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Abstract

Background
In non-small cell lung cancer (NSCLC), lineage plasticity drives therapeutic resistance and phenotypic
shifts. How tumors transition between lineages—particularly in rare NSCLCs co-expressing LUAD and
LUSC markers (TTF-1 and p40)—remains poorly understood, and static histopathology cannot capture
the spatial immune changes accompanying genomic evolution.

Methods
We retrospectively evaluated 110 NSCLCs of adenocarcinomatous origin, stratified by TTF-1/p40
expression into TTF-1 only, focal positive, and diffuse positive groups, integrating targeted next-
generation sequencing (NGS) with multiplex immunohistochemistry (mIHC) across 750 regions of
interest (ROI) from 30 patients.

Results
The cohort had 11 progression events over a median follow-up of 12.4 months. Progression-free survival
(PFS) differed nominally across groups (log-rank P = 0.0473), and a post-hoc dichotomized comparison
favored the diffuse positive group (P = 0.0184). Targeted NGS (n = 45) revealed TP53 and EGFR as the
most frequently altered genes. Spatial profiling across 750 ROI from 30 patients showed descriptive
differences in immune cell distributions across phenotypes. At the region level, diffuse-positive regions
showed higher CD8 + and lower FOXP3 + Treg densities compared to TTF-1-only regions (nominal P < 
0.001). Patient-level mean comparisons showed consistent directional trends but wide inter-patient
variability. Complete spatial randomness (CSR)-normalized interaction networks revealed distinct spatial
architectures: the TTF-1-only network showed relative separation between PanCK+ tumor cells and
effector T cells, whereas the diffuse-positive network showed closer PanCK+-to-T-cell proximity and
weaker FOXP3+-mediated interactions. Nearest-neighbor distance metrics and cumulative contact
curves further characterized these descriptive spatial interaction patterns.

Conclusions
TTF-1/p40 dual-positive NSCLC may represent a distinct immunogenomic state accompanied by spatial
immune remodeling. Given the exploratory endpoints, these observations nominate candidate spatial
biomarkers that complement—rather than replace—conventional risk stratification and require
prospective, multi-center validation.

1. INTRODUCTION
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In non-small cell lung cancer (NSCLC), disruption of lineage fidelity is closely associated with malignant
transformation and therapeutic resistance1. Traditionally, lung adenocarcinoma (LUAD) and lung
squamous cell carcinoma (LUSC) are viewed as distinct entities, each driven by a different transcription
factor: thyroid transcription factor-1 (TTF-1) for LUAD and p40 (ΔNp63) for LUSC2–4. However, multi-
omics studies have challenged this binary view, showing that lung tumor cells can profoundly shift
phenotype—a phenomenon termed lineage plasticity4. Well-documented in neuroendocrine
transdifferentiation after targeted therapy5, 6, lineage plasticity also includes adenocarcinoma-to-
squamous transformation following EGFR blockade7, 8; its significance when tumors co-express both
LUAD and LUSC markers remains controversial.

NSCLC with dual-positive TTF-1 and p40 staining poses a major diagnostic and clinical challenge. These
lineage-uncommitted tumors fit poorly into current practice guidelines9, and new strategies are

needed10. Historically classified as adenosquamous variants, technical artifacts, or dedifferentiated
carcinomas, these rare tumors tended to be aggressive with poor outcomes6, 11, 12. Yet this conventional
risk stratification relies on static histopathology, which does not reflect tumor evolutionary dynamics.

Two gaps remain. First, the genomic changes driving the transition from adenocarcinoma to the diffuse
double-positive phenotype—through a focal intermediate stage—are unknown. Second, although solid
histology in these tumors is traditionally equated with immunosuppression, the spatial organization of
the tumor immune microenvironment (TIME)13 remains largely unexplored. How dual-lineage tumors
shape host immunity, and why some phenotypes carry a counterintuitive survival advantage, is unclear.

This study examined how somatic genomic evolution shapes TIME spatial organization and immune
activation across TTF-1/p40 phenotypes. To reduce inter-lineage genomic heterogeneity, we built a
baseline cohort of adenocarcinomatous origin, excluding pure squamous carcinomas and double-
negative variants. Integrating targeted next-generation sequencing (NGS) with spatial multiplex
immunohistochemistry (mIHC), we tracked the transformation from classic LUAD homeostasis to a
diffuse dual-lineage state.

This study makes three contributions. First, we mapped distinct genomic and functional trajectories of
the two double-positive phenotypes: the focal phenotype showed pathway features consistent with a
transitional state (including VEGFR2-mediated vascular morphogenesis), whereas the diffuse phenotype
shifted away from classic oncogene dependence, with nominally enriched EPHA5, HSPBP1, and
AC018692.2 mutations. Second, diffuse tumors showed spatial immune remodeling not detectable by
cell counting alone: global Treg density was unchanged, but Tregs showed descriptive stromal
redistribution patterns compatible with weakened local immunosuppression. Third, this redistribution
accompanied closer helper-cell localization and greater cytotoxic effector infiltration, varying by EGFR
and EPHA5 status.

2. MATERIALS AND METHODS
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2.1 Study Design and Cohort Stratification
To evaluate phenotypic transitions within adenocarcinomatous origins while controlling for inter-lineage
genomic heterogeneity, this retrospective study excluded classic pure squamous cell carcinomas and
unclassified double-negative tumors. As shown in the study workflow (Fig. 1A), 110 formalin-fixed,
paraffin-embedded (FFPE) primary NSCLC samples with clinicopathological data were collected. Routine
diagnostic IHC used commercial ready-to-use antibodies: p40 (clone MXR010; Maixin Biotechnologies)
on a Roche Ventana platform, and dual-color TTF-1/CK5/6 IHC (clones SPT24/MX040) on a Leica BOND
platform. The cohort was stratified into three groups: (1) TTF-1 only (n = 35); (2) TTF-1/p40 focal positive
(n = 36, 5%–50% moderate-to-strong p40 staining); and (3) TTF-1/p40 diffuse positive (n = 39, > 50%
strong staining for both markers). Targeted NGS was performed in 45 patients (TTF-1 only, n = 13; focal,
n = 21; diffuse, n = 11; one contaminated white-blood-cell sample excluded), and mIHC in 30 patients
(750 regions of interest; 9 of 30 with molecular testing records). Spatial comparisons were pre-specified
at the region level (double-positive versus TTF-1 only regions); the focal group was not analyzed as a
separate spatial cohort. Clinical stage followed the 9th edition AJCC/UICC TNM classification. The
Institutional Review Board of Fudan University Shanghai Cancer Center approved the protocol, and
informed consent was waived given the retrospective design and fully de-identified data.

2.2 NGS and Homologous Recombination Repair (HRR)
Scoring
Genomic DNA was extracted from FFPE tumor blocks of 45 cases and sequenced at Burning Rock
Biotech (Guangzhou, China) using a validated 68-gene panel on the Illumina NextSeq platform covering
core NSCLC actionable mutations14. One case was profiled with a 520-gene panel with matched
peripheral blood as germline control; the remaining 44 were sequenced as tumor-only samples, so
germline variants cannot be fully excluded. The pipeline also retains variants from flanking non-coding
regions (e.g., the lncRNA AC018692.2), fusion partners, and genome-wide backbone SNP probes used
for baseline ploidy. Variants in prespecified homologous recombination repair (HRR)-related genes were
aggregated with a customized R script as an exploratory HRR-pathway mutation-count descriptor. This
score is not based on the established LOH + LST + TAI methodology, has not been benchmarked against
whole-genome HRD assays, and should not be interpreted as a validated clinical HRD score15–17.

2.3 Differential Mutation Screening and Somatic
Interaction Analysis
Differential mutation frequencies were compared across the three lineage-stratified cohorts using
Fisher's exact test with Wilson score 95% confidence intervals. Raw p-values were adjusted by the
Benjamini–Hochberg method across all 1,568 genes in the genome-wide call set18. Driver-versus-
passenger annotation cross-referenced established driver lists. Because 44 of 45 samples lacked
matched germline controls, variant allele fractions and read depths were inspected to flag likely germline
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polymorphisms; flagged variants are reported as exploratory. Gene co-occurrence and mutual exclusivity
were analyzed with the somaticInteractions function in the maftools R package (version 4.6.0)19.

2.4 Functional Pathway Enrichment Analysis
Mutated-gene lists specific to each phenotype were mapped against GO, KEGG, and Reactome. Over-
representation analysis used the clusterProfiler R package (version 4.6.0)20. Pathways with BH-adjusted
P < 0.05 were considered enriched and visualized as a functional evolution matrix heatmap
(ComplexHeatmap R package21).

2.5 mIHC and Stereological Image Acquisition
We selected 30 patients spanning all three phenotypes (9 TTF-1 only, 4 focal positive, and 17 diffuse
positive at the patient level). Diagnostic IHC for stratification used validated TTF-1 and p40 antibodies
(Supplementary Table S1). For spatial analysis, mIHC was performed with a 6-color panel (CD8, PanCK,
CD4, FOXP3, CD25, and DAPI) through the commercial services of Shanghai KR Pharmtech Co., Ltd.
Briefly, 4 µm sections were deparaffinized, rehydrated, and subjected to microwave-assisted antigen
retrieval in EDTA buffer (pH 9.0), then blocked and sequentially incubated with primary antibodies.
Visualization used a polymer HRP-conjugated secondary antibody with tyramide signal amplification
(TSA) fluorophores (1:100); DAPI (1:500) served for nuclear counterstaining. All reagents were from a
commercial kit (Cat# RF05525; KR Pharmtech)22, 23. Whole-slide scans were acquired at 20× on the KR-
HT5 system. Tumor–stroma interface fields were identified by systematic pre-screening, and 25 high-
power fields (HPFs) were randomly sampled per sample, balancing per-patient sampling depth against
acquisition throughput. This yielded 750 optical fields nested within 30 patients (20–30 per patient,
median 25; Supplementary Table S7). Based on local marker profiles, these fields were classified at the
region level into 414 TTF-1 only regions (21 cases) and 336 diffuse positive regions (20 cases); eleven
mixed cases harbored both region types.

2.6 Spatial Point Pattern and Cellular Interaction Analysis
Multispectral images were unmixed and analyzed in inForm 2.4.0 (Akoya Biosciences). Tissue
segmentation partitioned tumor parenchyma and stroma by PanCK mapping; cell segmentation used an
AI-driven watershed algorithm on DAPI and membrane patterns. Single and combinatorial phenotypes
(e.g., CD8⁺, CD4⁺FOXP3⁺, CD4⁺FOXP3⁺CD25⁺) were defined by mean fluorescence intensity (MFI)
thresholds. To mitigate geometric bias from divergent cell densities, we implemented a spatial
association metric based on Complete Spatial Randomness (CSR)24, 25. For each target-cell phenotype
with density λ (cells/mm²), the CSR expected nearest-neighbor distance was calculated analytically as
E(r) = 500/√λ (µm) under a homogeneous Poisson process. The interaction weight W = log₂[E(r)/r_obs],
where r_obs was the observed nearest-neighbor distance. W > 0 indicated spatial attraction, whereas W 
< 0 indicated spatial avoidance. Statistical significance was assessed using a Z score based on the
nearest-neighbor distribution; |Z| > 1.96 (P < 0.05) was considered non-random. Isotropic edge correction
(Ripley’s circumference method) was applied to boundary calculations. Direct cell–cell apposition was
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assessed with a fixed 20-µm radius, and cumulative interaction zones up to 100 µm were analyzed
separately26–29.

2.7 Statistical Analysis
Analyses used R (version 4.6.0) and GraphPad Prism 10. Skewed continuous variables were compared
with Mann–Whitney U or Kruskal–Wallis tests. Progression-free survival (PFS) was measured from
surgical resection (wedge n = 38, segmentectomy n = 26, lobectomy n = 46) to documented progression
or last follow-up; progression was ascertained from institutional records, and median follow-up by the
reverse Kaplan–Meier method. PFS was analyzed with Kaplan–Meier curves and log-rank tests. Given
the small event count, multivariable Cox models were fitted with Firth's penalized likelihood30 as primary,
alongside conventional estimates; proportional hazards were tested with Schoenfeld residuals, and
robustness to unmeasured confounding with the E-value31. Spatial immune cell densities were
compared between TTF-1-only regions (n = 414 ROI) and diffuse-positive regions (n = 336 ROI) using
independent-sample t tests at the region level. Patient-level mean comparisons were performed by
averaging ROI densities within each patient (9 TTF-1-only patients, 17 diffuse-positive patients) and
comparing group means with independent-sample t tests. Region-level and patient-level comparisons
were treated as exploratory with nominal P-values. Nearest-neighbor distance (NND) metrics and
cumulative contact curves were computed descriptively. CSR-normalized chord diagrams visualized
spatial interaction networks as descriptive summaries. Two-sided P < 0.05 was considered significant.

3. RESULTS

3.1 Clinical and Histopathological Features of NSCLC
Cohorts by Lineage Expression
H&E staining revealed distinct histological patterns: the TTF-1 only group showed classic LUAD
morphology with predominantly lepidic, acinar, or papillary patterns (Fig. 1B, 1C). Histologic grade and
solid components were balanced: IASLC grade did not differ (P = 0.758), median solid component was
0% in all groups (P = 0.176), and micropapillary components were numerically more frequent in TTF-1
only tumors (11 of 31 evaluable cases; Fig. 1D). Smoking status was balanced (ever-smokers: 11/39
diffuse, 14/36 focal, 13/35 TTF-1 only; P = 0.578). Clinically confirmed driver alterations comprised EGFR
mutations in 74.7% (balanced across groups, P = 0.362), TP53 in 24.2% (P = 0.044; enriched in the focal
group), and KRAS in 8.1% (P = 0.580) (Fig. 1E). Per-case morphology, marker extents, and grading are
provided in Supplementary Table S4.

Progression events occurred in 5 of 35 TTF-1 only, 5 of 36 focal positive, and 1 of 39 diffuse positive
patients (11 total); median follow-up was 12.4 months (IQR 3.4–16.4) by the reverse Kaplan–Meier
method (106 patients remained in follow-up; 4 were lost). The three-group comparison reached nominal
significance (log-rank P = 0.0473, Fig. 1F), and a post-hoc dichotomized comparison (diffuse positive
versus the other groups) reached P = 0.0184 (Fig. 1G); this dichotomization was not pre-specified and is
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hypothesis-generating. Median PFS was not reached in any group; 12-/24-month PFS rates were
84.0%/74.7% (TTF-1 only), 83.5%/75.9% (focal), and 96.7%/96.7% (diffuse). Univariate analyses are
shown in Fig. 1H. With an events-per-variable ratio of 2.75, Firth's penalized Cox regression30 served as
the primary multivariable analysis (Fig. 1I). After adjustment for clinical stage and perineural invasion,
the association between the diffuse phenotype and progression was weakened (adjusted HR 0.16, 95%
CI 0.03–1.03, P = 0.053). Perineural invasion was retained (HR 53.5, 95% CI 5.8–494, P < 0.001); stage
was not significant. The conventional Cox model yielded a diffuse-group HR of 0.097 (95% CI 0.011–
0.85, P = 0.035), illustrating sparse-events bias; both estimates are shown in Fig. 1I. The proportional-
hazards assumption was met for all covariates (all P > 0.4).

3.2 Spatial Remodeling of the Tumor Immune
Microenvironment (TIME)
Quantitative mIHC covered 750 ROI from 30 patients (20–30 per patient, median 25; Supplementary
Table S7), classified at the region level as TTF-1 only (n = 414, 21 cases) or diffuse positive (n = 336, 20
cases) (Fig. 2A); eleven patients contributed both region types. Region-level comparisons showed
descriptive differences in immune cell densities between phenotypes. Tumor area fraction did not differ
(P = 0.257, Fig. 2B), arguing against a purely geometric explanation, though residual architectural
confounding cannot be excluded. Region-level comparisons showed higher CD8⁺ and lower FOXP3⁺ Treg
densities in diffuse regions (nominal P < 0.001, Fig. 2C); at the patient level these differences were not
significant (e.g., median stromal FOXP3⁺ density 70.0 versus 50.8, P = 0.506). As a descriptive region-
level analysis, parenchymal density was plotted against stromal density with per-group linear regression
(Fig. 2D); the flatter stromal-to-parenchymal slope in diffuse regions is consistent with lower stromal
densities rather than stromal Treg accumulation. These region-level patterns are descriptive and do not
account for intra-patient clustering.

Asymmetric nearest neighbor distance (NND) metrics evaluated spatial localization (Fig. 2E). At the
patient level, none of the 16 NND metrics differed significantly (minimum nominal P = 0.121;
Supplementary Table S5). Region-level nominal differences—e.g., shorter CD4⁺-to-PanCK⁺ distances in
double-positive regions (P < 0.05)—are shown descriptively and should be interpreted as exploratory.

At the interaction-field scale, immune cell contact with tumor cells was quantified by counting cells
within 100 µm of PanCK⁺ cells (Fig. 2F), complementing the 20-µm synapse-scale analysis. These
cumulative contact curves are descriptive region-level summaries: PanCK⁺-to-CD8⁺ contact was higher,
and FOXP3⁺ Treg contact lower, in diffuse regions; patient-level significance was not established.

Finally, CSR-normalized chord diagrams visualized global spatial interaction networks (Fig. 2G): positive
weights (W > 0, pink) indicate attraction and negative weights (W < 0, blue) repulsion/avoidance. The TTF-
1 only network showed avoidance weights between PanCK⁺ cells and effector T cells, whereas the
diffuse network showed stronger PanCK⁺-to-T-cell attraction and weaker FOXP3⁺-mediated interactions.
Consistent with the patient-level results, these networks are descriptive visualizations of redistribution
patterns rather than confirmed biological attraction.
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3.3 Somatic Mutational Landscapes and Evolutionary
Trajectories
NGS profiled 45 tumors (TTF-1 only, n = 13; focal, n = 21; diffuse, n = 11; one contaminated white-blood-
cell sample excluded) (Fig. 3A). TP53 (89%) and EGFR (87%) were most frequently altered in this
unfiltered call set, which retains germline polymorphisms (clinically confirmed frequencies: 24.2% and
74.7%; Section 3.1). Diffuse positive tumors showed nominally higher mutation frequencies in EPHA5
(5/11, 45.5%, Wilson 95% CI 21.3–72.0%, versus 0/13 TTF-1 only and 1/21 focal; Fisher P = 0.0020),
HSPBP1 (7/11, 63.6%, 95% CI 35.4–84.8%, versus 2/13 and 3/21; P = 0.0035), and lncRNA AC018692.2
(5/11, 45.5%, 95% CI 21.3–72.0%, versus 1/13 and 0/21; P = 0.0020) (Fig. 3C, 3E). None survived
Benjamini–Hochberg correction across 1,568 genes (all FDR ≈ 0.97)18. Inspection of variant allele
fractions and read depths (BAM files unavailable) indicated these signals were driven by germline
polymorphisms and low-depth calls: 4 of 5 EPHA5 mutations were rs56312931 (p.His959Arg; VAF 0.40–
0.67, depth 102–248), all HSPBP1 calls were the germline indel rs3040014 (depth 1–8), and all
AC018692.2 calls were single-read (depth 1–2). None of these loci constitute drivers; they are reported
as exploratory observations only.

GO, KEGG, and Reactome enrichment analyses revealed distinct evolutionary states (Fig. 3B): the TTF-1
only group showed strong enrichment of epithelial-related pathways including alveolar surfactant
metabolism; the focal group appeared transitional, marked by VEGFR2-mediated vascular
morphogenesis; and the diffuse group diverged from this epithelial program, with enrichment for
genomic instability, HRR-pathway alterations, and immune activation. Co-occurrence and mutual
exclusivity analysis confirmed these patterns (Fig. 3D).

3.4 Integration of Mutational Genotypes and Spatial
Immune Features
Integrative analysis revealed associations between genomic alterations and spatial patterns (Fig. 4A);
subgroups are designated by spatial phenotype and mutational status (e.g., TTF-1 only/EPHA5-WT,
diffuse/EPHA5-MUT). These region-level subgroup comparisons are exploratory. The TTF-1 only/EPHA5-
WT subgroup had significantly lower CD8⁺ T cell density than the other three subgroups (Fig. 4C); the
TTF-1 only/EPHA5-MUT subgroup showed higher infiltration than TTF-1 only/EPHA5-WT but remained
lower than diffuse/EPHA5-WT. Absolute CD8⁺ density was highest in the diffuse/EPHA5-WT subgroup,
significantly greater than in all other subsets.

Both TTF-1 only subgroups showed significantly higher FOXP3⁺ Treg infiltration than the diffuse/EPHA5-
WT subgroup (Fig. 4C), and Treg density in diffuse/EPHA5-WT was significantly lower than in its EPHA5-
MUT counterparts. The NND from CD8⁺ T cells to PanCK⁺ tumor cells was significantly greater in TTF-1
only/EPHA5-WT than in the other three subgroups combined (Fig. 4E); similarly, the FOXP3⁺-to-CD8⁺ NND
at the TTF-1 only/EPHA5-WT baseline was significantly higher than in the TTF-1 only/EPHA5-MUT and
diffuse/EPHA5-MUT subgroups (Fig. 4E).
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Stratification by EGFR status showed that the diffuse/EGFR-WT subgroup had higher CD8⁺ infiltration
than the TTF-1 only/EGFR-MUT and diffuse/EGFR-MUT subgroups (Fig. 4B), and the diffuse/EGFR-MUT
group had higher CD8⁺ densities than the TTF-1 only/EGFR-MUT baseline. The CD8⁺-to-PanCK⁺ NND was
markedly higher in TTF-1 only/EGFR-MUT than in either diffuse subgroup (Fig. 4D), and the FOXP3⁺-to-
CD8⁺ NND corroborated this pattern, being significantly higher in TTF-1 only/EGFR-MUT than in both
diffuse subsets (Fig. 4D).

4. DISCUSSION
Lineage plasticity is a key driver of therapeutic resistance and histological transformation in NSCLC4.
Here we characterized the clinical, genomic, and spatial immune features of TTF-1/p40 dual-positive
NSCLC. The diffuse positive phenotype showed a trend toward longer PFS, reaching nominal
significance in the three-group comparison (log-rank P = 0.0473) and a post-hoc dichotomized analysis
(P = 0.0184). This contrasts with the traditional view of solid adenocarcinoma histology as aggressive32;
in our cohort, solid components and IASLC grade were balanced across groups (P = 0.176 and P = 
0.758), arguing against grade as an explanation. With only 11 events (events-per-variable ratio 2.75),
Firth-penalized analysis37 weakened the association, and because treatment data were unavailable, we
quantified robustness to unmeasured confounding: the E-value of 11.9 means an unmeasured
confounder would need risk-ratio associations of at least this magnitude with both the diffuse phenotype
and progression, beyond measured covariates, to explain away the point estimate. However, the
confidence interval includes unity and the event count is small, so this signal remains fragile31. Within
these limitations, our data are consistent with a model in which genomic evolution accompanies—and
may contribute to—a more immunologically active spatial state.

Pathway analysis suggested that the three phenotypes reflect distinct states along a putative lineage
continuum33, 34 rather than discrete random variants, although our cross-sectional design cannot
establish temporal ordering. The TTF-1 only group maintains a stable differentiated state reliant on
alveolar surfactant metabolism and epithelial cadherin pathways35, 36. The focal group showed
enrichment of VEGFR2-mediated vascular morphogenesis and keratinization-related gene sets; whether
these signatures correspond to morphological squamous differentiation requires histological
confirmation37–39. The diffuse group diverged from this epithelial program, with nominally enriched
EPHA5, HSPBP1, and AC018692.2 mutations—signals that did not survive FDR correction and largely
reflected germline polymorphisms or low-depth calls—plus functional enrichment for genomic instability
and senescence escape. Ephrin–Eph signaling regulates cell adhesion, boundary formation, and tissue
patterning40; whether EPHA5 alteration compromises lineage fidelity in lung epithelium, permitting co-
expression of opposing lineage markers, warrants functional testing. Loss of canonical oncogene
dependence and increased genomic instability may accelerate lineage drifting and promote immune
interaction.
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Within the WHO 2021 classification framework1, each diffuse dual-positive case was evaluated against
the main alternative diagnoses. No diffuse case met the ≥ 10% dual-component threshold for
adenosquamous carcinoma12; none was solid-predominant LUAD with aberrant p40 expression (median
solid component 0% in all groups); none showed the two discrete tumor populations of a collision tumor.
Per-case morphology, marker extents, IASLC grade, and molecular annotations for all 110 cases are in
Supplementary Table S4. Slides were reviewed by two thoracic pathologists. CK5/6 data from the
diagnostic workup will be reported separately; until then, clone-dependent staining cannot be excluded2.

Spatial analysis suggested that lineage drifting accompanies differences in immune organization rather
than cell number alone. Whereas previous studies focused largely on lymphocyte density41–43, our data
emphasize spatial redistribution. Region-level comparisons showed numerically lower stromal FOXP3 + 
density in diffuse regions (50.8 versus 70.0 cells/mm²), but these are exploratory observations from 750
ROIs that do not account for intra-patient clustering. Tumor area fraction did not differ (P = 0.257),
arguing against a purely geometric artifact but providing no direct evidence of active redistribution. We
therefore report the spatial architecture as descriptive; the term “stromal trapping” is replaced by “spatial
redistribution patterns” throughout41, 44–46. NND analysis suggested CD4⁺ helper T cells lie closer to

PanCK⁺ tumor cells at the region level26, 28, 29. Whether this configuration weakens local
immunosuppression remains unresolved; suppressive function was not directly measured.

Integrative analysis associated somatic genotypes with distinct spatial immunophenotypes, with EPHA5
and EGFR status stratifying immune patterns in opposite directions in these exploratory region-level
analyses. In TTF-1 only tumors, EGFR mutation or EPHA5-WT status marked a highly immunosuppressive
state—increased CD8⁺-to-tumor NNDs with stromal Treg clustering—consistent with the immune-
excluded phenotype of oncogene-driven lung cancers47, 48. This pattern reversed in the diffuse
phenotype: diffuse/EPHA5-WT had the highest CD8⁺ density and lowest Treg infiltration. One speculative
explanation is that EPHA5-WT, in a high-plasticity context, may cooperate with neoantigens potentially
arising from lineage infidelity to recruit cytotoxic T cells33, 49, 50, a mechanism requiring experimental
validation. Conversely, EPHA5 or EGFR mutations in the diffuse phenotype partially weakened this
activation, suggesting that the same mutation may influence the immune microenvironment differently
depending on lineage context.

This study has limitations. First, it was a single-center retrospective study of an Asian cohort enriched
for never-smoker adenocarcinoma (EGFR mutation rate 74.7%), limiting extrapolation; multi-center
validation is needed. Second, treatment data were unavailable, and with 11 progression events and 12.4
months of median follow-up, the survival estimates remain fragile. Third, the primary spatial endpoints
were not significant at the patient level after accounting for intra-patient clustering, so region-level
patterns remain descriptive. Fourth, dual TTF-1/p40 positivity was defined by IHC clones without
orthogonal validation, CK5/6 cocktail results were not retrievable, and inter-observer kappa for the
5%/50% thresholds was not computed. Fifth, NGS covered 45 of 110 tumors without matched germline
controls; most EPHA5, HSPBP1, and AC018692.2 calls reflected germline polymorphisms or low-depth
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reads, and the HRR-pathway score is not a validated HRD assay. Finally, mIHC segmentation was not
independently benchmarked, the panel focused on T cells, and functional validation of EPHA5 is pending.

5. CONCLUSION
In conclusion, this study provides the first integrated genomic and spatial immune map of TTF-1/p40
dual-positive NSCLC. The diffuse positive phenotype coupled lineage-plasticity–associated genomic
shifts with a more immunologically active spatial state and, in exploratory analyses, favorable prognosis.
These hypothesis-generating findings link lineage-plasticity markers to immune-activated phenotypes
and warrant prospective validation as prognostic tools.
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Figures

Figure 1
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Clinical and histopathological profile of NSCLC stratified by lineage-plastic TTF-1/p40 expression
patterns.

(A) Consort diagram detailing the study workflow with numbers at every step: 110 patients analyzed (all
with clinical and PFS data); targeted NGS in 45 (TTF-1 only n = 13, focal n = 21, diffuse n = 11; one
contaminated white-blood-cell sample excluded); mIHC in 30 patients (9 TTF-1 only, 4 focal, and 17
diffuse at the patient level; 750 ROI, 20–30 per patient, median 25; 9 with molecular testing records).
Spatial comparisons were pre-specified at the region level (double-positive vs TTF-1 only regions).

(B) Representative mIHC and H&E microphotographs defining the TTF-1/p40 expression extremes. Scale
bars, 200 μm.

(C) H&E staining and p40 expression in different histological subtypes.

(D) Stacked bar charts showing the distribution of histological subtypes across cohorts; solid
components were balanced across groups (median 0% in all groups, P = 0.176) and micropapillary
components were more frequent in TTF-1 only tumors.

(E) Heatmap of clinical, pathological, and mutational features.

(F, G) Kaplan–Meier curves for PFS in independent subgroups (F; three-group log-rank P = 0.0473) and
combined subgroups (G; post-hoc dichotomized P = 0.0184).

(H) Forest plot detailing univariate Cox regression analysis for PFS.

(I) Multivariable Cox regression for progression-free survival, comparing standard and Firth’s penalized
models (n = 110; 11 progression events; events-per-variable ratio = 2.75). Hazard ratios with 95%
confidence intervals are shown on a log scale. With Firth’s penalty, the adjusted HR for the diffuse-
positive phenotype was 0.16 (95% CI 0.03–1.03, P = 0.053), versus 0.097 (95% CI 0.01–0.85, P = 0.035)
with the standard model. The Firth estimate is reported as the primary value.
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Figure 2

Descriptive spatial redistribution patterns of immune subsets in the TIME.

(A) Representative 6-color mIHC spatial maps (PanCK, CD8, CD4, FOXP3, CD25, and DAPI).
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(B) Stromal area fraction was comparable between TTF-1 only and diffuse positive groups (patient-level
P = 0.257), arguing against a purely geometric explanation.

(C) Absolute densities of effector and Treg subpopulations across three spatial phenotypes.

(D) (D) Region-level linear regression of Treg distribution in stroma versus parenchyma, with per-group
fitted lines shown descriptively; patient-level comparisons were non-significant (minimum nominal P =
0.121).

(E) Asymmetric NND matrices showing physical distances between immune and tumor cells.

(F) Cumulative contact curves showing the fraction of PanCK⁺ tumor cells in contact with effector or
suppressive immune cells within 100 μm.

(G) Finally, to reduce geometric biases from absolute cell densities, we used CSR-normalized chord
diagrams to visualize global spatial interaction networks. In these networks, positive interaction weights
(W > 0, red) indicate attraction, whereas negative weights (W < 0, blue) indicate spatial avoidance. The
TTF-1 only network showed avoidance weights between PanCK⁺ tumor cells and effector T cells,
whereas the diffuse positive network showed stronger PanCK⁺-to-T-cell attraction weights and weaker
FOXP3⁺-mediated interactions. Consistent with the patient-level results above, these networks are
interpreted as descriptive visualizations of spatial redistribution patterns rather than confirmed
biological attraction.
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Figure 3

Genomic evolutionary trajectories across the three lineage groups.

(A) Global OncoPrint showing somatic mutations in 45 representative cases, detected by a 68-gene
targeted panel.
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(B) Functional pathway evolution matrix showing scaled enrichment scores from GO, KEGG, and
Reactome.

(C) Bubble plot of nominally enriched genes (EPHA5, HSPBP1, and AC018692.2) in the diffuse dual-
lineage group. None survived genome-wide Benjamini–Hochberg FDR correction (all FDR ≈ 0.97).
Enrichment signals were largely attributable to annotated germline polymorphisms and low-depth calls.

(D) Pairwise somatic interaction matrix showing gene co-occurrence and mutual exclusivity across the
three lineage groups.

(E) Mutation frequencies of EPHA5, HSPBP1 and AC018692.2across the three lineage groups with Wilson
95% confidence intervals (group sizes: TTF-1 only, n = 13; focal, n = 21; diffuse, n = 11). Mutated
samples: EPHA50/13, 1/21 and 5/11; HSPBP1 2/13, 3/21 and 7/11; AC018692.2 1/13, 0/21 and 5/11.
Nominal Fisher’s exact p values for diffuse versus the other groups were 0.002, 0.003 and 0.002,
respectively; no gene remained significant after Benjamini–Hochberg correction across 1,568 genes (all
FDR ≈ 0.97).
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Figure 4

Integration of somatic genotypes and spatial immune phenotypes.

(A) Heatmap of immune cell densities, NND metrics, the exploratory HRR-pathway mutation burden
score (mutation-count–based; not a validated LOH+LST+TAI HRD assay), driver gene mutations (EGFR
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and TP53), and candidate loci (EPHA5, HSPBP1, and AC018692.2, hypothesis-generating) by p40
expression status.

(B–C) Violin plots showing the absolute densities of CD8⁺ T cells and FOXP3⁺ Tregs across TTF-1/p40
phenotypes, stratified by EGFR (B) and EPHA5 (C) mutation status.

(D–E) Violin plots of spatial proximity indices (CD8⁺-PanCK⁺ NND; FOXP3⁺-CD8⁺ NND) stratified by EGFR
(D) and EPHA5 (E) mutation profiles. Group comparisons were performed using independent-sample t
tests and are exploratory with nominal P-values.

Supplementary Files

This is a list of supplementary files associated with this preprint. Click to download.

GraphicalAbstract.pdf

SupplementaryMaterials.pdf

SupplementaryTableS6.xlsx

SupplementaryFigureS1.pdf

SupplementaryTableS4.xlsx

SupplementaryFigureS2.pdf

SupplementaryTableS5.xlsx

SupplementaryTableS7.xlsx

SupplementaryFileList.docx

SupplementaryFigureS3.pdf

SupplementaryFigureS4.pdf

Page 25/25

https://assets-eu.researchsquare.com/files/rs-11032131/v1/beeaba72ff41ef7689a15c92.pdf
https://assets-eu.researchsquare.com/files/rs-11032131/v1/2823fecae9ccc8d71b54a749.pdf
https://assets-eu.researchsquare.com/files/rs-11032131/v1/c8689920194a9febced45d67.xlsx
https://assets-eu.researchsquare.com/files/rs-11032131/v1/b13ec18158b97e7acd18d5e2.pdf
https://assets-eu.researchsquare.com/files/rs-11032131/v1/15371918bc9283373aa2e640.xlsx
https://assets-eu.researchsquare.com/files/rs-11032131/v1/658d8337b48b82d87d28ca38.pdf
https://assets-eu.researchsquare.com/files/rs-11032131/v1/788266c841f17efc878b6d39.xlsx
https://assets-eu.researchsquare.com/files/rs-11032131/v1/43dadb7568da4ef6c8cf6f56.xlsx
https://assets-eu.researchsquare.com/files/rs-11032131/v1/22b27a38308b9a4f6f2eead6.docx
https://assets-eu.researchsquare.com/files/rs-11032131/v1/58704391855ce77e17ed5a93.pdf
https://assets-eu.researchsquare.com/files/rs-11032131/v1/936d85b221c43a9cc540a19f.pdf

