Appendix A:
	Table A1: Predicting Parents’ ADL Limitation

	
	Outcome: ADL Limitation in 2015 (=1 if yes)

	
	(1)
	(2)
	(3)

	Panel A
	
	
	

	Pre-treatment Acute Condition (=1 if yes)
	0.010
	-0.004
	-0.009

	
	(0.035)
	(0.033)
	(0.035)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	1,019
	1,019
	1,019

	Panel B
	
	
	

	Pre-treatment Chronic Condition (=1 if yes)
	-0.021
	-0.033
	-0.039

	
	(0.068)
	(0.069)
	(0.065)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	1,019
	1,019
	1,019

	Notes: (a) This table presents the average treatment effect on the treated (ATT) based on Ordinary Least Squares (OLS) and Inverse-probability-weighted Regression Adjustment (IPWRA) methods. (b) The explanatory variable in Panel A is parents’ acute condition (at the baseline) that equals one if parents had any disease that lasted less than a month, and zero otherwise. The explanatory variable in Panel B is the parents’ chronic condition (at the baseline) that equals one if parents had any disease that lasted more than 3 months, and zero otherwise. (c) The outcome variable is parents’ ADL limitation (in 2015) that equals one if parents have any ADL limitation, and zero otherwise. (d) Control variables are household head’s age, head is female, head is literate, head is wage-earner, head is self-employed, family size (in log scale), income per capita, asset per capita, have a loan, household faced a non-health shock, and other members have ADL limitations. (e) Bootstrapped (1000 replications) standard errors are clustered at the household level and presented in parentheses. (f) Significance: ***p<0.01, **p<0.05, *p<0.1.



	Table A2: Effect of Parental Illness on Child Height (Using Alternative Definitions)

	
	Low ADL Limitation
	High ADL Limitation

	
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)

	Parental Illness (=1 if yes)
	-0.232***
	-0.175**
	-0.166**
	-0.201
	-0.205
	-0.190

	
	(0.082)
	(0.082)
	(0.081)
	(0.140)
	(0.127)
	(0.132)

	Controls
	No
	Yes
	Yes
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA
	OLS
	OLS
	IPWRA

	Observations
	1,567
	1,567
	1,567
	1,469
	1,469
	1,469

	Notes: (a) This table presents the average treatment effect on the treated (ATT) based on Ordinary Least Squares (OLS) and Inverse-probability-weighted Regression Adjustment (IPWRA) methods. (b) The treatment variable in Columns 1-3 is the parental illness that equals one if parents have low ADL limitation, and zero otherwise. The treatment variable in Columns 4-6 is the parental illness that equals one if parents have high ADL limitation, and zero otherwise. (c) The outcome variable is the children's height-for-age z-score. (d) Control variables are household head's age, head is female, head is literate, head is wage-earner, head is self-employed, family size (in log scale), income per capita, asset per capita, have a loan, household faced a non-health shock, other members have ADL limitations, and child’s age, gender, and birth order. Pre-treatment child height-for-age z-score is also included as a control. (e) Bootstrapped (1000 replications) standard errors are clustered at the household level and presented in parentheses. (f) Significance: ***p<0.01, **p<0.05, *p<0.1.










	Table A3: Heterogenous Effect of Parental Illness on Child Height by Child Age Groups

	
	(1)
	(2)
	(3)

	Panel A: Aged 0-24 Months
	
	
	

	Parental Illness (=1 if yes)
	-0.196
	-0.201
	-0.213

	
	(0.151)
	(0.148)
	(0.156)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	701
	701
	701

	Panel B: Aged 25-59 Months
	
	
	

	Parental Illness (=1 if yes)
	-0.197**
	-0.180**
	-0.179**

	
	(0.080)
	(0.081)
	(0.081)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	1,039
	1,039
	1,039

	Notes: (a) This table presents the average treatment effect on the treated (ATT) based on Ordinary Least Squares (OLS) and Inverse-probability-weighted Regression Adjustment (IPWRA) methods. (b) The treatment variable is the parental illness that equals one if parents have any ADL limitation, and zero otherwise. (c) The outcome variable is the children’s height-for-age z-score. (d) Panel A and B show the average treatment effect on the treated (ATT) for age groups 0-24 and 25-59, respectively. (e) Control variables are household head’s age, head is female, head is literate, head is wage-earner, head is self-employed, family size (in log scale), income per capita, asset per capita, have a loan, household faced a non-health shock, other members have ADL limitations, child’s gender, and child’s birth order. Pre-treatment child height-for-age z-score is also included as a control. (f) Bootstrapped (1000 replications) standard errors are clustered at the household level and presented in parentheses. (g) Significance: ***p<0.01, **p<0.05, *p<0.1.



	Table A4: Heterogenous Effect of Parental Illness on Child Height by Child Gender

	
	(1)
	(2)
	(3)

	Panel A: Boys
	
	
	

	Parental Illness (=1 if yes)
	-0.258**
	-0.254**
	-0.263**

	
	(0.108)
	(0.105)
	(0.107)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	921
	921
	921

	Panel B: Girls
	
	
	

	Parental Illness (=1 if yes)
	-0.181
	-0.120
	-0.127

	
	(0.113)
	(0.116)
	(0.118)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	819
	819
	819

	Notes: (a) This table presents the average treatment effect on the treated (ATT) based on Ordinary Least Squares (OLS) and Inverse-probability-weighted Regression Adjustment (IPWRA) methods. (b) The treatment variable is the parental illness that equals one if parents have any ADL limitation, and zero otherwise. (c) The outcome variable is the children’s height-for-age z-score. (d) Panels A and B show the average treatment effect on the treated (ATT) for boys and girls, respectively. (e) Control variables are household head’s age, head is female, head is literate, head is wage-earner, head is self-employed, family size (in log scale), income per capita, asset per capita, have a loan, household faced a non-health shock, other members have ADL limitations, child’s age, and child’s birth order. Pre-treatment child height-for-age z-score is also included as a control. (f) Bootstrapped (1000 replications) standard errors are clustered at the household level and presented in parentheses. (g) Significance: ***p<0.01, **p<0.05, *p<0.1.






	Table A5: Heterogenous Effect of Parental Illness on Child Height by Child’s Birth Order

	
	(1)
	(2)
	(3)

	Panel A: First-born
	
	
	

	Parental Illness (=1 if yes)
	-0.268**
	-0.214
	-0.218*

	
	(0.127)
	(0.132)
	(0.128)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	560
	560
	560

	Panel B: Second-born
	
	
	

	Parental Illness (=1 if yes)
	0.021
	0.047
	0.023

	
	(0.160)
	(0.144)
	(0.144)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	544
	544
	544

	Panel C: Third or Higher Born
	
	
	

	Parental Illness (=1 if yes)
	-0.336***
	-0.264**
	-0.233*

	
	(0.130)
	(0.120)
	(0.128)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	634
	634
	634

	Notes: (a) This table presents the average treatment effect on the treated (ATT) based on Ordinary Least Squares (OLS) and Inverse-probability-weighted Regression Adjustment (IPWRA) methods. (b) The treatment variable is the parental illness that equals one if parents have any ADL limitation, and zero otherwise. (c) The outcome variable is the children’s height-for-age z-score. (d) Panels A-C show the average treatment effect on the treated (ATT) for first-born, second-born, and third or higher-born children, respectively. (e) Control variables are household head’s age, head is female, head is literate, head is wage-earner, head is self-employed, family size (in log scale), income per capita, asset per capita, have a loan, household faced a non-health shock, other members have ADL limitations, child’s age, and child’s gender. Pre-treatment child height-for-age z-score is also included as a control. (f) Bootstrapped (1000 replications) standard errors are clustered at the household level and presented in parentheses. (g) Significance: ***p<0.01, **p<0.05, *p<0.1.



















	Table A6: Parental Input Mechanism of Treatment Effect

	Outcome Variables
	Mean at the Baseline
	OLS Without Control
	OLS With Controls
	IPWRA

	
	(1)
	(2)
	(3)
	(4)

	Panel A: Health Inputs
	
	
	
	

	Child is Breastfeeding (=1)
	0.969
	0.003
	0.003
	0.002

	
	
	(0.016)
	(0.016)
	(0.016)

	Total Vaccination Given
	6.204
	-0.100
	-0.051
	0.101

	
	
	(0.255)
	(0.260)
	(0.287)

	Number of Antenatal Visits
	2.245
	-0.070
	0.032
	0.016

	
	
	(0.193)
	(0.195)
	(0.201)

	Delivery at Health Facility (=1)
	0.237
	-0.018
	0.002
	0.007

	
	
	(0.040)
	(0.038)
	(0.042)

	Child Given Vitamin-A (=1)
	0.681
	0.001
	-0.002
	0.001

	
	
	(0.043)
	(0.042)
	(0.042)

	Mother Took Iron Tablet (=1)
	0.534
	-0.010
	-0.001
	-0.008

	
	
	(0.042)
	(0.043)
	(0.044)

	Health Input Index
	0.000
	-0.039
	-0.003
	-0.005

	
	
	(0.083)
	(0.085)
	(0.088)

	Observations
	
	727
	727
	727

	Panel B: Childcare Input
	
	
	
	

	Childcare (Minutes/Day)
	86.078
	12.417
	15.32*
	14.986*

	
	
	(8.462)
	(8.866)
	(8.755)

	Observations
	
	1,074
	1,074
	1,074

	Notes: (a) This table presents the average treatment effect on the treated (ATT) based on Ordinary Least Squares (OLS) and Inverse-probability-weighted Regression Adjustment (IPWRA) methods. (b) The treatment variable is the parental illness that equals one if parents have any ADL limitation, and zero otherwise. (c) Each cell of this table comes from a different regression estimation. (d) Health input index is the first principal component of the six parental health investment variables (i.e., breastfeeding, vaccination, antenatal visits, delivery at a facility, vitamin A, and iron tablet), and normalized it to have zero mean and one standard deviation. (e) Childcare data is available only for parents who are household head or spouse of the head. (f) Control variables are household head’s age, head is female, head is literate, head is wage-earner, head is self-employed, family size (in log scale), income per capita, asset per capita, have a loan, household faced a non-health shock, and other members have ADL limitations. (g) Child inputs are available for children up to 24 months. (h) Bootstrapped (1000 replications) standard errors are clustered at the household level and presented in parentheses. (i) Significance: ***p<0.01, **p<0.05, *p<0.1.



	Table A7: Effect of Illness on Fertility Choice

	

	Outcome: Total Number of Children

	
	(1)
	(2)
	(3)

	Parental Illness (=1 if yes)
	0.127*
	-0.037
	-0.051

	
	(0.070)
	(0.058)
	(0.059)

	Mean at the Baseline
	2.171

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	1,065
	1,065
	1,065

	Notes: (a) This table presents the average treatment effect on the treated (ATT) based on Ordinary Least Squares (OLS) and Inverse-probability-weighted Regression Adjustment (IPWRA) methods. (b) The treatment variable is the parental illness that equals one if parents have any ADL limitation, and zero otherwise. (c) The outcome variable is the number of children in 2015. (d) Control variables are household head’s age, head is female, head is literate, head is wage-earner, head is self-employed, family size (in log scale), income per capita, asset per capita, have a loan, household faced a non-health shock, and other members have ADL limitations. (e) Bootstrapped (1000 replications) standard errors are clustered at the household level and presented in parentheses. (f) Significance: ***p<0.01, **p<0.05, *p<0.1.





	Table A8: Effect of Parental Illness on Child Weight

	
	(1)
	(2)
	(3)

	Parental Illness (=1 if yes)
	-0.029
	-0.003
	-0.012

	
	(0.067)
	(0.060)
	(0.060)

	Control
	No
	Yes
	Yes

	Estimation Approach
	OLS
	OLS
	IPWRA

	Observations
	1,740
	1,740
	1,740

	Notes: (a) This table presents the average treatment effect on the treated (ATT) based on Ordinary Least Squares (OLS) and Inverse-probability-weighted Regression Adjustment (IPWRA) methods. (b) The treatment variable is the parental illness that equals one if parents have any ADL limitation, and zero otherwise. (c) The outcome variable is the children’s weight-for-age z-score. (d) Control variables are household head’s age, head is female, head is literate, head is wage-earner, head is self-employed, family size (in log scale), income per capita, asset per capita, have a loan, household faced a non-health shock, other members have ADL limitations, and child’s age, gender, and birth order. Pre-treatment child height-for-age z-score is also included as a control. (e) Bootstrapped (1000 replications) standard errors are clustered at the household level and presented in parentheses. (f) Significance: ***p<0.01, **p<0.05, *p<0.1.




Appendix B: 
IPWRA Estimator:
The IPW estimators use weights based on the probability of receiving treatment to create a synthetic sample in which the distribution of observed baseline covariates is independent of treatment status. The inverse probability weights for the treated units are defined as  and for the control units as . Here,  is the treatment indicator that takes 1 if an individual  is treated and 0 otherwise; X is a multidimensional vector of baseline covariates; and  is the probability of receiving treatment (propensity score) defined as  (Rosenbaum and Rubin 1983), where  a cumulative distribution function. On the other hand, RA estimators fit separate regression models of the outcome on the baseline covariates for treatment and control units and use the contrasts of the averages of predicted outcomes to estimate treatment effects.  
Following Wooldridge (2010), the IPWRA estimator of the average treatment effect on the treated (ATT) can be expressed as 
	
	,
	(4)


where  is the number of treated units,  and  are postulated regression models of the outcome on the baseline covariates for treatment () and control () units, and model parameters are  and . The estimated inverse probability weighted parameters for treated and control units (i.e.,  and ) are obtained from weighted regression procedures, respectively:
	
	
	(5)

	 
	
	(6)


where  are the estimated probabilities of receiving treatment (i.e., propensity scores). 
Weighting with propensity scores can be interpreted as removing the correlation between treatment and confounders, and regression as removing the direct effect of observed covariates. As a result, combining weighting and regression can lead to additional robustness by removing the correlation between the unobserved covariates and reducing the correlation between the unobserved and observed confounders (Imbens and Wooldridge 2009).
Doubly robust method rely on the conditional independence assumption (CIA) (Lechner, 2001; 2002; Angrist and Pischke, 2008). CIA implies that given a set of pre-treatment observable covariates, potential outcomes are independent of treatment assignment (Imbens and Rubin, 2015). However, to satisfy the CIA, the doubly robust method requires a credible belief that there are no unobservable confounders that may bias the impact estimates (Litzow, Pattanayak, and Thinley, 2019). In this study context, we argue that the CIA is likely to hold as both the pre-treatment outcome and covariates are quite similar at the baseline.
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