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Figure S1. The overall design of this study.
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Figure S2. MCODE plug-in gets a main network module.
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Figure S3. Univariate Cox regression forest plot identifying 105 prognostic DECDRGs in the TCGA-KIRC cohort.
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Figure S4. Immunohistochemistry analysis of the five hub genes and three characteristic DECDRGs. (A) Immunohistochemical results of the DECDRGs in tumor and normal tissues. (B) Differential expression of the DECDRGs between tumor tissue and normal tissue in the TCGA-LUAD cohort, * p < 0.05, **p < 0.01, ***p < 0.001.
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[bookmark: OLE_LINK1][bookmark: _Hlk9157539]Figure S5. Six other algorithms, including the MCP-counter algorithm, EPIC algorithm, xCell algorithm, CIBERSORT algorithm, quanTIseq algorithm, and TIMER algorithm, further verified the stability and robustness of the ssGSEA results for two clusters.
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[bookmark: OLE_LINK2][bookmark: OLE_LINK3]Figure S6. CIBERSORT score of immune cell infiltration between the two CDPI groups.
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Figure S7. Six other algorithms, including the MCP-counter algorithm, EPIC algorithm, xCell algorithm, CIBERSORT algorithm, quanTIseq algorithm, and TIMER algorithm, further verified the stability and robustness of the ssGSEA results for two CDPI groups.
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