Appendix I: Assumption checking
Assumption checking for Pearson’s correlation coefficients
For each analysis of the Pearson’s correlation coefficient, the following assumptions, including (1) the variables are continuous, i.e., interval or ratio variables, (2) the relationship between the variables needs to be linear, (3) there are no outliers in the data, and (4) the variables are normally distributed, were examined (Field, 2013). The first assumption was satisfied as the composite scores of three variables, depression (measured as the total score of BDI-II), purpose in life (measured as the total score of PIL), and loneliness (measured as the total score of RULS), were ratio variables and continuous. 
The second assumption was checked using scatter plots to determine if the two variables (e.g., depression and purpose of life) exhibited a linear relationship. The scatter plots were also used to examine the third assumption, to ensure there were no significant outliers. The scatter plots are presented in Supplementary figure s1,s2,s3. It appeared that there was a linear relationship between the three variables and there were no outliers. Hence Assumptions 2 and 3 of Pearson’s correlation coefficients were satisfied.
The fourth assumption was checked using skewness and kurtosis. As suggested by Kim (2013) and Mishra et al. (2019), an absolute skewness value ≤ 2 and an absolute kurtosis (excess) ≤ 4 for the data may be used as reference values for determining considerable normality. Since the values of skewness ranged from -0.52 to 0.73 and the values of kurtosis ranged from -0.51 to 2.19 (Table 6), it was concluded that the normality assumption was satisfied for Pearson’s correlation coefficients. As all assumptions were satisfied for Pearson’s correlation coefficients, it was appropriate to apply Pearson’s correlation coefficients to analyze the data.  
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[bookmark: _Hlk124646558]Supplementary figure S 2: Scatter plot of depression and purpose in life
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[bookmark: _Hlk124646597]Supplementary figure S 3: Scatter plot of purpose in life and loneliness
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Supplementary figure S 4: Mean scores of depressions, purpose in life, and loneliness by gender




Supplementary figure S 5: Mean scores of depressions, purpose in life, and loneliness by marital status




Assumption checking for two-sample t-tests
The following three assumptions for two-sample t-tests were examined: a) independence of observations, b) the dependent variable should be approximately normally distributed, and c) there needs to be homogeneity of variances (Field, 2013). The independence assumption was satisfied as each patient was an independent individual and hence the observations were independent of one another. 
The normality assumption was checked via skewness and kurtosis. As suggested by Kim (2013) and Mishra et al. (2019), an absolute skewness value ≤ 2 and an absolute kurtosis (excess) ≤ 4 for the data may be used as reference values for determining considerable normality. Since the values of skewness ranged from -0.55 to 0.74 for males and from -0.53 to 0.72 for females, and the values of kurtosis ranged from -0.60 to 1.95 for males and from -0.40 to 2.61 for females (Table 7), it was concluded that the normality assumption was satisfied for the two-sample t-tests. 
The assumption of homogeneity of variances were examined using Levene’s test. Since the p-values for Levene’s tests were all greater than 0.05 (Table 7), it was concluded that the assumption of homogeneity of variances for two-sample t-tests was satisfied. As all assumptions were satisfied for two-sample t-tests, it was appropriate to apply two-sample t-tests to analyze the data.  
Assumption checking for one-way ANOVAs
For ANOVAs, the following assumptions were checked: (a) independence of observations, (c) normality of the residuals, and (d) homoscedasticity (homogeneity of variances) (Neter et al., 1990; Keppel, 1991). The assumption of independence of observations means that that there was no relationship between the observations in each group or between the groups themselves. As participants of the study were independent individuals, the assumption of independence of observations was satisfied. 
The assumption of normality of the residuals was checked using the skewness and kurtosis. As suggested by Kim (2013) and Mishra et al. (2019), an absolute skewness value ≤ 2 and an absolute kurtosis (excess) ≤ 4 for the data may be used as reference values for determining considerable normality. Since the values of skewness ranged from -0.53 to 0.73 and the values of kurtosis ranged from -0.49 to 2.23 (Table 8), it was concluded that the normality assumption was satisfied for the ANOVAs. 
The assumption of homoscedasticity (homogeneity of variances) was checked via Levene’s test (Neter et al., 1990). Since the p-values for Levene’s tests were all greater than 0.05 (Table 8), it was concluded that the assumption of homogeneity of variances for ANOVAs was satisfied. As all assumptions were satisfied for ANOVAs, it was appropriate to apply ANOVAs to analyze the data.  
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Male 	Depression	Purpose in life	Loneliness	16.16	100.01	55.3	Female 	Depression	Purpose in life	Loneliness	17.55	99.04	55	
Mean score




Never married	Depression	Purpose in life	Loneliness	16.350000000000001	96.89	55.49	Married	Depression	Purpose in life	Loneliness	16.3	101.16	54.2	Single/separated/widows	Depression	Purpose in life	Loneliness	17.09	100.03	55.48	
Mean score
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