Supplementary Information
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(a) Projections of feature vector pairs generated from
accelerations. The training pairs were generated using the
first random subset of 13 individuals.
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(b) Projections of feature vector pairs generated from
accelerations. The training pairs were generated using the
second random subset of 13 individuals.
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(c) Projections of feature vector pairs generated from
accelerations. The training pairs were generated using the
third random subset of 13 individuals.
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(f) Projections of feature vector pairs generated from fle
trajectories. The training pairs were generated using the third
random subset of 13 individuals.

(e) Projections of feature vector pairs generated from fle
trajectories. The training pairs were generated using the
second random subset of 13 individuals.

(d) Projections of feature vector pairs generated from f1le
trajectories. The training pairs were generated using the first
random subset of 13 individuals.

Supplementary Figure S1. Bi-dimensional UMAP projections using the feature vector pairs generated using the accelerations and f 1e trajectories, after removing the DC
component, from different random training sets of 13 individuals. For each experiment, the pairs were constructed using the random training set and the remaining
individuals for test. Thus, four folds of pairs were generated: training set of same-subject pairs, training set of different-subjects pairs, test set of same-subject pairs, test-set
of different-subjects pairs. The clusters generated from different training and testing sets are similar. This demonstrates low impact in changing the training subjects,
specially for the f1e trajectories, and good generalization capability of the learned relationships between pairs of same and different subjects.
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(a) Projections of feature vector pairs generated from
accelerations without the DC component. The training pairs
were generated using the first random subset of six
individuals.
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(d) Projections of feature vector pairs generated from fle
trajectories without the DC component. The training pairs
were generated using the first random subset of six
individuals.
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(b) Projections of feature vector pairs generated from
accelerations without the DC component. The training pairs
were generated using the second random subset of six
individuals.
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(e) Projections of feature vector pairs generated from fle
trajectories without the DC component. The training pairs
were generated using the second random subset of six
individuals.
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(c) Projections of feature vector pairs generated from
accelerations without the DC component. The training pairs
were generated using the third random subset of six
individuals.
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(f) Projections of feature vector pairs generated from fle
trajectories without the DC component. The training pairs
were generated using the third random subset of six
individuals.

Supplementary Figure S2. Bi-dimensional UMAP projections using the feature vector pairs generated using different random training sets of six individuals. For each
experiment, the pairs were constructed using the random training set and the remaining individuals for test. Thus, four folds of pairs were generated: training set of
same-subject pairs, training set of different-subjects pairs, test set of same-subject pairs, test-set of different-subjects pairs. The clusters are less uniform according to each
different training and testing set, mostly for the accelerations. In this case using only a training set with only six subjects, the chosen set of individuals has more impact than

when using 13 subjects.
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(a) Projections of feature vector pairs generated from
accelerations without the DC component. The training pairs
were generated using the first random subset of three
individuals.
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(d) Projections of feature vector pairs generated from fle
trajectories without the DC component. The training pairs
were generated using the first random subset of three
individuals.
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(b) Projections of feature vector pairs generated from
accelerations without the DC component. The training pairs
were generated using the second random subset of three
individuals.
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(e) Projections of feature vector pairs generated from fle
trajectories without the DC component. The training pairs
were generated using the second random subset of three
individuals.
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(c) Projections of feature vector pairs generated from
accelerations without the DC component. The training pairs
were generated using the third random subset of three
individuals.
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(f) Projections of feature vector pairs generated from fle
trajectories without the DC component. The training pairs
were generated using the third random subset of three
individuals.

Supplementary Figure S3. Bi-dimensional UMAP projections using the feature vector pairs generated using different random training sets of three individuals. For each
experiment, the pairs were constructed using the random training set and the remaining individuals for test. Thus, four folds of pairs were generated: training set of

same-subject pairs, training set of different-subjects pairs, test set of same-subject pairs, test-set of different-subjects pairs. The clusters changes among the different sets of
individuals for training and testing. These clusters also are more spread, breaking in smaller clusters. This demonstrates that reducing the number of individuals for training
impacts the generalization capacity of the learned relationships between pairs of same and different subjects.
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