Appendix A: Argument Stimuli
The study used 20 argument stimuli across 10 topics, consisting of one intended strong argument and one intended weak argument for each topic.
Cooking / Kitchen
Strong
Planning meals helps households estimate which ingredients they are likely to use before purchasing them. By reducing unnecessary purchases and helping ingredients correspond to planned meals, this can lower the likelihood that unused food will eventually be discarded.
Weak
People who plan their meals often waste less food than people who shop without a plan. This suggests that meal planning itself reduces household food waste, so households should plan meals before grocery shopping.
Cost of Living
Strong
Subscription charges can continue automatically even when a service is rarely or no longer used. Reviewing these expenses periodically helps households identify payments that provide little current value and reduce avoidable spending while preserving services they still actively use.
Weak
Many households pay for several subscription services each month, and these payments can feel expensive when combined. Because subscriptions are a common source of monthly spending, cancelling unused ones should be an effective way to address cost-of-living pressure.
Education
Strong
Lecture recordings allow students to revisit difficult material and access course content when unavoidable circumstances prevent attendance. When recordings supplement rather than replace live instruction, they can improve access while preserving the interaction and participation available in the classroom.
Weak
Universities increasingly provide digital resources such as online notes, discussion boards, and electronic readings. Lecture recordings are another type of digital course resource, so universities should provide them whenever doing so is reasonably feasible.
Household Healthcare
Strong
Minor injuries such as small cuts or burns can happen unexpectedly, and basic supplies allow immediate care while deciding whether additional help is necessary. Keeping these materials readily available therefore improves a household's ability to respond promptly to ordinary minor injuries.
Weak
Households often keep useful emergency items such as flashlights, spare batteries, and basic tools in case they are needed unexpectedly. A first-aid kit is also something that might be useful in an emergency, so households should keep one readily available.
Movies / Series
Strong
Autoplay can start additional content without a new decision from the viewer. Making the feature easy to disable gives users greater control over their viewing time while still allowing people who prefer autoplay to leave it enabled.
Weak
Streaming platforms offer many optional settings that users can customize, including subtitles, playback speed, and display preferences. Because autoplay is another feature that affects how content is experienced, it should also be easy for users to turn off.
Privacy
Strong
Each additional permission gives an app access to more information or device capabilities. Restricting requests to functions genuinely needed for the app's primary purpose reduces unnecessary access while still allowing the app to perform the service the user expects.
Weak
Users often become suspicious when apps request access to many parts of their device or personal information. Because applications that request fewer permissions generally appear safer and more trustworthy, apps should request only permissions necessary for their main function.
Shopping
Strong
Products sold in different package sizes cannot be compared fairly using total price alone. Unit pricing converts the cost to a common quantity, allowing consumers to determine which similar product actually provides more value for the amount purchased.
Weak
Shoppers often compare several pieces of information before deciding what to buy, such as total price, package size, and brand. Since unit price is another piece of information available on the shelf, comparing it should help consumers choose the better product.
Sleeping Habits
Strong
A reasonably consistent schedule reduces large day-to-day changes in sleeping and waking times and makes regular sleep habits easier to maintain. Because frequently shifting these times disrupts that consistency, maintaining a stable routine is generally preferable when circumstances allow.
Weak
People often use regular schedules for activities such as work, meals, and exercise because routines make daily life easier to organize. Since sleep is also part of a daily routine, keeping the same sleep schedule should generally be better than changing it frequently.
Technology
Strong
Software updates frequently address known security vulnerabilities and reliability problems. Because users may postpone updates or overlook important fixes, enabling updates automatically by default can reduce the amount of time devices remain exposed to problems that have already been corrected.
Weak
Most modern devices already include automatic-update features, and major technology companies commonly enable or recommend them. Because this approach is widely used across the industry, automatic software updates should be enabled by default on personal devices.
Transportation
Strong
Real-time delay information allows passengers to adjust routes, departure times, and connections when service is disrupted. Because timely updates reduce uncertainty and help passengers make more informed travel decisions, transit agencies should provide them whenever reliable data are available.
Weak
Many transit systems now provide digital information to passengers, and real-time delay updates are becoming a common feature. Because features that become common are often useful to users, transit agencies should provide real-time delay information whenever possible.
Appendix B: Source-Attribution Templates
The source-attribution manipulation used four conditions. In the relevant-expert, irrelevant-expert, and non-expert conditions, a source line was placed immediately before the argument text. In the no-source condition, the argument was presented without any source attribution.
Source-condition templates
Relevant Expert
“The following argument was made by [topic-specific relevant expert]:”
Irrelevant Expert
“The following argument was made by a university researcher specializing in geology:”
Non-Expert
“The following argument was made by an adult member of the public:”
No Source
No source-attribution line was included.
Topic-specific relevant experts
	Topic
	Relevant-expert attribution

	Transportation
	a university researcher specializing in transportation planning

	Technology
	a university researcher specializing in cybersecurity

	Shopping
	a university researcher specializing in consumer economics

	Education
	a university researcher specializing in education research

	Movies/Series
	a university researcher specializing in media studies

	Cooking/Kitchen
	a university researcher specializing in food systems

	Sleeping Habits
	a university researcher specializing in sleep science

	Household Healthcare
	a university researcher specializing in first aid and emergency preparedness

	Cost of Living
	a university researcher specializing in consumer economics

	Privacy
	a university researcher specializing in data privacy



Appendix C: Evaluation Prompts and Scale Anchors
All evaluation prompts instructed the model to respond using only one integer from 1 to 7 and not to provide an explanation.
Main Evaluation Prompt Template
“You will evaluate one argument. Respond using only one integer from 1 to 7. Do not provide an explanation.
[Argument text]
[Evaluation question]
1 = [Low anchor]
7 = [High anchor]”
The four judgment dimensions used the following questions and scale anchors:
	Judgment dimension
	Evaluation question
	1 =
	7 =

	Logical quality
	How logically sound is the reasoning connecting the premises to the conclusion?
	Not at all logically sound
	Completely logically sound

	Credibility
	How credible is the argument as presented?
	Not at all credible
	Extremely credible

	Persuasiveness
	How persuasive is the argument?
	Not at all persuasive
	Extremely persuasive

	Agreement
	To what extent do you agree with the conclusion of the argument?
	Strongly disagree
	Strongly agree


Manipulation-Check Prompt Template
“You will evaluate the source of one argument. Respond using only one integer from 1 to 7. Do not provide an explanation.
[Argument text with source attribution]
[Manipulation-check question]
1 = [Low anchor]
7 = [High anchor]”
The two manipulation checks were:
	Manipulation check
	Question
	1 =
	7 =

	Relevant expertise
	How much relevant expertise does the source appear to have regarding the topic of this argument?
	No relevant expertise
	Very high relevant expertise

	General expertise
	How much general professional or academic expertise does the source appear to have?
	No expertise
	Very high expertise


The no-source condition was excluded from the manipulation checks because no source was presented for evaluation.

Appendix D: Full Statistical Results
Table D1. H1 Friedman tests of source-condition effects by model and judgment dimension
	Model
	Dimension
	χ²(3)
	Kendall’s W
	Raw p
	Holm-adjusted p
	Significant

	GPT-5.6 Sol
	Logic
	11.68
	.195
	.0086
	.0771
	No

	GPT-5.6 Sol
	Credibility
	20.20
	.337
	<.001
	.0022
	Yes

	GPT-5.6 Sol
	Persuasiveness
	23.31
	.389
	<.001
	<.001
	Yes

	GPT-5.6 Sol
	Agreement
	9.53
	.159
	.0231
	.1383
	No

	Claude Opus 5.5
	Logic
	5.07
	.084
	.1668
	.8341
	No

	Claude Opus 5.5
	Credibility
	18.45
	.308
	<.001
	.0043
	Yes

	Claude Opus 5.5
	Persuasiveness
	10.47
	.175
	.0149
	.1046
	No

	Claude Opus 5.5
	Agreement
	2.21
	.037
	.5291
	1.000
	No

	Gemini 4 Argon
	Logic
	12.82
	.214
	.0050
	.0503
	No

	Gemini 4 Argon
	Credibility
	19.63
	.327
	<.001
	.0026
	Yes

	Gemini 4 Argon
	Persuasiveness
	13.10
	.218
	.0044
	.0487
	Yes

	Gemini 4 Argon
	Agreement
	3.38
	.056
	.3365
	1.000
	No

	DeepSeek Flash
	Logic
	4.91
	.082
	.1785
	.8341
	No

	DeepSeek Flash
	Credibility
	29.20
	.487
	<.001
	<.001
	Yes

	DeepSeek Flash
	Persuasiveness
	10.82
	.180
	.0127
	.1019
	No

	DeepSeek Flash
	Agreement
	1.90
	.032
	.5926
	1.000
	No


Note. Tests used argument-level means after averaging the five repeated model evaluations for each argument-condition combination (N = 20 arguments per test). Holm adjustment was applied across the 16 H1 omnibus tests.
Table D2. H2 Planned Relevant-Expert Contrasts by Model and Judgment Dimension
	Model
	Dimension
	Planned contrast
	Mean difference
	95% CI
	Raw p
	Holm-adjusted p
	Significant

	GPT-5.6 Sol
	Logic
	RE − IE
	+0.01
	[−0.13, +0.15]
	.7651
	1.000
	No

	GPT-5.6 Sol
	Logic
	RE − NE
	−0.24
	[−0.39, −0.10]
	.0102
	.0305
	Yes

	GPT-5.6 Sol
	Logic
	RE − NS
	+0.01
	[−0.14, +0.15]
	.7981
	1.000
	No

	GPT-5.6 Sol
	Credibility
	RE − IE
	+0.31
	[+0.08, +0.56]
	.0282
	.0806
	No

	GPT-5.6 Sol
	Credibility
	RE − NE
	−0.16
	[−0.29, −0.05]
	.0269
	.0806
	No

	GPT-5.6 Sol
	Credibility
	RE − NS
	−0.02
	[−0.13, +0.08]
	.9153
	.9153
	No

	GPT-5.6 Sol
	Persuasiveness
	RE − IE
	+0.24
	[+0.03, +0.45]
	.0361
	.0722
	No

	GPT-5.6 Sol
	Persuasiveness
	RE − NE
	−0.26
	[−0.44, −0.11]
	.0117
	.0352
	Yes

	GPT-5.6 Sol
	Persuasiveness
	RE − NS
	−0.07
	[−0.25, +0.09]
	.4833
	.4833
	No

	GPT-5.6 Sol
	Agreement
	RE − IE
	+0.01
	[−0.06, +0.09]
	.8539
	.8539
	No

	GPT-5.6 Sol
	Agreement
	RE − NE
	−0.13
	[−0.26, −0.03]
	.0412
	.1237
	No

	GPT-5.6 Sol
	Agreement
	RE − NS
	−0.13
	[−0.28, −0.01]
	.0656
	.1312
	No

	Claude Opus 5.5
	Logic
	RE − IE
	−0.12
	[−0.26, −0.01]
	.0849
	.1697
	No

	Claude Opus 5.5
	Logic
	RE − NE
	−0.11
	[−0.26, +0.02]
	.2578
	.2578
	No

	Claude Opus 5.5
	Logic
	RE − NS
	−0.14
	[−0.27, −0.02]
	.0505
	.1515
	No

	Claude Opus 5.5
	Credibility
	RE − IE
	+0.34
	[+0.15, +0.54]
	.0058
	.0173
	Yes

	Claude Opus 5.5
	Credibility
	RE − NE
	−0.01
	[−0.19, +0.16]
	.9440
	.9440
	No

	Claude Opus 5.5
	Credibility
	RE − NS
	+0.06
	[−0.06, +0.19]
	.3979
	.7958
	No

	Claude Opus 5.5
	Persuasiveness
	RE − IE
	+0.29
	[+0.12, +0.48]
	.0106
	.0318
	Yes

	Claude Opus 5.5
	Persuasiveness
	RE − NE
	+0.18
	[+0.03, +0.34]
	.0416
	.0831
	No

	Claude Opus 5.5
	Persuasiveness
	RE − NS
	+0.10
	[−0.06, +0.28]
	.3381
	.3381
	No

	Claude Opus 5.5
	Agreement
	RE − IE
	+0.03
	[0.00, +0.08]
	.1797
	.3594
	No

	Claude Opus 5.5
	Agreement
	RE − NE
	+0.02
	[−0.05, +0.10]
	.6803
	.6803
	No

	Claude Opus 5.5
	Agreement
	RE − NS
	+0.04
	[0.00, +0.09]
	.1025
	.3074
	No

	Gemini 4 Argon
	Logic
	RE − IE
	−0.07
	[−0.24, +0.08]
	.3571
	.3571
	No

	Gemini 4 Argon
	Logic
	RE − NE
	−0.27
	[−0.45, −0.11]
	.0163
	.0490
	Yes

	Gemini 4 Argon
	Logic
	RE − NS
	−0.08
	[−0.14, −0.03]
	.0260
	.0520
	No

	Gemini 4 Argon
	Credibility
	RE − IE
	+0.19
	[0.00, +0.39]
	.0799
	.1597
	No

	Gemini 4 Argon
	Credibility
	RE − NE
	−0.25
	[−0.43, −0.09]
	.0159
	.0478
	Yes

	Gemini 4 Argon
	Credibility
	RE − NS
	−0.09
	[−0.25, +0.08]
	.2498
	.2498
	No

	Gemini 4 Argon
	Persuasiveness
	RE − IE
	+0.06
	[−0.10, +0.22]
	.3815
	.3815
	No

	Gemini 4 Argon
	Persuasiveness
	RE − NE
	−0.33
	[−0.61, −0.08]
	.0551
	.1653
	No

	Gemini 4 Argon
	Persuasiveness
	RE − NS
	−0.13
	[−0.32, +0.05]
	.1806
	.3612
	No

	Gemini 4 Argon
	Agreement
	RE − IE
	−0.20
	[−0.36, −0.05]
	.0316
	.0949
	No

	Gemini 4 Argon
	Agreement
	RE − NE
	−0.08
	[−0.33, +0.14]
	.6547
	.6547
	No

	Gemini 4 Argon
	Agreement
	RE − NS
	−0.11
	[−0.35, +0.11]
	.3015
	.6030
	No

	DeepSeek Flash
	Logic
	RE − IE
	+0.06
	[−0.11, +0.24]
	.6208
	1.000
	No

	DeepSeek Flash
	Logic
	RE − NE
	−0.20
	[−0.45, +0.01]
	.1171
	.3513
	No

	DeepSeek Flash
	Logic
	RE − NS
	−0.03
	[−0.27, +0.22]
	.6697
	1.000
	No

	DeepSeek Flash
	Credibility
	RE − IE
	+0.45
	[+0.24, +0.67]
	.0017
	.0052
	Yes

	DeepSeek Flash
	Credibility
	RE − NE
	−0.29
	[−0.47, −0.11]
	.0058
	.0117
	Yes

	DeepSeek Flash
	Credibility
	RE − NS
	−0.05
	[−0.27, +0.18]
	.6589
	.6589
	No

	DeepSeek Flash
	Persuasiveness
	RE − IE
	+0.11
	[−0.04, +0.26]
	.2121
	.4243
	No

	DeepSeek Flash
	Persuasiveness
	RE − NE
	−0.17
	[−0.32, −0.02]
	.0455
	.1366
	No

	DeepSeek Flash
	Persuasiveness
	RE − NS
	−0.11
	[−0.27, +0.06]
	.2973
	.4243
	No

	DeepSeek Flash
	Agreement
	RE − IE
	+0.13
	[−0.06, +0.34]
	.3498
	1.000
	No

	DeepSeek Flash
	Agreement
	RE − NE
	−0.06
	[−0.32, +0.14]
	.7888
	1.000
	No

	DeepSeek Flash
	Agreement
	RE − NS
	−0.01
	[−0.28, +0.20]
	.5529
	1.000
	No



Table D3. H3 Source × Argument-Strength Interaction Results by Model and Judgment Dimension
	Model
	Dimension
	Interaction estimate
	95% CI
	Raw p
	Holm-adjusted p
	Significant

	GPT-5.6 Sol
	Logic
	+0.02
	[−0.28, +0.30]
	.8594
	1.0000
	No

	GPT-5.6 Sol
	Credibility
	−0.04
	[−0.26, +0.16]
	1.0000
	1.0000
	No

	GPT-5.6 Sol
	Persuasiveness
	−0.14
	[−0.48, +0.18]
	.5234
	1.0000
	No

	GPT-5.6 Sol
	Agreement
	−0.26
	[−0.52, −0.04]
	.1250
	.5000
	No

	Claude Opus 5.5
	Logic
	0.00
	[−0.20, +0.22]
	.8359
	1.0000
	No

	Claude Opus 5.5
	Credibility
	0.00
	[−0.28, +0.28]
	.6406
	1.0000
	No

	Claude Opus 5.5
	Persuasiveness
	+0.16
	[−0.22, +0.52]
	.5859
	1.0000
	No

	Claude Opus 5.5
	Agreement
	0.00
	[−0.10, +0.08]
	1.0000
	1.0000
	No

	Gemini 4 Argon
	Logic
	−0.16
	[−0.26, −0.08]
	.0312
	.1250
	No

	Gemini 4 Argon
	Credibility
	−0.10
	[−0.38, +0.20]
	.5312
	1.0000
	No

	Gemini 4 Argon
	Persuasiveness
	−0.02
	[−0.26, +0.20]
	1.0000
	1.0000
	No

	Gemini 4 Argon
	Agreement
	−0.38
	[−0.72, −0.08]
	.0625
	.1875
	No

	DeepSeek Flash
	Logic
	−0.10
	[−0.62, +0.42]
	.8828
	1.0000
	No

	DeepSeek Flash
	Credibility
	+0.06
	[−0.42, +0.56]
	1.0000
	1.0000
	No

	DeepSeek Flash
	Persuasiveness
	−0.02
	[−0.30, +0.32]
	.6094
	1.0000
	No

	DeepSeek Flash
	Agreement
	−0.02
	[−0.54, +0.40]
	.6797
	1.0000
	No


Note. The interaction was calculated as (RE − NS) for weak arguments minus (RE − NS) for strong arguments. Positive values indicate a larger relevant-expert advantage for weak arguments, consistent with the direction predicted by H3. Tests were conducted at the topic level using 10 paired topics. Holm correction was applied across the four judgment dimensions within each model. Bootstrap 95% confidence intervals are descriptive and were not adjusted for multiple comparisons.
Table D4. H4 Credibility-versus-Logic Source-Sensitivity Comparisons by Model
	Model
	Credibility mean source range
	Logic mean source range
	Mean difference
	95% CI
	Raw p
	Holm-adjusted p
	Significant

	GPT-5.6 Sol
	0.51
	0.39
	+0.12
	[+0.03, +0.22]
	.0269
	.1075
	No

	Claude Opus 5.5
	0.48
	0.28
	+0.20
	[+0.01, +0.38]
	.0429
	.1075
	No

	Gemini 4 Argon
	0.62
	0.40
	+0.22
	[+0.01, +0.43]
	.0685
	.1075
	No

	DeepSeek Flash
	0.90
	0.64
	+0.26
	[+0.06, +0.45]
	.0276
	.1075
	No


Note. Source sensitivity was operationalized as the range between the highest and lowest mean rating across the four source conditions for each argument. Mean difference represents credibility source sensitivity minus logical-quality source sensitivity. Positive values indicate greater source sensitivity for credibility. Two-sided Wilcoxon signed-rank tests were conducted across 20 arguments per model. Holm correction was applied across the four model-level comparisons. Bootstrap 95% confidence intervals were not adjusted for multiple comparisons and are reported as descriptive uncertainty estimates.
Table D5. Exploratory Credibility Contrasts by Model
	Model
	Contrast
	Mean difference
	95% CI
	Raw p
	Holm-adjusted p
	Significant

	GPT-5.6 Sol
	RE − NS
	−0.02
	[−0.13, +0.08]
	.9153
	.9153
	No

	GPT-5.6 Sol
	IE − NS
	−0.33
	[−0.56, −0.13]
	.0109
	.0326
	Yes

	GPT-5.6 Sol
	NE − NS
	+0.14
	[+0.06, +0.23]
	.0141
	.0326
	Yes

	GPT-5.6 Sol
	IE − NE
	−0.47
	[−0.73, −0.24]
	.0049
	.0198
	Yes

	Claude Opus 5.5
	RE − NS
	+0.06
	[−0.06, +0.20]
	.3979
	.3979
	No

	Claude Opus 5.5
	IE − NS
	−0.28
	[−0.46, −0.12]
	.0045
	.0178
	Yes

	Claude Opus 5.5
	NE − NS
	+0.07
	[0.00, +0.17]
	.1088
	.2176
	No

	Claude Opus 5.5
	IE − NE
	−0.35
	[−0.54, −0.18]
	.0045
	.0178
	Yes

	Gemini 4 Argon
	RE − NS
	−0.09
	[−0.25, +0.08]
	.2498
	.2498
	No

	Gemini 4 Argon
	IE − NS
	−0.28
	[−0.45, −0.10]
	.0112
	.0335
	Yes

	Gemini 4 Argon
	NE − NS
	+0.16
	[+0.02, +0.32]
	.0761
	.1521
	No

	Gemini 4 Argon
	IE − NE
	−0.44
	[−0.59, −0.29]
	.0009
	.0034
	Yes

	DeepSeek Flash
	RE − NS
	−0.05
	[−0.28, +0.19]
	.6589
	.6589
	No

	DeepSeek Flash
	IE − NS
	−0.50
	[−0.69, −0.31]
	.0006
	.0019
	Yes

	DeepSeek Flash
	NE − NS
	+0.24
	[+0.11, +0.37]
	.0041
	.0083
	Yes

	DeepSeek Flash
	IE − NE
	−0.74
	[−0.92, −0.56]
	.0001
	.0005
	Yes


Note. RE = relevant expert; IE = irrelevant expert; NE = non-expert; NS = no source. Mean differences represent the first condition minus the second. These post hoc exploratory credibility contrasts were conducted at the argument level using 20 aggregated argument observations per model. Holm correction was applied across the four exploratory contrasts within each model. Bootstrap 95% confidence intervals are reported as descriptive uncertainty estimates.

