99
	82
	83
	80
	77
	78
	79
	79
	89

	Observations right
	145
	139
	139
	120
	102
	102
	101
	95
	97
	97
	97
	112

	Bandwidth
	4108
	3889
	3886
	3460
	2759
	2782
	2704
	2631
	2642
	2656
	2652
	3033


Standard errors in parentheses
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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