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1 Appendix 1
Data set description

Table A1. Summary of explanatory variables computed by the manufacturer

Predictor variables Xi Description
TD X1 Total distance covered by a player (km)
D0−5 X2 Distance covered at a running speed below 5 km.h−1

D5−10 X3 Distance covered at a running speed between 5 km.h−1 and 10 km.h−1

D10−15 X4 Distance covered at a running speed between 10 km.h−1 and 15 km.h−1

D15−21 X5 Distance covered at a running speed between 15 km.h−1 and 21 km.h−1

D21−24 X6 Distance covered at a running speed between 21 km.h−1 and 24 km.h−1

D24−30 X7 Distance covered at a running speed between 24 km.h−1 and 30 km.h−1

D30 X8 Distance covered at a running speed over 30 km.h−1

HID15 X9 Distance covered at high intensity (over 30 km.h−1)
HID21 X10 Distance covered at high intensity (over 21 km.h−1)
Acc3 X11 Number of accelerations performed over 3 m.s−2

Acc3.5 X12 Number of accelerations performed over 3.5 m.s−2

Acc4 X13 Number of accelerations performed over 4 m.s−2

Dec3 X14 Number of decelerations performed over 3 m.s−2

Dec3.5 X15 Number of decelerations performed over 3.5 m.s−2

Dec4 X16 Number of decelerations performed over 4 m.s−2

Sprint24 X17 Number of running sprints over 24 km.h−1

Speedavg X18 Averaged running speed of the session (km.h−1)
Speedmax X19 Maximal running speed reached during the session (km.h−1)
Accmax X20 Maximal accelerations performed during the session (m.s−2)
Player X22 Player’s id
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Overview of the most selected features for predictive analysis tasks

Table A2. Top ten selected features for predictive tasks. A complete significance of feature extracted from raw data is
provided by Christ et al.1.

Feature source
acc_3.5mss commercial features
acc_3mss commercial features
acc_4mss commercial features
d_speed_0_5 commercial features
d_speed_10_15 commercial features
d_speed_15_21 commercial features
d_speed_5_10 commercial features
dec_3.5mss commercial features
dec_3mss commercial features
distance commercial features
mean_second_derivative_central raw data
partial_autocorrelation__lag_2 raw data
change_quantiles__f_agg_"var"__isabs_True__qh_0.8__ql_0.6 raw data
change_quantiles__f_agg_"mean"__isabs_False__qh_1.0__ql_0.6 raw data
change_quantiles__f_agg_"mean"__isabs_False__qh_1.0__ql_0.8 raw data
fft_coefficient__attr_"real"__coeff_75 raw data
fft_coefficient__attr_"imag"__coeff_90 raw data
friedrich_coefficients__coeff_2__m_3__r_30 raw data
friedrich_coefficients__coeff_3__m_3__r_30 raw data
matrix_profile__feature_"min"__threshold_0.98 raw data
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