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Supplementary Figure1 
2D MRI sequence slices of T1, T2, and T1ce modes and voxel histograms within the lesion area of 
four patients marked by the neurosurgeon. N represents patients diagnosed with necrosis, and R 
represents patients diagnosed with glioma recurrence. The lesion masks were manually drawn using the 
software ITK-SNAP, generally used for delineating regions of interest. The histograms were created for 
individual sequences and further smoothed using the Hann filter. But the process is time-consuming. 

 

 
 
 
 
 
 
 
 
 
 
 
 
 
 



Supplementary Figure2 
The selection process for the patient cohorts in this study. Patients with a confirmed pathological 
diagnosis, a history of radiotherapy, previous glioma diagnosis, and conventional MRI sequence data 
were enrolled while the patients without pathological examination results or missing conventional MRI 
sequence data were excluded, as well as patients with primary glioma or no history of radiation therapy. 

 

 
 
 
 
 
 
 
 
 
 
 



Supplementary Figure3 
Overview of the proposed approach. The Pipeline of the CNN network was trained using 3D MRI 
sequences, abstracting low-level image features into high-level semantic features through cascaded 
layers of convolution and pooling. A fully connected layer is employed to perform the final classification 
task, yielding the diagnosis outcome. During supervised learning, the network’s classification results 
(radiation necrosis/tumor recurrence) are measured against the ground truth using loss calculation. 

 


