Appendix 1 
Photoplethysmography data acquisition and processing
Data acquisition
Forehead blood oscillation photoplethysmography (PPG) data was recorded using hardware of own design. The PPG device used an Osram SFH7060 PG sensor able to emit red, infrared, and green light. We recorded the reflected red-light signals at 660 nm with 125 Hz sample rate. Ambient light was subtracted by intermediate measurements with all LEDs off. The recorded data stream was transmitted to a local computer using Bluetooth and the complete measurement was uploaded to a private cloud for further offline processing. Data with obvious sections of artefacts were excluded from further data processing. Of the remaining 31 datasets, the number of corrected data of affected time series was < 1%. Artifacts were removed by detection of large jumps in signal amplitude (limited to 3*σ) and removal of the first 15 seconds of each section as they are commonly dominated by movement artifacts.
Computation of momentary frequency of highest amplitude 
Offline processing of PPG data was performed using Numpy (Harris et al., 2020), SciPy (Virtanen et al., 2020), and Matplotlib (Hunter, 2007). To improve performance of further data processing steps, the signal was subsampled to 5 Hz. To further clear the time-frequency plot from artifacts the signal was detrended. The preprocessed signal was then converted to a time-frequency distribution using the continuous wavelet transformation and a Morlet wavelet (with parameter σ=5) computed in relative normalization. The frequency ranged from 0.05 to 0.4 Hz and was sampled in 200 steps. Morlet wavelet time frequency distributions were computed in relative normalization, which displayed only frequencies of highest amplitude of the respective window. 3D-TFD maps were then reduced to 2D-time series of momentary frequencies of highest amplitude (MFHA), which could be analyzed for distribution of frequency bands using automated signal analysis with different boundaries (LF: 0.05 – 0.12 Hz; IM: 0.12 – 0.18 Hz; HF: 0.18 – 0.4 Hz). 	
Computation of signal amplitudes
Furthermore, a set of the algorithms implemented in Matlab R2022a (Mathworks Inc., Natick, MA) was used to extract signal amplitudes for each frequency band (LF: 0.05 – 0.12 Hz; IM: 0.12 – 0.18 Hz; HF: 0.18 – 0.4 Hz). Firstly, redundant segments were clipped, and data were downsampled to 5 Hz. Subsequently they were denoised from mostly motion artifacts using stationary wavelet transformation (SWT) and filtered using bandpass filters according to the defined frequency bands. Remaining peaks indicative of movement artifacts were suppressed using a soft thresholding function with a moving median (500 samples = 100 s) and 3×σ. Finally, amplitudes were extracted for each frequency band from scalograms computed by continuous wavelet transformation. Extracted amplitudes were normalized by min-max scaling for each subject and imported to SPSS for data analysis.
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