APPENDIX 
Since pretrained model weights for ResNet-50 were not publicly released by MILK10K developers, we reproduced them using the authors’ original code, dataset, and training protocol without modification (https://codeberg.org/ptschandl/MILK10k_train_base). Results for each model trained across 5-fold cross-validation are presented below.
The original ResNet-50 handles 48 fine-grained diagnostic classes. MILK10K also provides 11 broader categories, with each fine-grained label belonging to a single parent category. The following evaluation presents the 48-class prediction performance, followed by the derived 11-class and binary classification metrics.
Table A1. ResNet-50 Performance on MILK10K
a. Overall multiclass performance of each fold (48 detailed diagnoses)
	Fold
	Top-1 Accuracy
	Top-3 Accuracy
	Macro Precision
	Macro Recall (Balanced Accuracy)
	Macro F1

	0
	44.6%
	74.8%
	27.9%
	28.6%
	19.2%

	1
	46.6%
	71.3%
	35.8%
	36.2%
	31.4%

	2
	29.7%
	66.0%
	24.0%
	22.4%
	18.3%

	3
	55.0%
	70.4%
	39.7%
	38.8%
	36.4%

	4
	37.9%
	66.9%
	26.5%
	25.7%
	22.6%

	Average
	42.7%
	69.9%
	30.8%
	30.3%
	25.6%


b. Overall multiclass performance of each fold (11 simplified diagnostic families)
	Fold
	Accuracy
	Macro Precision
	Macro Recall
	Macro F1

	0
	55.3%
	34.6%
	43.9%
	36.5%

	1
	59.1%
	39.4%
	48.0%
	41.6%

	2
	42.9%
	32.2%
	44.1%
	32.9%

	3
	65.6%
	38.9%
	41.7%
	39.1%

	4
	48.5%
	29.4%
	39.1%
	30.4%

	Average
	54.3%
	34.9%
	43.4%
	36.1%


c. Malignant vs. benign performance
	Fold
	Accuracy
	Sensitivity
	Specificity
	Precision
	F1 Score

	0
	75.7%
	77.3%
	71.6%
	87.4%
	82.0%

	1
	73.9%
	74.2%
	73.0%
	87.5%
	80.3%

	2
	63.7%
	59.0%
	75.3%
	85.9%
	70.0%

	3
	80.5%
	84.4%
	70.8%
	87.9%
	86.1%

	4
	69.1%
	67.9%
	72.1%
	86.0%
	75.9%

	Average
	72.6%
	72.6%
	72.6%
	86.9%
	78.9%


In Table A1.a, top-3 accuracy (69.9%) is notably higher than top-1 accuracy (42.7%), confirming that the model typically captures more true diagnoses within its top differential options. Grouping the 48 diagnoses into 11 broader disease families yields expected gains in overall accuracy. Likewise, binary prediction performance (Table A1.c) is considerably stronger, reflecting the broader scope of the diagnostic task.
Table A2. SIIM-ISIC CNN Ensemble Performance on MILK10K
To validate the SIIM-ISIC CNN ensemble that we downloaded from Kaggle and used in this study, we also assessed its performance on MILK10K. Its outstanding performance below (ROC AUC = 0.953) on MILK10K indicates it is working correctly in our assessment.
	Metric
	Probability ensemble
	Rank ensemble

	ROC AUC
	0.953
	0.934

	PR AUC
	0.872
	0.845

	Accuracy
	95.4%
	-

	Sensitivity
	63.6%
	-

	Specificity
	99.8%
	-

	Precision
	97.2%
	-




