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Abstract4

Scientific claims can remain unchanged even as their supporting evidence changes, making5

their continued validity a question of both source provenance and interpretation. To examine6

how evidence availability and reference judgments shape that assessment, we audited a7

source-cited verification workflow that records source changes, claim-support states, and8

update consequences separately. The study combined six constructed numerical pairs with9

eight unchanged claims from four published papers evaluated against original and deliberately10

altered result tables. Paired-version inference was compared with separately executed single-11

version assessments, and frozen reference judgments were checked against the evidence actually12

supplied to each assessor. We then conducted a separate, post-exposure diagnostic using13

expanded published context and admissible source roles, with new references fixed before14

inference. In the numerical demonstration, both approaches detected the single loss of support15

without additional loss alerts. In the original published-table study, all 24 responses passed16

citation and input validation, yet some reference judgments relied on context absent from17

the inference packets. Against the original references, paired and single-version assessment18

identified two and one of four intended losses, respectively, with state agreement of 10/1619

and 11/16. Rescoring the unchanged paired predictions against diagnostic references changed20

agreement to 12/16. In the expanded diagnostic, both approaches detected all three resolved21

losses and preserved all three supported controls; agreement with packet-specific AI references22

was 16/16 and 15/16. Causal and test/validation qualifications remained unresolved. These23

results show how evidence availability and reference selection affect the interpretation of24

version-specific claim support, even when source citations and input records are valid.25
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1 Background28

An unchanged scientific sentence can acquire a different evidential status after a result is corrected,29

a table is revised, or a source is supplemented. A file-change alert identifies an update; it does not30

establish whether the sentence remains justified. The researcher needs to know what the sentence31

asserts, what the evidence establishes at each version, and whether any unresolved qualification32

prevents a firm conclusion.33

Consider a published comparison of memory-efficient training methods. In VeLoRA’s main34

Table 1, SSF has a reported memory value of 4.13 and SSF with VeLoRA 3.46; their mean35

accuracies are 72.7 and 72.6%, respectively [1]. Those entries support the table-local statement36

of an approximately 16% memory reduction with a 0.1 percentage-point accuracy decrease.37

In our controlled altered table, replacing 3.46 with 4.50 contradicts that reduction, while an38

unchanged Hydra comparison retains its approximately 7% reduction and 0.1-point accuracy39

increase (Figure 1). Both claims depend on the changed table, but only one loses support. The40

altered value is an experimental evidence manipulation, not a new result reported by the original41

authors.42

Table-local comparison Original A Controlled B

SSF memory: baseline / +VeLoRA 4.13 / 3.46 4.13 / 4.50
SSF accuracy: baseline / +VeLoRA (%) 72.7 / 72.6 72.7 / 72.6
Claim: 16% less memory; −0.1 points accuracy Supported Contradicted

Hydra memory: baseline / +VeLoRA 3.10 / 2.88 3.10 / 2.88
Hydra accuracy: baseline / +VeLoRA (%) 74.7 / 74.8 74.7 / 74.8
Claim: 7% less memory; +0.1 points accuracy Supported Supported

Figure 1: One changed table, two different claim consequences. Values derive from VeLoRA’s
main Table 1 [1]; only the SSF+VeLoRA memory entry changes in B. Relative reductions are
(4.13− 3.46)/4.13 = 16.22% and (3.10− 2.88)/3.10 = 7.10%. Memory values retain the original
Table 1 presentation, labelled MB; Appendix Table 10 uses GB and different Hydra values. The
source inconsistency is retained, and ratios are evaluated only within Table 1. The illustration
represents actual case-study inputs.

The arithmetic is only part of the problem. A sentence may name a method through a symbol43

defined elsewhere, call a measurement “test performance” when a table says “validation accuracy,”44

or attribute an observed difference to a mechanism. A verifier can quote every supplied number45
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correctly yet lack evidence for those qualifications. Reference reviewers can make the opposite46

mistake: they may use full-paper knowledge to label a sentence supported even though the model47

receives only an isolated table. Agreement with such references would not by itself validate the48

model’s scientific inference.49

Scientific claim verification already relates statements to supporting or refuting evidence.50

SciFact provides rationale sentences from abstracts [2]; SciFact-Open examines open-domain51

verification and specificity mismatches [3]. SciTab studies compositional reasoning over scientific52

tables [4], and SciVer combines multiple scientific evidence elements [5]. SciClaimEval retains53

scientific claims while modifying evidence and distinguishes table-only, short-context, and full-54

paper requirements [6].55

Table-Text Alignment supplies supporting-cell annotations and an ambiguity taxonomy56

covering conversion errors, missing context, and unclear references; correct claim labels can57

coexist with poorly aligned evidence rationales [7]. SourceCheckup distinguishes valid source58

links from whether their content supports a statement [8]. Its URL-validity endpoint differs59

from the exact quotation/input checks used here. CLAIM-BENCH examines links to evidence60

dispersed across scientific papers [9]. These studies establish the general verification, context,61

and explanation problems that motivate our evaluation question.62

Research-reporting guidance also treats verifiability as a distinct objective: the TOP 202563

framework distinguishes disclosure and sharing practices from independent checks of computational64

reproducibility and results transparency [10]. We examine how differences between an inference65

packet and the assumptions used to construct its reference judgments affect the interpretation66

of version-specific support decisions. LEAP implements the source-cited verification workflow67

examined here: it records evidence changes, support at each version, and consequences for an68

unchanged claim. Our contribution is a reproducible case audit of packet/reference information69

differences, including a change in agreement from 10/16 to 12/16 for the same saved paired70

predictions when the scoring reference changes. A separate same-case diagnostic examines which71

qualifications expanded packets resolve and which remain unresolved. We ask:72

1. What support-loss and stable-support behavior is demonstrated by source-cited per-version73

assessment?74

2. How do evidence completeness and reference construction affect the interpretation and75

scoring of that behavior?76
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3. What does paired-version assessment add relative to separately assessed single versions in77

the examined cases?78

1.1 Position relative to prior work79

Provenance and incremental computation address important parts of the update problem. Prove-80

nance semirings formalize how outputs depend on contributing inputs [11]. Adaptive functional81

programming tracks dependencies and propagates changes selectively [12]. Neither a lineage82

expression nor a recomputation guarantee establishes the meaning of a scientific sentence. These83

foundations motivate a record connecting source identity to semantic decisions and consequences84

across evidence states.85

Table 1 compares the closest mechanisms and reporting standards by their actual units of86

analysis. The comparison motivates a case-specific audit of packet/reference differences and their87

consequences for support-state evaluation and composed update decisions.88

Table 1: Closest work and the question examined by the present case audit. No external system
was executed as an accuracy comparator.

Prior work Established capability Present examination

SciFact / SciFact-Open
[2, 3]

Scientific support/refutation with ra-
tionales; evidence specificity

Explicit states at identified evidence
versions

SciTab / SciVer [4, 5] Table reasoning and multiple evidence
elements

Complete literal qualifications versus
supplied context

SciClaimEval [6] Unchanged claims with altered evi-
dence; context categories

Reference/packet disagreement de-
spite exact citation checks

Table-Text Alignment [7] Context/ambiguity taxonomy;
verdict/evidence-rationale alignment

Fixed-prediction reference sensitivity
and version-linked consequences

SourceCheckup /
CLAIM-BENCH [8, 9]

Source support for attributed state-
ments; dispersed claim–evidence align-
ment

Reference-packet sufficiency and
version-linked decisions

TOP 2025 [10] Reporting and verification practices
for empirical claims

A reproducible record of evidence
boundaries and decisions

Provenance semirings [11] Composition of contributing-input lin-
eage

Source identity separated from seman-
tic support

Adaptive functional pro-
gramming [12]

Dependency-driven selective recompu-
tation

Update consequence separated from
a change alert

2 Methods89

The study comprised a constructed numerical demonstration, a table-only assessment and reference90

audit of authentic claims, and a separate diagnostic using expanded evidence packets (Figure 2).91

A populated study-specific reporting checklist is supplied separately alongside the three Additional92
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files.93

2.1 Computational tools and AI assistance94

Semantic assessments used OpenAI Codex with gpt-6.1-sol and high reasoning in separate95

paired and single-version sessions. AI systems prepared and separately checked reference judgments96

and audited source interpretations, as detailed below. Software execution and frozen validator97

replay produced the archived outputs; fixture responses were not substituted for model inference.98

Execution receipts retain model configurations, timestamps and accessible evidence. AI assistance99

also supported source recovery, analysis-code preparation, literature analysis, scientific auditing100

and manuscript preparation; a separate disclosure documents these tasks. Such records distinguish101

a statement of AI use from reviewable process documentation [13]. The author also used Elsevier102

LeapSpace for literature discovery, manuscript organization, language refinement and consistency103

checking, and takes responsibility for the article.104

2.2 Verification record and decision rules105

The inputs are an exact scientific claim, its original scope, a complete clause partition, identified106

evidence snapshots A and B, and admissible source roles. A snapshot is a preserved evidence107

state, not necessarily a historical publication revision. The default partition is the entire sentence108

as one clause; all eight authentic-source sentences retained that partition. The preparer cannot109

silently reduce a sentence to its easiest numerical fragment.110

The workflow produces three separate outputs: observed source change; support at each version;111

and the consequence of the update (Figure 2). Source change includes original-byte differences,112

evidence additions/removals, and whitespace-normalized text differences. Text normalization is a113

change screen rather than a semantic equivalence test.114

A separately executing language model returns exact source quotations, relations of support,115

contradiction, or non-addressing, scope fit, and reasons. For numerical comparisons, the assessor116

identifies the measurement, unit, comparison condition, and intended version and reasons over their117

relationship to the claim. The frozen semantic program validates citations and composes supplied118

relations; it does not itself measure scientific accuracy or establish numerical entailment. Source119

roles distinguish observations, analyses, methods, code, and other material. An inadmissible role120

or mismatched setting cannot establish support merely because its quotation is authentic. Role121
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1. Read the exact claim

Include words such as

“exactly”, “at least”, or

“during the focus groups”

2. Identify the evidence

Which file measures or docu-

ments what the claim says?

3. Check file identity

Read the specified re-

search version and ver-

ify its stored fingerprint

4a. Number stated

Obtain the stated measure-

ment; check its unit, compari-

son condition, and source version

4b. Interpretation stated

Find original passages; record quo-

tation and explanation; check

quoted text against the source

5. Record support at each version

Supported, contradicted, requires review, or insuffi-

cient evidence; preserve source location and explanation

6. Compare versions of the same claim

State whether support is preserved, strength-

ened, weakened, lost, or unresolved

Figure 2: Version-specific verification procedure. Numerical claims require the asserted mea-
surement and comparison; interpretive claims require relevant source passages and explanations.
Source identity and quotation checks precede decision composition. The diagram describes
workflow operations rather than measured accuracy.

bindings are preparer interpretations that require audit.122

A separate program validates file availability, SHA-256 identity, exact line ranges and quoted123

text, request/method identity, source coverage, and clause coverage. Missing or altered required124

files block execution without a scientific label. When execution succeeds, admissible support125

without contradiction or uncertainty yields supported; admissible contradiction without support or126

uncertainty yields contradicted. Conflict or unresolved scope yields requires review; no admissible127

evidence yields insufficient evidence. An unread evidence item requires review. For an explicitly128

partitioned conjunction, a contradicted clause contradicts the conjunction; all clauses must be129

supported to support it. Because these authentic sentences were single clauses, their numerical130

and interpretive qualifications were assessed together.131

Only supported-at-A followed by contradicted-at-B produces a proven-loss alert. Supported-132

at-A followed by review or insufficiency produces unresolved support, rather than proven invalidity.133

Supported states at both versions can be preserved, strengthened, or weakened. Strengthening134

requires a new supporting quotation; weakening requires removal of one. These are structural135

grounding rules, not a proof of semantic correctness. The program can establish which words136

were used and how supplied relations were composed; it cannot establish entailment from string137
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matching alone.138

2.3 Materials and units of analysis139

We retained two distinct experimental strata. A numerical demonstration used six constructed140

pairs from one source cluster: loss, preserved support, removed measurement, gained support,141

formatting-only change, and conflict. Arithmetic and missing/conflict rules fixed the references142

before inference. These were demonstrations of operational behavior, with no published-paper143

sample. The complete numerical experiment is retained in Additional file 1.144

The authentic-source study used eight unchanged sentences from four published NeurIPS145

papers: GeoLIP [14], CLAP4CLIP [15], multiscale perturbed gradient descent (MPGD) [16], and146

VeLoRA [1]. Each paper supplied an intended affected claim and a comparison claim under the147

same table alteration. Six candidates were inspected and four selected purposively using recovered148

SciClaimEval development materials and original proceedings PDFs. Source PDFs, published149

wording, and table cells were checked before freezing; original transcriptions and any differences150

from benchmark wording were retained. No original research software was executed. Additional151

file 2 retains the complete frozen table-only study.152

The experimental B records deliberately changed one GeoLIP sampling value from 175.24 to 50;153

CLAP4CLIP’s CIFAR100 average for “Ours” from 86.13 to 80; all eight primary/variant MPGD154

validation accuracies to 60 while retaining gaps; and SSF+VeLoRA memory from 3.46 to 4.50.155

Other table bytes were preserved. These are controlled modifications of authentic result records,156

not historical revisions or measurements made by the original authors. The unit is one unchanged157

claim across two states; claims within a paper are correlated. Numerical demonstrations and158

authentic-paper cases were not pooled.159

2.4 References, execution, and comparison160

An AI preparer assembled arithmetic/source reference judgments, and a separately executing161

AI reviewer checked them before inference. Both had access to development records containing162

benchmark labels. References were frozen before subsequent LEAP predictions; no human expert163

adjudication was performed. Frozen references designated four losses, three supported stable164

controls, and one unresolved CLAP4CLIP control. A post-inference audit checked each literal165

qualification against the actual inference packet; original references and predictions remained166

unchanged.167
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One paired context received both versions. Two separate single-version contexts each received168

only its assigned version, duplicated into the validator’s two snapshot slots for compatibility.169

Their duplicate transition labels were ignored; the separately produced A and B support states170

were composed into update consequences. The same method, prompt, role policy, citation rules,171

and recorded model configuration applied; no dated immutable backend snapshot was exposed.172

One first-pass prediction per condition/case was retained, with no semantic retries.173

For the authentic-source runs, macOS Seatbelt restrictions denied access to references, pre-174

vious experiments, source material outside the assigned packet, and other inference contexts.175

Failed sandbox setup attempts contained no assessments and were retained. Global Codex176

configuration/plugins remained loaded, so isolation was not hermetic. Numerical demonstrations177

used disjoint directories and instruction-based isolation. These differences prevent treating the178

strata as interchangeable replications.179

We report support states, review/insufficiency, exact agreement with named references, loss180

alerts, and case explanations. For loss alerts, TP/FP/TN/FN denote true positives, false positives,181

true negatives and false negatives. Conditional confusion counts use the original seven-pair binary182

core and retain the unresolved eighth pair separately. A true negative means no loss alert on183

a reference non-loss; it need not mean correctly preserved supported states. Byte-change and184

normalized-text screens issue generic review alerts, not contradiction judgments. An always-185

supported comparator records the effect of predicting support everywhere. We made no population186

inference or significance claim from four purposively selected paper clusters.187

2.5 Separate source-context diagnostic188

A post-exposure diagnostic followed inspection of the original predictions and source audit (Addi-189

tional file 3). It retained the same eight literal sentences, original tables, controlled B alterations,190

and one-clause scopes. Five original published views added CLAP4CLIP variant/comparator191

definitions, GeoLIP sampling and Lipschitz-function definitions, and MPGD parenthesized-variant192

and validation-gap mappings. Identical context was supplied at A and B. GeoLIP and CLAP4CLIP193

role bindings expanded from observation/analysis to include method evidence; the original MPGD194

caption supplied variant-identifying table metadata. Thus both context and admissible input roles195

changed, while the semantic implementation, assessor prompt, and composition rules remained196

unchanged. This was not a pure content-only intervention or a fresh holdout.197

An AI source auditor, executing separately from inference and exposed to the earlier outcomes198
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but not the new diagnostic predictions, checked the complete literal claims, scope, context199

roles, and references against all actual requests before inference. Source/request hashes and200

references were then frozen. These new packet-specific references established three losses (GeoLIP,201

CLAP4CLIP, VeLoRA), three supported stable controls (GeoLIP, MPGD, VeLoRA), and two202

unresolved pairs: the CLAP4CLIP causal sentence and MPGD test-performance sentence. The203

latter remained unresolved because added validation definitions did not establish equivalence to204

test performance. The diagnostic used one new paired run and two new single-version runs with205

the recorded model configuration and file access restrictions.206

Primary diagnostic counts used the six reference-established pairs; all eight pairs and sixteen207

unique states remained reported. A separate post hoc sensitivity analysis scored saved original208

table-only predictions against the new references. It did not replace original references or original209

reported scores. Neither this rescoring nor the new model calls isolate context from role bindings,210

reference changes, or inference variability. Raw first-pass outputs and source/explanation audits211

were retained with the diagnostic.212

3 Results213

3.1 Numerical behavior and the original table-only comparison214

Both paired and single-version inference detected the one constructed loss and issued no loss215

alerts for the five other numerical pairs: TP1, FP0, TN5, FN0. Both matched 11/12 exact216

reference states; the paired record contained two review/insufficiency states. Missing/conflict217

controls are non-loss controls rather than supported scientific negatives. The two modes therefore218

demonstrated the same numerical loss behavior.219

In the authentic-source study, all 24 first-pass response files passed the unchanged cita-220

tion/input validator: eight paired files and eight files from each single-version context. Table 2221

shows the paired states. Citation validity coexisted with unresolved semantic judgments in half222

of the paired states (8/16) and four of eight pairs.223

Conditional on the frozen AI references, paired inference produced TP2, FP0, TN3, FN2;224

separately assessed single versions produced TP1, FP0, TN3, FN3 (Table 3). However, exact225

four-state agreement favored single-version inference, 11/16 versus 10/16. The modes agreed226

on 13/16 states. The apparent paired gain in loss alerts therefore coexisted with lower overall227
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Table 2: Original table-only paired results. A: original evidence; B: controlled altered evidence.
“Review” abbreviates requires review. “Affected” identifies the intended altered-comparison claim,
not an independently established loss. The last column reports its loss alert.

Paper Affected claim A → B Comparison claim A → B Loss alert

GeoLIP Review → review Supported → supported No
CLAP4CLIP Supported → contradicted Review → review Yes
MPGD Review → review Review → review No
VeLoRA Supported → contradicted Supported → supported Yes

reference agreement. Paired non-alerts on intended losses were review outcomes, not affirmative228

supported-at-B conclusions. Of three intended supported controls, two remained supported; the229

MPGD comparison remained under review and still contributed a binary true negative.230

Table 3: Original authentic-source comparison against unchanged frozen AI references. For
loss alerts, TP: true positive; FP: false positive; TN: true negative; FN: false negative. A/B
denote original/controlled altered evidence. The binary core contains seven pairs, excluding the
unresolved CLAP4CLIP control; exact agreement includes all sixteen A/B states from eight pairs.
Disputed supported-at-A references condition these counts. Change screens cover all eight pairs
and issue generic review alerts.

Condition TP FP TN FN
Exact agreement

(16 states)

Paired inference 2 0 3 2 10/16
Separate single-version composition 1 0 3 3 11/16
Always supported 0 0 3 4 10/16

Screening condition Generic review alerts Scientific contradiction output

Changed original bytes 8/8 pairs None
Changed normalized text 8/8 pairs None

3.2 What the source audit changed about interpretation231

The audit found correct arithmetic and changed-cell identification alongside missing evidence for232

whole-sentence qualifications. For GeoLIP, the original ratios 185.18/175.24 and 425.04/306.98233

are approximately 1.057 and 1.385; the altered first ratio is 3.704, exceeding 1.783. The paired234

assessor nevertheless retained review because the sentence also says Sampling provides a lower235

bound of the true Lipschitz constant. The table-only packet did not establish that property.236

Single-B treated the failed numerical qualification as sufficient for contradiction. This was a237

difference in whole-clause interpretation, not failure to notice the changed number.238

For CLAP4CLIP, paired-A accepted the intended “Ours”/“Ours w/oVI” comparison, while239

single-A lacked a source mapping those rows to probabilistic and deterministic variants. The240
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published method paragraph supplies that mapping but was absent from the packet. Consequently,241

the extra paired loss alert did not isolate a benefit from reasoning over versions. The unchanged242

1.46-point comparison did not establish the full comparison sentence’s attribution to instance-243

conditioned prompt knowledge; review remained appropriate for that causal claim.244

MPGD exposed two different issues. Its affected sentence says “test performance,” whereas245

the table labels validation accuracy. Both modes identified that altered accuracies fell below246

the baselines, but the paired result retained the unresolved test/validation interpretation. Its247

comparison sentence names perturbations in equation (11); the PDF caption identifies the248

parenthesized variant, while the supplied transcription contains an unresolved DS:sym macro.249

Reference reviewers imported the original caption mapping although the model’s packet omitted250

it. This was a packet/reference discrepancy, not an arithmetic error.251

VeLoRA supplied the clearest within-table demonstration: both modes detected the affected252

SSF contradiction and preserved the Hydra claim. This finding is limited to main Table 1.253

Different Appendix Table 10 memory figures remain relevant to any unrestricted whole-paper254

claim. Finally, some unchanged headers/captions were tagged as contradicting links even though255

they only identified scope; the numerical rows supplied the counterexamples. Exact quotation256

checks did not establish every individual relation label.257

3.3 Source-context diagnostic on the same cases258

Both modes detected all three reference-established losses and preserved all three supported259

stable controls: TP3, FP0, TN3, FN0 in the six-pair diagnostic core. All 24 first-pass response260

files passed citation/input validation. Paired inference agreed with 16/16 packet-specific AI261

reference states; single-version inference agreed with 15/16 (Table 4). The modes agreed on262

15/16 states. The one disagreement was MPGD affected/B: single-version inference returned263

contradiction while the reference and paired assessment retained review for the test/validation264

mismatch. Because A was already review, neither mode issued a loss alert for that sentence.265

The paired context retained four review states and single-version inference three; each had266

review in two of eight pairs. Neither produced an insufficient-evidence state or invalid response.267

Generic byte/text screens still alerted on 8/8 pairs; always-supported agreed with 9/16 diagnostic268

reference states and detected none of the three established losses.269

The changed decisions aligned with the supplied context: both modes resolved the Ge-270

11



Table 4: Separate post-exposure context diagnostic. References were frozen against the expanded
packets before inference. S: supported; C: contradicted; R: requires review. All state columns
report A/B: original/controlled altered tables, each with the same added published context.
“Affected” identifies the intended altered-comparison claim. The binary core contains three
resolved losses and three supported controls; all eight claims/sixteen states from the same four
paper clusters remain shown.

Paper Claim AI reference Paired Single-version

GeoLIP Affected S/C S/C S/C
GeoLIP Stable control S/S S/S S/S
CLAP4CLIP Affected S/C S/C S/C
CLAP4CLIP Causal comparison R/R R/R R/R
MPGD Test-performance comparison R/R R/R R/C
MPGD Gap control S/S S/S S/S
VeLoRA Affected S/C S/C S/C
VeLoRA Stable control S/S S/S S/S

oLIP sampling interpretation and MPGD parenthesized-variant mapping; single-A also resolved271

CLAP4CLIP’s comparator identity. The diagnostic did not resolve the CLAP4CLIP causal claim272

or the MPGD test/validation distinction. The separate AI explanation audit identified the latter273

single-B result as a semantic boundary disagreement: its rationale reframed the sentence as a274

claim about the table’s joint improvement while acknowledging validation-only evidence. Some275

single-A headers/captions received supporting relation labels as contextual members of multi-276

passage reasoning, rather than standalone entailments. Thus individual link granularity remained277

imperfect even when final states agreed. The diagnostic demonstrated feasible source-table-scoped278

decisions after a joint context-and-role intervention, rather than general whole-paper verification.279

In the secondary sensitivity analysis, original saved paired predictions scored TP2, FP0, TN3,280

FN1 and 12/16 exact states under the new references; saved single-version predictions scored TP1,281

FP0, TN3, FN2 and 11/16. The difference between the original paired score of 10/16 and this282

12/16 score resulted solely from changing the scoring reference, without changing predictions. The283

new diagnostic’s 16/16 and 15/16 agreements therefore must not be presented as improvements284

over the original 10/16 and 11/16 under an unchanged evaluation contract.285

4 Discussion286

The examined workflow established selected controlled contradictions and preserved selected287

unaffected claims while retaining source-linked reasons. It also exposed a methodological problem288

in evaluating scientific verifiers: reference validity depends on the same evidence boundary as289

model assessment. A reviewer who sees the original paper may use a definition that an isolated290
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table does not contain. Scoring the model against that judgment conflates semantic reasoning291

with unequal information.292

Three checks therefore answer distinct questions. Source validation asks whether the intended293

bytes and quoted words were used. Packet sufficiency asks whether those materials establish294

every necessary identity, definition, and qualification. Semantic review asks whether the cited295

evidence warrants the recorded relation. Our 24/24 citation-validation result answers the first296

question. The GeoLIP, CLAP4CLIP, and MPGD audits show why it cannot substitute for the297

latter two. Preserving these distinctions makes a disagreement inspectable. This contributes an298

operational record to the verifiability principles articulated in TOP 2025, using observed case-level299

disagreements rather than a general system-performance claim [10].300

The missing mappings and imperfect link rationales accord with context and ambiguity findings301

in scientific verification, particularly Table-Text Alignment’s distinction between a correct verdict302

and an aligned evidence rationale [3, 4, 6, 7]. Our additional observation concerns evaluation303

references: rescoring fixed paired predictions changed agreement from 10/16 to 12/16. That304

difference arose from the reference alone, without new model inference. The separate diagnostic305

showed that both modes could resolve the three supported-at-A losses after definitions, identity306

mappings, and admissible method roles were supplied. It did not establish that more context307

always helps: causal attribution and test/validation identity remained unresolved. A useful308

packet must preserve the particular context the claim requires, with explicit source roles, rather309

than merely increase text length. Reference review must inspect the actual packet and retain310

unresolved literal qualifications.311

The paired-versus-single results do not establish an advantage. Numerical demonstrations312

yielded the same loss classifications and state agreement. In the original authentic-source313

experiment, paired inference raised one additional loss alert but agreed with fewer reference states.314

The CLAP4CLIP mapping discrepancy further confounded the apparent gain. In the context315

diagnostic, both modes detected the same three losses; their one-state difference concerned an316

unresolved claim. This is neither evidence of general superiority nor proof of equivalence; repeated317

matched inference on adequate references would be needed to distinguish those possibilities.318

For research reporting, the practical contribution is a record that preserves exact claim319

wording, evidence version, admissible role, quotation, support state, update consequence, and320

the basis of any reference judgment. Such a record lets a later reader distinguish a numerical321

counterexample from missing context or an unresolved scientific qualification. Provenance and322
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selective recomputation provide foundations [11, 12]; the demonstrated addition is an auditable323

account of what the semantic decision did and did not establish in these cases.324

5 Limitations325

The authentic-source sample contains eight correlated claims from four purposively selected326

machine-learning papers. It is neither a random sample nor a fresh holdout. Controlled table327

alterations are not genuine historical author revisions. Numerical demonstrations contain one328

constructed source cluster and cannot enlarge the independent paper sample. Earlier conformance329

checks establish rule implementation rather than scientific accuracy.330

Original references were AI-assisted, exposed to development labels, and later found to exceed331

the supplied context for several claims. Retaining them supports a transparent account of the332

original comparison, not a ground-truth accuracy claim. Diagnostic references were independently333

AI-checked against the expanded packets; they remain source-scoped AI judgments. The diagnostic334

was selected after exposure, reused every paper/claim, and changed content and role bindings335

jointly. It cannot isolate their effects or add independent cases. No independent human expert336

adjudication or matched external-verifier execution was performed. One inference per condition337

does not measure model variability; model aliases and loaded configuration limit exact inference338

replay. File access isolation does not remove the models’ prior knowledge.339

Single-clause treatment couples numerical and interpretive qualifications. Different defensible340

handling of a failed numerical conjunct and an unresolved qualifier can change the final state.341

Explicitly re-partitioning clauses could be studied, but would change this experiment’s request342

contract. The workflow also starts from already identified claims and sources; it does not343

demonstrate exhaustive claim extraction or evidence retrieval. Broader resource or causal claims344

may require evidence beyond the scoped packets.345

6 Conclusions346

Source-cited per-version assessment detected selected controlled contradictions and distinguished347

them from unaffected claims. The audit traced packet/reference information differences and348

showed agreement changing from 10/16 to 12/16 for fixed paired predictions when the scoring349

reference changed. In a separate same-case diagnostic with added source context and admissible350

roles, both inference modes detected three established losses and preserved three supported351
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controls, while two claims retained unresolved qualifications. Scientific evaluation should preserve352

those distinctions and disagreements rather than treat citation validation as semantic validation.353

The evidence supports an inspectable workflow and bounded source-table-scoped feasibility;354

general loss-detection effectiveness and a paired-inference advantage remain unestablished.355
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A Provenance map471

The unchanged semantic method is identified in the preserved records as R17, with eight472

source/protocol files and aggregate SHA-256:473

10df807ba15a6999b5885cfcc29a43f11fe9cd814a8f6e73da59e42538b0ab87.474

The following locators identify the distinct scientific records in Additional files 1–3.475

The numerical demonstration is the resumed R29 Stage B record, described in R29_476

Scientific_Validation_Report.md; its six pairs form one constructed source cluster. The477

original authentic-paper study is the frozen LEAP_Paper4_R29_Authentic_Source_Supplement,478

whose SCIENTIFIC_REPORT.md preserves the reference-sufficiency disagreement. Original refer-479

ences, predictions, and interpretations remain unchanged. The separately identified post-exposure480

context diagnostic is stored under experiment/context_diagnostic; it neither replaces those481

records nor introduces new paper clusters.482
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