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Abstract

When organizations delegate work to artificial intelligence (AI), controls that remain formally in place may no 

longer achieve their purposes. We combine systematic identification and selection with integrative analysis of 

171 papers across five research streams and 26 supplementary sources. The synthesis develops dynamic control 

fit: an arrangement's ability to achieve a specified control function while sustaining or restoring the conditions 

on which that function depends. We explain this ability through a framework of three interconnected 

requirements: Deliver, Renew and Adapt. Deliver concerns whether coverage, information, expertise and 

opportunities to intervene support effective control in current work. Renew concerns the practice, feedback and 

maintenance through which these capabilities persist. Adapt concerns recognizing deficiencies, obtaining 

authorized changes and verifying restored performance. The framework explains how AI may improve 

immediate enforcement while reducing experiences through which people develop judgment for future 

oversight, although other activities may compensate. Coverage, reviewer capacity and revision authority impose 

distinct constraints requiring different responses. Continued reliance must also be assessed separately from 

performance because beliefs, external expectations and practical constraints can sustain or limit use. By 

following a specified function across changes in control arrangements, the review develops testable explanations 

of improvement, erosion, compensation and recovery.

Keywords: AI delegation; agentic AI; organizational control; AI governance; systematic review; dynamic control fit
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1 Control after delegation to AI

When organizations delegate work to artificial intelligence (AI), they change more than who performs particular 

tasks. They may also change how work is supervised, how errors are detected and who can intervene when 

something goes wrong. Consider an organization that uses AI to process payment requests. Its approval policy 

may remain unchanged, and software may reliably prevent payments that exceed an established threshold. Yet 

employees responsible for reviewing unusual transactions may have less information about how those 

transactions were processed, fewer opportunities to develop relevant expertise or insufficient time to intervene 

before a payment is completed. The organization has retained its formal controls, but its ability to achieve some 

of their intended purposes may have changed. The continued existence of a control does not establish its 

continued effectiveness.

We use the term control function to describe the purpose a particular control is intended to achieve, such as 

ensuring that a payment is authorized, detecting errors before a decision takes effect or resolving cases that 

require professional judgment. Organizations may delegate work to AI systems that recommend decisions, 

perform individual tasks or coordinate several actions. Agentic AI extends these possibilities by allowing 

systems to select and execute steps using delegated permissions, often through connections to other software 

tools. As organizations introduce these systems into their workflows, they can change who performs an activity, 

who evaluates its results and who has authority to interrupt or correct it (Baird and Maruping 2021). Such 

changes can improve existing controls, introduce new forms of oversight or weaken the arrangements on which 

effective control previously depended.

Organizational control theory provides an established foundation for examining these changes. Organizations 

direct and evaluate work through formal rules, supervisory review, performance measures, professional norms 

and other arrangements. These controls depend on particular conditions, including sufficient information about 

the work, knowledge of how it should be performed and the social relationships that support appropriate conduct 

(Ouchi 1979; Kirsch 1996). A supervisor cannot reliably evaluate work without some understanding of the task 

or a meaningful measure of its results. Similarly, professional norms depend on opportunities for people to 

develop and apply a shared understanding of acceptable practice. Delegating work to AI can alter these 

conditions even when an organization's formal policies remain unchanged. The effects vary: some controls may 

become more accurate or consistent, while others become less effective as information, expertise and authority 

are redistributed. Earlier research on automation illustrates the significance of these changes. In their 

examination of Australia's Robodebt scheme, Rinta-Kahila et al. (2022) document how the removal of manual 

accuracy checks altered verification responsibilities and contributed to failures in administrative decision-

making. Although contemporary AI systems differ from the technologies examined in earlier automation 

research, such studies demonstrate why changes in the organization of work must be considered alongside 

changes in technical capability.

A growing body of research examines the governance challenges associated with organizational AI. Studies of 

AI governance identify the responsibilities, policies and organizational practices needed to direct and oversee 

these systems (Birkstedt et al. 2023; Hillebrand et al. 2025; Papagiannidis et al. 2025). Research on 

organizational control explains how organizations combine different controls and adjust their use as 

circumstances change (Cardinal et al. 2004, 2017). Delegation research examines how authority is assigned, 

how the capabilities of those performing work are assessed and how their activities are coordinated (Baird and 

Maruping 2021). Other scholars investigate the effects of automation on human expertise, the maintenance of AI 

systems, accountability for outcomes and the practical ability of people to intervene when problems arise 

(Bainbridge 1983; Nagbøl et al. 2024; Grote et al. 2026). Together, these perspectives provide important 

explanations of the organizational arrangements through which AI is governed.

These bodies of research examine different aspects of control and assess effectiveness using different evidence. 

Technical studies test whether a software safeguard detects or prevents specified actions under defined 

conditions. Human-oversight studies assess judgments, willingness to challenge AI recommendations and felt 

responsibility for decisions. Organizational governance studies examine responsibilities, policies and reporting 
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arrangements. Each perspective contributes relevant knowledge, but their outcomes differ. A software safeguard 

may operate accurately while failing to address some actions or omissions relevant to the organization's 

requirements. A person may retain formal responsibility for a decision while lacking the information or 

opportunity to exercise effective oversight. Similarly, the existence of a governance policy does not establish 

whether the activities performed under that policy achieve their intended results. Explaining effective 

organizational control therefore requires connecting these different forms of evidence to the particular functions 

that controls are expected to perform.

Recent reviews connect AI's technical arrangements with organizational roles and governance requirements. 

Schulte and Kanbach (2026) examine generative AI's roles in organizational decision-making, while Jeppe et al. 

(2026) examine tensions in algorithmic management. Helal et al. (2026) explain how perceived fidelity to an 

authorized AI delegation influences evaluation and reliance. Our outcome is different: the independently 

assessed performance of a specified control function as its supporting conditions change. Consider two AI-

assisted payment workflows that resolve today's exceptional transactions equally well. In one, reviewers 

continue to practise difficult cases, receive feedback and can secure changes to deficient rules; in the other, 

relevant practice disappears and revisions depend on actors beyond their reach. Equal current performance—and 

even similar confidence in the systems—does not establish equal capacity to sustain or restore the authorization 

function. Existing work already explains learning, compensating activity and relocated decision authority (Ertem 

2026; Shoaib et al. 2026; Kumar and Suthar 2026). Our contribution is to connect these mechanisms through a 

common functional benchmark, distinguishing present effectiveness, renewal and authorized correction from 

continued reliance.

This problem requires attention to both the immediate effectiveness of a control and the conditions that allow it 

to remain effective. A software check may improve the detection of routine errors while reducing the 

opportunities through which employees develop the expertise needed to recognize more complex problems. An 

organization may have knowledgeable reviewers today but lack arrangements for sustaining that expertise as 

employees leave or tasks change. Alternatively, staff may recognize that an AI system no longer applies an 

appropriate rule but lack the authority to modify it or obtain a revision from its provider. These situations 

involve different weaknesses in organizational control. They also demonstrate why assessing a control at one 

point in time is insufficient to explain whether it can continue to achieve its purpose. An adequate explanation 

must connect present performance with the activities that sustain its supporting conditions and the organizational 

capacity to respond when those conditions become inadequate.

We therefore address one overarching research question: What conditions allow organizational control functions 

to remain effective as work is delegated to AI, and how can those conditions be sustained or restored over time?

To address this question, we combine systematic identification and selection with integrative analysis across 

research traditions. The main corpus comprises 171 papers across five streams: organizational AI governance, 

delegation and decision rights, runtime enforcement, human roles and accountability, and managerial control 

delegated to AI. We use 26 supplementary sources to examine alternative explanations and refine the 

interpretation. Comparing functions, their supporting conditions and the evidence used to assess them allows us 

to connect current performance with the activities and authority needed to sustain or restore it. The streams 

organize this comparison; they do not presume that different measures demonstrate equivalent outcomes.

The central theoretical contribution is the concept of dynamic control fit, which we define as an arrangement's 

ability to meet the requirements of a specified control function over time while sustaining or restoring the 

conditions on which that function depends. This concept shifts attention from the continued presence of 

particular control arrangements to their capacity to achieve an intended purpose as the organization of work 

changes. Replacing a control’s mechanism, target or performer does not by itself eliminate its function. 

Conversely, an unchanged arrangement may become less effective because the information, expertise or 

authority on which it depends has deteriorated. Following a specified function across these changes allows 

researchers to distinguish the reconfiguration of control from changes in its actual performance.
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Our synthesis identifies three interconnected requirements for achieving and sustaining dynamic control fit. 

Deliver concerns whether a control can achieve its intended function under current conditions. This depends on 

whether the arrangement addresses the relevant actions and omissions and whether people or systems have 

sufficient information, expertise and opportunities to intervene. Renew concerns the activities that preserve 

these conditions over time, including continued practice, feedback, maintenance and complementary work that 

sustains organizational capabilities. Adapt concerns the ability to recognize when a control no longer meets its 

requirements, obtain authorized changes and establish whether those changes restore effective performance. 

These requirements are closely related rather than sequential stages. For example, an organization may need to 

maintain employee expertise while simultaneously revising a software safeguard that no longer addresses the 

work being performed.

Together, these requirements explain how improving one aspect of control can create vulnerabilities elsewhere. 

Research on automation and expertise shows how the redistribution of work can affect opportunities to develop 

judgment, exercise discretion and maintain the ability to evaluate later decisions (Ertem 2026; Kumar and 

Suthar 2026; Shoaib et al. 2026). Delegating routine decisions may improve consistency and reduce immediate 

demands on reviewers while changing the experience available to those who must eventually resolve unusual 

cases. Whether this produces a decline in control depends partly on the presence of other activities that sustain 

expertise and provide opportunities for effective review. Similarly, the ability to detect a problem does not 

guarantee the ability to correct it when decision rights or technical authority have shifted to other actors. 

Dynamic control fit connects these immediate and longer-term relationships within a common theoretical 

explanation.

The synthesis also distinguishes three constraints on effective control: coverage, reviewer capacity and revision 

authority. Coverage concerns whether an arrangement addresses the actions and omissions relevant to its 

intended function. Reviewer capacity concerns whether people have the knowledge, information, attention and 

time needed to evaluate cases referred to them. Revision authority concerns whether those who identify a 

problem can implement an appropriate change or obtain action from someone authorized to do so. These 

constraints help explain why different weaknesses require different organizational responses. Extending a 

software check does not by itself replace the human expertise needed to judge exceptions; additional training 

cannot overcome the absence of authority to correct a deficient rule.

Finally, our explanation distinguishes the actual performance of a control from an organization's continued 

reliance on it. Organizations may retain arrangements because they believe those arrangements are effective, 

accept known limitations or lack workable alternatives. Continued use therefore cannot, by itself, establish that a 

control continues to achieve its intended purpose. This distinction is particularly important when AI changes the 

visibility of work or separates responsibility for outcomes from the capacity to assess and correct them. The 

framework supports investigation of not only how controls become more or less effective, but also why 

organizations recognize, respond to or continue operating with those changes.

Figure 1 introduces dynamic control fit and Deliver, Renew and Adapt. Section 2 explains the organizational 

control and delegation foundations; Section 3 describes identification, selection and integrative analysis. Section 

4 reports the corpus mapping and develops the Deliver, Renew and Adapt explanation and then considers 

functional trajectories and continued reliance. Section 5 specifies empirical tests, Section 6 considers 

organizational assessments, and Section 7 concludes.
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Fig. 1 Sustaining effective control after AI delegation

Deliver, Renew and Adapt express related requirements for achieving and sustaining dynamic control fit for a 

specified function. 

2 Delegation and organizational control

2.1 Assigning work and retaining practical authority

Delegating a task to AI determines what the system may perform, but not whether the organization retains the 

means to direct, evaluate and correct that work. In a payment workflow, for example, managers may permit AI 

to prepare and process requests while reserving approval of exceptional transactions for employees. Effective 

governance then depends on which actions require authorization, what information reaches the employees and 

whether intervention is possible before a transaction takes effect. Baird and Maruping (2021) explain delegation 

through capability assessment, assigned decision rights and continuing coordination. These remain distinct 

considerations after a system begins operating, especially as its assigned tasks and opportunities for intervention 

change.

Formal responsibility is not evidence of practical control. An employee can retain approval authority yet 

routinely accept an AI recommendation, lack sufficient information to evaluate it or use an override for an 

objective other than improving that decision (Kim et al. 2024). Conversely, software permissions can prevent an 

AI system from exercising an action it is technically capable of executing. Accountability requires a feasible 

means of evaluating or influencing outcomes, rather than simply naming someone responsible (Grote et al. 

2026). These distinctions apply both when AI performs operational tasks that people supervise and when AI 

itself allocates or evaluates employees' work.

These decisions can vary within a single workflow. The organization might allow an AI system to reject 

requests that violate a fixed rule, while requiring a person to approve cases with conflicting information. It may 

also make the person accountable for reporting repeated system errors without providing access to modify the 
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rule. The organization thus retains several kinds of authority—execution, review, and revision—that need not 

rest with the same actor. Treating them as a single "human in the loop" arrangement conceals the differences 

relevant to control performance.

2.2 Conditions and dependencies of organizational control

Organizational control theory provides an account of what makes control possible. Behaviour controls require 

sufficient knowledge of how work should be performed, while outcome controls require meaningful measures of 

its results (Ouchi 1979). Other controls rely on professional expectations, socialization and individuals' ability to 

regulate their own conduct (Kirsch 1996). Each form therefore depends on information, evaluative knowledge, 

opportunities to intervene or social relationships. Detailed activity logs, for example, may make an AI system's 

actions visible without giving a reviewer the expertise needed to judge them. A change in technology alters 

particular prerequisites, not necessarily the effectiveness of all controls in the workflow.

Controls also operate in combinations that organizations adjust over time (Cardinal et al. 2004, 2017; 

Schafheitle et al. 2020). Reviewing exceptions can both prevent current mistakes and teach employees how to 

recognize difficult cases later. An additional automated referral rule may help one function while overloading 

the people responsible for another. Such relationships mean that an apparent improvement to an individual 

check may depend on, or weaken, activities outside that check. Bainbridge (1983) identifies the longstanding 

problem of reserving difficult interventions for employees whose opportunities to practise have diminished. 

Organizational testing, maintenance and alternative assignments can preserve capabilities that the immediate 

arrangement no longer develops (Asatiani et al. 2021; Nagbøl et al. 2024; Ertem 2026).

2.3 Assessing functions when arrangements change

A control function is the specific purpose to be achieved, such as authorizing a payment or resolving an 

exceptional case. It may be supplied by a person, software, or a combination of both. Reconfiguration changes 

the mechanism, performer, target or timing of a control; it does not by itself establish that the function has 

improved or deteriorated. Substituting a software check for human approval may strengthen routine 

authorization while transferring the authority to revise its rules to an external provider. Functional assessment 

must consequently examine what the arrangement accomplishes and whether the prerequisites of that 

performance remain available.

Functional erosion occurs when performance of the specified function declines; functional loss occurs when it 

ceases without an effective replacement during the period examined. Neither should be inferred simply from the 

removal of a familiar procedure. Other activities may compensate for a lost prerequisite, and an unchanged 

procedure may fail to achieve its purpose. Bromley and Powell (2012) distinguish activities formally performed 

from the ends they attain.

The time period matters when deciding whether performance has changed. If a safeguard reliably prevents 

prohibited actions this month but the organization is withdrawing the maintenance work necessary to keep its 

rules current, the evidence supports current effectiveness and a possible future vulnerability, not yet observed 

erosion. If a weakness later emerges and is corrected, the interval during which the control failed should remain 

visible rather than being treated as uninterrupted success. Distinguishing these possibilities prepares the 

temporal analysis without assuming the answer in advance. Continued reliance cannot settle the matter either: 

decision makers may misunderstand deteriorating performance, knowingly accept a limitation or lack an 

alternative. Nor does success against a managerial objective settle whether the objective or its effects on workers 

are justified (Kellogg et al. 2020). Table 1 identifies how these established theoretical foundations inform the 

more specific explanation developed below.
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Table 1. Theoretical foundations and their contributions to dynamic control fit

Theoretical foundation and 

sources
Established explanation Contribution to dynamic control fit

Control prerequisites

Ouchi (1979); Kirsch (1996)

Behaviour controls require knowledge of 

the work; outcome controls require 

meaningful measures of results. Social and 

self-controls draw on shared expectations 

and self-regulation. Visibility of an action is 

not equivalent to the knowledge needed to 

evaluate it.

Deliver. Identifies the information, expertise, 

evaluative criteria and opportunities for 

intervention required to achieve a specified 

control function. More extensive monitoring 

need not improve judgment if the necessary 

knowledge is absent.

Control configurations and 

dependencies

Cardinal et al. (2004, 2017); 

Schafheitle et al. (2020)

Organizations combine and adjust formal, 

technical and informal controls. A change in 

one arrangement can support or interfere 

with another by altering information, 

workload, learning opportunities or other 

conditions on which it depends.

Deliver / Renew. Explains why improving 

one control can weaken or strengthen the 

current or future effectiveness of another. 

Compensating activities may preserve a 

function despite changes to the original 

arrangement.

Delegation and accountability

Baird and Maruping (2021); 

Grote et al. (2026)

Delegation involves assessing an agentic 

artifact, assigning authority and 

coordinating its work. Responsibility and 

formal decision rights do not guarantee that 

responsible actors can evaluate actions, 

intervene or secure a correction.

Deliver / Adapt. Distinguishes authority on 

paper from the practical capabilities needed 

for oversight and from an effective route to 

authorized changes when a control becomes 

inadequate.

Expertise, maintenance and 

compensation

Bainbridge (1983); Asatiani et 

al. (2021); Nagbøl et al. (2024); 

Ertem (2026)

Automation may reduce the practice 

through which people acquire expertise. 

Ongoing evaluation, feedback, technical 

maintenance and alternative assignments 

may sustain capabilities that are no longer 

reproduced through routine work.

Renew. Connects present performance with 

the continuing production of its prerequisites. 

Declining experience need not cause erosion 

if another activity supplies the required 

capability and sustains actual performance.

Decision rules and 

professional judgment

Kumar and Suthar (2026); 

Shoaib et al. (2026)

Delegation can shift discretion from 

individual cases toward the rules, data and 

configurations governing repeated 

decisions. Changes in opportunities to 

reason through work can also affect later 

judgment and error detection.

Renew / Adapt. Explains why maintaining 

reviewer expertise and obtaining authority to 

revise decision rules are distinct 

requirements, and why corrective capacity 

can change when discretion moves.

Decoupling, reliance and 

contestation

Bromley and Powell (2012); 

Kellogg et al. (2020)

Organizations may perform prescribed 

activities without achieving their intended 

outcomes. People subject to control can 

contest its aims, implementation or 

consequences. Continuing use of an 

arrangement is not proof of effectiveness.

Assessment and boundary conditions. 

Requires separate evidence about actual 

functional performance and continued 

reliance, and identification of the purpose, 

beneficiaries and consequences of the control 

being assessed.

Note. Connections to Deliver, Renew and Adapt identify how established explanations inform the synthesis; they do not imply that 

each cited study empirically tests dynamic control fit.

3 Search, selection and integrative analysis

3.1 Identification, eligibility and source groups

We combined systematic procedures for identifying and selecting literature with integrative analysis because 

research on organizational control after AI delegation spans several disciplines, each using different concepts, 

methods and forms of evidence (Torraco 2016; Elsbach and van Knippenberg 2020; Block et al. 2025). Rather 

than estimate the average effect of a particular intervention, our purpose was to develop an explanation of how 

different organizational and technical conditions contribute to effective control. Between 6 and 8 October 2026, 

we searched Web of Science Core Collection and ScienceDirect using combinations of terms relating to AI, 

delegation, organizational governance and control. The database searches covered articles and reviews without 
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restrictions on publication year or language. Scholarly preprints, conference proceedings and book chapters 

identified through other routes were also eligible.

We complemented these searches by examining publications citing Baird and Maruping (2021) and identifying 

additional relevant literature manually. Further searches used OpenAlex to identify publications through citation 

relationships and related topics. We also examined one generation of references cited by Kellogg et al. (2020), 

Bainbridge (1983) and Nagbøl et al. (2024). Supplementary sources were selected to examine alternative 

explanations, challenge emerging interpretations and clarify theoretical relationships, rather than to provide a 

representative sample of the literature. Online Resource 1 describes the search coverage, eligibility boundaries 

and analytical procedures. Online Resource 2 documents the search procedures, discovery routes and selection 

decisions.

We removed duplicate publications using digital object identifiers (DOIs) and standardized bibliographic 

information. We then screened the titles and abstracts of 927 publications. Of these, 730 were excluded using 

criteria listed below, four were retained separately for theoretical framing, and 193 were sought for full-text 

assessment. To qualify, a publication had to examine AI-related work in an organizational setting and 

substantively address how that work was governed, authorized, evaluated, corrected or made subject to 

accountability. We excluded studies concerned only with AI adoption or technical performance when they did 

not establish a meaningful connection to organizational control. Technical studies were eligible when they 

examined how systems support or enforce organizational requirements through mechanisms such as 

permissions, referrals, validation or auditing. Research on earlier forms of automation could also inform the 

analysis, although we did not assume that its findings applied directly to contemporary AI agents capable of 

executing sequences of interconnected actions.

We closed full-text retrieval on 23 October 2026. Of the 193 publications sought, we obtained and assessed the 

full texts of 183. We could not obtain the remaining 10 through the university library, publisher websites or 

open repositories, so we did not assess them or count them as exclusions. Full-text assessment excluded 12 of 

the 183 publications because they did not meet the eligibility criteria, which left 171 publications in the main 

corpus. The 22 candidates that did not enter the corpus therefore comprise 12 substantive exclusions and 10 

unavailable reports. Online Resource 1 reports this flow of publications, and the full-text decisions in Online 

Resource 2 record the outcome for each of the 193.
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Fig. 2 PRISMA-style flow of publication selection for the main corpus

Note. The 26 supplementary synthesis papers are separate from the 171-paper main corpus.

3.2 Extraction, comparison and evidentiary limits

For each publication, we recorded the control function, earlier control arrangement, proposed or observed 

changes, relevant conditions, theoretical perspective, level and setting, evidence category, and type of AI. The 

171 main-corpus publications each received one primary research-stream assignment; secondary stream 

associations did not affect stream totals. We examined the source sections relevant to the review question, 

retained locators for consequential claims and read particularly informative studies more closely. Reading depth 

differed by relevance and evidence rather than following an identical cover-to-cover protocol for every 

publication.

We compared publications by the function being controlled and the prerequisites on which its performance 

depended. Evidence of an activity—for example, an automated referral—was separated from the resulting 

outcome, such as correct and timely human resolution. We distinguished empirical observations from 

simulations, technical designs, conceptual arguments and reviews, considered the level of analysis, and 

examined whether later capability could depend on practice, feedback, maintenance, recognition and 

authorization. Comparisons also examined changes in task requirements, staffing and incentives as alternative 

explanations.

The synthesis compared supporting, conflicting and qualifying findings. It treats delayed expertise erosion, 

compensating maintenance and recovery after correction as conditional theoretical relationships unless a source 

directly observes the relevant sequence. This distinction separates the framework's explanatory propositions 

from measured effects in the publications reviewed.

We assessed evidentiary strength through study design, outcome measures, setting and observation period, 

including whether a reported result was independently observed or self-reported. Studies drawing on the same 

case, including Asatiani et al. (2021) and Nagbøl et al. (2024), were not treated as independent replications. 

Source identities, DOIs and versions were checked; consequential evidence appraisals are illustrated in Online 

Resource 2.
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The author conducted eligibility assessment, extraction and interpretation. A sensitivity check excluding 19 less-

directly relevant papers left 152 publications and is reported in Online Resource 1. The original searches, 

selective supplementary discovery, uneven reading depth and ten unavailable full texts limit completeness and 

generalizability. The evidence offers a basis for theory development, not a single longitudinal test of the 

complete framework.

Generative-AI tools assisted with selected drafting, preparation of tables and exploratory analysis of review 

records. The author assessed these outputs against the source literature and the recorded selections and takes 

responsibility for the final analysis and text.

4 Descriptive results and theoretical synthesis

4.1 Descriptive results: where the main corpus contributes

The main corpus contains 171 publications: 64 empirical studies, three simulations, 65 conceptual papers, 23 

reviews and 16 design artifacts. The five primary research streams contain 34 organizational AI governance, 52 

delegation and decision-rights, 23 runtime enforcement, 50 human roles and accountability, and 12 AI-directed 

managerial-control publications (Table 2). Twenty-six supplementary synthesis publications informed the 

interpretation but did not enter these descriptive counts.

To show how the corpus informed the proposed framework, we assigned each main-corpus publication one 

primary analytical emphasis based on the recorded control arrangement, supporting conditions and treatment in 

the synthesis. The categories distinguish two substantive concerns within each of Deliver, Renew and Adapt, 

alongside cross-cutting papers and broader contextual work. This is a transparent index of where publications 

contribute to the argument, not a claim that each paper proves its component or that a study addresses only one 

component. Online Resource 2 identifies the assigned category for every main-corpus paper in the Source 

inventory.

Table 2. Research streams, evidence and contributions to dynamic control fit

Primary stream and 

illustrative sources
Principal contribution to the review

Limits of evidence and relevance to 

dynamic control fit

Organizational AI 

governance

34 papers; 14 empirical or 

simulation

Mäntymäki et al. (2022); 

Birkstedt et al. (2023); 

Mökander et al. (2022); Nagbøl 

et al. (2024)

Explains how organizations assign 

oversight responsibilities, connect AI to 

established governance and conduct 

ongoing evaluation, validation and 

maintenance. Governance activities can 

contribute to current control and 

preservation of supporting capabilities.

A policy, accountable office or completed 

review does not demonstrate that the intended 

function was achieved. Deliver requires 

evidence about performance; Renew requires 

evidence that ongoing practices maintain the 

capabilities on which it depends.

Delegation and decision rights

52 papers; 11 empirical or 

simulation

Baird and Maruping (2021); 

Kim et al. (2024); Helal et al. 

(2026); Kumar and Suthar 

(2026)

Explains how decision authority, oversight 

and discretion are distributed between 

people and AI. Distinguishes formal 

responsibility from actual decision 

behaviour and examines how discretion can 

shift to software rules and configurations.

Formal decision rights do not establish 

independent judgment, effective intervention 

or the authority to revise a deficient 

arrangement. These distinctions connect 

Deliver to current oversight and Adapt to 

access to corrective authority.

Runtime enforcement

23 papers; 5 empirical or 

simulation

Zwerdling et al. (2025); Pacella 

et al. (2026); Cuneo et al. 

(2026); Ling et al. (2026)

Describes and evaluates restrictions, 

executable rules, permissions and referrals 

applied while AI systems act. Shows that 

different safeguards address different 

actions, omissions or stages of an 

organizational workflow.

Successful execution of specified checks does 

not establish complete coverage, effective 

downstream human review or sustained 

organizational outcomes. Deliver depends on 

coverage and subsequent intervention; Adapt 

may require revising technical rules.
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Primary stream and 

illustrative sources
Principal contribution to the review

Limits of evidence and relevance to 

dynamic control fit

Human roles and 

accountability

50 papers; 33 empirical or 

simulation

Liel and Zalmanson (2025); 

Gräfe et al. (2024); Rinta-

Kahila et al. (2022); Ertem 

(2026)

Examines how employees interpret, verify 

and correct AI-supported work, and the 

expertise, attention and often overlooked 

labour involved. Identifies how delegation 

can change opportunities to develop the 

judgment needed for later review.

Assigning a reviewer or demonstrating 

current task performance does not establish 

independent assessment or the future 

availability of expertise. Deliver depends on 

actual reviewer capacity; Renew depends on 

practice, feedback and compensating 

activities.

Managerial control delegated 

to AI

12 papers; 4 empirical or 

simulation

Kellogg et al. (2020); 

Hillebrand et al. (2025); 

Schafheitle et al. (2020); 

Leavitt et al. (2025)

Examines AI systems that allocate tasks, 

monitor or evaluate people. Shows why the 

performer, target and purpose of control 

must be distinguished, and why those 

affected may contest organizational 

objectives or procedures.

More consistent monitoring does not establish 

that a control objective is justified or its 

consequences acceptable. Assessing 

functional performance requires specifying 

whose purpose is served and the relevant 

obligations and interests.

Main coded corpus 171 papers: 64 empirical; 3 simulations; 65 

conceptual; 23 reviews; 16 design artifacts.

Each main-corpus paper has one primary 

stream. Counts exclude supplementary and 

framing sources. Illustrations include Kumar 

and Suthar, Ling et al. and Ertem from the 26 

supplementary synthesis sources, and Kellogg 

et al. for theoretical framing; other examples 

here are main-corpus papers. Online Resource 

2 gives complete memberships.

Table 3. Primary analytical emphasis of papers in the main corpus

Requirement and primary 

analytical emphasis
Papers, n (empirical / simulation) Illustrative main-corpus sources

Deliver · D1 Coverage / 

enforceable boundaries

28 (5) Pacella et al. (2026); Cuneo et al. (2026); 

Zwerdling et al. (2025)

Deliver · D2 Human 

judgment / practical 

intervention

44 (20) Liel and Zalmanson (2025); Kim et al. 

(2024); Rinta-Kahila et al. (2022)

Renew · R1 Learning / future 

expertise

8 (4) Frieri and Orelli (2026); Lovett (2026); 

Naidoo (2026)

Renew · R2 Maintenance / 

compensating work

26 (17) Nagbøl et al. (2024); Mökander et al. (2022); 

Kathuria et al. (2026)

Adapt · A1 Recognition of 

emerging mismatch

8 (3) Tarafdar et al. (2026); van Esch and Cui 

(2026); Campbell (2026)

Adapt · A2 Corrective 

authority / revision route

14 (4) Baird and Maruping (2021); Kuziemski and 

Misuraca (2020); Safaei et al. (2026)

Cross-cutting · reliance / 

legitimacy / impacts

31 (14) Tiwari and Jain (2026); Hillebrand et al. 

(2025); Schafheitle et al. (2020)

Broad governance / 

delegation context

12 (0) Birkstedt et al. (2023); Mäntymäki et al. 

(2022)

TOTAL · mutually exclusive 

primary emphasis

171 (67) Complete mappings: Online Resource 2, 

Source inventory, final column

Note: One primary analytical emphasis per main-corpus publication. Parentheses show empirical studies or simulations within each 

category. Online Resource 2 gives all 171 source-level assignments; supplementary and framing publications are excluded.

Of the 171 papers, 72 have Deliver as their primary emphasis (28 on executable coverage and 44 on human 

judgment or intervention); 34 concern Renew (eight on learning and future expertise and 26 on maintenance or 
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compensating work); and 22 concern Adapt (eight on recognizing emerging mismatches and 14 on corrective 

decision rights and revision routes). Thirty-one primarily address reliance, legitimacy or other cross-cutting 

questions, while 12 provide broader context. These primary-emphasis counts reveal a marked imbalance 

between research on present control arrangements and research examining how their supporting conditions 

change over time.

The sparsest components concern precisely the temporal mechanisms that motivate this review. Learning and 

future expertise (R1) contains eight publications, only four empirical; recognizing emerging mismatch (A1) also 

contains eight, only three empirical. P3 asks whether reduced practice and feedback cause subsequent 

deterioration of reviewer judgment, while P5 concerns the consequences of an inadequate route from recognized 

deficiency to authorized correction; P5 also draws on the distinct A2 literature about revision authority. The 

central empirical gap identified by the review is the limited evidence following these processes over time—from 

lost opportunities to practice to independently assessed later expertise, or from emerging warning signs through 

recognition, authorization and verified correction. We therefore present P3 and P5 as testable conditional 

propositions.

4.2 Control functions and conditions for sustained effectiveness

The synthesis takes the specified control function, rather than a particular rule, technology or job role, as its unit 

of analysis. A function describes what an arrangement must accomplish, for whom, and with respect to which 

actions or omissions. Human review, automated rules or combined activities can supply the same function, 

while a workflow can contain several functions with different performance. In a hypothetical payment 

workflow, for example, authorizing ordinary transactions and resolving exceptional cases are separate control 

functions. A safeguard maintained by an external provider might apply an approval threshold, while an 

employee examines unusual requests. The organization must establish whether each function is achieved and 

which other activities supply the information, judgment and authority it requires.

Dynamic control fit describes the capacity to achieve a specified function over time while sustaining or restoring 

the conditions on which it depends. It distinguishes three related aspects that cannot be inferred from one 

another. Present effectiveness requires evidence that the function is achieved under existing requirements. 

Renewal capacity concerns the ongoing activities that preserve the conditions for subsequent performance. 

Adaptation capacity concerns the possibility of recognizing inadequacy and obtaining an effective correction. A 

control may perform well now while its renewal capacity deteriorates; a failing control may remain recoverable. 

Recovery after a failure, however, is not uninterrupted effective control. These are distinct empirical claims, 

even though a single activity can contribute to more than one.

A review meeting illustrates the distinction. It may resolve an exceptional case, give participants feedback 

useful for later judgments and expose an approval rule that needs revision. These are three different 

contributions to control: present execution, renewal of capability and identification of a need to adapt. Following 

the same specified function through subsequent decisions connects them across time.

Organizational control theory explains why information, measurement and authority are prerequisites of 

effective control (Ouchi 1979; Kirsch 1996; Cardinal et al. 2004, 2017). The synthesis extends this reasoning to 

activities that replenish these prerequisites and to the routes through which organizations can correct deficient 

arrangements. The next sections explain the relationships shown by the corpus evidence.

4.3 Deliver: Coverage, judgment and opportunities for intervention

Deliver concerns whether an arrangement can achieve its intended function in current work. The first 

requirement is coverage: a control must address the relevant actions and omissions, not merely execute its 

programmed checks reliably. The payment safeguard might reject a proposed transaction above a permitted 

threshold yet fail to detect that an approval request was never made. The software could operate correctly on 

every action presented to it while the organization's authorization function remained incomplete. Control 
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adequacy therefore cannot be inferred from technical reliability without specifying the wider requirement and 

the actions that the mechanism is capable of observing.

Runtime-enforcement architectures use permissions, restricted tool access and executable policy rules to 

constrain AI actions (Cuneo et al. 2026; Jørgensen and Ma 2026; Arora et al. 2026; Zheng et al. 2026). 

Zwerdling et al. (2025, pp. 600–601) report a pass¹ benchmark score rising from 0.450 to 0.685 across 22 

policy-violating tasks in a simulated airline workflow after adding enforcement. The score assesses agreement 

between final and intended database states, rather than measuring policy compliance alone. It supports improved 

task performance under the tested arrangement. The architecture inspects proposed tool calls; an omitted 

required action need not generate a call for inspection. Comprehensive organizational coverage therefore does 

not follow from that result. Nor should this observability limit be generalized to every possible runtime 

safeguard: tested outcomes and the boundary of a particular check remain separate questions.

The work following a referral introduces a second requirement. Pacella et al. (2026) test 166 constructed profiles 

against explicit escalation criteria. A fixed rule corrects missed referrals by Qwen2.5, while another evaluated 

model refers relevant cases but also sends excessive additional cases. Missed referrals create a coverage problem 

because cases that require human attention never reach it. Excessive referrals raise a different possibility: a 

referral mechanism may work according to its rules but place demands on employees that exceed their ability to 

resolve exceptions. Referral and resolution are distinct functions. The study tests the former under its specified 

conditions; it does not demonstrate the latter in an operating organization. Our theoretical inference is that a 

more active or accurate automated control can undermine a related human control if it changes downstream 

workload without sufficient review capacity.

Governance studies reveal why organizational responsibility alone does not close these gaps. AI governance 

research describes policies, accountable offices and the incorporation of AI into established oversight processes 

(Mäntymäki et al. 2022; Mökander et al. 2022; Birkstedt et al. 2023; Papagiannidis et al. 2025). Kathuria et al. 

(2026), for example, report how dispersed software-bot development increases demands on central approval and 

monitoring teams. Such arrangements can specify who should examine an exception. They do not establish 

whether that person sees the relevant case, understands it, or can act before the outcome occurs. Delegation 

research similarly separates the assignment of authority from its exercise: Baird and Maruping (2021) discuss 

delegated rights and coordination, and Yan et al. (2026) consider supervision in relation to reversibility and 

verifiability. A retained human approval right is a design feature, not direct evidence of the function it achieves.

The distinction is particularly important in agentic workflows, where an AI system may initiate several linked 

actions before the record reaches a supervisor. A check placed at the first request, a permission limiting tool 

execution and a later review of completed transactions have different opportunities to prevent harm. None is 

categorically superior: the appropriate arrangement depends on the function, the reversibility of the action and 

whether its consequences can be evaluated. What an organization labels "oversight" must be translated into the 

activity and result being assessed.

The ability to evaluate a case depends on information that is meaningful to a person with relevant expertise. 

Organizational control theory distinguishes observing behaviour from understanding whether it is appropriate, 

and measuring outcomes from knowing whether a measure represents the desired result (Ouchi 1979; Kirsch 

1996). A detailed log can show which step an agent executed without revealing whether that step was 

substantively justified. Lebovitz et al. (2021) illustrate how labels used to assess AI outputs can fail to represent 

contextual professional judgments. Ante (2026) and Basu (2026) identify difficulties in specifying objectives or 

values that have previously been interpreted implicitly. These accounts suggest that adding monitoring data 

cannot by itself supply the interpretive knowledge required for adequate evaluation.

Human-AI judgment research cautions against equating a reviewer with effective review. In four image-

classification experiments with 1,445 crowdworkers, Liel and Zalmanson (2025) find that erroneous AI advice 

can influence judgments despite sufficient task skill. Kuziemski and Misuraca (2020) describe Poland's 

unemployment profiling system, where clerks retained discretion but, according to a cited secondary study, 

questioned fewer than one in 100 categorizations. That rate was not measured by these authors and cannot itself 
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establish decision accuracy. Together, the accounts distinguish formal authority from its exercise under social 

and organizational constraints. Kim et al. (2024) likewise show that overrides may serve objectives other than 

decision accuracy. Independent judgment and successful error detection therefore require assessment beyond the 

presence of a review step.

Timing and reversibility complete the account of current control. A reviewer may identify a mistake after an 

irreversible payment and support later accountability, but cannot prevent that original outcome. Pre-execution 

authorization, prompt exception resolution and retrospective auditing are different functions even when they rely 

on some of the same records. For high-impact or irreversible actions, the available interval for intervention may 

be decisive. Deliver therefore depends on appropriate coverage, evaluative information and expertise, and an 

opportunity for intervention suited to the function. These prerequisites are not interchangeable. More logging 

does not correct a missing approval requirement; training alone cannot prevent an action completed before 

review; and improved referral does not ensure that an overloaded reviewer can resolve cases.

A change in delegation strengthens current control when it supplies an unmet prerequisite and the other 

prerequisites remain adequate. It can instead weaken a related function when it transfers work to an already 

constrained reviewer. Table 4 compares the available evidence and the resulting cross-stream interpretations.

Table 4. Cross-stream evidence informing the requirements for dynamic control fit

Analytical concern Representative evidence and its limits
Cross-stream inference for dynamic 

control fit

Coverage of the required 

function (Deliver)

Zwerdling et al. (2025) improve benchmark 

task success under policy enforcement 

across 22 simulated airline tasks; final-state 

agreement is not a standalone compliance 

measure. Checks of proposed calls need not 

capture omitted required actions. 

Governance studies describe oversight 

practices (Mökander et al. 2022; Nagbøl et 

al. 2024), not equivalent coverage tests.

Establishing a governance arrangement or 

demonstrating that a safeguard enforces 

specified rules does not show that all actions 

and omissions relevant to the control function 

are addressed. Coverage must be evaluated 

against the function’s requirements and the 

actions the arrangement can actually observe.

Referral versus resolution 

(Deliver)

Pacella et al. (2026) test escalation 

decisions for 166 constructed profiles, 

distinguishing missed referrals from 

unnecessary ones. Liel and Zalmanson 

(2025) find that erroneous AI advice can 

influence human judgments in four image-

classification experiments. These studies 

evaluate different tasks and do not track 

referrals through one organizational 

workflow.

A safeguard that identifies cases for review 

has not thereby shown that people can resolve 

them. How technical referral affects control 

depends on the composition and volume of 

cases, reviewers’ information, expertise and 

available time. Joint organizational effects 

remain to be examined.

Responsibility and practical 

control (Deliver / Adapt)

Kim et al. (2024) show that overrides can 

serve objectives other than decision 

accuracy. AlQershi et al. (2026) describe 

accountable leadership under constrained 

discretion using a survey and interviews. 

Their self-reported evidence does not 

independently establish actual override 

behaviour or restored control.

Formal responsibility, observed override 

behaviour and the capacity to assess or 

change decisions are distinct. Effective 

oversight requires evidence of what an 

accountable actor can actually evaluate, 

interrupt or correct; assigning decision rights 

alone cannot establish those capabilities.

Future supply of judgment 

(Renew)

Bainbridge (1983) and Ertem (2026) 

explain how automation can change 

learning opportunities. Frieri and Orelli 

(2026) distinguish productivity from 

prospective learning effects. Naidoo (2026) 

links initial reliance to later reported 

complacency among industrial customers, 

without independently assessing reviewer 

expertise.

A control may work now because 

experienced people remain available even 

while the activities that develop future 

reviewers are changing. Whether capacity 

erodes depends on the work retained, 

feedback and replacement opportunities; 

immediate productivity gains do not establish 

a later loss of expertise.
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Analytical concern Representative evidence and its limits
Cross-stream inference for dynamic 

control fit

Maintenance and 

compensation (Renew)

Nagbøl et al. (2024) describe quality 

discussions, human validation and 

maintenance, while Asatiani et al. (2021) 

examine related practices surrounding AI 

use. The studies have overlapping authors 

and concern related work in the same 

organizational setting; they are connected 

rather than independent empirical 

confirmations.

Effective control may depend on maintenance 

and complementary activities outside the 

software safeguard itself. Such activities can 

preserve a needed capability when earlier 

work disappears, but their presence is not 

sufficient: subsequent capability and 

functional performance must be established.

Recognition and corrective 

capacity (Adapt)

Kumar and Suthar (2026) locate discretion 

in configurations governing repeated 

decisions. Kuziemski and Misuraca (2020) 

trace complaints, external scrutiny and 

withdrawal of Poland's profiling tool. This 

demonstrates a correction route, without 

measuring the subsequent recovery of the 

service function.

Recognizing or reviewing a problem is not 

equivalent to obtaining a correction. 

Recovery requires a workable route to 

appropriately authorized intervention and 

evidence that the change restores the 

specified function, including attention to 

consequences for other controls.

Actual performance versus 

continued reliance (Cross-

cutting)

Tiwari and Jain (2026) find that advertising 

practitioners' interpretations of client 

expectations can limit acted-upon reliance 

despite performance trust; client positions 

were not directly verified. Bromley and 

Powell (2012) separate prescribed means 

from achieved ends. Neither use nor trust 

alone measures functional performance.

Assess functional performance separately 

from reliance decisions. Investigate beliefs, 

attributed and verified external expectations, 

accepted limitations and alternatives. Illusory 

control persistence requires mistaken 

confidence; externally restricted use or 

knowingly retaining an inadequate 

arrangement has a different explanation.

Purpose and affected 

participants (Assessment 

boundary)

Kellogg et al. (2020) examine contestation 

of algorithmic controls by workers. 

Virgillito and Ledda (2026) describe 

challenges to AI-enabled scheduling in 

nursing. These studies concern the 

objectives, effects and contestability of 

managerial control, not direct tests of all 

other control functions.

A specified function must identify whose 

purposes it serves and what obligations or 

interests are relevant. Demonstrating that 

monitoring or scheduling achieves a 

managerial objective does not itself establish 

that the objective, procedures or 

consequences are justified.

Note: Representative sources illustrate different methods, settings and inferential reach. Connections across sources support the 

theoretical interpretation rather than a pooled effect estimate.

4.4 Renew: Maintaining expertise and supporting activities

A control that performs satisfactorily today may depend on capabilities whose continued supply is not assured. 

Renew addresses the activities through which information, professional judgment, software quality and other 

prerequisites of functional performance are reproduced. The central distinction is between possessing a 

capability now and sustaining the opportunities that make it available later. Experienced reviewers can resolve 

unusual payments because they have encountered and discussed related cases. Their present decisions do not 

demonstrate that employees who replace them will have received comparable opportunities to develop expertise.

The learning mechanism matters. Assigning routine cases to AI can remove some tasks through which 

employees once learned to discriminate ordinary errors from unusual situations. When those employees are later 

asked to evaluate complex exceptions, they may have fewer examples to draw upon and less feedback on earlier 

judgments. Bainbridge (1983) describes the longstanding irony of automation that reserves difficult 

interventions for people while reducing their practice. Lovett (2026) and Shoaib et al. (2026) develop related 

concerns about sustained human judgment and the ability to detect and correct subsequent errors. Ertem (2026) 

examines how changing task assignments affect learning opportunities and how other tasks can supply 

replacement experience. These works provide plausible mechanisms for delayed effects, not proof that every 

deployment will erode expertise.
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Consider two organizations with equally capable reviewers at the time they begin using AI for payments. In the 

first, routine cases disappear from employees' work, and the few exceptions that remain arrive without sufficient 

explanations to support learning. In the second, employees continue to examine a deliberately selected range of 

cases and receive structured feedback on their judgments. Current exception-resolution rates might initially be 

similar, yet the organizations differ in their capacity to maintain that function through turnover or changes in 

case complexity. The prediction follows from the availability of relevant practice and feedback, not simply from 

the proportion of tasks assigned to AI. Removing repetitive work could even improve learning if the remaining 

work offers more informative challenges and appropriate support.

Productivity and reported vigilance are distinct from acquired capability. Frieri and Orelli (2026) report 

productivity in a public-administration Copilot case while treating longer-term learning effects as implications. 

Naidoo (2026) follows industrial customers over 24 months, finding that initial over-reliance predicts later self-

reported complacency and that reported governance safeguards weaken this association. The participants 

monitor supplier service recovery; they are not organizational AI reviewers, and expertise is not independently 

assessed. This evidence makes a temporal account of disengagement plausible without establishing the proposed 

loss of reviewer judgment. Gräfe et al. (2024) and Liu et al. (2027) further identify compensating work and 

hidden verification effort. Apparent workflow efficiency can therefore coexist with substantial human work 

whose contribution remains to be assessed.

Renew also extends beyond employees' expertise. AI systems, authorization rules and referral procedures 

require continuing evaluation as their underlying work changes. Nagbøl et al. (2024) examine evaluation and 

maintenance at the Danish Business Authority, including weekly quality discussions and human validation 

alongside resource-constrained formal evaluation. Asatiani et al. (2021) describe cooperation, retraining and 

suspending models when needed. These studies concern related activity in the same setting and have 

overlapping authors, so they illustrate connected practices rather than independent replication. They nevertheless 

show why the organizational work sustaining a technical control cannot be reduced to the existence of the 

software artifact. Earlier automation research supplies a different warning: Rinta-Kahila et al. (2022) document 

how removing manual accuracy checks changed verification in Australia's Robodebt scheme. That setting is not 

equivalent to contemporary agentic AI, but it makes the organizational consequences of withdrawing supporting 

verification work visible.

An especially consequential relationship arises when an activity that performs one function also supplies a 

prerequisite for another. In the payment workflow, automatic classification may improve the consistency of 

routine processing while changing the number and character of cases sent to human reviewers. More referrals 

can consume the time required for careful resolution; fewer referrals can remove practice that reviewers 

previously used to develop judgment. These are distinct possible pathways.

A more sensitive software safeguard could increase referrals, reducing the attention available per case even if 

reviewers' underlying expertise were unchanged. A more selective safeguard could instead leave enough time 

for difficult cases but reduce the variety of decisions less experienced colleagues see. This difference matters 

because overloading an existing reviewer and failing to develop future reviewers call for different remedies. The 

outcomes may occur at different times, so a current performance measure can conceal a change in the conditions 

of later performance. Improving authorization does not mechanically cause deterioration in exception resolution. 

To establish a dependency, a study would have to show the connecting activity—changed case exposure, 

information, review time or feedback—and its effect on the second function. An unrelated training cut or change 

in staffing could otherwise explain an observed decline.

The same reasoning identifies opportunities for compensation. If another activity supplies a prerequisite lost 

through delegation, the organization may preserve the affected function without restoring the original task. 

Simulation, selected manual cases, mentoring, structured feedback and independent checking can replace some 

opportunities for learning or verification. The effectiveness of compensation is not established by showing that a 

training session occurred or a second check was created. Investigators need evidence that it preserves the 

required capability and that the function continues to be performed. A replacement can be incomplete: 
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simulation may sustain recognition of known cases while offering little preparation for novel situations. 

Compensation should therefore be assessed against the particular prerequisite it is meant to supply.

Different substitutes may also create new dependencies. An external service that validates transactions can 

compensate for an internal check, but the adopting organization may then need reliable access to the service's 

audit evidence and a means of obtaining corrections. A second team might provide independent review at the 

cost of longer decision times. Compensation preserves a function only when the substitute supplies the relevant 

capability under the conditions that matter to that function; shifting the activity elsewhere does not eliminate the 

need to examine its performance.

Social and professional controls present a related question. Ouchi (1979) and Kirsch (1996) explain the 

importance of shared expectations and informal regulation. AI delegation can reduce occasions when colleagues 

jointly interpret difficult decisions, while other working arrangements may preserve or even improve those 

discussions. A technical test will rarely reveal changes in these conditions. Renew thus proposes that later 

functional performance depends partly on the continued supply of its prerequisites, not merely their present 

availability. Changes that remove a supporting activity should increase vulnerability when no adequate 

substitute exists, but deterioration may not occur within the period examined if existing capability remains 

sufficient for the work or a compensating arrangement sustains it. This is the temporal relationship that a 

snapshot of current operational adequacy cannot establish.

4.5 Adapt: Recognizing deficiencies and obtaining corrections

Renew helps maintain existing capabilities, but effective control can also require changing an arrangement 

whose requirements or operating conditions have altered. Adapt concerns the ability to recognize such a 

mismatch, obtain appropriately authorized action and verify whether the resulting arrangement restores the 

specified function. A mismatch might be a missing approval requirement, a rule applied to the wrong class of 

transactions, insufficient reviewer capacity or a new task beyond the expertise of the assigned employees. 

Recognizing the gap matters, but awareness alone does not change the conditions that produced it.

Responsibility and corrective authority are frequently separated. An employee might discover that a software 

threshold is outdated, a manager might agree, and an external provider might retain the only permission to revise 

the code or its configuration. Baird and Maruping (2021) explain the continuing reassessment and coordination 

required by delegation. Grote et al. (2026) connect accountability to the practical means of exercising control; 

Yan et al. (2026) examine supervision where verifiability and control over implementation vary. These accounts 

support a distinction between naming someone accountable and ensuring there is a viable route from evidence of 

a problem to an effective intervention. The route may cross organizational boundaries and need not give the 

frontline employee unrestricted authority to change software.

Changes to repeated decisions can require different authority from corrections to individual outputs. Kumar and 

Suthar (2026) locate discretion in software data, configurations and thresholds. AlQershi et al. (2026), using a 

survey of 423 professionals and 24 leadership interviews, describe accountability under constrained discretion. 

Their qualitative accounts concern responsibility without equivalent control; self-reports do not establish actual 

override behaviour. These sources sharpen a chain of requirements: a deficiency must become observable, be 

interpreted, reach an authorized actor, permit a feasible intervention and be followed by performance 

assessment. Correcting one payment does not necessarily change the rule producing similar errors.

Organizational governance and technical-implementation research identifies practices around this chain. Safaei 

et al. (2026) discuss monitoring and certification during execution, while Ling et al. (2026) examine how 

developers review, test and revise coding agents' proposed pull requests. These studies concern different settings 

and do not jointly demonstrate a general improvement in recovery. They show where observations, acceptance 

decisions and revision practices occur. An escalation record or approved pull request provides evidence that an 

activity took place; it does not establish that the intended control function subsequently worked. The same 

distinction applies when a provider reports that a problematic rule has been updated.
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Authorized revision entails a tradeoff rather than an argument for unlimited local discretion. Restricting 

software changes to designated specialists may prevent staff from bypassing safeguards or introducing poorly 

tested rules. The same restriction may delay correction when local employees see a problem but lack access to 

those specialists. Distributing authority can improve responsiveness while creating vulnerabilities if changes are 

made without sufficient knowledge or review. The proposed condition for Adapt is therefore a workable and 

sufficiently timely route to an authorized, appropriate intervention.

This route can be investigated rather than presumed. Researchers can ask who first observed the problem, 

whether the evidence was understandable to the receiving actor, what permission was missing, how long 

escalation took and whether the proposed correction addressed the requirement. A delayed response may reflect 

an authority gap, but it could instead reflect legitimate testing, disagreement over the proper rule or uncertainty 

about consequences. Inferences about failed adaptation require attention to those alternatives. Its adequacy 

depends on the consequence of the error, available time, technical dependencies and the feasibility of reversing 

an action.

Adaptation can involve additional review, changed permissions, restored human tasks or withdrawal of 

delegation. Chen et al. (2025) describe professionals contesting AI-related prescription rejections and 

negotiating rules. Kuziemski and Misuraca (2020) trace complaints, external audit and constitutional review 

preceding withdrawal of Poland's profiling tool in 2019. This is a correction route involving actors outside the 

deploying organization; it does not measure whether the intended service function recovered afterward. The case 

strengthens the account of accessible external authority while preserving the distinction between an intervention 

and verified recovery. What matters is whether the response addresses the deficiency and subsequent outcomes 

meet the specified requirement.

Adapt and Renew interact without collapsing into one requirement. Maintenance discussions may expose an 

emerging coverage problem before it affects performance; changing a safeguard may create new work for 

reviewers and a new need for training. A correction that improves authorization but overwhelms exception 

resolution can restore one function and damage another. Equally, strong renewal practices cannot maintain 

effective control if the specified purpose changes and the unchanged arrangement is no longer suitable. The 

proposed relationship is that recovery requires recognition plus a viable route to appropriately authorized change 

and verification. Evidence of the capacity to undertake that sequence should not be confused with evidence that 

control remained effective throughout a period of failure.

4.6 Functional trajectories, reliance and theoretical contribution

Figure 3 integrates the proposed relationships without depicting Deliver, Renew and Adapt as obligatory 

successive stages. An arrangement may be delivering its function while employees maintain skills, or may be 

adapting a deficient control while other functions continue operating. Delegation can alter current prerequisites 

and the activities sustaining them; maintenance can reveal shortcomings; and an authorized correction can 

change the conditions for both current performance and future renewal. These links are conditional and can 

differ across functions within the same workflow. In particular, recognition is not the automatic consequence of 

functional deterioration: relevant evidence must be generated, interpreted and communicated before anyone can 

act upon it.
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Fig. 3 Proposed relationships explaining dynamic control fit

Note: Corrective responses can alter work arrangements or supporting conditions. Solid arrows indicate proposed conditional 

influences. Dotted link indicates separate assessment, not causation.
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Table 5. Conditional propositions for control after AI delegation

Numbered proposition
Expected relationship following 

delegation

Evidence needed to evaluate the 

relationship

P1 · Deliver: coverage When a delegated safeguard covers more 

actions and omissions relevant to a 

specified function, present control will 

improve if the information, expertise and 

time needed for intervention remain 

adequate.

Compare observed authorization results, 

including omitted actions, before and after the 

change. A different binding constraint may 

limit improvement.

P2 · Deliver: interaction A technical check that changes the number 

or complexity of referred exceptions can 

weaken human resolution when the 

resulting workload exceeds available 

reviewer capacity.

Follow referrals through the workflow to 

actual resolution, measuring urgency, case 

mix and time available for intervention.

P3 · Renew: erosion When delegation reduces task practice and 

feedback without compensation, later 

reviewer judgment will be more likely to 

decline even if present performance remains 

adequate.

Track case exposure, subsequent independent 

judgment, turnover and task demands, with 

sufficient follow-up to observe potential 

erosion.

P4 · Renew: compensation An arrangement can retain its specified 

function without retaining its original 

supporting activity when substitute work 

reproduces the needed capability.

Compare cases with and without supervised 

practice, feedback, validation or maintenance; 

test capability and functional outcomes.

P5 · Adapt: authority gap Recognized control deficiencies will persist 

longer where those identifying them lack a 

timely route to an actor who can authorize 

and implement a proportionate correction.

Trace discovery, interpretation, escalation, 

formal authority, response time and 

alternative explanations such as safety testing.

P6 · Adapt: recovery Corrective intervention restores a deficient 

function only when subsequent evidence 

demonstrates that the same specified 

requirement is again met.

Compare post-change results with the original 

functional benchmark and assess spillovers to 

related controls.

P7 · Reliance versus 

performance

Continued reliance may diverge from 

assessed performance when actors 

misunderstand control adequacy, 

consciously accept limitations or lack 

feasible alternatives.

Compare contemporaneous beliefs, verified 

external expectations, constraints, authorized 

continued use and measured performance.

Note: These propositions synthesize mechanisms across the source streams. They state relationships for future evaluation, not 

pooled empirical effect estimates.

Propositions 1–7 translate the theoretical explanation into comparisons that can be challenged empirically 

(Table 5). P1–P2 connect technical coverage with current human intervention; P3–P4 distinguish later capability 

erosion from compensated continuity; P5–P6 locate recovery in the sequence from recognized mismatch to 

authorized action and verified outcomes; P7 treats continued reliance as a separate outcome. Coverage, reviewer 

capacity and revision authority remain different potential constraints, so a remedy must address the weakness 

actually affecting the specified function.

Continued reliance is a separate outcome from control performance. In ethnographic work at three advertising 

agencies, Tiwari and Jain (2026) find that practitioners' interpretations of client expectations can limit acted-

upon reliance even when they trust system performance; those expectations were not verified with clients. The 

converse also requires explanation: inadequate controls may remain in use through mistaken confidence, 

accepted limitations or constrained alternatives. We reserve illusory control persistence for the first case, 

requiring inadequate performance and contemporaneous beliefs among those sustaining use. Bromley and 

Powell's (2012) means–ends decoupling distinguishes prescribed activities from achieved results. Dynamic 
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control fit connects that distinction with changing prerequisites, their supporting work and access to correction. 

Neither continued use nor restricted reliance establishes actual functional adequacy.

Functional assessment must also specify whose purpose is being pursued. In algorithmic management, AI itself 

may assign, monitor or evaluate employees rather than be the object of managerial oversight (Schafheitle et al. 

2020; Kellogg et al. 2020; Hillebrand et al. 2025; Leavitt et al. 2025). More consistent monitoring may achieve a 

manager's objective while increasing surveillance or reducing employees' opportunities to contest a decision. 

Virgillito and Ledda (2026) describe contestation of AI-enabled scheduling by a nursing council; Adams et al. 

(2026) examine access to AI-generated feedback in police agencies without testing replacement of manual 

review. These studies show why access to information, voice and the distribution of consequences matter. 

Whether a control achieves its specified function is an empirical question; whether that function is legitimate or 

its burdens are acceptable is a separate evaluative question. The two should be investigated together without 

equating them.

This boundary strengthens the case for functional assessment. Specifying a function identifies the managerial 

objective under assessment, whose interests it serves and the evidence needed to determine whether it is 

achieved. Critics may then evaluate the legitimacy of the function and compare alternatives without treating a 

successful technical check as proof of broader organizational acceptability. Functional clarity is a condition for a 

sharper normative discussion, not an endorsement of every stated objective.

Dynamic control fit connects established insights about knowledge, measurement and authority through a 

common functional benchmark. Organizational control theory identifies prerequisites of effective control; AI 

governance research examines responsibilities and policies; and studies of technical checks and human oversight 

investigate particular mechanisms. The synthesis explains how these mechanisms affect the work that 

reproduces their own prerequisites and those of related controls. Its contribution lies in the conditional 

relationships between current performance, the continuing supply of capability, compensation for displaced 

activities and feasible correction. These relationships account for divergence between arrangements with similar 

present performance and for recovery through arrangements different from those originally used.

The explanation is deliberately asymmetric across time. To judge present adequacy, researchers need observed 

outcomes against a defined requirement. To assess renewal capacity, they must identify the activities that 

continue to produce the needed expertise or technical reliability and examine whether those activities remain 

sufficient when work changes. To assess adaptation capacity, they must establish whether the organization can 

recognize an inadequacy and obtain an effective response. Evidence about renewal and adaptation helps explain 

the likely durability or recoverability of a function, but cannot convert an observed failure into evidence that the 

control was continuously effective. A trajectory can contain a period of real loss followed by successful 

recovery; it can also contain apparently adequate results while prerequisites are being depleted.

Helal et al. (2026) provide a close comparison. Their delegated agency theory links specification, capability-

context fit, governance visibility and recovery capacity to perceived delegation fidelity and subsequent 

evaluations and reliance. Dynamic control fit addresses a different explanatory outcome: the trajectory of a 

specified control function assessed against its requirements. Consider two payment workflows that currently 

resolve exceptional transactions equally well. In one, delegation removes routine case experience without 

replacement; in the other, supervised case review continues to develop the judgment needed for exceptions. 

Dynamic control fit predicts divergence if that experience is necessary and no other activity compensates for its 

loss, even while current performance and perceived fidelity remain similar. Following authorization and 

exception resolution separately also reveals whether stronger enforcement shifts demands onto reviewers faster 

than their capability develops. The proposed contribution is thus an explanation of how delegation changes the 

future supply and distribution of control capability, with compensation established through its contribution to 

performance.

The empirical challenge is to distinguish delegation's effects from concurrent changes in staffing, requirements, 

complexity or incentives. Comparisons must establish whether a change in supporting activity precedes and 

helps explain subsequent capability and performance.
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For example, the proposed learning relationship would be challenged if a sustained reduction in relevant case 

exposure and feedback left later reviewer judgment unchanged, despite comparable task demands, no observed 

replacement practice and sufficient time for the predicted effect to emerge. Capability and performance would 

need to be assessed independently of the activities expected to sustain them. Evidence of an alternative source of 

learning could qualify the relationship, but such a substitute must be identified and examined rather than 

presumed whenever the prediction fails. Section 5 translates the proposed relationships into comparative 

questions about deterioration, compensation and recovery.

5 Testing dynamic control fit

Dynamic control fit predicts different trajectories for arrangements that appear equally effective at one point in 

time. Testing that explanation requires specifying the control function, the actions and omissions it should 

address, the people or interests it serves, and a defensible measure of its actual performance. A study of 

payments, for example, should assess authorization, referrals and resolution of exceptional transactions 

separately.

Comparisons should retain the same functional benchmark even where an organization replaces the original 

arrangement, while recording any deliberate changes to requirements. Table 6 sets out feasible observations and 

alternative explanations for testing the propositions.

Table 6. Research questions and comparative evidence for testing dynamic control fit

Research question and 

analytical focus

Comparative design and relevant 

observations

Competing explanation or qualifying 

finding

DELIVER — Functional 

coverage

Does delegation preserve or 

improve a specified control 

function?

Compare requirements, relevant actions and 

omissions, and independently assessed 

results before and after a change in 

delegation. Evaluate enforcement of 

permitted and prohibited actions separately 

from whether required actions were 

omitted. Record replacement controls and 

changes in the function being assessed.

An earlier human control was ineffective; a 

replacement supplies equivalent coverage; 

requirements changed deliberately; or an 

observed improvement comes from a wider 

organizational change rather than delegation.

DELIVER — Human review

When can technical referral 

result in effective resolution?

Measure which cases are referred, their 

urgency and complexity, reviewer 

information and expertise, available time, 

opportunities to intervene, and the 

correctness and timeliness of final 

decisions. Distinguish referral performance 

from the resolution of the cases referred.

Better selection of cases reduces unnecessary 

work; reviewer shortfalls reflect unrelated 

workload changes; or apparently fewer 

interventions result from undetected problems 

rather than improved processing.

RENEW — Sustaining 

prerequisites

Does reduced case exposure 

precede a loss of assessed 

reviewer capability, rather than 

only reported vigilance?

Follow exposure, practice, feedback, 

turnover and maintenance before 

subsequent independent judgment 

assessments. Compare similar task demands 

with and without replacement practice. 

Measure vigilance separately from 

expertise; customers' reported complacency 

cannot substitute for reviewer performance.

Capability remains sufficient despite reduced 

exposure and no observed replacement 

practice, with comparable tasks and adequate 

follow-up; alternatively, deterioration reflects 

staffing or workload changes. A 

compensating activity must be observed 

rather than inferred from preserved 

performance.

DELIVER / RENEW — 

Dependencies and 

compensation

Can strengthening one function 

alter another?

Trace changes in routing or enforcement 

through case volume, exposure to relevant 

judgments, reviewer workload, feedback or 

technical maintenance, then assess a second 

function. Compare settings with and 

without compensating activities, where 

feasible.

Both functions respond independently to a 

broader change, or replacement activities 

maintain the relevant prerequisite despite 

changes to the original workflow.
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Research question and 

analytical focus

Comparative design and relevant 

observations

Competing explanation or qualifying 

finding

ADAPT — Recognition and 

corrective authority

Why do known control 

deficiencies remain unresolved?

Follow identifiable signals of mismatch 

through interpretation, escalation, access to 

decision makers, authorization and 

implementation. Use incident records, 

permissions, communications and change 

logs, while distinguishing the recorded 

discovery date from the uncertain onset of 

the problem.

Delay arises from technical complexity or 

uncertainty rather than inaccessible authority; 

a different actor can obtain a timely 

correction; or greater local discretion 

introduces unsafe revisions.

ADAPT — Verified recovery

Does the specified function 

recover after revision, 

withdrawal or replacement?

Follow local, provider and external 

correction routes through implementation, 

then assess the same deficient function 

against unchanged performance criteria. 

Examine effects on other functions. 

Distinguish intervention, including 

withdrawal, from independently verified 

recovery.

Performance improves because conditions 

changed independently; the original 

requirement remains unmet; or a correction 

restores one function while impairing another.

CROSS-CUTTING — 

Performance and reliance

When does reliance follow 

performance, external 

expectations or constraints?

Compare measured performance with 

contemporaneous beliefs, attributed and 

verified client expectations, resource 

decisions and continued-use authorizations. 

Identify whose decisions sustain or restrict 

reliance and what those actors understood 

when acting.

Actors accept a known deficiency or lack an 

alternative; client expectations restrict use 

despite performance trust. Neither continued 

use with poor performance nor limited 

reliance establishes mistaken confidence 

without direct belief evidence.

BOUNDARIES — 

Technology and affected 

groups

Where does the explanation 

apply, and to whose control 

objectives?

Compare similar functions across AI 

decision support, connected agents and AI-

directed managerial work. Specify task 

complexity, reversibility, delegation rights, 

stakeholder impacts and opportunities to 

contest decisions alongside functional 

outcomes.

Differences reflect the task, organizational 

setting or objective rather than the delegation 

technology. A control can achieve its stated 

function while imposing costs or serving 

objectives that affected participants 

reasonably contest.

The unresolved learning relationship requires observing case exposure and feedback before independently 

assessed changes in reviewer judgment. Naidoo's (2026) two-wave findings concern customers' reported 

complacency, leaving reviewer capability untested. Comparable workflows could be followed through 

delegation and staff turnover, recording case difficulty, practice, maintenance and replacement assignments. 

Stable judgment after reduced exposure would challenge predicted erosion when task demands, time horizon 

and unobserved compensation have been adequately examined. Turnover or changed case complexity could 

otherwise explain deterioration. Such comparisons distinguish changes in motivation or vigilance from loss of 

the knowledge needed to resolve difficult cases.

For Adapt, the question extends beyond whether correction is possible to whether a function recovers after 

revision, restriction, withdrawal or replacement. Kuziemski and Misuraca (2020) document an external 

correction route without measuring subsequent recovery. Incident reports, permissions, provider 

communications and change logs can trace signals through escalation and implementation; consistent 

performance criteria must establish the result. For reliance, researchers should compare measured performance 

with contemporaneous beliefs, client expectations and continued-use decisions. Tiwari and Jain (2026) identify 

externally shaped reliance, but neither that finding nor continued use establishes mistaken confidence. The first 

recorded incident need not mark the onset of failure.

Comparisons should also vary task reversibility, technical architecture and the placement of authority, including 

settings in which AI exercises managerial control over employees. A control can achieve its stated function 

while creating unjustified surveillance or transferring burdens onto affected people. These comparisons would 

establish the conditions under which the proposed relationships operate, fail or require qualification. These 

comparisons can test the framework across organizational and technical settings.
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Evidence of dependencies would be especially valuable where an intervention improves one function and 

appears to weaken another. Case-routing records can show whether reviewers encounter a narrower range of 

decisions after automation, while subsequent judgment tests can establish whether this experience matters for 

their ability to resolve exceptions. Researchers should distinguish that mechanism from a common external 

cause affecting both outcomes. Qualitative process tracing can complement performance measures by 

documenting who noticed a deficiency, how it was interpreted, and why the needed correction did or did not 

follow. These designs preserve a difference between explanations that are theoretically credible and those 

supported by a particular empirical trajectory.

6 Assessing control in organizational practice

Dynamic control fit offers managers and auditors a way to examine what governs AI-enabled work, rather than 

simply confirming the existence of policies or safeguards. The assessment should begin by naming a particular 

function and the evidence that would establish its performance. In a payment workflow, preventing unauthorized 

transactions and resolving exceptional cases are distinct purposes. A technically reliable threshold check may 

succeed at the first while leaving gaps in approvals that the system never requests, or sending more cases to 

employees than they can resolve before execution.

For Deliver, managers should establish coverage, meaningful information, reviewer expertise and a timely 

opportunity to intervene. The outcome is achievement of the specified function, beyond success on a software 

test. For Renew, they should identify how practice, feedback and maintenance reproduce these prerequisites. 

Reducing manual decisions can improve throughput while changing employees' learning opportunities. 

Structured practice and revised assignments are possible responses, but evidence of later capability is needed to 

establish compensation. Reported confidence or vigilance cannot substitute for that assessment, and the review 

does not establish a generally effective training prescription. Software and provider-supported rules likewise 

require evaluation against current requirements.

For Adapt, managers should establish who can identify a failure, who receives and evaluates the evidence, and 

who has permission and resources to change the arrangement. A local reviewer may recognize an obsolete rule 

while the authority to revise it belongs to a provider. Remedies include software correction, revised referral 

processes, additional review and temporary restrictions on AI permissions. A change request is evidence that 

action occurred; its effectiveness must be checked against subsequent outcomes and possible effects on other 

functions. Missing coverage, insufficient reviewer capacity and inaccessible revision authority require different 

remedies.

These assessments should distinguish performance from reliance. Mistaken confidence requires a different 

response from known limitations or an unavailable alternative. Client expectations can also restrict use even 

when staff trust a system, so managers should record whose expectations influence delegation and verify them 

directly. They should also identify whose objectives a control serves, who bears checking and correction work, 

and whether affected people can challenge decisions.

There can be legitimate organizational reasons to keep an imperfect arrangement temporarily, such as the 

absence of a workable replacement or the risk that an immediate change would cause a more serious failure. 

This is not the same as mistakenly believing it is adequate. Managers should record what is known about the 

limitation, what temporary constraints reduce its consequences, who authorized continued use and when the 

function will be reassessed. Such documentation cannot substitute for performance, but it helps distinguish 

conscious acceptance of risk from an inability to detect deterioration. Deliver, Renew and Adapt direct repeated 

assessments after changes in staffing, tasks, technology or requirements. They are not a prescribed sequence or a 

validated checklist score.

An organization can use these distinctions to allocate its audit effort more effectively. A known and stable 

approval rule might require periodic tests of edge cases and omissions; an arrangement with many exceptional 

referrals may require a study of reviewer workloads and judgment; and a system maintained externally may 
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require documented escalation and testing rights. The evidence needed depends on what can go wrong in that 

particular control function and which conditions appear most vulnerable.

For example, a manager confronted with a surge in referrals should not immediately infer that the software's 

enforcement rules are defective. The safeguard might now catch more genuine exceptions, or it might refer 

routine cases unnecessarily. Employees might also have lost capacity because staffing changed. Reviewing the 

actual cases and the ability to resolve them identifies whether the failure lies in coverage, workload or judgment, 

and therefore which response is proportionate. Similarly, a quarterly provider report may describe completed 

maintenance without establishing that the current approval requirement is correctly implemented. Independent 

functional testing can make the difference visible.

7 Explaining sustained control as work is delegated to AI

Organizations can retain familiar policies and supervisory roles after delegating work to AI while changing the 

conditions that make those controls effective. A newly implemented technical check can improve authorization, 

yet the same change may shift verification work, limit human learning or place corrective authority beyond the 

people who recognize a problem. The relevant theoretical question is therefore not whether an arrangement 

remains in place, but how a specified control function performs as the organization of work changes.

Dynamic control fit addresses that question by connecting three requirements. Deliver concerns current 

coverage, judgment and opportunities for intervention. Renew concerns the practice, maintenance, feedback and 

compensating activities on which later performance depends. Adapt concerns recognizing an emerging 

mismatch, obtaining appropriately authorized action and establishing whether the function has actually been 

restored. These relationships explain how an arrangement can work now while becoming vulnerable later, why 

one improved control can weaken another, and how a weakened function can be sustained or recovered through 

a different arrangement. Recoverability does not establish uninterrupted effectiveness.

The synthesis connects functional performance with the activities supplying its prerequisites and the feasibility 

of verified correction. Continued reliance is a separate outcome: beliefs, external expectations and practical 

constraints can sustain use despite declining effectiveness or limit use despite adequate performance. The 

resulting explanation yields testable comparisons between arrangements that perform similarly today but differ 

in learning opportunities, compensating activities or routes to authorized correction. Following the same 

function over time allows researchers to distinguish these mechanisms from changes in task demands, staffing 

and external expectations.

These comparisons make changes in control arrangements theoretically consequential. Preserved performance 

through new supporting activities differs from deterioration behind an unchanged formal control, just as verified 

recovery differs from uninterrupted effectiveness. The functional benchmark permits both to be assessed without 

assuming that retaining or replacing a particular mechanism determines the outcome.

Specifying a function also permits scrutiny of whether its objective is justified, whose interests it serves and 

what consequences it imposes, particularly when AI directs managerial control over workers.
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