Supplementary File 2: Technical specifications for apparatus and gaze data collection.
The iNAAN example utilised the Tobii Pro Glasses 3 (https://www.tobii.com/products/eye-trackers/wearables/tobii-pro-glasses-3), although this protocol can be generalised to be used with other eye trackers. For each participant, the Glasses were calibrated as per the manufacturer’s instructions. In addition, external markers were placed on the four corners of the monitor and participants were instructed to look at these markers in turn, to allow the researcher to check if calibration was appropriate and, if necessary, repeat the calibration procedure.
Fixations were extracted from the raw data using Tobii Pro Lab and the Tobii I-VT (Attention) filter. 
Eyegaze mapping process
The aim of this process is to transform the eyegaze position from the space of the wearable eye tracker camera to its corresponding area-of-interest (AOI) label in the on-screen document that is being viewed by the participant.
Document preparation
The on-screen view of a particular document (i.e., which site report they are shown), vertical scroll position (i.e., how much they have scrolled the document), and application display size (i.e., the dimensions of the PDF viewer on the monitor) is first captured as an image. Each such image is then converted to luminance (greyscale) and submitted to the scale-invariant feature transform (SIFT) algorithm (Lowe, 1999) to identify features that are likely to be relatively invariant to the transformation into camera space (i.e., when viewed from the perspective of a camera mounted on the participant’s head).
Transformation estimation
A given capture from the wearable eye tracker camera (i.e., a frame at a particular timestamp) is converted to luminance and then its SIFT features are extracted. Then, for each potential vertical scroll position in the document of interest, the SIFT features in the camera and document are used to estimate a transformation that converts between the space of the camera and the space of the document. This is performed using the homography approach implemented in OpenCV (version 4.10.0.84; Bradski, 2000).
After the above process, each potential document scroll position has an estimated transform. To identify which scroll position best matched the true scroll position of the user, the estimated transformation for each scroll position was used to transform the camera image into the space of the document. If the candidate scroll position corresponds to the true scroll position, such a transformed image would be similar to the image of the document at that scroll position (whereas a different scroll position would produce a dissimilar image). To allow for the inevitable differences in image properties between the two images (e.g., in noise, illumination, and contrast), the Structural Similarity Index (SSIM; Wang, Bovik, Sheikh, & Simoncelli, 2004) was used to quantify the image similarity. The scroll position with the highest SSIM was then taken as the best match to the true scroll position.
Eyegaze position mapping
The best-matching transformation was then used to convert an eyegaze position from the space of the camera to the space of the document. Because the document specified the geometry of the AOIs, the AOI containing the eyegaze position could then be determined from the eyegaze position in the document space. 
As fixations occur over a number of frames in some cases individual fixations produced some frames in differing AOIs. This was resolved by taking the majority of frames in an AOI (ie not background) or where there was an equal number across two AOIs selecting the AOI by looking at the spatial distribution.
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