[bookmark: _heading=h.oh80ms6ztiv3]APPENDIX. Shaping Perceptions: Chinese Development Financing and Public Attitudes Toward China’s Leadership in Developing Countries
A. [bookmark: _heading=h.w66uc8iwv60z]Descriptive statistics
Table A1. Descriptive statistics of controls obtained through the adaptive Lasso procedure
	 Variable
	 Obs
	 Mean
	 Std. Dev.
	 Min
	 Max

	Female
	2422184
	.531
	.499
	0
	1

	Employed
	1992551
	.557
	.497
	0
	1

	Age
	2411052
	41.051
	17.489
	15
	99

	Age2
	2411052
	1991.04
	1625.223
	225
	9801

	Education
	2332486
	1.863
	.683
	1
	3

	Log(income)
	2008137
	8.849
	3.098
	-9.21
	20.616

	Married
	2389390
	.526
	.499
	0
	1

	Log(OECD aid)t-1
	2423275
	1.147
	7.258
	-9.21
	10.132

	Suffraget-1
	2403801
	96.164
	18.362
	0
	100

	Political campst-1
	2403801
	-.112
	1.338
	-3.874
	4.183

	Corruptiont-1
	2403801
	.501
	.308
	.002
	.967

	Rule of law indext-1
	2403801
	.563
	.306
	.009
	.999

	Central media controlt-1
	2403801
	.352
	.288
	.012
	.977

	Control of corruptiont-1
	2386973
	-.052
	1.015
	-1.916
	2.459

	Government effectivenesst-1
	2386973
	.065
	.967
	-2.45
	2.426

	Political stabilityt-1
	2386139
	-.24
	.944
	-3.313
	1.639

	Rule of lawt-1
	2386973
	.081
	.955
	-2.548
	2.255

	Regulatory qualityt-1
	2386973
	-.028
	.996
	-2.591
	2.125

	Voice of accountabilityt-1
	2386973
	-.079
	.989
	-2.313
	1.74

	Log(GDP/Capita)t-1
	2383983
	8.635
	1.403
	5.574
	12.161

	US approval
	2063188
	.42
	.494
	0
	1

	Russia approval
	1957967
	.316
	.465
	0
	1

	German approval
	1989406
	.441
	.497
	0
	1

	
	
	
	
	
	

	 



[bookmark: _heading=h.7k10maxqy4h8]B. Adaptive Lasso Covariate-Selection Procedure 
To select additional covariates for the regression models, we divide the dataset into equal training and validation samples, as shown in Table B1. We compare three Lasso-based selection approaches: ten-fold cross-validation, minimum BIC, and adaptive Lasso. We then compare their predictive performance in the validation sample using mean squared error and out-of-sample R2. Because the adaptive Lasso specification produces the lowest validation-sample mean squared error and the highest out-of-sample R2, we use the covariates selected by that procedure in the final regression models.

Each model selection criteria has its own advantages and disadvantages. CV is primarily used for assessing the predictive performance of a model. It involves splitting the dataset into training and validation subsets. The model is trained on the training data and then evaluated on the validation data. This process is repeated multiple times (e.g., 10-fold CV) to estimate how well the model generalizes to unseen data. The model that performs best on average across the validation subsets (e.g., lowest mean squared error for regression or highest accuracy for classification) is chosen. CV provides a direct estimate of a model's predictive performance and can help prevent overfitting by favoring models that generalize well.

Table B1. Training and validation descriptive statistics
	Sample
	Freq.
	Percent
	Cum.

	Training
	1,211,635
	50
	50

	Validation
	1,211,634
	50
	100

	Total
	2,423,269
	100
	 



We first run the procedure on the training set to find where “lambda” is minimized, i.e., where the out-of-sample  is largest, and the cross-validation mean prediction error is the smallest). Model 95 selects λ = 9.64 × 10⁻⁶, as seen in Table B2. 

Table B2. Cross-validation
	Lasso linear model
	No. of
	obs
	=
	505,375

	 
	No. of
	covariates
	=
	141

	Selection: Cross-validation
	No. of
	CV folds
	=
	10

	 
	 
	No. of
	Out-of-
	CV mean

	 
	
	nonzero
	sample
	prediction

	 Description
	Lambda
	coef.
	R-squared
	error

	1 first lambda
	0.0878216
	0
	0.0001
	0.2421838

	94 lambda before
	0.0000106
	139
	0.1475
	0.2064838

	* 95 selected lambda
	9.64E-06
	138
	0.1475
	0.2064835



Then we want to see which iteration of the Lasso has the smallest BIC. We find it to be iteration number 99 (see Table B3). 

BIC is a criterion for model selection that balances goodness of fit and model complexity. It involves estimating the likelihood of the data given the model and penalizing the model complexity based on the number of parameters (higher complexity results in a higher penalty). The model with the lowest BIC is chosen as it balances model fit and complexity. BIC tends to favor simpler models that fit the data reasonably well. It is a more formalized approach to model selection than CV.



Table B3. Information of each model fit during CV 

			    No. of	Out-of-
			   Nonzero	sample
	ID	lambda	     coef.		R-squared   BIC
					
	2	.0800198	1	0.0054	714858.3
	6	.0551545	4	0.0215	706627.3
	9	.0417224	5	0.0395	697252.4
	10	.0380159	6	0.0449	694424
	12	.0315615	7	0.0544	689408.5
	13	.0287576	10	0.0598	686508.1
	14	.0262029	11	0.0652	683654.2
	15	.0238751	13	0.0704	680843.8
	16	.0217541	15	0.0753	678177.7
	17	.0198215	19	0.0804	675425
	17	.0198215	19	0.0804	675425
	18	.0180606	21	0.0859	672428.8
	19	.0164562	28	0.0915	669410.4
	20	.0149942	34	0.0973	666235.7
	21	.0136622	42	0.1031	663088.3
	22	.0124485	47	0.1087	659952.4
	23	.0113426	50	0.1136	657179.2
	24	.010335		53	0.1181	654650.9
	26	.0085803	56	0.1251	650672.3
	27	.007818	58	0.1279	649089.3
	28	.0071235	64	0.1303	647739.6
	29	.0064907	67	0.1324	646526.7
	30	.005914		71	0.1343	645494.7
	31	.0053887	73	0.1359	644557.3
	32	.0049099	78	0.1374	643768.8
	33	.0044738	80	0.1387	643016.5
	34	.0040763	82	0.1398	642389.9
	35	.0037142	88	0.1407	641904.3
	36	.0033842	89	0.1416	641422.8
	37	.0030836	93	0.1423	641029.7
	38	.0028096	97	0.1430	640682.2
	39	.00256		97	0.1436	640338.1
	39	.00256		97	0.1436	640338.1
	40	.0023326	98	0.1441	640053.3
	41	.0021254	99	0.1445	639809.8
	43	.0017645	101	0.1452	639424.4
	44	.0016078	100	0.1454	639253.9
	45	.001465		102	0.1457	639153.3
	48	.0011082	106	0.1461	638934.9
	48	.0011082	106	0.1461	638934.9
	49	.0010097	107	0.1462	638879.5
	50	.00092		108	0.1463	638833.8
	52	.0007638	109	0.1464	638755.9
	53	.000696	110	0.1465	638734.6
	54	.0006341	114	0.1466	638755.4
	55	.0005778	118	0.1466	638768.5
	56	.0005265	119	0.1467	638744.1
	57	.0004797	120	0.1467	638724.5
	58	.0004371	120	0.1468	638693.7
	58	.0004371	120	0.1468	638693.7
	59	.0003983	121	0.1468	638679.2
	59	.0003983	121	0.1468	638679.2
	60	.0003629	124	0.1468	638690.9
	61	.0003306	128	0.1469	638711.7
	62	.0003013	130	0.1469	638707.1
	62	.0003013	130	0.1469	638707.1
	63	.0002745	133	0.1470	638709.3
	64	.0002501	131	0.1470	638648.5
	65	.0002279	132	0.1471	638632
	65	.0002279	132	0.1471	638632
	66	.0002077	132	0.1471	638607.2
	66	.0002077	132	0.1471	638607.2
	68	.0001724	132	0.1472	638571.1
	68	.0001724	132	0.1472	638571.1
	69	.0001571	133	0.1472	638567.7
	69	.0001571	133	0.1472	638567.7
	70	.0001431	133	0.1472	638551.6
	70	.0001431	133	0.1472	638551.6
	71	.0001304	133	0.1473	638536.6
	71	.0001304	133	0.1473	638536.6
	72	.0001188	131	0.1473	638502.4
	72	.0001188	131	0.1473	638502.4
	73	.0001083	134	0.1473	638535.9
	74	.0000987	136	0.1473	638556.8
	75	.0000899	137	0.1473	638558.6
	75	.0000899	137	0.1473	638558.6
	76	.0000819	135	0.1473	638519.2
	76	.0000819	135	0.1473	638519.2
	78	.000068	136	0.1474	638515.4
	78	.000068	136	0.1474	638515.4
	79	.000062	138	0.1474	638535.3
	79	.000062	138	0.1474	638535.3
	80	.0000565	138	0.1474	638524
	80	.0000565	138	0.1474	638524
	81	.0000514	138	0.1474	638516.9
	81	.0000514	138	0.1474	638516.9
	82	.0000469	138	0.1474	638510.8
	82	.0000469	138	0.1474	638510.8
	84	.0000389	137	0.1474	638485.4
	88	.0000268	138	0.1474	638493.7
	90	.0000223	138	0.1474	638485.8
	90	.0000223	138	0.1474	638485.8
	91	.0000203	138	0.1474	638483.5
	91	.0000203	138	0.1474	638483.5
	92	.0000185	138	0.1474	638481.7
	92	.0000185	138	0.1474	638481.7
	93	.0000168	138	0.1475	638479.7
	93	.0000168	138	0.1475	638479.7
	94	.0000153	139	0.1475	638490.8
	96	.0000127	139	0.1475	638487.9
	96	.0000127	139	0.1475	638487.9
*	99	9.64e-06	138	0.1475	638471.7
*	99	9.64e-06	138	0.1475	638471.7
					

Once, the BIC is selected, we estimate the Lasso Adaptive model (see Table B4). The Adaptive Lasso is a modification of the Lasso regression that adapts penalty weights for each predictor variable. It assigns different penalty weights to predictor variables based on their estimated importance. Variables that are deemed more important receive less penalty, while less important variables receive higher penalty weights. The Adaptive Lasso selects variables based on the adapted penalty weights, giving more importance to variables that are more likely to be relevant to the outcome. It can help address issues related to variable selection and perform automatic variable weighting.

Table B4. Adaptive Lasso information
	 
	 
	No. of
	Out-of-
	CV mean

	 
	
	nonzero
	sample
	prediction

	ID Description
	lambda
	coef.
	R-squared
	error

	100
	first lambda
	2.302605
	0
	0

	198
	lambda before
	0.0002527
	132
	0.1475

	*199
	selected lambda
	0.0002303
	132
	0.1475



Finally, we compare all three models estimated over the entire sample and select the one with the lowest Mean Squared Error and the highest out-of-sample R² in the validation sample (see Table B5).

Table B5. Postselection coefficient comparison
	Sample
	MSE
	R-squared
	Obs

	CV
	
	
	 

	Training
	0.2063597
	0.148
	505,375

	Validation
	0.2068123
	0.1457
	506,247

	 
	
	
	 

	min BIC
	 
	 
	 

	Training
	0.2063597
	0.148
	505,375

	Validation
	0.2068123
	0.1457
	506,247

	 
	
	
	 

	Adaptive
	 
	 
	 

	Training
	0.2058101
	0.1496
	510,065

	Validation
	0.2062844
	0.1473
	510,902



All three models appear very similar in terms of MSE and R-squared. However, the Adaptive model has the smallest MSE and highest out-of-sample R-squared in the validation sample, so we use that model for our regression. 

The selected variables are listed in Table A1. 
[bookmark: _heading=h.6ae7is2p1ikz]C. Gallup World Poll “Don’t Know” Analysis
We used the following question that appears in every year of GWP’s survey:  “Do you approve or disapprove of the job performance of the leadership of China?” Respondents could select approve, disapprove, don’t know, or refuse to answer. From here, we constructed three separate variables for analysis. For the first (which is the one we use in our main paper), we coded an answer as ‘1’ if the respondent replied approve and ‘0’ if the respondent replied disapprove or don’t know. 

For robustness purposes, we coded alternative dependent variables where we coded an answer as ‘1’ if the respondent replied disapprove and `0’ if the respondent replied approve or don’t know. Another version of the dependent variable was coded as ‘1’ if the respondent replied approve and ‘0’ otherwise (meaning that “don’t know” answers were dropped). In all iterations, we dropped “Refused to answer”.  All three variables are displayed in Table C1. The results from using the alternative dependent variables are shown here in the appendix in Section E.
 
Table C1. Descriptive statistics of dependent variables
	 Variable
	 Obs
	 Mean
	 Std. Dev.
	 Min
	 Max

	Chinese Approval
	2144461
	.355
	.478
	0
	1

	Chinese Disapproval
	2144461
	.342
	.474
	0
	1

	Chinese Approval (don’t know dropped)
	1493331
	.509
	.5
	0
	1

	 



Table C1 clearly shows that a significant number of respondents replied “don’t know”, which would not have been part of our sample if we had dropped them. Scholars tend to disagree about how to treat these types of responses (Turner and Michael, 1996), including some that argue that the option should be eliminated from surveys on political knowledge during the research design phase (Miller and Orr, 2008). We decided not to throw the baby out with the bathwater and kept the “don’t know”s in our coding.  
[bookmark: _heading=h.wxdrrvhxrb0d]D. Media System Freedom Extension
Overview
To provide a comprehensive analysis of all Chinese financing data through 2021, we updated the Solis & Waggoner’s (2021) Media System Freedom (MSF) dataset to include more recent data to match the Chinese financing data’s 2021 final year. To this end, we utilize the same model and variables to extend the MSF dataset from 2017 to 2021. While we provide an overview of the process below, we highly recommend thoroughly reading Solis & Waggoner (2021) for a more detailed explanation of the data generating process.

In sum, the various outputs we replicate with the updated data provide strong confidence in the  MSF media freedom data we use in the manuscript’s analysis. 

Model and Data collection
The data-generating process features a dynamic, graded response item response theory (IRT) model that synthesizes ten different, theoretically identified manifest measurements of media freedom. These include Freedom House’s Freedom of the Press, Whitten-Woodring and Van Belle’s (2017) Global Media Freedom index, Reporters Without Border’s Press Freedom Index and seven variables from the Varieties of Democracy (VDem) dataset measuring various aspects of a country’s media system:  Government Censorship, Critical Print and Broadcast Media, Harassment of Journalist, Print and Broadcast Media Perspectives, Media Self-censorship, Media Bias, and Media Corruption. 

Once collected, we further processed the data so each variable input was binary or categorical in order for the data to fit the required graded input for the model. While the initial sample for Solis & Waggoner (2021) ended in 2017, we followed the same peer-reviewed process but collected available data through 2021. We note that since the publication of Solis & Waggoner (2021), Freedom House’s Freedom of the Press and Whitten-Woodring and Van Belle’s Global Media Freedom datasets have not been updated (Freedom House’s appears to be retired). Since the model is designed to handle missing data, this does not pose a problem for our extension. However, extending beyond 2021 may need further consideration, as the uncertainty induced by the missing data may prove unreliable the further out a future sample may extend. Given the goodness of fit measures provide us reasonable confidence this is not the case here (discussed further below), we do not see this as an issue for this iteration.

To create bounded, continuous media freedom estimates from 0 to 1 in countries
worldwide from 1948 to 2021, we estimated a full Bayesian model utilizing a Markov chain
Monte Carlo (MCMC) simulation using JAGS (v4.3.0). We ran three chains at 2,000 iterations
each, with the first 1,000 draws discarded and treated as burn-ins.

Results and Discrimination Parameters
The results yield time-series, cross-sectional data on a bounded, unidimensional scale from 0 to 1 that measures media freedom in 199 countries from 1948 to 2021. Each country-year observation also includes a standard deviation that creates a distribution for that observation that allows analysts to incorporate uncertainty‒based on how well each of the 10 manifest variables agree on that observation’s media freedom level‒in regression analysis. While we do not use this in our analysis for this particular work, we encourage other researchers to use it in their work if applicable.

After running the model, we noticed that the discrimination parameters‒a statistic that demonstrates how well each manifest variable discriminates among high and low levels of media freedom‒do reshuffle in magnitude. While VDem’s Critical Print and Broadcast Media had the highest discrimination parameter in Solis & Waggoner (2021), here we find VDem’s Media Bias and Print and Broadcast Media Perspectives yield higher values (highest and second highest, respectively), with VDem’s Critical Print and Broadcast Media ranking third now. While understanding this result is beyond the scope of this project, it may be due to the change in the way media is used and consumed. The rise of misinformation and siloed outlets in a new, more digital landscape may be contributing to this change, however, we reserve judgment for a more thorough analysis. 

Discrimination Parameters Results from Extended MSF Dataset
	Manifest Variable
	Discrimination Parameter

	Y1: GMF
	9.241608

	Y2: Freedom House
	8.473511

	Y3: Reporters Without Borders
	7.504196

	Y4: VDEM, traditional government censorship
	11.750192

	Y5: VDem, critical print and broadcast media
	11.915668

	Y6: VDem, print and broadcast media perspectives
	12.090373

	Y7: VDem, harassment of journalist
	11.86921

	Y8: VDem, media self-censorship
	11.479351

	Y9: VDem, media bias
	12.327491

	Y10: VDem, corruption
	10.816524



Goodness of Fit
To assess goodness of fit, we replicate Figure 1 in the original manuscript. To this end, we compare the manifest distribution of each indicator to the predicted distributions following the inverse logit function used to estimate the model:



Combining this equation and the simulation procedure, the model resamples values of each parameter estimate from the joint posterior distribution. From this, we are able to compare the predicted distribution to the actual distribution to assess how well the model predicts each indicator’s manifest distribution. No systematic discrepancy between the observed manifest variables and the posterior predictive distribution indicator suggests a good model fit. We find the results here are the same as in the original manuscript. The figure below presents these results. It shows that of the forty-two possible ratings, only two fall outside the predicted distribution and its 95 percent confidence level. Similar to the original manuscript, the first category of V-Dem’s range of media perspectives does not produce accurate predictions, while uniquely the second category of the V-Dem’s media corruption is not accurate here (versus the fourth category of the same indicator in the original article’s analysis). Overall, this outcome indicates that the model accurately predicts about 96 per cent of the ratings. We therefore find no evidence of over- or under-prediction of extreme ratings of the manifest measurements.
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Country Sample Cases
Finally, we reproduce Figure 4 in Solis & Waggoner (2021) using the newly created MSF data extended to 2021. We retain the eight case study countries: Poland, North Korea, the United States, Spain, Nigeria, Brazil, Armenia, and Jamaica. The patterns overlap with the sample from Solis & Waggoner (through 2017), reflecting Figure 4 in the original paper. The figure below shows how sensitive the data are to changing media freedom landscapes (such as the sudden opening of Spain's post-Franco era) while also remaining static through deep authoritarian conditions (such as North Korea). 
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[bookmark: _heading=h.ap0sge4f4jyp]E. Full regression tables
Table E1. Full regression of all three hypotheses (simple and basic)

	  
	H1
	H1
	H2
	 H2
	H3
	H3

	  
	   Simple
	   Basic
	   Simple
	  Basic
	   Simple
	   Basic

	PRC dev fin
	.00027***
(.00007)
	.00024***
(.00008)
	.0005***
(.0001)
	.00048***
(.0001)
	-.00103***
(.00022)
	-.00076**
(.00026)

	 
	
	
	
	
	
	

	Domestic gov app
	 
	 
	.09533***
	.09466***
	 
	 

	 
	 
	 
	(.00191)
	(.00217)

	 
	 

	Dom gov app*PRC  fin
	 
	 
	-.00078***
(.00011)
	-.00049***
(.00012)
	 
	 

	 
	 
	 
	
	
	 
	 

	MSF
	 
	 
	 
	 
	.04347***
(.0087)

	.03355***
(.01017)

	 
	 
	 
	 
	 
	
	

	MSF*Chinese fin
	 
	 
	 
	 
	.00215***
(.00034)
	.00163***
(.00042)


	 
	 
	 
	 
	 
	
	

	Female
	 
	-.08662***
(.0009)

	 
	-.08814***
(.00094)
	 
	-.08662***
(.0009)



	
	 
	
	 
	
	 
	

	Employed
	 
	.01559***
(.00095)
	 
	.01331***
(.001)
	 
	.01567***
(.00095)


	
	 
	
	 
	
	 
	

	Age
	 
	-.00218***
	 
	-.00179***
	 
	-.00216***

	 
	 
	(.00014)
	 
	(.00015)
	 
	(.00014)


	Age2
	 
	.00001***
	 
	.00001***
	 
	.00001***

	 
	 
	(0)
	 
	(0)
	 
	(0)

	Education
	 
	.05895***
	 
	.06195***
	 
	.05893***

	 
	 
	(.00075)
	 
	(.00079)
	 
	(.00075)


	Log(income)
	 
	.01092***
	 
	.01088***
	 
	.01091***

	 
	 
	(.00026)

	 
	(.00027)
	 
	(.00026)

	Married
	 
	-.00564***
(.00099)
	 
	-.00769***
(.00104)

	 
	-.00571***
(.00099)

	 
	 
	
	 
	
	 
	

	Constant
	.60052***
(.01567)
	.31169***
(.00822)
	.56236***
(.01563)
	.27271***
(.00832)
	.62207***
(.01622)
	.28894***
(.01043)


	Observations
	1431778
	1143188
	1253332

	1030084
	1431005
	1143188


	R-squared
	.10965
	.13548
	.12128
	.14687
	.10982
	.13553


	Robust standard errors are in parentheses. Dependent variable is the Approval of Chinese leadership. 

	*** p<0.001, ** p<0.01, * p<0.05


 
Table E2. Regression results with lasso controls 
	  
	  H1
	H2
	  H3

	PRC dev fin
	.00056***
	.00115***
	-.00046

	 
	(.00009)
	(.00011)
	(.00028)

	Domestic gov app
	 
	.10421***
	 

	 
	 
	(.00237)
	 

	Dom gov app*PRC fin
	 
	-.00122***
	 

	 
	 
	(.00014)
	 

	Media system freedom
	 
	 
	.0933***

	 
	 
	 
	(.01873)

	MSF * PRC fin
	 
	 
	.00173***

	 
	 
	 
	(.00044)

	Female
	-.08624***
	-.08784***
	-.08623***

	 
	(.00093)
	(.00098)
	(.00093)

	Employed
	.017***
	.01458***
	.01703***

	 
	(.00099)
	(.00104)
	(.00099)

	Age
	-.00226***
	-.00188***
	-.00226***

	 
	(.00015)
	(.00015)
	(.00015)

	Age2
	.00001***
	.00001***
	.00001***

	 
	(0)
	(0)
	(0)

	Education
	.06025***
	.06354***
	.06027***

	 
	(.00078)
	(.00083)
	(.00078)

	Log(income)
	.0109***
	.01088***
	.01092***

	 
	(.00027)
	(.00028)
	(.00027)

	Married
	-.0073***
	-.00941***
	-.00733***

	 
	(.00104)
	(.00109)
	(.00104)

	Log(OECD aid)t-1
	.00095
	.00046
	.0013

	 
	(.00084)
	(.00089)
	(.00084)

	Suffraget-1
	-.0002***
	-.00005
	-.00015***

	 
	(.00004)
	(.00005)
	(.00004)

	Political campst-1
	-.00088
	.00191
	.00079

	 
	(.00099)
	(.00106)
	(.00102)

	Corruptiont-1
	-.03639*
	-.05189***
	-.04212**

	 
	(.01466)
	(.01528)
	(.01467)

	Rule of law indext-1
	-.03767**
	-.0415**
	-.04556**

	 
	(.01384)
	(.0145)
	(.01385)

	Central media controlt-1
	-.02776***
	-.0444***
	.01247

	 
	(.007)
	(.00736)
	(.00872)

	Control of corruptiont-1
	-.05538***
	-.06571***
	-.05404***

	 
	(.00363)
	(.00388)
	(.00363)

	 Government effectivenesst-1
	.00889*
	.01944***
	.0087*

	 
	(.00347)
	(.00375)
	(.00347)

	Political stabilityt-1
	-.01239***
	-.02147***
	-.01179***

	 
	(.00156)
	(.00167)
	(.00156)

	 Rule of lawt-1
	-.04261***
	-.06196***
	-.04267***

	 
	(.00379)
	(.00401)
	(.00379)

	Regulatory qualityt-1
	.06025***
	.06722***
	.05808***

	 
	(.00427)
	(.00463)
	(.00428)

	Voice of accountabilityt-1
	.03907***
	.03809***
	.02979***

	 
	(.00386)
	(.00406)
	(.00402)

	Log(GDP/Capita)t-1
	-.02108***
	.02715***
	-.01559**

	 
	(.0056)
	(.0068)
	(.00563)

	US approval
	.14888***
	.15034***
	.14882***

	 
	(.00107)
	(.00113)
	(.00107)

	Russia approval
	.35213***
	.34906***
	.35218***

	 
	(.00114)
	(.0012)
	(.00114)

	German approval
	.19056***
	.18793***
	.1906***

	 
	(.00122)
	(.00128)
	(.00122)

	Constant
	.28382***
	-.0343
	.17479***

	 
	(.04728)
	(.05422)
	(.05014)

	Observations
	1,057,737
	945,793
	1,057,737

	R-squared
	.14129
	.15276
	.14134

	
	
	
	

	Robust standard errors are in parentheses. Dependent variable is the Approval of Chinese leadership. 

	*** p<0.001, ** p<0.01, * p<0.05
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Table E3. Robustness results using disapproval of Chinese leadership as the dependent variable

	  
	  H1
	  H1
	  H1
	  H2
	  H2
	  H2
	  H3
	  H3
	  H3

	  
	 Simple
	   Basic
	   Lasso
	 Simple
	   Basic
	   Lasso
	 Simple
	   Basic
	 Lasso

	 PRC dev fin
	-.00083***
	-.00097***
	-.00054***
	-.00081***
	-.00104***
	-.00067***
	-.00095***
	-.00062*
	.00071*

	 
	(.00006)
	(.00008)
	(.00008)
	(.00008)
	(.0001)
	(.0001)
	(.0002)
	(.00025)
	(.00029)

	Domestic gov app
	 
	 
	 
	-.04648***
	-.04701***
	-.03536***
	 
	 
	 

	 
	 
	 
	 
	(.00175)
	(.00207)
	(.00211)
	 
	 
	 

	Dom gov app*PRC fin
	 
	 
	 
	-.00013
	-.00002
	.00024*
	 
	 
	 

	 
	 
	 
	 
	(.0001)
	(.00012)
	(.00012)
	 
	 
	 

	MSF
	 
	 
	 
	 
	 
	 
	-.22278***
	-.2426***
	-.30335***

	 
	 
	 
	 
	 
	 
	 
	(.0086)
	(.01037)
	(.01707)

	MSF * PRC fin
	 
	 
	 
	 
	 
	 
	.0003
	-.00041
	-.00202***

	 
	 
	 
	 
	 
	 
	 
	(.00032)
	(.0004)
	(.00046)

	Female
	 
	-.0223***
	-.03386***
	 
	-.02099***
	-.03187***
	 
	-.02231***
	-.03387***

	 
	 
	(.00083)
	(.00085)
	 
	(.00087)
	(.00089)
	 
	(.00083)
	(.00085)

	 Employed
	 
	-.00218*
	-.00107
	 
	-.00128
	-.0007
	 
	-.00246**
	-.00107

	 
	 
	(.00089)
	(.0009)
	 
	(.00093)
	(.00094)
	 
	(.00089)
	(.0009)

	 Age
	 
	.00016
	-.00047***
	 
	-.00005
	-.00059***
	 
	.00016
	-.00046***

	 
	 
	(.00013)
	(.00013)
	 
	(.00013)
	(.00014)
	 
	(.00013)
	(.00013)

	 Age2
	 
	-.00001***
	-.00001***
	 
	-.00001***
	0*
	 
	-.00001***
	-.00001***

	 
	 
	(0)
	(0)
	 
	(0)
	(0)
	 
	(0)
	(0)

	 Education
	 
	.0122***
	.0205***
	 
	.01194***
	.02056***
	 
	.0123***
	.02039***

	 
	 
	(.00071)
	(.00072)
	 
	(.00074)
	(.00076)
	 
	(.00071)
	(.00072)

	 Log(income)
	 
	.00078**
	.00221***
	 
	.00079**
	.00204***
	 
	.00079***
	.00218***

	 
	 
	(.00024)
	(.00024)
	 
	(.00025)
	(.00025)
	 
	(.00024)
	(.00024)

	 Married
	 
	-.00017
	-.00183
	 
	.00085
	-.00137
	 
	.00014
	-.00166

	 
	 
	(.00093)
	(.00095)
	 
	(.00097)
	(.00099)
	 
	(.00092)
	(.00095)

	 Log(OECD aid)t-1
	 
	 
	-.00453***
	 
	 
	-.0038***
	 
	 
	-.0048***

	 
	 
	 
	(.00085)
	 
	 
	(.0009)
	 
	 
	(.00085)

	 Suffraget-1
	 
	 
	-.00024***
	 
	 
	-.00014**
	 
	 
	-.0003***

	 
	 
	 
	(.00005)
	 
	 
	(.00005)
	 
	 
	(.00005)

	Political campst-1
	 
	 
	.04262***
	 
	 
	.04268***
	 
	 
	.03718***

	 
	 
	 
	(.00114)
	 
	 
	(.00123)
	 
	 
	(.00117)

	Corruptiont-1
	 
	 
	.15865***
	 
	 
	.15148***
	 
	 
	.16715***

	 
	 
	 
	(.01604)
	 
	 
	(.01655)
	 
	 
	(.01607)

	Rule of law indext-1
 
	 
	 
	.10342***
	 
	 
	.12667***
	 
	 
	.12579***

	 
	 
	 
	(.0155)
	 
	 
	(.01607)
	 
	 
	(.01553)

	Central media controlt-1
	 
	 
	.056***
	 
	 
	.06819***
	 
	 
	-.06882***

	 
	 
	 
	(.00766)
	 
	 
	(.00803)
	 
	 
	(.00946)

	Control of Corruptiont-1
	 
	 
	.01609***
	 
	 
	.01199**
	 
	 
	.01385***

	 
	 
	 
	(.00411)
	 
	 
	(.00439)
	 
	 
	(.00411)

	Government effectivenesst-1
	 
	 
	.05697***
	 
	 
	.0636***
	 
	 
	.05903***

	 
	 
	 
	(.0038)
	 
	 
	(.00417)
	 
	 
	(.0038)

	Political stabilityt-1
 
	 
	 
	.04172***
	 
	 
	.05271***
	 
	 
	.03942***

	 
	 
	 
	(.00167)
	 
	 
	(.00177)
	 
	 
	(.00167)

	Rule of law estimate
	 
	 
	.06175***
	 
	 
	.06769***
	 
	 
	.06043***

	 
	 
	 
	(.00422)
	 
	 
	(.00447)
	 
	 
	(.00422)

	Regulatory quality estimate
	 
	 
	-.10502***
	 
	 
	-.11286***
	 
	 
	-.09827***

	 
	 
	 
	(.00478)
	 
	 
	(.00506)
	 
	 
	(.00479)

	Voice and accountability estimate
	 
	 
	.03453***
	 
	 
	.03075***
	 
	 
	.06298***

	 
	 
	 
	(.00425)
	 
	 
	(.00447)
	 
	 
	(.00445)

	 Log(GDP/Capita)t-1
	 
	 
	.08605***
	 
	 
	.1389***
	 
	 
	.07063***

	 
	 
	 
	(.00624)
	 
	 
	(.00736)
	 
	 
	(.00628)

	US approval
	 
	 
	-.01935***
	 
	 
	-.02076***
	 
	 
	-.01922***

	 
	 
	 
	(.00109)
	 
	 
	(.00114)
	 
	 
	(.00109)

	Russia approval
	 
	 
	-.14769***
	 
	 
	-.14568***
	 
	 
	-.1478***

	 
	 
	 
	(.00112)
	 
	 
	(.00118)
	 
	 
	(.00112)

	German approval
	 
	 
	.00189
	 
	 
	.00664***
	 
	 
	.00183

	 
	 
	 
	(.0012)
	 
	 
	(.00127)
	 
	 
	(.0012)

	 Constant
	.12201***
	.35174***
	-.22422***
	.14064***
	.37397***
	-.58816***
	.13229***
	.51277***
	.15938**

	 
	(.00989)
	(.00818)
	(.0525)
	(.00972)
	(.0083)
	(.05935)
	(.0106)
	(.01059)
	(.05583)

	 Observations
	1447787
	1156205
	1078106
	1266207
	1041011
	972026
	1447014
	1156205
	1078106

	 R-squared
	.0679
	.07735
	.1037
	.07012
	.07683
	.10324
	.06862
	.07821
	.10411

	Robust standard errors are in parentheses. Dependent variable is Dispproval of Chinese leadership. 

	*** p<0.001, ** p<0.01, * p<0.05
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Table E4. Robustness results excluding “Don’t Know” responses
	  
	  H1
	  H1
	  H1
	  H2
	  H2
	  H2
	  H3
	  H3
	  H3

	  
	Simple
	   Basic
	   Lasso
	 Simple
	   Basic
	   Lasso
	Simple
	  Basic
	   Lasso

	 PRC dev fin
	.00073***
	.0008***
	.00029**
	.00099***
	.00104***
	.0004***
	-.00009
	.00008
	-.00167***

	 
	(.00008)
	(.0001)
	(.00009)
	(.00011)
	(.00013)
	(.00012)
	(.00026)
	(.00032)
	(.00034)

	 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	Domestic gov app
	 
	 
	 
	.10218***
	.10574***
	.04063***
	 
	 
	 

	 
	 
	 
	 
	(.00235)
	(.00272)
	(.00248)
	 
	 
	 

	Dom gov app*PRC fin
	 
	 
	 
	-.00057***
	-.00052***
	-.00023
	 
	 
	 

	 
	 
	 
	 
	(.00014)
	(.00016)
	(.00014)
	 
	 
	 

	Media system freedom
	 
	 
	 
	 
	 
	 
	.1259***
	.1209***
	.07052***

	 
	 
	 
	 
	 
	 
	 
	(.01102)
	(.0131)
	(.0199)

	 MSF *PRC fin
	 
	 
	 
	 
	 
	 
	.00134**
	.00113*
	.00323***

	 
	 
	 
	 
	 
	 
	 
	(.00042)
	(.00052)
	(.00055)

	 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	Female
	 
	-.03404***
	-.01143***
	 
	-.03631***
	-.01345***
	 
	-.03399***
	-.01145***

	 
	 
	(.00108)
	(.00099)
	 
	(.00112)
	(.00104)
	 
	(.00108)
	(.00099)

	 Employed
	 
	.01545***
	.01201***
	 
	.01303***
	.01083***
	 
	.01562***
	.01203***

	 
	 
	(.00116)
	(.00106)
	 
	(.00121)
	(.00111)
	 
	(.00116)
	(.00106)

	 Age
	 
	-.00178***
	.00005
	 
	-.00126***
	.00027
	 
	-.00178***
	.00005

	 
	 
	(.00018)
	(.00016)
	 
	(.00018)
	(.00017)
	 
	(.00018)
	(.00016)

	 Age2
	 
	.00002***
	0*
	 
	.00001***
	0
	 
	.00002***
	0*

	 
	 
	(0)
	(0)
	 
	(0)
	(0)
	 
	(0)
	(0)

	 Education
	 
	.02778***
	.01386***
	 
	.03***
	.01414***
	 
	.02765***
	.01387***

	 
	 
	(.00091)
	(.00084)
	 
	(.00096)
	(.00088)
	 
	(.00091)
	(.00084)

	Log(income)
	 
	.00501***
	.00215***
	 
	.00477***
	.0021***
	 
	.00501***
	.00216***

	 
	 
	(.00032)
	(.00029)
	 
	(.00033)
	(.0003)
	 
	(.00032)
	(.00029)

	 Married
	 
	-.00106
	.00174
	 
	-.00329*
	.00137
	 
	-.00119
	.0017

	 
	 
	(.00123)
	(.00113)
	 
	(.00128)
	(.00119)
	 
	(.00123)
	(.00113)

	Log(OECD aid)t-1
	 
	 
	.00083
	 
	 
	-.0006
	 
	 
	.00118

	 
	 
	 
	(.00097)
	 
	 
	(.00102)
	 
	 
	(.00097)

	 Suffraget-1
	 
	 
	.00017***
	 
	 
	-.00005
	 
	 
	.00022***

	 
	 
	 
	(.00005)
	 
	 
	(.00005)
	 
	 
	(.00005)

	Political campst-1
	 
	 
	-.02146***
	 
	 
	-.01896***
	 
	 
	-.01996***

	 
	 
	 
	(.00136)
	 
	 
	(.00148)
	 
	 
	(.00138)

	Corruptiont-1
	 
	 
	-.13001***
	 
	 
	-.13088***
	 
	 
	-.14038***

	 
	 
	 
	(.01928)
	 
	 
	(.01997)
	 
	 
	(.01934)

	Rule of law indext-1
	 
	 
	-.11239***
	 
	 
	-.12001***
	 
	 
	-.12461***

	 
	 
	 
	(.0182)
	 
	 
	(.01888)
	 
	 
	(.01827)

	Central media controlt-1
	 
	 
	-.00065
	 
	 
	-.01059
	 
	 
	.04437***

	 
	 
	 
	(.00931)
	 
	 
	(.00982)
	 
	 
	(.01135)

	 Control of Corruptiont-1
	 
	 
	-.05205***
	 
	 
	-.06205***
	 
	 
	-.05021***

	 
	 
	 
	(.00496)
	 
	 
	(.00527)
	 
	 
	(.00496)

	Government effectivenesst-1
	 
	 
	-.02377***
	 
	 
	-.01825***
	 
	 
	-.02376***

	 
	 
	 
	(.00461)
	 
	 
	(.00498)
	 
	 
	(.00462)

	 Political stabilityt-1
	 
	 
	-.0299***
	 
	 
	-.04099***
	 
	 
	-.02961***

	 
	 
	 
	(.00197)
	 
	 
	(.0021)
	 
	 
	(.00197)

	Rule of law estimate
	 
	 
	-.05033***
	 
	 
	-.0717***
	 
	 
	-.05009***

	 
	 
	 
	(.00509)
	 
	 
	(.00539)
	 
	 
	(.00509)

	Regulatory quality estimate
	 
	 
	.08385***
	 
	 
	.09009***
	 
	 
	.08103***

	 
	 
	 
	(.00567)
	 
	 
	(.00605)
	 
	 
	(.00569)

	Voice and accountability estimate
	 
	 
	.02068***
	 
	 
	.02548***
	 
	 
	.00935

	 
	 
	 
	(.00493)
	 
	 
	(.00519)
	 
	 
	(.0052)

	 Log(GDP/Capita)t-1
	 
	 
	-.04003***
	 
	 
	-.0273**
	 
	 
	-.03277***

	 
	 
	 
	(.0072)
	 
	 
	(.00858)
	 
	 
	(.00727)

	 US approval
	 
	 
	.13401***
	 
	 
	.13538***
	 
	 
	.13388***

	 
	 
	 
	(.00131)
	 
	 
	(.00139)
	 
	 
	(.00131)

	Russia approval
	 
	 
	.29913***
	 
	 
	.29089***
	 
	 
	.29913***

	 
	 
	 
	(.00126)
	 
	 
	(.00133)
	 
	 
	(.00126)

	German approval
	 
	 
	.12298***
	 
	 
	.11827***
	 
	 
	.12306***

	 
	 
	 
	(.00137)
	 
	 
	(.00145)
	 
	 
	(.00137)

	 Observations
	980068
	778324
	727841
	854540
	701900
	658148
	979605
	778324
	727841

	 R-squared
	.11323
	.12835
	.30988
	.12474
	.13793
	.31035
	.11353
	.12858
	.30996

	Robust standard errors are in parentheses. Dependent variable is Approval of Chinese leadership (“don’t know” is dropped from the sample)

	*** p<0.001, ** p<0.01, * p<0.05
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Table E5. Robustness check of Hypothesis 1 with lagged Chinese development finance
	  
	Simple
	Simple
	Simple
	Simple
	Basic
	Basic
	Basic
	Basic
	Lasso
	Lasso
	Lasso
	Lasso

	  
	
	
	
	
	
	
	
	
	
	
	
	

	T-2
	.00037***
	 
	 
	 
	.00019*
	 
	 
	 
	0
	 
	 
	 

	 
	(.00007)
	 
	 
	 
	(.00008)
	 
	 
	 
	(.00007)
	 
	 
	 

	T-3
	 
	.00044***
	 
	 
	 
	.00017*
	 
	 
	 
	.00025***
	 
	 

	 
	 
	(.00007)
	 
	 
	 
	(.00008)
	 
	 
	 
	(.00007)
	 
	 

	T-4
	 
	 
	.00038***
	 
	 
	 
	.00023**
	 
	 
	 
	.00027***
	 

	 
	 
	 
	(.00006)
	 
	 
	 
	(.00008)
	 
	 
	 
	(.00007)
	 

	T-5
	 
	 
	 
	.00069***
	 
	 
	 
	.00087***
	 
	 
	 
	.00044***

	 
	 
	 
	 
	(.00006)
	 
	 
	 
	(.00008)
	 
	 
	 
	(.00007)

	Female
	 
	 
	 
	 
	-.08664***
	-.08663***
	-.08664***
	-.08663***
	-.03292***
	-.03292***
	-.03293***
	-.03292***

	 
	 
	 
	 
	 
	(.00089)
	(.00089)
	(.00089)
	(.00089)
	(.00077)
	(.00077)
	(.00077)
	(.00077)

	Employed
	 
	 
	 
	 
	.01565***
	.01564***
	.01562***
	.01559***
	.00963***
	.0096***
	.00959***
	.0096***

	 
	 
	 
	 
	 
	(.00095)
	(.00095)
	(.00095)
	(.00095)
	(.00081)
	(.00081)
	(.00081)
	(.00081)

	Age
	 
	 
	 
	 
	-.00216***
	-.00216***
	-.00216***
	-.00216***
	.00003
	.00003
	.00003
	.00003

	 
	 
	 
	 
	 
	(.00014)
	(.00014)
	(.00014)
	(.00014)
	(.00012)
	(.00012)
	(.00012)
	(.00012)

	Age2
	 
	 
	 
	 
	.00001***
	.00001***
	.00001***
	.00001***
	0
	0
	0
	0

	 
	 
	 
	 
	 
	(0)
	(0)
	(0)
	(0)
	(0)
	(0)
	(0)
	(0)

	Education
	 
	 
	 
	 
	.0593***
	.0593***
	.05932***
	.05928***
	.02271***
	.0227***
	.02273***
	.0227***

	 
	 
	 
	 
	 
	(.00075)
	(.00075)
	(.00075)
	(.00075)
	(.00065)
	(.00065)
	(.00065)
	(.00065)

	  Log(income)
	 
	 
	 
	 
	.01097***
	.01097***
	.01095***
	.01096***
	.00409***
	.00409***
	.00407***
	.00408***

	 
	 
	 
	 
	 
	(.00026)
	(.00026)
	(.00026)
	(.00026)
	(.00021)
	(.00021)
	(.00021)
	(.00021)

	 Married
	 
	 
	 
	 
	-.00563***
	-.00564***
	-.00563***
	-.00557***
	.0001
	.00011
	.00012
	.00013

	 
	 
	 
	 
	 
	(.00099)
	(.00099)
	(.00099)
	(.00099)
	(.00085)
	(.00085)
	(.00085)
	(.00085)

	Log(OECD aid)t-1
	 
	 
	 
	 
	 
	 
	 
	 
	-.00182*
	-.00177*
	-.00174*
	-.00201**

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00071)
	(.00071)
	(.00071)
	(.00071)

	Suffraget-1
	 
	 
	 
	 
	 
	 
	 
	 
	.00004
	.00005
	.00004
	.00005

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00004)
	(.00004)
	(.00004)
	(.00004)

	Political campst-1
	 
	 
	 
	 
	 
	 
	 
	 
	-.00106
	-.00107
	-.00108
	-.00125

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00098)
	(.00098)
	(.00098)
	(.00098)

	Corruptiont-1
	 
	 
	 
	 
	 
	 
	 
	 
	-.03744*
	-.03835**
	-.03665*
	-.03823**

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.01464)
	(.01464)
	(.01464)
	(.01464)

	Rule of law indext-1

	 
	 
	 
	 
	 
	 
	 
	 
	-.03889**
	-.03738**
	-.03554*
	-.03462*

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.01383)
	(.01382)
	(.01383)
	(.01383)

	Central media controlt-1
	 
	 
	 
	 
	 
	 
	 
	 
	-.02778***
	-.02732***
	-.02701***
	-.02569***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00701)
	(.007)
	(.00701)
	(.00701)

	Control of Corruptiont-1
	 
	 
	 
	 
	 
	 
	 
	 
	-.05544***
	-.0565***
	-.05564***
	-.05457***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00364)
	(.00364)
	(.00363)
	(.00363)

	 Government effectivenesst-1
	 
	 
	 
	 
	 
	 
	 
	 
	.00917**
	.00896**
	.0093**
	.00835*

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00347)
	(.00347)
	(.00347)
	(.00347)

	Political stabilityt-1
	 
	 
	 
	 
	 
	 
	 
	 
	-.01241***
	-.01219***
	-.01215***
	-.01214***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00156)
	(.00156)
	(.00156)
	(.00156)

	Rule of law estimate
	 
	 
	 
	 
	 
	 
	 
	 
	-.04279***
	-.04196***
	-.04267***
	-.04257***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00379)
	(.00379)
	(.00378)
	(.00378)

	Regulatory quality estimate
	 
	 
	 
	 
	 
	 
	 
	 
	.05994***
	.05915***
	.05887***
	.0574***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00427)
	(.00427)
	(.00427)
	(.00428)

	Voice and accountability estimate
	 
	 
	 
	 
	 
	 
	 
	 
	.03937***
	.03945***
	.03955***
	.04045***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00386)
	(.00386)
	(.00386)
	(.00386)

	 Log(GDP/Capita)t-1
	 
	 
	 
	 
	 
	 
	 
	 
	-.0213***
	-.02067***
	-.02167***
	-.01996***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00561)
	(.0056)
	(.00559)
	(.0056)

	US approval
	 
	 
	 
	 
	 
	 
	 
	 
	.14889***
	.14888***
	.1489***
	.14892***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00107)
	(.00107)
	(.00107)
	(.00107)

	 Russia approval
	 
	 
	 
	 
	 
	 
	 
	 
	.35214***
	.35215***
	.35214***
	.35207***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.00114)
	(.00114)
	(.00114)
	(.00114)

	German approval
	 
	 
	 
	 
	 
	 
	 
	 
	.19057***
	.19054***
	.19055***
	.19051***

	 
	 
	 
	 
	 
	 
	 
	 
	 
	(.001)
	(.00)
	(.001)
	(.001)

	Constant
	.59938***
	.5989***
	.60612***
	.59188***
	.31082***
	.31114***
	.31132***
	.31292***
	.28702***
	.28081***
	.28695***
	.27596***

	 
	(.01566)
	(.01565)
	(.01561)
	(.01567)
	(.00821)
	(.00821)
	(.00821)
	(.00821)
	(.04745)
	(.04727)
	(.04724)
	(.04726)

	 Observations
	1447787
	1447787
	1447787
	1447787
	1156205
	1156205
	1156205
	1156205
	1078106
	1078106
	1078106
	1078106

	 R-squared
	.10946
	.10947
	.10946
	.10951
	.13538
	.13538
	.13538
	.13547
	.41227
	.41227
	.41228
	.41229

	Robust standard errors are in parentheses

	*** p<0.001, ** p<0.01, * p<0.05

	 





VDem alternative media freedom:

Table E6. Robustness check of Hypothesis 3 with alternative measure of media freedom

	  
	  (1)
	  (2)
	  (3)

	  
	   Simple
	  Basic
	   Lasso

	Vdem media freedom
	-.00316*
	-.00736***
	-.00906***

	 
	(.00136)
	(.00157)
	(.00181)

	PRC dev fin
	-.00039***
	-.00036***
	-.00044***

	 
	(.00009)
	(.0001)
	(.0001)

	Vdem MF*PRC fin
	.0007***
	.00067***
	.00055***

	 
	(.00006)
	(.00007)
	(.00007)

	Female
	 
	-.08664***
	-.03293***

	 
	 
	(.00089)
	(.00077)

	Employed
	 
	.01569***
	.00963***

	 
	 
	(.00095)
	(.00081)

	Age
	 
	-.00216***
	.00003

	 
	 
	(.00014)
	(.00012)

	Age2
	 
	.00001***
	0

	 
	 
	(0)
	(0)

	Education
	 
	.05932***
	.02273***

	 
	 
	(.00075)
	(.00065)

	Log(income)
	 
	.01096***
	.00408***

	 
	 
	(.00026)
	(.00021)

	Married
	 
	-.00568***
	.0001

	 
	 
	(.00099)
	(.00085)

	Log(OECD aid)t-1
	 
	 
	-.0017*

	 
	 
	 
	(.00071)

	Suffrget-1
	 
	 
	.00006

	 
	 
	 
	(.00004)

	Political campst-1
	 
	 
	-.00059

	 
	 
	 
	(.00099)

	Corruptiont-1
	 
	 
	-.03889**

	 
	 
	 
	(.01466)

	Rule of law indext-1

	 
	 
	-.03506*

	 
	 
	 
	(.01385)

	Central media controlt-1
	 
	 
	-.02804***

	 
	 
	 
	(.00828)

	Control of Corruptiont-1
	 
	 
	-.05357***

	 
	 
	 
	(.00365)

	Government effectivenesst-1
	 
	 
	.00945**

	 
	 
	 
	(.00347)

	Political stabilityt-1
	 
	 
	-.01246***

	 
	 
	 
	(.00158)

	Rule of law estimate
	 
	 
	-.04271***

	 
	 
	 
	(.00379)

	Regulatory quality estimate
	 
	 
	.0589***

	 
	 
	 
	(.00428)

	Voice and accountability estimate
	 
	 
	.03857***

	 
	 
	 
	(.00389)

	Log(GDP/Capita)t-1
	 
	 
	-.01913***

	 
	 
	 
	(.0056)

	US approval
	 
	 
	.1488***

	 
	 
	 
	(.00107)

	Russia approval
	 
	 
	.35216***

	 
	 
	 
	(.00114)

	German approval
	 
	 
	.19056***

	 
	 
	 
	(.00122)

	Constant
	.63737***
	.32078***
	.28266***

	 
	(.0159)
	(.00852)
	(.04736)

	Observations
	1447787
	1156205
	1078106

	R-squared
	.10958
	.13546
	.4123

	Robust standard errors are in parentheses

	*** p<0.001, ** p<0.01, * p<0.05

	 




Full regression tables by democracy variables:

Table E7. BMR determining democracy 

	  
	H1
	H2
	H3

	 PRC dev fin
	.0007***
	.0013***
	.00266***

	 
	(.00012)
	(.00014)
	(.00061)

	Domestic gov app
	 
	.11381***
	

	 
	 
	(.00301)
	

	Dom gov app*PRC fin
	 
	-.0017***
	 

	 
	 
	(.00017)
	 

	MSF
	 
	 
	.16957***

	 
	 
	 
	(.03119)

	MSF * PRC fin
	 
	 
	-.00294***

	 
	 
	 
	(.00087)

	Female
	-.08642***
	-.08632***
	-.08642***

	 
	(.0013)
	(.00131)
	(.0013)

	Employed
	.00909***
	.00804***
	.00907***

	 
	(.00137)
	(.00137)
	(.00137)

	Age
	-.00276***
	-.00238***
	-.00276***

	 
	(.0002)
	(.0002)
	(.0002)

	Age2
	.00002***
	.00002***
	.00002***

	 
	(0)
	(0)
	(0)

	Education
	.06232***
	.06534***
	.06233***

	 
	(.00108)
	(.00109)
	(.00108)

	Log(income)
	.01092***
	.01052***
	.01087***

	 
	(.00039)
	(.00039)
	(.00039)

	 Married
	-.00671***
	-.00862***
	-.00673***

	 
	(.00143)
	(.00144)
	(.00143)

	Log(OECD aid)t-1
	-.00949*
	-.0072
	-.0094*

	 
	(.00425)
	(.00427)
	(.00425)

	Born in country1
	-.00085
	-.00047
	-.001

	 
	(.00119)
	(.0012)
	(.0012)

	 Suffraget-1
	-.00034**
	-.00026*
	-.00033**

	 
	(.00011)
	(.00011)
	(.00011)

	Civil libertyt-1
	.12336***
	.14814***
	.08711**

	 
	(.0318)
	(.03198)
	(.03241)

	Political campst-1
	.01757***
	.01853***
	.01965***

	 
	(.00177)
	(.00178)
	(.00186)

	Corruptiont-1
	.37614***
	.36975***
	.38607***

	 
	(.03529)
	(.03531)
	(.03537)

	Rule of law indext-1
	.30876***
	.27602***
	.32927***

	 
	(.03543)
	(.0355)
	(.03567)

	Central media controlt-1
	.17122***
	.12741***
	.21074***

	 
	(.01552)
	(.01572)
	(.01899)

	Control of Corruptiont-1
	-.10064***
	-.12768***
	-.10301***

	 
	(.00673)
	(.00679)
	(.00674)

	Government effectivenesst-1
	-.01923**
	-.02069**
	-.01734**

	 
	(.00656)
	(.00659)
	(.00657)

	Political stabilityt-1
	.02476***
	.02357***
	.0272***

	 
	(.0033)
	(.00336)
	(.00334)

	Rule of law estimate
	-.02325**
	-.02041**
	-.02482**

	 
	(.00764)
	(.00771)
	(.00768)

	Regulatory quality estimate
	.07273***
	.08544***
	.07418***

	 
	(.00818)
	(.00819)
	(.00818)

	Voice and accountability estimate
	.1245***
	.12637***
	.1195***

	 
	(.01047)
	(.01053)
	(.0106)

	Log(GDP/Capita)t-1
	.0515***
	.04439**
	.05596***

	 
	(.01367)
	(.01381)
	(.01371)

	Constant
	-.78226***
	-.79659***
	-.91851***

	 
	(.12134)
	(.12279)
	(.12438)

	 Observations
	527609
	519778
	527609

	 R-squared
	.13756
	.14284
	.13761

	Robust standard errors are in parentheses

	*** p<0.001, ** p<0.01, * p<0.05

	 






 Table E8. VDem Liberty Index determining democracy 
	  
	H1
	H2
	H3

	PRC dev fin
	-.00041*
	.00028
	.00443***

	 
	(.00021)
	(.00023)
	(.00122)

	Domestic gov app
	 
	.10287***
	 

	 
	 
	(.00522)
	 

	Dom gov app*PRC fin
	 
	-.00188***
	 

	 
	 
	(.00029)
	 

	MSF
	 
	 
	.0318

	 
	 
	 
	(.05661)

	MSF * PRC fin
	 
	 
	-.0060***

	 
	 
	 
	(.00149)

	Female
	-.09074***
	-.09055***
	-.09078***

	 
	(.00192)
	(.00192)
	(.00192)

	Employed
	.00779***
	.00731***
	.00775***

	 
	(.00201)
	(.00201)
	(.00201)

	Age
	-.00371***
	-.00348***
	-.00371***

	 
	(.00028)
	(.00028)
	(.00028)

	Age2
	.00003***
	.00003***
	.00003***

	 
	(0)
	(0)
	(0)

	Education
	.06688***
	.06885***
	.06687***

	 
	(.00156)
	(.00157)
	(.00156)

	Log(income)
	.01183***
	.01155***
	.01183***

	 
	(.00056)
	(.00057)
	(.00056)

	Married
	-.0081***
	-.00905***
	-.00805***

	 
	(.0021)
	(.00211)
	(.0021)

	Log(OECD aid)t-1
	-.00432
	-.00028
	-.00444

	 
	(.00595)
	(.00596)
	(.00595)

	Born in country1
	.0099***
	.00945***
	.00979***

	 
	(.0014)
	(.00141)
	(.00142)

	Civil libertyt-1
	.53104***
	.50062***
	.60062***

	 
	(.07978)
	(.07998)
	(.08242)

	Political campst-1
	.04312***
	.0424***
	.03703***

	 
	(.00397)
	(.00397)
	(.00448)

	Corruptiont-1
	.1094*
	.18668***
	.13355*

	 
	(.05564)
	(.05573)
	(.05619)

	Rule of law indext-1
	.58174***
	.67724***
	.56888***

	 
	(.06899)
	(.06911)
	(.06903)

	Central media controlt-1
	.36778***
	.35402***
	.35773***

	 
	(.0432)
	(.04322)
	(.04327)

	Control of Corruptiont-1
	-.14816***
	-.15924***
	-.153***

	 
	(.01117)
	(.01121)
	(.01126)

	Government effectivenesst-1
	-.02147*
	-.02403*
	-.02147*

	 
	(.01065)
	(.01067)
	(.01065)

	Political stabilityt-1
	.02027**
	.0158*
	.02305***

	 
	(.00663)
	(.00666)
	(.00667)

	Rule of law estimatet-1
	.07673***
	.07301***
	.08013***

	
	(.01115)
	(.01116)
	(.01118)

	Regulatory quality estimatet-1
	-.0068
	.01111
	-.01004

	 
	(.01353)
	(.01355)
	(.0136)

	Voice and accountability estimatet-1
	.14576***
	.11102***
	.17236***

	 
	(.01718)
	(.01729)
	(.01884)

	Log(GDP/Capita)t-1
	.18947***
	.19118***
	.19781***

	 
	(.02238)
	(.0224)
	(.02254)

	Constant
	-2.46971***
	-2.58142***
	-2.55456***

	 
	(.20829)
	(.20855)
	(.20934)

	Observations
	239324
	237450
	239324

	 R-squared
	.12792
	.13342
	.12801

	Robust standard errors are in parentheses

	*** p<0.001, ** p<0.01, * p<0.05

	 


 


 Table E9. Polyarchy Index determining democracy 
	  
	H1
	H2
	H3

	PRC dev fin
	.00117***
	.00165***
	.00486***

	 
	(.00013)
	(.00014)
	(.00074)

	Domestic gov app
	 
	.10605***
	 

	 
	 
	(.00321)
	 

	Dom gov app*PRC fin
	 
	-.00146***
	 

	 
	 
	(.00018)
	 

	MSF
	 
	 
	.17131***

	 
	 
	 
	(.03115)

	MSF * PRC fin
	 
	 
	-.00514***

	 
	 
	 
	(.00101)

	Female
	-.08767***
	-.08765***
	-.0877***

	 
	(.00137)
	(.00137)
	(.00137)

	Employed
	.01098***
	.01022***
	.01089***

	 
	(.00144)
	(.00144)
	(.00144)

	Age
	-.0032***
	-.00286***
	-.00321***

	 
	(.00021)
	(.00021)
	(.00021)

	Age2
	.00002***
	.00002***
	.00002***

	 
	(0)
	(0)
	(0)

	Education
	.05942***
	.06249***
	.05942***

	 
	(.00114)
	(.00114)
	(.00114)

	Log(income)
	.01079***
	.01056***
	.01081***

	 
	(.00039)
	(.00039)
	(.00039)

	Married
	-.00556***
	-.0073***
	-.00553***

	 
	(.00151)
	(.00151)
	(.00151)

	Log(OECD aid)t-1
	-.00505
	-.00276
	-.0051

	 
	(.00439)
	(.0044)
	(.00439)

	Born in country1
	.00551***
	.00474***
	.00448***

	 
	(.00115)
	(.00115)
	(.00116)

	Suffraget-1
	-.00102***
	-.00083***
	-.00104***

	 
	(.00014)
	(.00014)
	(.00014)

	Civil libertyt-1
	.07519*
	.08312*
	.03533

	 
	(.03544)
	(.03544)
	(.03643)

	Political campst-1
	.03301***
	.03347***
	.03427***

	 
	(.00196)
	(.00196)
	(.00204)

	Corruptiont-1
	.12816***
	.13416***
	.13185***

	 
	(.03217)
	(.03214)
	(.03217)

	Rule of law indext-1
	.05839
	.05904
	.07899*

	 
	(.03367)
	(.03366)
	(.03393)

	Central media controlt-1
	.15802***
	.1225***
	.16691***

	 
	(.01937)
	(.01941)
	(.02031)

	Control of Corruptiont-1
	-.17764***
	-.19323***
	-.1776***

	 
	(.00667)
	(.00668)
	(.0067)

	Government effectivenesst-1
	-.01986**
	-.01928**
	-.02041**

	 
	(.00679)
	(.00679)
	(.00679)

	Political stabilityt-1
	.02452***
	.02381***
	.02613***

	 
	(.0033)
	(.00331)
	(.00331)

	Rule of law estimatet-1
	.05342***
	.04478***
	.05539***

	
	(.008)
	(.00801)
	(.00801)

	Regulatory quality estimatet-1
	.09811***
	.11206***
	.09557***

	
	(.00841)
	(.00841)
	(.00841)

	Voice and accountability estimatet-1
	.18472***
	.1782***
	.17323***

	
	(.00962)
	(.00964)
	(.01027)

	Log(GDP/Capita)t-1
	.15968***
	.15447***
	.15759***

	 
	(.01416)
	(.0142)
	(.01422)

	Constant
	-1.37549***
	-1.41403***
	-1.43833***

	 
	(.12534)
	(.12568)
	(.12573)

	Observations
	476960
	473148
	476960

	 R-squared
	.14262
	.14971
	.14269

	Robust standard errors are in parentheses

	*** p<0.001, ** p<0.01, * p<0.05

	 






 Table E10. Polity determining democracy 
	  
	H1
	H2
	H3

	PRC dev fin
	.0009***
	.0015***
	-.0001

	 
	(.00011)
	(.00012)
	(.00049)

	Domestic gov app
	 
	.11768***
	 

	 
	 
	(.00276)
	 

	Dom gov app*PRC fin
	 
	-.00175***
	 

	 
	 
	(.00016)
	 

	MSF
	 
	 
	.147***

	 
	 
	 
	(.02434)

	MSF * PRC fin
	 
	 
	.0019**

	 
	 
	 
	(.00072)

	Female
	-.08669***
	-.08787***
	-.08671***

	 
	(.00113)
	(.00116)
	(.00113)

	Employed
	.014***
	.01263***
	.01396***

	 
	(.0012)
	(.00123)
	(.0012)

	Age
	-.00277***
	-.00233***
	-.00278***

	 
	(.00017)
	(.00018)
	(.00017)

	Age2
	.00002***
	.00002***
	.00002***

	 
	(0)
	(0)
	(0)

	Education
	.05715***
	.06133***
	.05721***

	 
	(.00093)
	(.00096)
	(.00093)

	Log(income)
	.01038***
	.01033***
	.01039***

	 
	(.00032)
	(.00033)
	(.00032)

	Married
	-.0064***
	-.00874***
	-.00648***

	 
	(.00125)
	(.00129)
	(.00125)

	Log(OECD aid)t-1
	-.00313
	-.00069
	-.00305

	 
	(.00366)
	(.00376)
	(.00366)

	Born in country
	.00131
	-.0002
	.00152

	 
	(.00102)
	(.00105)
	(.00102)

	Suffraget-1
	-.00029***
	-.00014
	-.0003***

	 
	(.00007)
	(.00008)
	(.00007)

	Civil libertyt-1
	-.10415***
	-.11145***
	-.12026***

	 
	(.01964)
	(.01976)
	(.01989)

	Political campst-1
	.01985***
	.01939***
	.02252***

	 
	(.0015)
	(.00154)
	(.00156)

	Corruptiont-1
	.32941***
	.322***
	.32901***

	 
	(.02479)
	(.02553)
	(.02485)

	Rule of law indext-1
	.31859***
	.30127***
	.31419***

	 
	(.02497)
	(.02539)
	(.02507)

	Central media controlt-1
	.08889***
	.04293***
	.14798***

	 
	(.01182)
	(.01197)
	(.01447)

	Control of Corruptiont-1
	-.09176***
	-.10777***
	-.09133***

	 
	(.00558)
	(.00567)
	(.00558)

	Government effectivenesst-1
	-.01554**
	-.01629**
	-.01595**

	 
	(.00542)
	(.00553)
	(.00542)

	Political stabilityt-1
	.02662***
	.02542***
	.02562***

	 
	(.00284)
	(.00295)
	(.00284)

	Rule of law estimatet-1
	-.05216***
	-.05048***
	-.05245***

	
	(.00634)
	(.00648)
	(.00634)

	Regulatory quality estimatet-1
	.08206***
	.08665***
	.07954***

	 
	(.00706)
	(.0072)
	(.00708)

	Voice and accountability estimatet-1
	.08742***
	.08193***
	.07852***

	 
	(.00746)
	(.00757)
	(.00756)

	Log(GDP/Capita)t-1
	.11948***
	.1113***
	.13047***

	 
	(.0109)
	(.01149)
	(.01101)

	Constant
	-1.11274***
	-1.10264***
	-1.2928***

	 
	(.09984)
	(.10445)
	(.10381)

	Observations
	711092
	671203
	711092

	 R-squared
	.13422
	.14026
	.13428

	Robust standard errors are in parentheses

	*** p<0.001, ** p<0.01, * p<0.05

	 




[bookmark: _heading=h.gaytcmdkyhlj]F. Logit Regression (Robustness Analysis)
Table  F1. Logit Regression of H1, H2, and H3 with Lasso selected controls
	  
	H1
	H2
	  H3

	PRC dev fin
	.00274***
	.00591***
	-.0032*

	 
	(.00041)
	(.00054)
	(.00131)

	Domestic gov app
	 
	.5083***
	 

	 
	 
	(.01155)
	 

	Dom gov app*PRC fin
	 
	-.00597***
	 

	 
	 
	(.00066)
	 

	MSF
	 
	 
	.525***

	 
	 
	 
	(.09367)

	MSF * PRC fin
	 
	 
	.01034***

	 
	 
	 
	(.00217)

	Female
	-.41117***
	-.42253***
	-.41117***

	 
	(.00444)
	(.0047)
	(.00444)

	Employed
	.08329***
	.07374***
	.08343***

	 
	(.00477)
	(.00505)
	(.00477)

	Age
	-.01082***
	-.00896***
	-.01084***

	 
	(.00072)
	(.00075)
	(.00072)

	Age2
	.00007***
	.00005***
	.00007***

	 
	(.00001)
	(.00001)
	(.00001)

	Education
	.29138***
	.3105***
	.29155***

	 
	(.00379)
	(.00405)
	(.00379)

	Log(income)
	.0527***
	.05242***
	.05283***

	
	(.00135)
	(.00142)
	(.00135)

	Married
	-.03398***
	-.0454***
	-.0342***

	 
	(.00501)
	(.00532)
	(.00501)

	Born in country
	-.00675
	-.00051
	-.00636

	 
	(.01403)
	(.01479)
	(.01403)

	Log(OECD aid)t-1
	-.00042
	-.00163
	.00145

	 
	(.00438)
	(.00469)
	(.0044)

	Suffraget-1
	-.00093***
	-.00014
	-.00069***

	 
	(.00021)
	(.00024)
	(.00021)

	Civil libertyt-1
	-.1213
	-.29224***
	-.13701

	 
	(.07797)
	(.08117)
	(.0782)

	Political campst-1
	.0972***
	.12396***
	.10926***

	 
	(.00604)
	(.00655)
	(.00624)

	Corruptiont-1
	1.31748***
	1.40803***
	1.27113***

	 
	(.08964)
	(.09443)
	(.08992)

	Rule of law indext-1
	1.17183***
	1.20397***
	1.12595***

	 
	(.091)
	(.09584)
	(.09112)

	Central media controlt-1
	.25816***
	.10298*
	.4697***

	 
	(.04768)
	(.04991)
	(.05399)

	Control of Corruptiont-1
	-.29615***
	-.45671***
	-.29785***

	 
	(.0218)
	(.02344)
	(.02186)

	Government effectivenesst-1
	-.09128***
	-.02192
	-.09982***

	 
	(.01961)
	(.02212)
	(.01963)

	Political stabilityt-1
	.15782***
	.12986***
	.16242***

	 
	(.0093)
	(.01015)
	(.00934)

	Rule of law estimatet-1
	.00591
	-.08934***
	.00143

	 
	(.02218)
	(.02382)
	(.02219)

	Regulatory quality estimatet-1
	.19211***
	.27705***
	.18742***

	 
	(.02519)
	(.02711)
	(.02524)

	Voice and accountability estimatet-1
	.52299***
	.45543***
	.48689***

	 
	(.0268)
	(.02832)
	(.02709)

	Log(GDP/Capita)t-1
	.00188
	.56227***
	.02575

	 
	(.0334)
	(.04159)
	(.03363)

	Constant
	-1.72309***
	-6.10271***
	-2.32205***

	 
	(.28138)
	(.33342)
	(.29688)

	Observations
	1057737
	945793
	1057737

	R-squared
	.10937
	.11866
	.10943

	Robust standard errors are in parentheses

	*** p<0.001, ** p<0.01, * p<0.05

	 







[bookmark: _heading=h.7js6fmw0imsq]G. Countries included
Table G1. Countries included in full sample and democracy subsamples
	Country
	Polyarchy Index
	Liberal Democracy Index
	Boix-Miller-Rosato
	Polity Score

	 Afghanistan
	0
	0
	0
	0

	 Albania
	1
	0
	1
	1

	 Angola
	0
	0
	0
	0

	 Argentina
	1
	1
	1
	1

	 Armenia
	1
	1
	1
	1

	 Azerbaijan
	0
	0
	0
	0

	 Bangladesh
	0
	0
	1
	0

	 Belarus
	0
	0
	0
	0

	 Benin
	1
	1
	1
	1

	 Bolivia
	1
	0
	1
	1

	 Bosnia and Herzegovina
	1
	0
	1
	.

	 Botswana
	1
	1
	1
	1

	 Brazil
	1
	1
	1
	1

	 Bulgaria
	1
	1
	1
	1

	 Burkina Faso
	1
	1
	1
	1

	 Burundi
	0
	0
	1
	1

	 Cambodia
	0
	0
	0
	0

	 Cameroon
	0
	0
	0
	0

	 Central African Republic
	0
	0
	0
	1

	 Chad
	0
	0
	0
	0

	 Chile
	1
	1
	1
	1

	 Colombia
	1
	1
	1
	1

	 Comoros
	0
	0
	1
	1

	 Congo DR
	0
	0
	0
	0

	 Congo Rep
	0
	0
	0
	0

	 Costa Rica
	1
	1
	1
	1

	 Cote d'Ivoire
	1
	0
	0
	0

	 Cuba
	0
	0
	0
	0

	 Djibouti
	0
	0
	0
	0

	 Dominican Republic
	1
	0
	1
	1

	 Ecuador
	1
	0
	1
	1

	 Egypt
	0
	0
	0
	0

	 El Salvador
	1
	0
	1
	1

	 Ethiopia
	0
	0
	0
	0

	 Gabon
	0
	0
	0
	0

	 Gambia
	1
	0
	1
	0

	 Georgia
	1
	1
	1
	1

	 Ghana
	1
	1
	1
	1

	 Guinea
	0
	0
	0
	0

	 Guyana
	1
	0
	1
	1

	 Haiti
	0
	0
	0
	0

	 Honduras
	1
	0
	1
	1

	 India
	1
	1
	1
	1

	 Indonesia
	1
	1
	1
	1

	 Iran
	0
	0
	0
	0

	 Iraq
	0
	0
	0
	1

	 Israel
	1
	1
	1
	1

	 Jamaica
	1
	1
	1
	1

	 Jordan
	0
	0
	0
	0

	 Kazakhstan
	0
	0
	0
	0

	 Kenya
	1
	0
	1
	1

	 Kyrgyz Republic
	0
	0
	0
	1

	 Laos
	0
	0
	0
	0

	 Lebanon
	0
	0
	0
	1

	 Lesotho
	1
	0
	1
	1

	 Liberia
	1
	1
	1
	1

	 Madagascar
	1
	0
	1
	1

	 Malawi
	1
	1
	1
	1

	 Malaysia
	0
	0
	0
	1

	 Mali
	1
	0
	1
	1

	 Mauritania
	0
	0
	0
	0

	 Mauritius
	1
	1
	1
	1

	 Mexico
	1
	0
	1
	1

	 Moldova
	1
	1
	1
	1

	 Mongolia
	1
	1
	1
	1

	 Montenegro
	0
	0
	1
	1

	 Morocco
	0
	0
	0
	0

	 Mozambique
	0
	0
	0
	0

	 Myanmar
	0
	0
	0
	1

	 Namibia
	1
	1
	1
	1

	 Nepal
	1
	1
	1
	1

	 Nicaragua
	0
	0
	1
	1

	 Niger
	1
	0
	1
	1

	 Nigeria
	1
	0
	1
	1

	 North Macedonia
	1
	0
	1
	1

	 Pakistan
	0
	0
	1
	1

	 Panama
	1
	1
	1
	1

	 Paraguay
	1
	1
	1
	1

	 Peru
	1
	1
	1
	1

	 Philippines
	1
	0
	1
	1

	 Romania
	1
	1
	1
	1

	 Russia
	0
	0
	0
	1

	 Rwanda
	0
	0
	0
	0

	 Senegal
	1
	1
	1
	1

	 Serbia
	1
	1
	1
	1

	 Sierra Leone
	1
	0
	1
	1

	 Somalia
	0
	0
	0
	0

	 South Africa
	1
	1
	1
	1

	 South Sudan
	0
	0
	0
	0

	 Sri Lanka
	1
	0
	1
	1

	 Suriname
	1
	1
	1
	0

	 Tajikistan
	0
	0
	0
	0

	 Tanzania
	0
	0
	0
	0

	 Thailand
	0
	0
	1
	1

	 Togo
	0
	0
	0
	0

	 Trinidad and Tobago
	1
	1
	1
	1

	 Tunisia
	1
	1
	1
	1

	 Turkey
	1
	0
	1
	1

	 Uganda
	0
	0
	0
	0

	 Ukraine
	1
	0
	1
	1

	 Uruguay
	1
	1
	1
	1

	 Uzbekistan
	0
	0
	0
	0

	 Venezuela
	0
	0
	0
	0

	 Vietnam
	0
	0
	0
	0

	 Yemen
	0
	0
	0
	0

	 Zambia
	1
	0
	1
	1

	 Zimbabwe
	0
	0
	0
	0

	


H. Countries included
Miller, M. K., & Orr, S. K. (2008). Experimenting with a “Third Way” in political knowledge estimation. Public Opinion Quarterly, 72(4), 768–780. doi:10.1093/poq/nfn057.

Turner, J., & Michael, M. (1996). What do we know about “don’t knows”? Or, contexts of “ignorance.” Social Science Information, 35(1), 15–37. doi:10.1177/053901896035001002.
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