Annex1.
1. Overall survival Null model
[image: ]
2. Overall survival model by sex
[image: ]
######################cox regression
m1<-coxph(Surv(start,stop,status) ~ age2 + wt0 + sex + anemia_0 + tb02+cd4_cat+ OI_cat, data = pro, subset = c(reg =="1a->1e")) 
m1<-coxph(Surv(start,stop,status) ~ age2 + wt0 + sex + anemia_0 + tb02+cd4_cat+ OI_cat, data = pro, subset = c(reg =="1c->1d")) 

m1<-coxph(Surv(start,stop,status) ~ age2 + wt0 + sex + anemia_0 + tb02+cd4_cat+ OI_cat, data = pro, subset = c(reg =="1e->1f")) 

m1<-coxph(Surv(start,stop,status) ~ age2 + wt0 + sex + anemia_0 + tb02+cd4_cat+ OI_cat,  data = pro, subset = c(reg =="1f->1e"))
####################transition probability
library(msm)
library(mstate)
library(dynpred)
library(mstate)
library(mstate)
library(dynpred)
library(survival)
library(survminer)
library(foreign)
library(ggplot2)
library(rms)
library(pec)
library(xfun)
library(Hmisc)
library(prodlim)
library(mstate)
pro<-read.dta("C:/Users/hp/Desktop/Mnuscript one and two 642023/newdata2.dta")
####################transition probability
head(pro)
table(pro$reg0)
M2 <- survfit(Surv(time= followuptime,   status ) ~ 1, data = pro)
summary(M2)
plot(M2)
ggsurvplot(M2,  data = pro, risk.table = TRUE, xlab="Time in month", lwd=3, linetype = c(1,2,3,4,5,6),    pval = TRUE, ylab = c("probability"))
#####################figure 6
M2 <- survfit(Surv(time = month,   status == 1 ) ~ initialstate, da = pro)
summary(M2)
plot(M2)
ggsurvplot(M2,  data = pro,    linetype = c(1,2,3,4,5,6,7,8,9),    pval = TRUE, ylab = c("staying probability"))

M3 <- survfit(Surv(followuptime,   status) ~ sex, data = pro)
summary(M3)
plot(M3)
ggsurvplot(M3,  data = pro, risk.table = TRUE, xlab="Time in month", lwd=3, linetype = c(1,2,3,4,5,6),    pval = TRUE, ylab = c("probability"))

ggsurvplot(M3,  data = pro,    linetype = c(1,2,3,4,5,6,7,8,9),    pval = TRUE, ylab = c("staying probability"))

#########
pro<-read.dta("C:/Users/hp/Desktop/working data/work_22.dta")
head(pro)
M4 <- survfit(Surv(month,   status) ~ substitute, data = pro)

M4 <- survfit(Surv(time = month,   status == 1 ) ~ reg0, da = pro)
summary(M4)
plot(M4)
ggsurvplot(M4,  data = pro,     risk.table = TRUE, xlab="Time in month", lwd=2, linetype = c(1,2,3,4,5,6),    pval = TRUE,  ylab = c("probability"))

M5 <- survfit(Surv(time = month,   status == 1 ) ~ reg, da = pro)
summary(M5)
plot(M5)
[bookmark: _GoBack]ggsurvplot(M5,  data = pro,     risk.table = TRUE, xlab="Time in month", lwd=1, linetype = c(1,2,3,4,5,6, 7,8,9),    pval = TRUE,  ylab = c("probability"))# Prediction 
                                                                       
summary(m1)
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No treatment modification                              Treatment modification
Figure 1 follow up time 0
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Figure 3   follow up time 12
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Figure 4   follow up time 24
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Figure 5   follow up time 36
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Figure 5   follow up time 48
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image1.png
> wEEEEEEaEEaaFOvVeral o survival Null moael

> M <- survfit(surv(time = month, status == 1 ) ~ 1, data = pro)

> summary (M)

call: survfit(formula = surv(time = month, status == 1) ~ 1, data = p

time n.risk n.event survival std.err Tlower 95% CI upper 95% CI

6 1723 155 0.910 0.00689 0.8966 0.924
12 1294 113 0.831 0.00952 0.8121 0.849
24 1007 149 0.708 0.01233 0.6839 0.732
36 665 103 0.598 0.01440 0.5705 0.627
48 418 60 0.512 0.01604 0.4817 0.545
60 277 53 0.414 0.01774 0.3809 0.450
72 167 81 0.213 0.01844 0.1801 0.253
84 20 11 0.096 0.02514 0.0575 0.160
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> #EFEHHEHEE A #overall survival model By sex

> M2 <- survfit(surv(time = month, status == 1 ) ~ sex_study_part, data = ¢

> summary(M2)

call: survfit(formula = surv(time = month, status
data = pro)

1) ~ sex_study_part,

2 observations deleted due to missingness
sex_study_part=Male
time n.risk n.event survival std.err Tlower 95% CI upper 95% CI

6 594 62 0.8956 0.0125 0.8714 0.921
12 426 35 0.8220 0.0166 0.7902 0.855
24 329 53 0.6896 0.0217 0.6484 0.733
36 196 39 0.5524 0.0262 0.5033 0.606
48 115 21 0.4515 0.0293 0.3977 0.513
60 71 15 0.3561 0.0318 0.2990 0.424
72 36 20 0.1583 0.0327 0.1056 0.237
84 2 1 0.0791 0.0583 0.0187 0.335

sex_study_part=Female
time n.risk n.event survival std.err Tlower 95% CI upper 95% CI

6 1127 92 0.918 0.00816 0.9025 0.934
12 867 78 0.836 0.01161 0.8133 0.859
24 678 96 0.717 0.01498 0.6886 0.747
36 469 64 0.620 0.01723 0.5867 0.654
48 303 39 0.540 0.01917 0.5035 0.579
60 206 38 0.440 0.02138 0.4002 0.484
72 131 61 0.235 0.02233 0.1953 0.283
84 18 10 0.105 0.02928 0.0604 0.181
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