Does the Degree of Social Security in China’s Gig Economy Affect Job Satisfaction?
Descriptive statistics
Table 1 presents the summary characteristics. Data on the key variables are used to explore the relationship between the availability of social insurance and individual job satisfaction.
Table1
Summary characteristics.
	[bookmark: RANGE!A1]Variable
	Description
	Obs.
	Mean
	S.D.
	Min
	Max

	Overall job satisfaction
	Overall satisfaction with the job
	31191
	2.637 
	0.857 
	0.000 
	4.000 

	Number of insurance schemes
	Total number of insurance types held
	31191
	1.906 
	2.267 
	0.000 
	5.000 

	District
	Urban = 1, Rural = 0
	31191
	0.369 
	0.482 
	0.000 
	1.000 

	Gender
	Male = 1, Female = 0
	31191
	0.591 
	0.492 
	0.000 
	1.000 

	Contract
	Yes = 1, No = 0
	31191
	0.530 
	0.499 
	0.000 
	1.000 

	Age
	Age of the respondent
	31191
	38.529 
	12.020 
	16.000 
	96.000 

	Health status
	[bookmark: RANGE!B14]Ranging between 1 (Best) and 5 (Worst)
	31191
	3.287 
	1.056 
	1.000 
	5.000 

	Chronic disease
	Yes = 1, No = 0
	31191
	0.093 
	0.290 
	0.000 
	1.000 

	Smoking
	Yes = 1, No = 0
	31191
	0.340 
	0.474 
	0.000 
	1.000 

	Welfare amount (log)
	Amount of welfare benefits received
	31191
	1.071 
	2.474 
	0.000 
	11.513 

	Elderly dependency ratio (%)
	Ratio of elderly dependents to the working-age population
	31191
	18.668 
	4.516 
	7.010 
	28.770 

	Number of family
	Total number of family members
	31191
	3.902 
	2.006 
	1.000 
	17.000 

	Household expenditure (log)
	Total household expenditures
	31191
	11.129 
	0.861 
	4.654 
	15.895 

	Per capita household income (log)
	Household income per capita
	31191
	10.159 
	0.857 
	0.000 
	15.549 

	Regional employment wage (log)
	Average employment wage in the region
	31191
	10.799 
	0.243 
	10.315 
	11.558 

	Per capita GDP (log)
	Gross domestic product per capita
	31191
	11.070 
	0.419 
	10.227 
	12.156 

	Social security expenditure (log)
	Social security and employment-related expenditures by government
	31191
	7.003 
	0.432 
	4.691 
	7.714 


Robustness checks
To ensure the reliability and robustness of our baseline regression results, a series of robustness checks are conducted. These tests aim to verify whether the findings remain consistent under different model specifications, variable transformations, sampling methods, and FE considerations.
(1) Treating the number of insurance schemes as an ordered variable
Column (1) presents the probit regression in which the number of insurance schemes is treated as an ordered categorical variable. This approach examines the incremental effects of different levels of insurance coverage on overall job satisfaction. The results remain consistent with the baseline regression, confirming the positive impact of higher insurance coverage.
(2) Binary categorisation in an FE model
Column (2) uses an FE model, with the number of insurance schemes transformed into a binary variable (indicating whether an individual has any insurance). This specification focuses on the overall impact of having insurance coverage on job satisfaction. The results align with the baseline regression.
(3) Random 50% sampling for robustness testing
Column (3) reports the results using a rolling random sampling approach, in which half of the sample is randomly selected for analysis. This method assesses the robustness of the findings across different subsamples and ensures that the results are not driven by specific subsets of the data. The findings remain consistent with the baseline regression, supporting the robustness of the original conclusions.
(4) Introducing regional FEs
Column (4) includes regional FEs, specifically targeting data from Beijing, Shanghai, Guangzhou, and Shenzhen. This approach accounts for unobserved regional heterogeneity and its potential influence on job satisfaction outcomes. The results are consistent with the baseline regression.
Table 2
Robustness tests.
	Variable
	Overall job satisfaction

	
	Probit
	FE
	FE
	FE

	
	(1)
	(2)
	(3)
	(4)

	Number of insurance schemes
	0.032*** (0.004)
	0.075*** (0.018)
	0.025*** (0.008)
	0.016*** (0.005)

	[bookmark: _GoBack]Individual, year FE
	NO
	YES
	YES
	YES

	District FE
	NO
	NO
	NO
	YES

	Obs.
	31191
	31191
	15595
	31191

	R
	0.078
	0.352
	0.363
	0.350


Notes: Standard errors clustered at the individual and time levels are reported in parentheses. *** 𝑝 < 0.01; ** 𝑝 < 0.05; * 𝑝 < 0.10.
Endogeneity test
The instrumental variable used in Table 3 is the average contract rate by region, which is relevant for predicting the number of insurance schemes, as shown in the first-stage regression results. The first-stage F-statistic of 145.02 confirms the strength of the instrument. In the second-stage regression, the predicted number of insurance schemes significantly improves job satisfaction, supporting the conclusion that increased insurance coverage positively influences job satisfaction after addressing endogeneity. This evidence underscores the suitability of the average contract rate as an instrument and highlights the importance of insurance in enhancing employee well-being.
The instrumental variable used in Table 3 is the average contract rate by region, which is relevant for predicting the number of insurance schemes, as shown in the first-stage regression results. The first-stage F-statistic of 145.02 confirms the strength of the instrument. In the second-stage regression, the predicted number of insurance schemes significantly improves job satisfaction, supporting the conclusion that increased insurance coverage positively influences job satisfaction after addressing endogeneity. This evidence underscores the suitability of the average contract rate as an instrument and highlights the importance of insurance in enhancing employee well-being.
Table 3
Causal effects of the number of insurance schemes and overall job satisfaction (FE-IV estimate).
	
	First stage
	Second stage

	
	Number of insurance schemes
	Overall job satisfaction

	Average contract rate
	0.657** (0.305)
	

	Number of insurance schemes
	
	1.021** (0.519)

	Control variables
	YES
	YES

	Individual, time FE
	YES
	YES

	F-statistic on the excluded instrument
	51.46
	

	Obs.
	31191
	31191

	R
	0.403
	0.046


Notes: Standard errors clustered at the individual and time levels are reported in parentheses. *** 𝑝 < 0.01; ** 𝑝 < 0.05; * 𝑝 < 0.10.
Potential mechanism
Table 4 reveals the relationship between mental health and insurance purchasing for gig and non-gig workers. For gig workers, the number of insurance schemes shows a negative coefficient of -0.168, although this is not statistically significant, suggesting a weak or negligible relationship. In contrast, for non-gig workers, the number of insurance schemes demonstrates a statistically significant negative coefficient of -0.128 at the 1% level, indicating a more robust inverse association between mental health and insurance purchases.
Table 4
Number of insurance schemes and mental health (FE estimation).
	
	Mental health

	
	Gig workers 
(1)
	Non-gig workers 
(2)

	Number of insurance schemes
	-0.019 (0.039)
	-0.095*** (0.036)

	Control variables
	YES
	YES

	Individual, year FE
	YES
	YES

	Obs.
	11634
	19557

	R
	0.465
	0.458


Notes: The mental health indicator used in this table is the Center for Epidemiologic Studies Depression Scale (CES-D 20), a widely recognised and validated instrument designed to assess the severity of depressive symptoms and overall psychological well-being. Specifically, the CES-D 20 captures the frequency and intensity of depressive symptoms experienced over the past week, offering a nuanced quantitative measure of mental health that ranges from 0 to 60. Standard errors clustered at the individual and time levels are reported in parentheses. *** 𝑝 < 0.01; ** 𝑝 < 0.05; * 𝑝 < 0.10.
Potential motive
Table 5 provides evidence of the difference in insurance purchasing behaviour between gig and non-gig workers across various household financial dimensions. The results reveal a nuanced relationship between household financial indicators and insurance purchasing for gig workers, with household net assets demonstrating a statistically significant positive coefficient of 0.580 at the 5% level, household financial assets showing a significant positive coefficient of 0.292 at the 1% level, and household debt exhibiting a marginally significant positive coefficient of 0.249 at the 10% level. In stark contrast, non-gig workers present a distinctly different pattern: their household net assets remain positive and significant but with a lower magnitude of 0.408, household financial assets maintain a positive relationship with a coefficient of 0.153, and notably, household debt shows a negative and statistically significant coefficient of -0.130, thereby highlighting the fundamental differences in financial behaviour and insurance purchasing dynamics between gig and non-gig workers in the contemporary labour market. 
Table 5
Number of insurance schemes and household financial indices (FE estimation).
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	Number of insurance schemes

	
	Gig workers
	Non-gig workers

	
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)

	Household Net Assets (log)
	0.527** (0.232)
	
	
	0.031**（0.015）
	
	

	Household Debt (log)
	
	0.087*
(0.050)
	
	
	-0.012*** (0.004)
	

	Household Financial Assets (log)
	
	
	0.018*** (0.009)
	
	
	0.009*** (0.003)

	Control variables
	YES
	YES
	YES
	YES
	YES
	YES

	Individual, year FE
	YES
	YES
	YES
	YES
	YES
	YES

	Obs.
	11634
	11634
	11634
	19557
	19557
	19557

	R
	0.700
	0.382
	0.700
	0.814
	0.700
	0.797


Notes: Given that the control variables at the household level used in the baseline regression may be correlated with household assets, this table does not control for household income and household expenditure in the regression process. Standard errors clustered at the individual and time levels are reported in parentheses. *** 𝑝 < 0.01; ** 𝑝 < 0.05; * 𝑝 < 0.10.



