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Figure S1, Structure of the TaDOG1L4-JD633 construct
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Table S1, Oligo used for CRISPR-Cas9
	Gene
	Gene ID
	20nt gRNA sequence

	TaDOG1L4-3A
	TraesCS3A02G306200 
	CGCGAGAGACCAGATCGCCA

	TaDOG1L4-3B
	TraesCS3B02G330400 
	

	TaDOG1L4-3D
	TraesCS3D02G295800 
	



Table S2, Primers used for screening and genotyping
	Primer
	Sequence
	Application

	JD633-C9F
	CAGGTGAACATCGTCAAGAAGACCGA
	Screening Cas9

	JD633-C9R
	CCAGCATTCTCTTCCTGCCGTTC
	Screening Cas9

	TaDOG1L4-AF
	CTGCTTCAACTCGCCATCT
	Sanger genotyping

	TaDOG1L4-BF
	GCTAGCATCTTCTAACAGGCG
	Sanger genotyping

	TaDOG1L4-DF
	TTCTGGTCTGTTTCGCACCACC
	Sanger genotyping

	TaDOG1L4-R
	GGAGGACATCGAGGAGTTCG
	Sanger genotyping









R script for survival analysis

### Step 1 — Convert germination data to survival format
library(readxl)
library(dplyr)
library(tidyr)

p1 <- read_excel("data_wheat.xlsx")

p1_long <- p1 %>% 
  pivot_longer(starts_with("Day"),
               names_to = "day",
               values_to = "n_germ") %>%
  mutate(day = as.numeric(sub("Day", "", day)))

p1_expanded <- p1_long %>%
  uncount(n_germ) %>%
  mutate(time = day,
         status = 1)

p1_total_germ <- p1_long %>%
  group_by(Sample, replicate) %>%
  summarise(p1_total_germ = sum(n_germ), seeds = first(seeds),
            .groups = "drop") %>%
  mutate(n_cens = seeds - p1_total_germ)

p1_censored <- p1_total_germ %>%
  filter(n_cens > 0) %>%
  uncount(n_cens) %>%
  mutate(time = 15,   # last observation day
         status = 0)

###Combine data from germinated and non-germinated seeds
p1_surv_data <- dplyr::bind_rows(
          p1_expanded %>% dplyr::select(Sample, replicate, time, status),
          p1_censored %>% dplyr::select(Sample, replicate, time, status)
     )

### Step 2 — Fit AFT model in brms
library(brms)
p1_fit <- brm(
  bf(time | cens(1 - status) ~ Sample + (1|replicate)),
  data = p1_surv_data,
  family = weibull(),
  chains = 4,
  cores = 4,
  seed = 1234
)

summary_p1_fit<- summary(p1_fit)
print(summary_p1_fit)

exp(fixef(p1_fit))
plot(conditional_effects(p1_fit))


### Step 2 — Kaplan–Meier survival curve with 95% CI 
library(survival)
library(survminer)

p1_km_fit <- survfit(
  Surv(time, status) ~ Sample,
  data = p1_surv_data
)

ggsurvplot(
  p1_km_fit,
  conf.int = TRUE,
  risk.table = TRUE,
  pval = TRUE,
  xlab = "Days after sowing",
  ylab = "Probability of not germinating",
  legend.title = "Genotype"
)
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