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Confirmatory Factor Analysis and Logistic Regression Supporting Information
EATQ-R model estimation was carried out using confirmatory factor analysis (CFA) with delta parameterization and weighted least squares with diagonal weight matrix with standard errors and mean- and variance-adjusted chi-square test statistics (WLSMV). To evaluate global model fit, we used root mean square error of approximation (RMSEA), comparative fit index (CFI), Tucker–Lewis index (TLI). Values of RMSEA lower than 0.060 and CFI or TLI values higher than 0.950 indicate a good-to-excellent model 1. However, some limitations of these cut-offs are warranted for our study. First, CFI/TLI tends to be higher (and RMSEA lower) with an increasing number of dimensions and response categories and a lower number of items. Second, the probability of correctly rejecting a misspecified model decreases with increasing sample size 2–4.
The EATQ-R bifactor model resulted in acceptable fit indices (RMSEA = 0.049, 90% CI = 0.047 - 0.051; CFI = 0.914; TLI = 0.897).
            Because examination of global model fit is not sufficient to fully understand the differences and quality of the factors derived from a bifactor model 5,6, aside ωH as described above, we further estimated nine model-based reliability indices to supplementary evaluate the EATQ-R bifactor model:
1. Reliability index omega (ω) is a model-based reliability estimate, analogous to the alpha coefficient but appropriate for tests that have varying factor loadings;
2. Hierarchical omega (ωH), the proportion of total variance attributed to the general or specific factors (ω and ωH coefficients vary between 0 and 1, where higher scores indicate greater reliability);
3. Factor determinacy (FD): the correlation between the factor scores and the estimated factor indicates that factor scores should be used if FD is at least 0.9; 
4. H: a measure of construct replicability that quantifies how well each latent factor is represented by the items loading on it (H > 0.7 represents a well-defined latent variable 7 (Hancock & Mueller, 2001); 
5. Explained common variance (ECV): the proportion of the total variance in included items that is explained by the general factor rather than the specific factors; 
6. ECV of a specific factor due to itself (ECV-SS) is the proportion of common variance of the items in each factor which is due to that factor; 
7. ECV of a specific factor concerning the general factor (ECV SG) is the proportion of common variance of the items in each specific factor which is due to the specific factor;
8. ECV of the general factor with respect to a specific factor (ECV GS) is the proportion of common variance of the items in each specific factor which is due to the general factor;
9. Percent uncontaminated correlations (PUC): the percent of all correlations among symptoms attributable purely to the general factor
CFA was carried out using Mplus version 8.6 8 and implemented in R version 4.0.3 using the MplusAutomation package 9, which was also used to extract factor scores generated in Mplus. Factor scores were estimated using expected a posteriori estimation. In addition, all bifactor reliability indices were calculated using the BifactorIndicesCalculator package in R10.
Logistic regression models were used to analyze odds ratios (OR) of difficulty distancing for each temperament dimension z-score. In the first analysis, univariate models for each temperament factor were used. Then, in the second analysis, we adjusted for age, gender, site, socioeconomic status, IQ score, and presence of any psychiatric disorder at baseline. In the third analysis, we performed a bivariate analysis, including EC and each additional temperament dimension adjusted for age, gender, SES, site, IQ level, and presence of any psychiatric disorder at baseline. Finally, a multiple model included all temperament traits. Statistical significance was set to p < 0.05.
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